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C H A P T E R  1
         Th e Physics and Ethics of Inequality  

      In theory, theory and practice are the same. In practice, they aren’t. 
 —Att ributed to Yogi Berra  

      In the late 1990s, standard measures of income inequality in the United 
States—and especially of the income shares held by the very top echelon   1   —
rose to levels not seen since 1929. It is not strange that this should give rise 
(and not for the fi rst time) to the suspicion that there might be a link, under 
capitalism, between radical inequality and fi nancial crisis. 

 Th e link, of course, runs through debt. For those with a litt le money, it is 
said, the spur of invidious comparison produces a want for more, and what 
cannot be earned must be borrowed. For those with no money to spare, made 
numerous by inequality and faced with exigent needs, there is also the ancient 
remedy of a loan. Th e urges and the needs, for bad and for good, are abett ed by 
the aggressive desire of those with money to lend to those with less. Th ey pro-
duce a patt ern of consumption that for a time appears broadly egalitarian; the 
rich and the poor alike own televisions and drive automobiles, and until re-
cently in America members of both groups even owned their homes. But the 
terms are rarely favorable; indeed, the whole profi t in making loans to the 
needy lies in gett ing a return up front. Th ere will come a day, for many of them, 
when the promise to pay in full cannot be kept. 

 Th e stock boom of the 1920s was marked by the advent of the small investor. 
Th en the day came, in late October 1929, when margin calls wiped them out, 
precipitating a run on the banks, from which followed industrial collapse and the 
Great Depression. Th e housing boom of the 2000s was marked by a run of ag-
gressively fraudulent lending against houses, oft en cash-out refi nancings to the 
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small homeowner.   2    Th e evil day came again in September 2008, when Fannie 
Mae, Freddie Mac, Lehman Brothers, and the giant insurance company AIG all 
failed. Over the months and years that followed, home values collapsed, wiping 
out the wealth and fi nancial security of the entire American middle class, accu-
mulated for two-thirds of a century.   3    Th e associated collapse of the mortgage 
bond and derivatives markets precipitated a worldwide fl ight to safety, which in 
Europe developed into the crisis of sovereign debt for Greece, Ireland, Portugal, 
and Spain. 

 Th us in a deep sense inequality was the heart of the fi nancial crisis. Th e 
crisis was about the terms of credit between the wealthy and everyone else, as 
mediated by mortgage companies, banks, ratings agencies, investment banks, 
government-sponsored enterprises, and the derivatives markets. Th ose terms 
of credit were what they were, because of the intrinsic instabilities involved in 
lending to those who cannot pay. Like any Ponzi scheme, or any bubble, it is a 
matt er of timing: those who are in and out early do well and those who are not 
nimble always go bust. As Joseph P. Kennedy said in the summer of 1929, 
“Only a fool holds out for the last dollar.” 

 Yet to those economists whose voices dominated academic discourse this 
was an invisible fact. Th eir models of “representative agents” with “rational 
expectations” treated all economic actors as if they were actually alike; even if 
all incomes were not equal, the assumption that consumption preferences 
were independent meant that relative position played no role in the theory.   4    
Further, in their notions of “general equilibrium” fi nancial institutions such 
as banks made no appearance. In the classifi cation system of the  Journal of 
Economic Literature  there was (and is) no category for work relating inequality 
to the fi nancial system. In other words, both inequality and fi nancial insta-
bility were largely blank spots in dominant theory; neither concept was 
important to mainstream economics, and the relationship between them was 
not even thought of. 

 Th e economists in the tradition espoused, for example, by Professor Benjamin 
Bernanke at Princeton were devoted to the view that—except for occasional bouts 
of bad policy, caused by a central bank creating either too much money or too 
litt le—the economy always tends toward stability at full employment. Following 
the stabilizing prescriptions of Milton Friedman, bad policy could be avoided and 
crises of the sort we endured in the 1930s could not recur. Wise policy, inspired by 
wise principle, had given us a “Great Moderation”—a new world of stable output 
growth, high employment, and a low-and-stable infl ation rate. Th is would not be 
disturbed in any serious way by credit markets. Until just a month before the crisis 
broke into public consciousness in August 2007, the offi  cial prognosis of the Federal 
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Reserve Board—by then chaired by the same Professor Bernanke—was that all 
problems in the housing sector were “manageable.” 

 Th is was the pure product of something economists called the quest for 
“logically consistent microfoundations for macroeconomics”: an economics 
completely disengaged from the sources of fi nancial and economic instability. 
Not only was there no recognition of inequality, and not only was there no 
study of the link of inequality to fi nancial instability; there was practically no 
study of credit and therefore no study of fi nancial instability at all. In a disci-
pline that many might suppose would concern itself with the problems of man-
aging an advanced fi nancial economy, the leading line of argument was that no 
such problems could exist. Th e leading argument was, in fact, that the system 
would manage itself, and the eff ort (by government, a human and therefore 
fl awed institution) to “intervene” was practically certain to do more harm 
than good. In retrospect, it all seems almost unbelievably odd. 

 At the same time, there was (and is) a substantial group of economists who 
did (and do) study the problem of economic inequality. But they do so for 
other reasons, and they are not closely connected to the core of mainstream 
economic theory. Th is group is concerned primarily with poverty; with wage 
structures; with the conditions of family life; with the eff ects, effi  ciency, and 
adequacy of social policies, including education, training, child care and 
health care, and notably in comparative context between the United States 
and Europe. Th ey do oft en-excellent work with large datasets, though usually 
only in cross-section. Given the limitations of their data, they have litt le ca-
pacity to explore the evolution of inequality over time; indeed, the making of 
a reliable comparison between countries may require factoring out the infl u-
ences of the “stage of the business cycle.” Th is group thus had no interest in the 
issue’s macroeconomic dimensions and made practically no contribution to 
the study of inequality and credit relations. Th eir study of inequality was 
divorced, entirely, from the study of economic dynamics, and it therefore 
posed no challenge to the dominant doctrines. 

 Yet another group of economists had spent time and eff ort on the links 
between inequality and economic development in the wider world, in a way 
that might potentially have brought them into dialogue with the dominant 
theory. Th ese economists were pursuing the lead provided back in 1955 by 
Simon Kuznets, whose work tied inequality to the level of income and stage of 
development, and they used the facilities of the World Bank and later of the 
United Nations to obtain greatly expanded data on inequality in countries 
around the world during the intervening decades. In recent years, this work 
concentrated on an att empt to discern how inequality infl uences the prospects 
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for economic growth, so it did have a dynamic aspect. But the dynamics were, 
at best, primitive: the question under investigation was generally whether an 
equal or an unequal society would do a more effi  cient job of savings, capital 
investment, and expansion of productive capacity over time. No analysis of 
fi nance, credit relationships, or the instability of the growth process entered 
into this work, and it does not appear that those involved ever seriously consid-
ered raising the point. So the dialogue with mainstream theories of growth 
and equilibrium, which might have happened, never did. 

 Further, analyses in this vein of development economics were hampered by 
the poor quality of the underlying measures, an artifact of the sparse and 
oft en-primitive surveys used to gather the underlying information on eco-
nomic inequality over half a century or longer. Faced with noisy data and 
many missing observations, researchers were obliged to rely heavily on a com-
pensating sophistication of technique, and the studies were oft en a triumph of 
complex econometrics over clear information. Perhaps not surprisingly, as 
well, consistent fi ndings stubbornly refused to appear. Whatever the merits of 
each individual research project, the results oft en contradicted one another: 
some studies concluded that greater equality fosters growth, while others 
came to the opposite view. Th us a (modestly liberal) vision stressing the 
importance of broad-based development (and education, especially) con-
tested with a neo-Victorian vision stressing the importance of enhanced sav-
ings, even if it should require highly concentrated wealth. No general 
consensus emerged, beyond agreement that Kuznets’s simple insights would 
no longer suffi  ce. As we shall see later, even this verdict was highly premature. 

 Th us although there was interest in inequality among economists—and 
there has been all along—neither major group of active empirical inequality 
researchers made a link between the micro- or developmental issues that they 
were pursuing and macroeconomic conditions. And so, like the macroecono-
mists, they too were unprepared to examine the relationship between economic 
inequality and the global fi nancial crisis. 

 Apart from data quality, the study of economic inequality has faced another 
substantial limitation, not oft en remarked on because we tend to take it for 
granted. It concerns the frame of reference from which the available data are 
drawn. In most cases, this is the nation-state. We almost always measure and 
record inequality by country. We do this because (for the most part) only coun-
tries engage in the practice of sampling the income of their citizens. Th us only 
countries compile the datasets required for the calculation of inequality 
measures. Studies of inequality by smaller geographic units, such as American 
states or Chinese provinces or European regions, are rare. Studies of inequality 
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across multinational continental economies, such as Europe, are practically 
nonexistent, not for lack of interest but for apparent lack of information. Th is 
would not be a problem if all economies followed national lines, but they do 
not. In some cases (increasingly rare these days), a smaller unit is appropriate. 
In many more, economies now function smoothly across national lines, and the 
people in neighboring lands inhabit the same economic space. Th us as the eco-
nomically relevant regions change—with the integration of Europe and North 
America or the breakup of the Soviet Union, for example—inequality studies 
tend to suff er an increasing mismatch between the questions one would like to 
answer and the information available to answer them with. 

 At the same time, a few researchers have taken on what is in some ways the 
biggest inequality data challenge, which is to measure economic inequality across 
the entire world. “Imagine there’s no country” is the way one of these pioneers put 
it (Bhalla,   2002  ); let’s try to determine just how unequal all the people of the 
world are when seen as a single group. Th e most distinguished eff orts here belong 
to Branko Milanovic, who has carefully assembled the best information from a 
wide range of sources at the country level. But the limitation of this work lies in the 
fact that only a few years of comparable data are supported by the mass of under-
lying information. Most other studies purporting to assess inequality at the global 
level are actually based on a comparison of average income levels across countries 
(adjusted for purchasing power parity, PPP). Th is is useful work for some pur-
poses, but it suff ers from uncertainties associated with the comparative measure-
ment of total income, and especially with PPP adjustments.   5    No one would take it 
as a substitute for the analysis of changing distributions within countries. 

 Th is book originated in dissatisfaction with an economics of inequality 
pushed to the backstage of comparative welfare analysis and development 
studies, and especially with the limitations of the evidence underlying these 
various lines of research. Without disparaging any of them—or even wishing 
to contradict their fi ndings in most respects—it seemed to us more was 
required. And there was of course a greater dissatisfaction with the larger 
economics—with an economics that denied the possibility of fi nancial insta-
bility, was unprepared for the Great Crisis, and takes no account of inequality 
at all. 

 Our premise has been that a new look at these topics requires new sources 
of evidence. One can talk about inequality as a moral or social or political prob-
lem, and one can philosophize about it, as many do, in the abstract. And there 
are inequalities aff ecting people by gender, race, and national origin that can 
be identifi ed in purely qualitative terms. But you can’t actually study economic 
inequality without measuring it. 
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 For reasons explained in detail later, other researchers had already pushed 
the available data to the limits of their information content—indeed beyond 
those limits in many cases. Further progress, new insights, and the resolution 
of controversies would require broader, more consistent, and more reliable 
numbers. It would take, we thought, a considerable expansion of the measures 
of inequality by country and by year—or even by month—and also the ca-
pacity to calculate measures of inequality both at lower (provincial) and 
higher (international, continental, and global) levels of aggregation. Th is could 
not be done by conventional methods, which could not, by their nature, change 
the boundaries of their coverage or the inconsistencies of their method, nor 
escape the historical limitations on the times and places where surveys were 
actually conducted. 

 How, then, could we escape those limitations? New numbers were needed. 
Where might they be found? Th e answer rested on a simple insight: the major 
contours of inequality between people could be captured, substantially, by 
measures of inequality between  groups  to which those persons belong. 
Grouping is a very general idea. Individuals invariably belong to groups; they 
live in particular places, work in particular sectors or industries and can be 
classed by gender, race, age, education, and other personal att ributes. And 
even though there is not much one can do to rectify a dearth of information 
about individuals, the archives are full of information about groups—publicly 
available and free for the taking. 

 Th us, for example, in China it is well known that a fair fraction of the eco-
nomic inequality in that vast country refl ects the diff erence in average income 
levels between city and countryside, and between the coastal regions and the 
interior. A simple ratio of the average incomes in the city to the countryside 
(say) would be an indicator—however crude—of the trends in inequality 
over the country as a whole. If this were all you had, it would still be bett er 
than nothing.   6    And one might be able to get a crude measure of this kind 
regularly—perhaps every year—permitt ing one to develop a portrait of 
movement over time. Th erefore—so we thought—it would be much bett er to 
have ongoing (even if crude) measures of this kind than to insist on excellent 
measures that might be available for only a few years, if at all. 

 So much is true, but in fact we can do bett er than just taking crude ratios. To 
take China as an example: the country is divided into thirty-fi ve provinces,   7    
and the government routinely collects data on sixteen major economic sectors 
in each province, for a total of 560 distinct province/sector categories. Th us it 
is possible to know the average income and population size, every year, of all of 
these 560 categories. From this, it is easy to compute the dispersion of income 



Th e Physics and Ethics of Inequality   9 

between these groups, each weighted by the importance of the group. Th e 
movement of inequality across these categories will capture practically all of 
the major forces of change sweeping through China: interregional forces such 
as the rise of wealthy Guangdong, Shanghai, and Beijing, and intersectoral 
forces such as the rise of banking and transport and the relative decline of 
farming and (retail) trade.   8    It stands to reason these great forces, playing out 
across the Chinese landscape and among the great spheres of activity making 
up the Chinese economy, are the dominant sources of changing inequality in 
Chinese incomes. 

 Th at’s the idea—but are measures of this kind any good? Since China 
also has some good income surveys, we can test this question directly. It 
turns out inequality measures computed from this grouped information are 
quite close substitutes for inequality measures of the ordinary kind. Th ey 
show the same general trends over long periods of time. Yet the grouped 
measures are much easier to calculate, and they rely on information that is 
freely available from offi  cial sources, making the measurement of inequality 
a suitable pastime for graduate students. A further advantage is much greater 
specifi c detail—as to who was gaining and who losing and by how much, 
and exactly when. Th us the consequences of policies and external events 
come clearly into view. 

 Th ese and similar sources of data are practically ubiquitous—anyway, they 
are very common—in economic statistics worldwide. Th ey could therefore 
provide the foundation for a new generation of inequality studies, with a 
degree of detail, consistency, coverage, and also reliability not available to 
those using traditional methods. Th is is the work I present in the pages that 
follow. 

     Th e Simple Physics of Inequality Measurement   

 Th ere is no computational secret. Our method was lift ed straight from the 
work of a University of Chicago econometrician, Henri Th eil, who published 
originally in 1972. Th eil in turn developed his ideas on the measurement of 
inequality from the work in information theory of the pioneer computer scien-
tist Claude Shannon of MIT. Shannon measured the information content of 
an event as a decreasing function of the probability that it would occur: the less 
likely an event, the more information it provides, if in fact it happens. (Th ere is 
no information—no surprise—in the occurrence of an event foreseen with 
certainty.) Th eil converted Shannon’s formula into a measure of inequality, 
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with value zero when all parties have the average income (and thus, given the 
value of one income, we know with certainty all the others). Th e formula is 
simple, and closely related to the measure of entropy in thermodynamics; 
given any dataset meeting minimal requirements, it can be implemented on a 
spreadsheet within a few minutes.   9    

 Th is last observation is critical for economic analysis, because the historical 
records are full of tables detailing the total income (or payroll) of some category 
or other, together with the population (or total employment) in that category. 
Th is is all the information required to compute the between-groups component 
of a Th eil statistic. Th us readily available archives available from practically any 
country and many multinational agencies can be mined to generate a large 
archive of inequality measures, each of which could be cross-checked against the 
others. In many cases, the measures could also be combined and aggregated so 
as to achieve measures of inequality  across  populations that had never been mea-
sured directly as a unit—such as the continent of Europe or the entire popula-
tion of the globe. 

 Th eil showed his measure is additive. Th at is, given the measured inequality 
 within  a set of groups (provinces, sectors, industries, occupations), and a measure 
of the inequality  between  those groups, the total inequality of the population is a 
weighted sum of the inequality between groups and the inequality within them. 
Th is is a valuable feature for many purposes, especially because it permits subsets 
and supersets of groups to be formed—depending on the research question. 
Instead of tailoring research questions to the available data (surveys can be 
almost obsessively interested in personal traits such as age, education, race, and 
gender), it becomes possible to pick and choose among (oft en) copious sources 
of data for the inequality measure best suited to the research question. 

 Further, many datasets are hierarchical; they provide information on the 
same population at higher grouping levels (such as the American states) as well 
as lower ones (such as counties, or precincts, or households, or industrial sec-
tors, or even individuals) nested within those higher levels. Given a hierarchical 
dataset, the more refi ned the division of the population into groups, the more 
groups one will have, and the closer the measure of inequality between groups 
will approximate the measure of inequality across the full population. At the 
fi nal and lowest level of disaggregation, of course, the “between-groups” and 
“full-population” measures converge to the same value, since every individual at 
this level is also a group. But the interesting question is, How far down the ladder 
is it really necessary to go in order to develop an accurate and adequate idea of 
what the data show? 
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 As the work proceeded, we realized that quite crude levels of disaggregation, 
such as the division of countries into states or provinces and the division of the 
economy into major sectors, are usually suffi  cient to capture the major move-
ments of inequality over time. Higher levels of disaggregation oft en add litt le to 
the picture one obtains from a distance. A good analogy is to a digital photo-
graph, where even a grainy resolution captures the major features of the terrain. 
More detail is usually bett er, of course, but it comes with a cost, just as a fi ner 
photograph takes up more storage space on a digital drive. 

 Further, with the coarse-grained spatial information sets commonly 
available—say, at the country level—it is sometimes possible to develop in-
formation on a fi ne timescale—say, by month rather than by year. Th is is es-
pecially useful for extending the study of inequality into the sphere of 
macroeconomics and fi nance, since those subjects rely on repeated sampling 
of economic information over time. In digital photography, if you set a low 
resolution you can photograph faster and save the pictures more quickly. 

 Another fun fact we discovered by accident, fairly early in the research. In 
most country datasets, the category structures (particularly if they are geo-
graphic and political, such as states, provinces, counties, and so forth) are 
unique to that country. It is thus impossible to make a meaningful comparison 
between a Th eil statistic measured across provinces (say) for one country and 
a Th eil statistic measured across provinces for another. But if the category 
structures applied to  diff erent  countries or regions are  the same , then compar-
ison becomes possible. Indeed, the measures of inequality for diff erent coun-
tries computed from standardized international datasets are roughly 
proportional to the best comparative measures available from survey data. Th is 
means industrial datasets, which use the same classifi cations for diff erent coun-
tries, have a terrifi c advantage: they can be used to measure the comparative 
level of inequality across countries. Th is technique permits very cheap replica-
tion and extension of comparative inequality measurement, which, when un-
dertaken by conventional methods is slow, costly, and limited by the quality of 
the survey data. 

 Th e measures remain generally (though not always) valid even where the 
coverage of the categorical data is quite limited, as for instance when one has 
comparative data only on pay within manufacturing sectors and not for ser-
vices, fi nance, or the gray economy. Th is may seem counterintuitive, and it 
doesn’t always hold true—but in a fairly large share of cases, it does. Th e rea-
son is that the inner workings of an economy are highly interdependent, and 
the various parts usually (though not always) bear a consistent relationship to 
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one another. For example, manufacturing of all types is almost always bett er 
paid than farm labor, so an increase in inequality within manufacturing usually 
also means an increase in the diff erential between low-wage manufacturing 
and pay on the farm. Even though the datasets we have available are necessarily 
restricted in scope to those parts of the economy where income is most easily 
measured, the part of the economy one observes is (usually, though not 
always) a window from which the view gives a fair idea of the part one does not 
see directly. 

 Th us, we discovered something quite rare in economic analysis: an 
unplowed fi eld, full of fresh information covering the economy practically of 
the entire world, which could be brought to bear on a controversial topic in 
new and original ways. And at very low cost—something quite important to a 
research eff ort conducted on a shoestring. 

 A research program as ambitious as this one demands a large dose of hu-
mility and caution; there are things that can go wrong, and some of them 
surely will. Here are a few of the major qualifi cations. 

 First, our data—especially those used for international comparison—almost 
invariably off er only partial coverage of the population and therefore only indi-
rect evidence on the parts not observed. Th ere is a bias toward the formal sector 
and toward larger enterprises; there are reasons some things are measured rou-
tinely and others are not. Oft en, the inequalities between groups that we measure 
are more volatile than inequalities that others fi nd in the larger society beyond 
the scope of our measures; this is because change in manufacturing is more rapid 
than in other sectors. In some situations—and we fi nd this especially true for 
complex (and fi nancialized) economies like the United States and the United 
Kingdom—the evidence from structures of wages and pay runs counter to the 
larger picture we obtain when capital incomes are included in the observational 
frame. It is still true that the measures are generally reliable as indicators and 
generally comparable across countries; it’s just that this is not always so. One 
must therefore be careful, and warnings will be repeated as specifi c measures are 
introduced in the pages ahead. 

 Nevertheless, over much of the world and most of the period under observa-
tion, the partial and indirect measures we have assembled are fairly reliable indi-
cators of larger developments, and our crude measures correspond reasonably 
well to the more carefully developed but much sparser and more expensive 
measures that populate other studies. Especially because we are mainly con-
cerned with statistics, in our judgment the gain obtained through assembling a 
more complete historical record far outweighs the risk associated with error in 
any particular data point. 
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     Th e Ethical Implications of Inequality Measures   

 Most of those att racted to the study of inequality are motivated, at least in part, 
by concern that inequality is excessive. I share this perspective, and in my view 
the data bear it out: in most of the world, and in the world as a whole, inequality 
is too high. Human happiness and social progress would be served by bringing 
it down. Further, in much of the world we found that our measures of in-
equality were sensitive indicators of political events: rising aft er coups d’état 
and fi nancial crises, occasionally falling in wars and revolutions, and other-
wise behaving well in good times and poorly when times are bad. In general, 
increasing inequality is a warning sign that something is going wrong—and a 
prett y good indicator throughout history that untoward developments may be 
on the horizon. 

 But as our work progressed, it became increasingly detached from the 
common politics of the inequality debates. For the United States, for example, 
we do not fi nd an inexorable rise in inequality suff using the entire society. On 
the contrary, aft er the upheavals of the early 1980s pay  structures  remained 
largely stable, and inequalities of  pay —that is, what working people earned for 
work—actually declined in the 1990s (as I had already documented in my 1998 
book,  Created Unequal ). What drove rising inequalities of  incomes  in the United 
States in this period and through the 2000s was largely the behavior of the cap-
ital markets, and the incomes of people most closely associated with them. In 
other words, inequality went up mainly because of rising stock prices, asset val-
uations and the incomes drawn from stock option realizations and capital gains, 
as well as wages and salaries paid in sectors that were fi nanced by new equity. 

 Th ese incomes, at the very top, were highly concentrated in a tiny fraction 
of the United States. Basically, fi ft een counties contributed all of the rise in 
inequality measured between counties from 1994 to 2000, meaning that if 
they had been removed from the dataset the rise in overall inequality would 
not have occurred. Of these, just fi ve (New York; three counties in Northern 
California associated with Silicon Valley; and King County, Washington) con-
tributed about half of the rise in total inequality, again measured between 
counties, in the late 1990s. An American resident in Ohio or Georgia saw very 
litt le of this directly.   10    For this reason I do not believe that rising inequality, in 
those prosperous years, could ever have been turned to the electoral advantage 
of an egalitarian Left . Th e problem was not that rising economic inequality 
was unpleasant; on the contrary, it led to bett er economic outcomes for most 
workers. Th e problem was that the mechanism could never be sustained. And 
you don’t observe how things end, until they do. 
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 In these and other ways, we learned to be cautious about imposing political 
interpretations on measures of inequality. Inequality is an unavoidable feature 
of economic life. Th e question of how much is too much is worth exploring—
and so is the question of how litt le is too litt le. Most of all, what is interesting 
are the questions of cause and eff ect. What are we seeing? Why are we seeing 
it? What do the measures tell us about the uses of power in the world? 

 In short, we do not study inequality because it is shocking. We study in-
equality mainly because it is informative. We study it because it enables us to 
understand the economic world in which we live, in ways that were not acces-
sible to us before. One of the most important of those ways is precisely the 
neglected linkage between inequality and instability, between fi nance and so-
ciety, and between economic and social diff erences and the risks of fi nancial 
crisis. 

     Plan of the Book   

 Th is book begins, in  chapter  2  , with a look at the datasets that have formed the 
foundation of work on inequality in the world economy since the mid-1990s. 
Th ough the inspection is necessarily critical, the limitations and defects of that 
information set are not those of the researchers who compiled it. Instead they 
refl ect the inconsistent, sporadic, and intermitt ent character of the underlying 
surveys, as conducted around the world over the years by disparate offi  cial and 
nongovernmental organizations. Everyone who has worked with this data 
knows this to be true, but many who have only read the statistical summaries 
and research results do not. 

  Chapter  2   then goes on to explain how in principle an approach based on 
grouped data can be used as an alternative to the survey record. Th e approach 
has the immediate advantage of providing a relatively complete historical 
record. And it has the additional property that group structures can be 
exploited to give measures at diff erent levels of geographic aggregation, in-
cluding both subnational (provinces) and supernational (continental regions), 
for which separated surveys were never undertaken. In the limit, large bodies 
of grouped data can be mined to show the presence of common patt erns in the 
world economy. 

 Chapters 3 through 5 take a global view, using the raw material of a common 
body of industrial statistics, compiled by the United Nations over the period 
from 1963 into the early 2000s. Direct measures of inequality in manu-
facturing pay, presented in  chapter  3  , off er the clearest test in modern data  
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of Kuznets’s original hypothesis in its essential form. Th is held that the funda-
mental forces behind changing inequality were, fi rst, the changing structure 
of an economy in the course of development, and second, changes in the rela-
tive pay rates in the major sectors. Industrial data amount to an incomplete 
test of this idea, but they do establish that Kuznets was, and remains, broadly 
correct. Th e failure to fi nd supportive evidence in survey data is therefore due 
to the incomplete and noisy character of those data, complicated by the fact 
that household income inequality, which most surveys att empt to measure, is 
an imperfect refl ection of the pay rates with which Kuznets was principally 
concerned. 

 Our principal addition to Kuznets’s insight lies in the discovery of a common 
global patt ern to the movement of inequality—a patt ern showing the exis-
tence, and power, of worldwide macroeconomic forces aff ecting the 
distribution of earnings within countries. Th is fi nding is subversive of work 
assuming that nation-states have a large degree of leeway in policy decisions 
aff ecting inequality. It turns out they don’t; the large forces aff ecting inequality 
inside most countries, worldwide, originate outside national frontiers, and the 
evidence shows prett y strongly that most countries, especially smaller ones, 
lack the will and the wherewithal to resist. 

 In  chapter  4  , we further explore the relationship between measures of in-
equality based on industrial pay and those based on surveys of income or 
expenditure. Th e central theme is not how diff erent these measures are, but 
how similar in critical respects. It turns out that our measure of disparity of 
pay across industrial sectors is a very good instrument for, or approximation of, 
survey-based measures of income or expenditure inequality. So it is possible to 
construct a simple statistical model with a formula for translating one set of 
measures into the other. In this way, we present a consistent global dataset of 
estimated measures of income inequality for households, calibrated to the 
standard and familiar format of the Gini coeffi  cient. Th is body of work permits 
a further assessment of the existing body of global inequality measures, their 
dispersion across countries, and their movement through time. 

  Chapter  5   makes a fi rst application of the global dataset to a current prob-
lem: the relationship between type of government and economic outcomes. 
Do certain regime types systematically generate more or less inequality than 
others? In particular, there is a body of literature in political science arguing 
that democracies tend to be egalitarian, as compared to authoritarian or 
 dictatorial regimes. Th is argument is easily testable in our framework, and we 
fi nd the result holds only for a subclass of democracy, namely social democ-
racies that have been in stable existence for a long period of time. And it turns 
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out, perhaps not surprisingly, that social democracy is not the only regime 
type to show a systematic relationship with lower inequality: the same was 
true for communist regimes in their heyday, and it is true for Islamic repub-
lics. Dictatorships of other ideological types—again not surprisingly—show 
higher levels of inequality than other regime types. 

  Chapters  6  and  7   turn att ention to the United States.  Chapter  6   surveys the 
incredibly rich data environment that is contemporary America. It’s an applied 
economist’s delight, permitt ing the calculation of inequality by almost any 
geographical or sectoral unit. We show in particular that the rise in inequality 
in the contemporary United States, to a peak that was reached in 2000, was 
very closely associated with the information-technology boom and the rise in 
stock market valuations for the technology sector. Th is is a story that I fi rst 
developed in  Created Unequal , a book that appeared two years before the top of 
the technology bubble. Th e full run of data through the bubble and bust bears 
it out: inequality measured across counties in the United States corresponds 
very closely to the proportional movement of the (technology-heavy) NAS-
DAQ stock index. And it is also the case that a very large share of the rise in the 
topmost incomes, as reported in tax data, was concentrated in just a handful of 
counties closely associated with the technology boom, above all for workers in 
Silicon Valley and Seatt le, and their bankers in Manhatt an. Aft er the boom 
crested in 2000, we show, the patt ern changed; in the expansion of the Bush 
era the geographic gains were most noticeable in the counties surrounding 
Washington, D.C., and the main sectoral gainers were associated with the 
growth of government and of the national security sectors in those years. 

 American states are political units, and they have a special importance in 
the outcome of presidential elections in the United States, which are decided 
on a winner-take-all basis by state through the Electoral College.  Chapter  7   
applies inequality measurements calculated at the level of American states to 
two questions: the eff ect of inequality on voter turnout, and the relationship 
between economic inequality and election outcomes. Th ere are two substan-
tial fi ndings. First, we report that states with higher inequality tend to have 
lower turnout of potentially eligible voters in presidential elections—a result 
consistent with the idea that in high-inequality states wealthier voters have a 
strong interest in restricting access to the ballot among the poor. Th e second 
fi nding is that even though the overall level of inequality is not associated with 
party choice, a measure of inequality that captures the geographic dispersion 
of rich and poor within a state is strongly associated with election outcomes. 
In particular, geographically stratifi ed states tend to vote Democratic, while 
geographically homogeneous states, however equal or unequal, tend to vote 
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Republican. We off er the hypothesis of geographic stratifi cation as a potential 
resolution of the paradox proposed by Andrew Gelman on the relationship 
between income level and voting in American politics, which holds that richer 
individuals vote Republican while richer states tend Democratic. 

  Chapters  8  and  9   turn att ention to Europe, which has been in recent decades 
the scene of the world’s greatest experiment in economic integration: the cre-
ation of the European economic union and the eurozone. Europe has also been 
plagued with chronic high unemployment, which has been att ributed in the 
prevailing literature to the “rigidity” of the European labor markets. Th e work 
in these two chapters challenges this view by asking (and answering) two 
questions. First, is it true that “rigid” labor markets within Europe were associ-
ated with comparatively high unemployment—especially when one defi nes 
 rigidity  as being characterized by a relatively egalitarian distribution of wages? 
We show that in fact the opposite is the case: European countries with strongly 
compressed wage distributions actually enjoyed signifi cantly lower unem-
ployment rates, and they continue to do so. Second, is it true that European 
wage structures are “rigid” in the sense of showing litt le tendency to fl uctuate 
over time? We show it is a mistake to carry out an analysis of this question at 
the level of the individual European nation-state, since the largest fl ux in rela-
tive wages within Europe lies in the movement of wages of some states against 
others, mainly due to exchange-rate changes in the pre-euro era and between 
euro and non-euro countries inside Europe. From the standpoint of a multina-
tional investor, these fl uctuations are just as important as “fl exibility” inside 
countries—and if they are taken into account, the notion of Europe as a region 
of rigid wage structures simply dissolves. Th e only reasonable conclusion is 
that the “labor market rigidity” explanation of chronic European high unem-
ployment is just wrong, in every imaginable way. 

  Chapters  10  through  12   aff ord a glimpse into the role an analysis of in-
equality can play in assessing contemporary developments in a wide range of 
countries around the world. For the purpose of these illustrations, we chose 
from among many national and regional studies that have been published on 
Russia, India, Mexico, Colombia, Turkey, and North Africa in addition to 
those presented here. We devote a chapter to China, the world’s largest and 
fastest-growing country, a chapter showing in detail and graphically how 
incomes within China gravitated toward the large urban centers and toward 
sectors with economic power during the reform era. Th e next chapter is de-
voted to Brazil and Argentina, two countries that came to repudiate the 
Washington-consensus model of economic development and fashioned 
instead a model of evolution toward social democracy and a functioning 
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welfare state, with a concomitant reduction of inequality aft er profound eco-
nomic crises discredited the neoliberal model. Th e fi nal chapter of the three 
takes up the case of Cuba, the one socialist country that managed to weather 
the collapse of Soviet communism without, so far, fundamentally transform-
ing its economic system. Using data from Cuban government sources, we 
illustrate the very large and traumatic adjustments that Cuba nevertheless 
underwent in the changed circumstances of the post-Soviet era, adjustments 
without which it is unlikely the Cuban model would have survived at all. 

 Th e work in this book is unifi ed by two things. Th e fi rst is a common 
method, involving the calculation of fresh measures of economic inequality 
from disparate but structurally similar datasets, and so expanding the uni-
verse of empirical information on which analyses of economic inequality can 
be based. Th e second is a common set of observations, relating to the critical 
role played by the fi nancial sector, and the international fi nancial regime, in 
bringing on a vast increase in global inequality from 1980 to 2000. With the 
rare exception of Cuba—a country almost uniquely isolated from Western 
fi nance—it is clear that the story of inequality is a story of forces that buff et the 
economy of the entire world, and have their origin in the global markets for 
money and credit as well as in the terms on which global lending and bor-
rowing has been conducted. Credit relationships, in other words, are the stuff  
of global politics and global economics—as they are of global fi nancial crisis. 
Th e economics of inequality is, in large measure, an economics of instability; 
inequality is the barometer, in many ways, of the instabilities that global credit 
relationships create. Th e fi nal chapter takes up the question of lessons, from 
this research, for global economic and fi nancial governance. 

       Notes    

       1.     As reported by Th omas Pikett y and Emmanuel Saez (  2003  ). 
       2.     About 82 percent of mortgage originations in the boom were refi nancings, and about 60 

percent of those had a cash-out feature. See Bethany McLean and Joseph Nocera (  2010  ). 
       3.     To be underwater on one’s mortgage is, in eff ect, to be insolvent, and in 2010 about a 

quarter of American mortgage holders were in this position. 
       4.     James Duesenberry’s relative income hypothesis (1949) was a signifi cant exception in 

the theoretical and textbook literature of the 1950s and 1960s, but it was substantially 
forgott en by the 1980s. 

       5.     Notably, PPP measurements for China are highly problematic. And since China is 
about a quarter of the world’s population, mismeasurement of average income in China 
can have a signifi cant eff ect on the measure of global inequality across persons. 

       6.     Th e many researchers who rely on 90–10 or 90–50 quantile ratios from sample surveys 
in the United States realize the same thing: a crude indicator is usually good enough for 
many purposes in this line of work. 
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       7.     Th e number was increased from thirty-three by administrative reorganization in 1997. 
       8.     It will in fact capture each of the intersectoral forces within each of the provinces—so 

that if you want to fi nd out (for instance) the changing contribution of pay in the educa-
tion sector in Beijing to overall inequality in China, you can do so. 

       9.     Th e resulting measures are also consistent with the fi ndings of the important subfi eld 
known as “econophysics,” but this relationship will not be developed here. 

       10.     Th is fact raised questions about sweeping claims made for the eff ects of technological 
change and of trade on inequality, work that dominated the discussions while never 
rising to a persuasive standard of evidence. In 1998, in  Created Unequal , I off ered one of 
the fi rst critiques of the notion that inequality in the United States could be explained 
by “skill-biased technological change.” Since then, many others reached the same con-
clusion, and the “skill-bias” hypothesis has largely faded from view, though it lingers (as 
bad ideas in economics oft en do) in textbooks and journalistic discussion. Coming to 
stronger and bett er-founded conclusions on these issues was a major motivation for this 
research. 
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C H A P T E R  2
         Th e Need for New Inequality Measures  

    If science consists in a search for patt erns in data—and just as much, if it con-
sists in applying formulae to facts—then the study of economic inequality suf-
fers from an original sin. From the beginning, the job of measurement was badly 
done. In most countries, measures of economic inequality never became part of 
the offi  cial statistical routine, in the national income accounts or labor statistics. 
Among governments, the United States is one of just a handful that release an 
annual measure of income inequality based on a substantial household survey. 
Observations and measurements of inequality across countries and through 
time have for the most part relied on occasional and in many cases unoffi  cial 
surveys, with results that are sparse, oft en conceptually inconsistent, aff ected by 
diff erences in top-coding practice and subject to the hazards of sampling. 

 Th e historical record of these eff orts, once undertaken, is what it is. One 
cannot take a retrospective survey; there is no way to go back to a household and 
ask what its income was fi ve, ten, or twenty years in the past. Th us the gaps can’t 
be fi lled; the methods with which the original data were created cannot be used 
to repair the archives. And yet interest in inequality persists, the need for infor-
mation persists, so economists and applied statisticians make do with the data at 
hand. For much of the postwar period, data were sparse, so the few researchers 
who worked in the area concentrated on developments within single countries, 
such as the United States, the United Kingdom, or India, extrapolating common 
patt erns of economic development from a small number of historical cases. 
Everyone knew this was not a very satisfactory way to proceed. 

     Th e Data Problem in Inequality Studies   

 In 1996, Klaus Deininger and Lyn Squire of the World Bank (hereaft er DS) 
published a collection of many disparate surveys of income and expendi-
ture inequality and compiled those meeting certain criteria   1    into a single 
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“high-quality” panel. In an early (and widely used) version, they were able 
to locate 693 country-year observations since 1947 that met their desired 
standards of quality. In a fi eld parched for data, this work was a break-
through. DS transformed comparative research on inequality, especially 
outside the narrow sphere of the developed world. Dozens of papers have 
since used the DS compilation or its close successors, of which the most 
notable is a large compilation by the World Institute for Development Eco-
nomics Research (WIDER) of the United Nations University at Helsinki. 

 Th e WIDER dataset has more observations than DS, but otherwise it retains 
many of the same general characteristics. Like DS, it is a collection of histor-
ical surveys mainly from the published record, with the virtues, defects, and 
inconsistencies of that record. And although eff orts to expand and improve 
the measures continue, mainly by identifying past studies that were originally 
overlooked, the numbers are destined to remain problematic in many ways. 
Despite the growing number of observations, the coverage remains sparse and 
unbalanced, with very few high-quality observations for many countries in 
the developing world. More particularly, the DS (and related) inequality data 
are based on various income defi nitions and reference units that measure dif-
ferent things and cannot easily be reconciled to each other. We shall return to 
this point below, but fi rst we should look at what some of the numbers appear 
to say about cases and countries with which, in many instances, readers are 
 directly familiar. 

 Within the OECD—the club of rich countries for which economic infor-
mation ought in principle to be reliable—the original DS data provide com-
parative measures that oft en lack credibility on their face. For example, the 
Scandinavian countries appear to be in the middle range of OECD in-
equality, despite their small size, homogeneous populations, high union cov-
erage, unifi ed wage bargaining practices, and long traditions of egalitarian 
social democracy. Meanwhile Spain appears as a  low-inequality  country 
despite its relatively late emergence from fascism and relatively impover-
ished backcountry, while France appears at the very top of the OECD in-
equality tables. Of course, the data could be correct, and Spain might be 
more egalitarian than Sweden. But it would be hard to fi nd a Spaniard or a 
Swede who thinks so, or a Frenchman who believes that average inequality 
in his country has historically been more than in the United States. Findings 
of this type appear to defy common sense, something that should at the least 
provoke some cautious checking of the numbers. 

 Th ere is another, slightly subtler, problem with the DS inequality measures 
for the OECD. Th e trend of inequality over time diff ers between countries, 
going up in some cases and down in others. Th is would suggest an “each unto 
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itself ” patt ern of change, depending perhaps on the economic circumstances 
and policies of diff ering governments, so that some countries chose policies 
that reduced inequality while other chose policies that increased it. In a world 
of economic integration, common shocks, and policies that are increasingly 
shared, especially in Europe, this is improbable. As a matt er of intuition if 
nothing more, like causes and integrated institutions should produce similar 
patt erns of change in neighboring countries. Th is is contrary to what the DS 
data appear to show.  Figure  2.1  , which ranks the OECD countries from left  to 
right by their average DS score and shows the fi rst and last year of data for each 
country, illustrates both of these types of anomaly.    

 Moving outside the OECD, one enters the great world of the developing 
countries, in which many inequality researchers take a keen interest. But here 
we encounter another problem. DS and its successors off er only infrequent 
measures of inequality for much of Africa, Latin America, and Asia—in many 
cases fewer than fi ve annual observations over fi ft y or more years.   2    Th e United 
States, Great Britain, Bulgaria, India, and Taiwan are among the few countries 
for which DS provide annual or nearly annual observations over long periods of 
time. Studies att empting to assess the time trend of inequality worldwide must 
worry about the bias that may be associated with a history of irregular surveys, 
especially since surveys are more likely to be taken in quiet times than in turbu-
lent ones. To deal with this, researchers may either restrict their att ention to a 
subset of the data in order to achieve a bett er semblance of balance, or else at-
tempt to fi ll in the gaps by extrapolation. Th e fi rst approach is taken by Forbes 
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  Figure 2.1.     Measures of inequality in the OECD from Deininger and Squire.   
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(  2000  ), who uses fi ve-year intervals, and by Alderson and Nielsen (  2002  ), who 
deal with only sixteen OECD countries. Sala-i-Martin (  2002a ,  2002b ,  2006  ) 
takes the second approach, in some instances taking it to extremes, in order to 
generate a worldwide dataset. But this involves heroic guesswork. Among other 
things, where only a single observation is available Sala-i-Martin assumes that 
no change occurred over the whole period under study.   3    

 Th e reservations expressed here are not new. Atkinson and Brandolini 
(  2001  ) present a critique of DS (and related datasets) that focuses, in part, 
on the many diff erent types of data that are mixed up in the dataset. Th ese 
include measures of expenditure inequality and of income inequality, 
measures of inequality of gross and of net income, and measures of inequality 
of both personal and household income.   4    Th e comparability of these various 
measures is questionable, but what can one do? Expenditure surveys are 
prevalent in some parts of the world, and income surveys in others; there is 
no way to go back to the source interviews and convert one into the other. 
DS (1996) and (1998) suggest adding 6.6 Gini points to measures of in-
equality in expenditure data, in order to make the fi gures comparable to 
measures of income inequality. But Atkinson and Brandolini (  2001  , p. 790) 
are skeptical: “We doubt whether a simple additional or multiplicative ad-
justment is a satisfactory solution to the heterogeneity of the available statis-
tics. Our preference is for the alternative approach of using a data-set where 
the observations are as fully consistent as possible.” 

 All in all, Atkinson and Brandolini urge reliance only on studies from which 
the underlying micro information can be recovered. Th is is the approach taken 
by Milanovic (  2002b ,  2007  ) in his eff orts to measure the “true” dimension of 
household income inequality at the level of the entire planet. Milanovic’s work, 
so far as it goes, is highly persuasive. However, this approach is limited by its 
own cost and complexity and the limited availability of surveys. Milanovic has 
been at this for many years, and despite heroic eff orts the time dimension 
remains substantially inaccessible to his method. 

 Th ere are yet other problems. Within individual countries, the range of fl uctu-
ation in the DS data is occasionally far too wide to be plausible. For instance, the 
measure of inequality in Sri Lanka plummets by 16 Gini points during the three 
years from 1987 to 1990. Th ere is an increase of almost 10 Gini points in Venezu-
ela in just one year, 1989–90, and there are nine cases where changes of more 
than 5 Gini points happened over a single year. Th at would be a massive redistri-
bution, in one direction or the other—if in fact it occurred. Changes of such 
speed and magnitude are unlikely, except when they coincide with moments of 
major social upheaval—and at such moments household income surveys are 
rarely undertaken. 
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 It’s helpful to take a closer look at the comparability issues. Here a principal 
concern is the diff erent types of source data. Th e “high-quality” DS data includes 
inequality measures of three distinguishable types. Some are expenditure-based 
and some are income-based. Some are per capita and some relate to households. 
Among the income measures, some are gross and others are net of tax. Bias from 
diff erent data types may well be systematic, not random, since certain countries 
tend to conduct one type of survey and not the other. In general, Latin America 
and the OECD have favored income surveys, but expenditure surveys predomi-
nate in Asia. Expenditure surveys tend to give more egalitarian results, but by 
how much? Without overlapping observations, it is diffi  cult to tell, and the ap-
propriate adjustment may vary from one country to the next. For a closer exam-
ination of this point, see the source characteristics of the DS data in  table  2.1  .    

 If household gross income (HGI) is assumed to be the preferred reference 
category, only 39 percent of DS observations worldwide fi t precisely into this 
category. If household net income (HNI) is added, the combined share increases 
to 52 percent.   5    In other words, at least 48 percent of the DS data cannot be classi-
fi ed as measures of household income. Th ey are instead measures of expenditure, 
which excludes saving, or of personal income, which would have to be aggre-
gated into households to achieve comparability with the household measures. 

  Table  2.2   shows that the simple mean diff erences between expenditure-based 
and income-based inequality, and between household and per capita inequality, 
are signifi cant and substantial. Th e distribution of sources across regions is also 
notably unbalanced. Most South Asian, African, and Middle Eastern countries 
use expenditure surveys, most Eastern European countries use per capita 
income, and only half of inequality measures from Latin American countries are 
household income. Even among OECD members, only half (52 percent) of ob-
servations are based on household gross income.    

     Table 2.1.     Reference Units and Data Types in the Deininger-Squire Dataset  

   Reference Unit 
 Total   

 Household  Household 
Equivalent 

 Person  Person 
Equivalent     

 Source  Gross  *    Net  Gross  Net  Gross  Net  Gross  Net  Gross  Net   

 Expenditure  **    23  104  1  128   

 Income  254  72  12  108  46  34  362  164   

  Notes : * Indicates whether the measure of income is gross or net of taxes. ** Indicates whether 
the survey measure is of expenditure or income.   



25

    
 

Ta
bl

e 
2.

2.
     D

at
a T

yp
es

 b
y 

R
eg

io
n 

in
 th

e D
ei

ni
ng

er
-S

qu
ir

e D
at

as
et

  

  
 N

on
-O

EC
D

 C
ou

nt
ri

es
 

 O
EC

D
 C

ou
nt

ri
es

     

 R
eg

io
n 

 H
G

I 
 H

N
I 

 H
N

E 
 PG

I 
 PN

I 
 PN

E 
 H

G
I 

 H
N

I 
 H

N
E 

 PG
I 

 PN
I 

 PN
E   

 Ea
st

 A
sia

 a
nd

 
Pa

ci
fi c

 
 N

 
 36

 
 14

 
 26

 
 8 

 44
 

  

 m
ea

n 
 42

.5
3 

 34
.7

3 
 29

.6
2 

 34
.4

7 
 35

.3
2 

  

 Ea
st

er
n 

Eu
ro

pe
 

an
d 

C
en

tr
al

 
A

sia
 

 N
 

 5 
 5 

 61
 

 19
 

  

 m
ea

n 
 41

.4
 

 27
.4

8 
 25

.7
6 

 22
.9

1 
  

 La
tin

 A
m

er
ic

a 
 N

 
 57

 
 2 

 32
 

 12
 

  

 m
ea

n 
 50

.0
7 

 49
.9

3 
 51

.4
8 

 42
.4

3 
  

 M
id

dl
e E

as
t a

nd
N

or
th

 A
fr

ic
a 

 N
 

 3 
 16

 
  

 m
ea

n 
 40

 
 41

.3
3 

  

 N
or

th
 A

m
er

ic
a 

 N
 

 68
 

  

 m
ea

n 
 33

.9
2 

  

 So
ut

h 
A

sia
 

 N
 

 22
 

 8 
 1 

 33
 

  

 m
ea

n 
 39

.7
3 

 31
.5

5 
 30

.0
6 

 32
.4

4 
  

co
nt

in
ue

d



26

 N
on

-O
EC

D
 C

ou
nt

ri
es

 
 O

EC
D

 C
ou

nt
ri

es
   

 R
eg

io
n 

 H
G

I 
 H

N
I 

 H
N

E 
 PG

I 
 PN

I 
 PN

E 
 H

G
I 

 H
N

I 
 H

N
E 

 PG
I 

 PN
I 

 PN
E   

 Su
b-

Sa
ha

ra
n 

A
fr

ic
a 

 N
 

 5 
 3 

 1 
 36

 
  

 m
ea

n 
 50

.7
 

 57
.8

2 
 54

.2
1 

 43
.8

6 
  

 W
es

te
rn

 E
ur

op
e 

 N
 

 17
 

 76
 

 9 
 33

 
  

 m
ea

n 
 36

.7
7 

 32
.0

6 
 28

.6
3 

 26
.1

9 
  

 To
ta

l 
 N

 
 12

5 
 8 

 14
 

 10
7 

 46
 

 10
5 

 12
9 

 76
 

 9 
 33

 
  

 m
ea

n 
 45

.7
5 

 38
.8

6 
 37

.6
 

 34
.6

3 
 26

.8
6 

 39
 

 34
.7

8 
 32

.0
6 

 28
.6

3 
 26

.1
9 

  

  N
ot

es
 : H

G
I =

 h
ou

se
ho

ld
 g

ro
ss

 in
co

m
e,

 H
N

I =
 h

ou
se

ho
ld

 n
et

 in
co

m
e,

 H
N

E 
= 

ho
us

eh
ol

d 
ne

t e
xp

en
di

tu
re

, P
G

I =
 p

er
 c

ap
ita

 g
ro

ss
 in

co
m

e,
 P

N
I =

 p
er

 c
ap

ita
 n

et
 

in
co

m
e,

 P
N

E 
= 

pe
r c

ap
ita

 n
et

 e
xp

en
di

tu
re

.   

Ta
bl

e 
2.

2 
(c

on
ti

nu
ed

)



Th e Need for New Inequality Measures   27 

 To complicate things further, measures of inequality sometimes vary within 
the same country. For instance, inequality measures for Spain are based on two 
sources: household gross income (HGI) and household net expenditure 
(HNE). Th e shift  from one type of measure to the other no doubt partly explains 
the decline in measured inequality for Spain, as illustrated in  fi gure  2.2  , and why 
the average level of inequality for Spain appears low in the DS data, as seen in 
 fi gure  2.1  . In other words, it’s the type, and not the quality, of the measure 
reported by DS that gives the implausible result. Th ere need be no actual error in 
any of the measurements for this sort of thing to happen. Similar situations aff ect 
30 out of 104 countries (4 from the OECD   6    and 26 from outside the OECD,   7    
including 14 Latin American countries) where the information is available.    

 Regression analysis using dummy variables is an easy way to assess how 
important the diff erences in data type may be.  Table  2.3   shows the results when 
the DS inequality measures are regressed on dummies indicating the diff erent 
types, along with additional dummies refl ecting the regional origins of the data. 
In the fi rst row, only dummies for source characteristics are included; these 
 estimates indicate that, on average, net income and per capita–based measures of 
 inequality are lower than gross and household-based measures.   8    In the next row, 
controls for region reveal that, on average, Eastern Europe shows the lowest level 
of inequality, while Latin America, Africa, and the Middle East show much higher 
inequality than Western Europe. Once we control for regions, the type of data 
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  Figure 2.2.     Inequality in Spain, as reported by Deininger and Squire. 
   * HGI: Household Gross Income HNE: Household Net Expenditure.   
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remains a signifi cant determinant of the measure, with one exception: the mean 
diff erence between income and expenditure measures of inequality disappears.    

 It thus appears that income-expenditure diff erences are highly correlated 
with regional diff erences that are now controlled explicitly. Th is fi nding leaves 
us in a state of doubt: are the diff erences we observe—between, say, India and 
Brazil—true diff erences in inequality between these countries, or merely an 
artifact of the practice of measuring incomes in Brazil but expenditures in 
India? To sort this out, we’d need something new and independent: a standard 
measure of comparison across the regions that employ diff erent approaches to 
the measurement of inequality. 

 For those seeking an alternative to the DS and WIDER approaches, the Lux-
embourg Income Studies (LIS) are an att ractive option, in the form of a harmo-
nized transnational dataset carefully built up from the underlying microsurveys. 
LIS also presents a much more plausible picture of the cross-sectional patt ern of 
variations in income inequality within the OECD: Scandinavia comes in low, 
while Spain and the rest of southern Europe come in high. But there is a price to 
be paid for the care taken: although the LIS coverage is gradually expanding, it 
is even sparser than DS and not well suited to panel or time-series analysis of 
inequality measures. LIS is therefore mainly a tool for detailed analysis of diff er-
ences in income, benefi ts, and living standards—the traditional area of interest 
of social welfare economists. It is not designed for larger purposes, among them 
a broad study of the movement of inequality over time or its relationship to 
larger macroeconomic and fi nancial forces.   9    It can’t be used to help standardize 
the disparate data types available in DS and WIDER, especially outside the 
OECD. Nor can either LIS or DS be used to probe the evolution of inequality at 
the subnational level, for instance within and between states, provinces, and 
regions of large countries such as the United States, Russia, China, and Brazil. 

 Th e question thus arises: Can anything be done? More and bett er data are 
defi nitely needed. Is there any way to get them? 

     Obtaining Dense and Consistent Inequality Measures   

 Around 1996, researchers associated with the University of Texas Inequality Pro-
ject (UTIP) began exploring the use of semi-aggregated economic datasets—
that is, data organized and presented by industry or economic sector or by 
geographic region—as a source of information on levels and changes in in-
equality. Th e work is far advanced and the methods, which are very simple, are 
now well established, with many articles and two books published on various 
specialized topics.   10    
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 Th is work is based on a simple insight. Th e distribution of economic earn-
ings is built up in any given national economy out of deeply interlaced insti-
tutional entities: fi rms, occupations, industries, and geographic regions. 
Th at being so, consistent observation of the movement of these entities, 
taken at their average values and compared to each other, is oft en suffi  cient 
to reveal the main movements of the distribution as a whole. Th is is true 
even if the coverage of the economy is not comprehensive or wholly repre-
sentative, so long as the grouping structures are kept consistent from one 
observation to the next. Th e reason is that institutional relationships 
throughout an economy tend to persist, so that the relative positions of parts 
of the economy that can be observed easily (the formal sector) and those 
that are not easily observed (the informal sector) do not usually change rap-
idly over time. 

 Further, the movement over time of inequality is oft en determined by forces 
that work from the top down. Th ese forces broadly diff erentiate the income 
paths of people working in diff erent industries or parts of the country. Th ere-
fore, datasets that capture the average incomes of major groups of people, such 
as by industry or sector or region, may contain a suffi  ciently large share of in-
formation on the evolution of economic inequality to serve as good approxi-
mations for the movement of the distribution as a whole. Th ese semi-aggregated, 
categorical datasets, in other words, are an important data resource, with 
strong potential for improving our knowledge of the level and change in eco-
nomic inequality, and for comparing one entity to the next. But—possibly 
because economists tend to be trained to the virtues of the survey and the pri-
macy of the individual—they have been largely overlooked, and except by 
UTIP they have not been used much in work of this kind. 

 Datasets of this type are, from a computational point of view, extremely 
simple. One needs a dataset divided into groups, with the only restriction 
being that the groups are “mutually exclusive and collectively exhaustive” 
(MECE). Th is means that groups cannot share members, and you can calcu-
late an inequality measure only for the populations covered by the groups. We 
need just two facts about each group: its total income (or payroll) and its total 
population (or employment). From this, one can easily calculate two ratios: 
the share of each group in the whole population under study, and the ratio of 
each group’s average income to the average of the population as a whole. Th e 
“Th eil element,” as we’ll call it, is just the product of these two terms, multi-
plied by the log of the second term. 

 What we’ll call the “between-groups component” of Th eil’s T is equal to the 
sum of the Th eil elements across all groups. Th us, for m groups:
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income in group i to the average income of the whole population. Because of the 

logarithmic term, Th eil elements are positive for groups with above-average 
income and negative for groups with below-average income. Th e sum across 
groups is, however, always positive (thanks to the asymmetry, above and below 
one, of the middle term in the Th eil element). Th is equation is the full extent of the 
mathematics required for the computation of inequality measures in this book. 

 Th eil (  1972  ) showed that this measure is a consistent lower-bound estimate 
of total inequality, meaning that actual inequality will always be equal to or 
higher than the observed between-groups component.   11    But actually the 
measure contains much more information than what this very modest state-
ment indicates, particularly if you calculate it repeatedly, always in the same 
way, over time. Th us a coarse disaggregation of the data (say, a two-digit stan-
dard industrial classifi cation) typically yields the same general picture of 
movement through time as a fi ne disaggregation (say, a four-digit SIC   12   ). 
Coarse disaggregations capture less inequality than fi ner ones, so the Th eil 
measure increases as one moves to fi ner classifi cation grids. 

 Up to very fi ne disaggregations, the method will almost always leave a larger 
share of total inequality  within  groups (and therefore unobserved) than 
 between  them. So it is almost always true that group-based inequality measures 
greatly understate the total amount of inequality. But even though this may 
seem at fi rst glance to be a serious limitation, it is actually just a detail. In 
studies of inequality, we are usually interested in two types of questions. First: 
How has inequality in a given place changed over time? Is it rising or is it 
falling? By how much, in relation to what it was before? Second: Is inequality 
in place A greater or less than inequality in place B? By how much? Neither 
question type requires that one measure total inequality for the entire popula-
tion of A or B. It is not even necessary that one’s measures be proportionate to 
total inequality. For the measures to be comparable across time, it is only 
necessary that the  changes  in the measures be proportionate to the  changes  in 
total inequality.   13    

 For any given geographic region—such as a continent, country, or province— 
once a reasonable degree of segmentation is achieved   14    the fact of proportional-
ity in changes is easily established even though the constant of proportionality 
remains unknown. Th at is, the main patt erns of change in inequality are going 
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to be refl ected in changes between the groups into which that region is divided. 
Th ereaft er, further refi ning the classifi cation scheme increases the measure of 
inequality, but it does not greatly alter the patt ern of change. Th e principle is 
again similar to digital photography: everything is in the frame, and the rele-
vant trade-off  is between resolution and fi le size. Putt ing it in mathematical 
terms, Conceição et al. (  2001  ) demonstrated that the T statistic is a  statistical 
fr actal , meaning it is approximately self-similar at diff erent scales. Th is can be 
shown in principle and demonstrated in practice, using datasets arranged to 
permit multiple levels of disaggregation.   15    

 Extended mathematical treatments of the Th eil statistic are readily avail-
able (for instance, Conceição and Ferreira   2000  ), and we shall not be con-
cerned to repeat them here. Th e basic point is that it would be hard to conceive 
of a simpler, more fl exible, or more generally reliable way to measure inequality 
or to track changes in inequality over time. 

 A fi rst advantage of this approach is that economic data suitable to calcula-
tions of this type are very common. Within the OECD coverage is universal, 
detailed, and available in consistent formats over long periods with short sam-
pling intervals, annually back to the early 1960s, and even monthly in many 
cases. In the United States, historical data series have so far permitt ed con-
struction of continuous series back to the late 1940s and of linked series going 
back to 1920 (Galbraith and Garza-Cantú   1999   is an example.) Outside the 
OECD coverage is very broad; for example, in Africa one can develop more 
than 700 country-year observations through 1999. Th e corresponding number 
in DS is 63. 

 Second, sector and regional data yield richly detailed information concern-
ing the precise patt ern of relative gains and losses as inequality changes. One 
can see at a glance exactly which provinces (and sometimes which cities) gain, 
and at whose expense, and which precise sectors were advantaged and which 
were hurt.   16    Th ese cross-cutt ing categorical structures can oft en be used to-
gether, so that the unit of observation is a sector within a region or province; in 
this way, a very fi ne grid can be laid over the patt erns of economic change in 
the region under study. 

 Th ird, there are international datasets with harmonized category schemes.   17    
Th ey have the interesting property of imposing the same number and type of 
group structure—industries or sectors—on diff erent countries. It turns out 
that this works to normalize the measures of pay or earnings inequality drawn 
from these sources. Such measures are therefore comparable between coun-
tries and are excellent instruments for the (unavailable) survey-based measures 
of income (or expenditure) inequality that one might (ideally or habitually) 
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like to have.   18    Th e resulting measures correspond closely to the rank orderings 
obtained by benchmark studies such as the LIS, and although one has to be 
careful when working with data from some parts of the larger world, it seems 
that the property of intercountry comparability holds very widely. 

 Th is was a surprising fi nding, and it retains (even for us) a touch of mystery 
aft er many years of working with the data. But it checks out repeatedly, and per-
haps most dramatically in the simple fact that neighboring countries with closely 
linked economies tend to report similar inequality measures, while the diff er-
ences between countries grow as the geographic and economic ties between 
them weaken. No similar consistency appears in maps using the DS data. 

 Th e calculations made in this way can be compared to the measures in 
existing datasets, such as DS. It turns out they tend to confi rm that the quality 
of the latt er, taken as individual data points and allowing for diff erences of data 
type, is usually quite high. Where sample surveys exist, the patt ern of match-
ing is close. For a sample of 485 observations matched by country and year, 
inequality in manufacturing pay drawn from United Nations Industrial Devel-
opment Organization (UNIDO) Industrial Statistics is a highly signifi cant 
predictor of DS inequality, aft er controlling for survey type and for the share of 
manufacturing employment in population. Th e coeffi  cients are very stable 
across specifi cations, and the regression framework captures up to 60 percent 
of the variance in DS data. We shall pursue this line of work in  chapter  4  . 

 Th e international dataset just mentioned, UNIDO’s Industrial Statistics, 
forms the basis of a global inequality dataset, developed in the mid-2000s by 
Hyunsub Kum, that we call UTIP-UNIDO, with more than thirty-two hun-
dred observations. Th is is our most important resource for the development of 
analysis at the level of the globe as a whole, since it puts most countries into the 
same measuring frame, and on an annual basis going back to the early 1960s. 
But in addition, rich datasets are available for the United States, for the Euro-
pean Union, and for many individual countries,   19    made up of sectoral informa-
tion nested within subnational geographic regions, or of smaller geographic 
regions within larger ones. 

 Th us, for the United States, it is possible to obtain detailed sectoral and also 
county decompositions for each state, so that the changing patt erns of contri-
bution to inequality by region and sector can be examined in fi ne detail. For 
Europe, it is possible to obtain measures of income by sector within provincial-
level (known as NUTS-1 in European statistical jargon) regions. For many 
countries, it is possible to obtain information by sectors, provinces, and sectors 
within provinces, so that one has, from year to year or even month to month, a 
great deal of fi ne detail on the changing distribution of economic rewards. 
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 Th is information can be displayed very conveniently in a stacked bar graph, 
of which  fi gure  2.3   gives an example for income by county within the state of 
New York.   20    Notice that the graph is made up of a sequence of bars. Each bar 
has information for a particular year. In this case, each bar represents the con-
tribution of the counties within the whole state to income inequality in the 
United States as a whole. Counties with average incomes above the national 
average are represented above the zero line; low-income counties lie below it. 
Since New York is a rich state, a large number of its counties have incomes 
above the national average. New York State’s contribution to national in-
equality, in a given year, is the sum of the distances above and below the zero 
line—one of them being positive, the other negative. Th us one can get an idea 
of whether the state’s contribution is rising or falling by looking at the total 
height of the bar in that year.    

 Th e contributions of every county are represented by the segments into 
which each bar is divided. Th ey are ranked in the legend from largest to small-
est on the positive side, and then from smallest to largest on the negative side. 
Each county’s contribution depends on two things: how big the county is in 
terms of population, and how far its income departs from the national average. 
By organizing the chart so that the counties are ranked every year according to 
their contributions to inequality in the fi nal year, we obtain a visually intuitive 
result: the sweep of the eye from left  to right shows the evolution of the compo-
sition of income in the state over time. 

 In this case, the prominent role of wealthy Manhatt an (New York County, 
home of Wall Street), New York State, in increasing U.S. inequality in the 1980s 
is plainly visible in the data: Manhatt an is the large block rising above the zero 
line. Aft er Manhatt an, Westchester and Nassau make the largest positive contri-
butions. Th e Bronx and Kings make the largest negative contributions. A similar 
chart for California, not surprisingly, would show the important roles of the Sil-
icon Valley counties of Santa Clara, San Francisco, and San Mateo in rising U.S. 
inequality during the information technology boom in the late 1990s. 

 Compared to sample surveys, where the information about individuals is 
typically limited to a small number of (highly repetitive) personal charac-
teristics such as age, race, gender and education that were deemed to be of 
interest a priori and included on the survey form, the information content 
of inequality measures done in this way is very high. And the approach 
opens many avenues for detailed case studies of modern economies, in all 
their actual geographic diversity and technical complexity. But two points 
are especially important. 

 First, since collection of data by region and sector is usually a bureaucratic 
function carried out regularly by most governments, data of this type permit 
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creation of very long, dense, and complete time series of the movement of in-
equality.   21    Second, if the category structures are consistent across countries, 
the measures of inequality derived from those categories will broadly refl ect 
the relative degree of inequality in the whole populations. 

 Th ese properties taken together mean that—if one has a harmonized data-
set with a common categorical structure—it is possible to convert measures of 
industrial wage inequality computed using the Th eil statistic into measures of 
 estimated  household income inequality, and so to generate dense, consistent 
datasets of estimated  income inequality  measures in Gini format.   22    Th e UTIP 

      
  Figure 2.3.     Contribution of New York counties to U.S. inequality, 1969–2004.   
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Estimated Household Income Inequality (EHII) dataset—another Hyunsub 
Kum creation—has about three thousand observations for the world economy, 
or roughly four times the coverage of DS, from 1963 into the early 2000s. All 
are estimated on a single conceptual basis, namely household income in-
equality gross of tax.   23    Calculation of the EHII estimates, which is based on 
UNIDO Industrial Statistics, is presented in  chapter  4  . 

 To pull a conclusion prematurely from that work,  fi gure  2.4   presents EHII 
measures of gross household income inequality for the OECD countries, again 
ranked from left  to right by average value, and again with fi rst and last years indi-
cated. Note that common sense now prevails: by these measures the Scandina-
vian countries are low, while Spain, Portugal, Greece, and the United States are 
high. Note also that the prevalent trend is toward increasing inequality in almost 
all of the countries, Denmark being a lonely exception. A similar trend toward 
increasing inequality will be found in this data for non-OECD countries, as we 
shall see. A general principle of our work is that where two datasets confl ict, some 
degree of preference should go to the one that tends to confi rm the obvious.    

     Grouping Up and Grouping Down   

 For valid economic inference, inequality should be measured at the appro-
priate geographic and economic scale. However, researchers using survey 
data are limited by the (usually national) scope of the available surveys, and 
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  Figure 2.4.     Income inequality in the OECD, UTIP-EHII measures.   
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although the national scale is generally the appropriate one, this is not 
always so. Sometimes one needs a multinational or continental measure; 
sometimes one would like to measure matt ers at the level of the state or 
province. Combining surveys is diffi  cult; dividing them up may be impos-
sible. However, many practical questions depend on aggregating or disag-
gregating the observational unit to the correct level, which may be something 
less than the world but more than a country—say a continent or a trading 
region, as with the European Union or the North American Free Trade 
Agreement (NAFTA). 

 Sector and regional data can be used for the purpose of assessing inequality 
at other-than-national levels. Indeed, measures can be computed readily, 
taking advantage of the aggregation and disaggregation properties of the Th eil 
statistic. Th us it is possible to measure inequality (say, between regions) across 
the whole of continental Europe (say, for the purpose of U.S.-Europe compar-
isons), or to measure within-geographical-unit inequality (between sectors) at 
the level of European regions or American states. Th is is especially useful for 
analysis of labor markets or for voting analysis, where the data need to be 
matched precisely to the political unit. 

 A particularly urgent need for such data is apparent in modern Europe. 
Europe has become a single, complete, unifi ed economy. It has no internal bor-
ders, no trade barriers, perfect capital mobility, and no formal barriers to mi-
gration. It has a common currency, in large part. In taking this step, the 
eurozone abolished international-but-intra-European exchange rate fl uctua-
tion, giving every European an income measured in the same currency unit. 

 Yet if you wanted to know, say, the degree of inequality or the poverty rate 
in “Europe,” where would you turn? Ideas are stuck where statistics are: at the 
national level. And so long as statistics drawn at the continental level are lack-
ing, one cannot correctly model poverty, inequality, labor markets, or the 
eff ects of macroeconomic policy in “Europe.” For instance, each European 
country maintains its own assessment of who is poor, but under a system of 
unifi ed European data everything would change. Th ere would, for instance, be 
virtually no poor in Germany and only a handful of “middle class” people in 
Poland or the Baltic states.   24    

 Frequent comparison is also made between the inequality of pay in the 
United States and in Europe, for the purpose of explaining (what was until 
recently) the chronically higher rate of European unemployment. Such com-
parisons (as in  fi gures  2.1  and  2.4  ) generally show the United States to be more 
unequal than most (though not all) countries of Europe. Th is fi nding tends to 
butt ress the conventional conclusion that (before the Great Crisis) the United 
States enjoyed fuller employment because its labor markets are more “fl exible,” 
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meaning they are more willing to reward high skills and price low skills at rates 
that justify employment of low-skilled labor. 

 Using the Th eil method to assess the inequality of Europe  as a whole  over-
turns this argument simply but decisively. Although inequality is low within 
many European countries, the inequalities  between  countries are quite large. 
Th is does not matt er if one assumes Europe to consist of many isolated labor 
markets—but this is something the European Union has ensured that Europe 
is not. Adding in the between-countries component of inequality, one fi nds 
that inequality in industrial pay—to take an example easily computed from 
harmonized data—across Europe taken as a single entity is substantially 
 higher  than in the United States. Th is fi nding was fi rst reported in Galbraith, 
Conceição, and Ferreira (  1999  ), where we used the OECD Structural Analysis 
dataset to show that pay inequality measured across sectors in European 
manufacturing, taken as a whole, exceeded that in the United States by around 
30 percent. Even if workers are not fully mobile between countries, capital is; 
from the standpoint of an international investor or a transnational corpora-
tion, wage diff erentials between Germany and Spain, aft er adjusting for pro-
ductivity, should matt er a lot. 

 Galbraith (  2007b  ) directly compared income inequality between the (sub-
national) regions of Europe with similar measures taken across the American 
states, both computed, in this case, as  between-regions  Gini coeffi  cients.   25    Th ese 
inequality measures confi rm the 1999 fi ndings: for the EU-15 the measures 
were 40 percent higher than in the United States; for the EU-25 interregional 
inequality proved to be more than twice that in the United States.   26    Th ese cal-
culations suggest a diff erent conclusion from the standard intercontinental 
comparison of inequalities: that the United States is more unequal  at close 
range , while Europe is much more unequal  over long distances . Again, there is a 
vast amount of corroborating data, as well as commonsense observation, to 
butt ress this conclusion. 

 Clarifying the inequality picture now forces us to look again at the sup-
posed relationship between inequality (which we can also call “labor market 
fl exibility”) and unemployment. Th e standard story—that fl exibility is 
rewarded by high employment—collapses under this revision of the evidence. 
But a quite diff erent, and relatively straightforward, alternative story emerges 
from the rubble. Inequality in pay structures, it turns out, is highly and posi-
tively correlated with unemployment, across space and over time. Th e more 
inequality, the more unemployment. Th is may seem surprising at fi rst, but in 
fact the reasons are not very complicated. In part, the simple fact that some 
jobs off er much higher pay provokes people to leave their present job and 
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 accept unemployment, for a time, as the price of obtaining a chance for a bett er 
one. In part, inequality may refl ect the same depressed labor market condi-
tions that prevail among lower-paid workers and produce unemployment. But 
it is clear that inequality is no cure for unemployment, and that if inequality is 
seen to rise, the likely consequence must be higher, not lower, unemployment. 

 Th is is borne out by the evidence within Europe as well. In Europe, coun-
tries with lower inequality—in Scandinavia, notably—have almost always 
enjoyed lower unemployment, and Europe as a whole had very low unemploy-
ment during the postwar, social-democratic era, when economies were iso-
lated from each other by capital controls and egalitarianism was enforced by 
powerful unions. Th ose days came to an end in the early 1970s. 

 Unfortunately for the Europeans, the inequalities at long distance that appear 
with the emergence of an integrated Europe appear highly signifi cant for deter-
mination of chronic unemployment, since they motivate displacement, migra-
tion, and undermining of previously coherent national labor standards. Th e 
European Union means that these inequalities matt er more and more. Th us as 
Europe becomes more integrated, both the relevant measure of inequality and 
the chronic rate of unemployment have gone up. We will return to this story later; 
for now it’s suffi  cient to note it as an illustration of the usefulness of comprehen-
sive and reliable inequality measures, taken at an appropriate observational scale. 

 Equally useful, the ubiquity of regional and sector data permits analyses of the 
relationship between inequality and other variables—such as unemployment—
to be pursued at the subnational level. In Europe, for example, there is a large 
variation in unemployment rates between regions within countries; this variation 
is oft en larger than the variation of unemployment rates between countries. Yet 
the standard analysis of European unemployment in terms of diff ering  national  
labor market institutions can take no account of the variations arising inside 
countries. Regional measures of inequality, developed for Europe by Enrique 
Garcilazo, are well adapted to this analysis. Models based on these measures 
show that inequality is also a signifi cant determinant of unemployment at the re-
gional level, again in precisely the opposite sense to that suggested by the conven-
tional theory: more inequality is associated with more, not less, unemployment.   27    

 Regional data are useful also for political analysis. Th e American states are 
political entities, an important fact given the state basis of the Electoral Col-
lege. Travis Hale has developed panel measures of inequality within American 
states on principles similar to EHII; these can be correlated to measures of 
voting turnout and voter preference. Th e results show that inequality sup-
presses turnout. It is also possible to create a measure of economic polarization 
across space—we’ll call it geo-economic polarization   28    within states—which 
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as it turns out is highly correlated with recent presidential election outcomes. 
American states that are highly polarized along spatial lines (generally, with a 
strong divide between urban on the one hand and suburban-rural on the other) 
tend to vote Democratic; those that are predominantly rural or suburban tend 
to vote Republican. Intriguingly, as states change along this dimension (Cali-
fornia and Connecticut are longstanding examples, Colorado and Virginia 
more recent ones) they have also evolved politically in the direction indicated 
by the model—that is, greater geo-economic polarization has in recent years 
inclined an American state toward the Democratic Party. 

 Finally, measures of inequality at the subnational level can be used to explain 
the regional and sectoral basis of movements in the overall income distribution, 
as captured by sample surveys. For instance, standard census measures of income 
inequality in the United States show a peak in 2000, followed by a decline. Gal-
braith and Hale (  2006  ) fi rst showed that this measure is closely tracked by a 
measure of income inequality calculated from tax data tabulated at the county 
level. Th us variations observed between American counties are, for this period at 
least, a good instrument for variations occurring in the whole population. 

 A measure based on counties can off er quite precise insight into the sec-
toral causes of rising income inequality—a topic that brings us back to the 
rela tionship between inequality and fi nancial instability. Th e Th eil measure 
of  inequality across counties over thirty-three years (1971–2004) is highly 
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  Figure 2.5.     Inequality between Counties in the US and the (log) NASDAQ stock 
index, 1971–2004.   
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correlated to the (log) of the NASDAQ stock price index, with the principal 
contributions to rising inequality coming from the counties of Silicon Valley 
and similar technology centers. Moreover, if the income growth of just fi ve 
counties   29    were removed from the data, about half of the increase in between-
county income inequality in the late 1990s United States would disappear; 
removing fi ft een counties takes care of all of it. Th e decline in inequality that 
followed the end of the boom is entirely explained by the stock market crash, 
which was centered on technology stocks.  Figure  2.5   presents the two series.    

 Overall, this research underlines the importance of distinguishing care-
fully between sources of income in the United States. As the “econophysics” 
literature has recognized, the distribution of what is called income is an amal-
gam of two very diff erent things: the distribution of earnings or pay, which 
tends to be quite stable except for the infl uence of variations in hours worked; 
and the distribution of property income,   30    which dominates the top of the 
scale and tends to follow a power law ( Chatt erjee, Yarlagadda, and Chakrab-
arti  2005  ). Since ownership of stocks is skewed to the top of the distribution, 
the parameters of the power law vary with valuations in the stock market. Th is, 
along with the comparative stability of pay-based incomes, accounts for the 
high degree of correlation between stock market prices and the income 
distribution. It also demonstrates that the distribution of taxable income is a 
poor proxy for inequality in wages, making data from this source largely ill 
suited for investigation of issues related to pay for work. Finally, it shows that 
the issue of rising income inequality in the United States is not, by and large, a 
phenomenon that has run from the top to the bott om of the structure. It is, 
rather, a phenomenon that refl ects, in the main, an extreme increase in incomes 
of a tiny group at the very top. 

 Th e distribution of earnings refl ects an institutional structure of wage rates 
governed by structured relativities within organizations. Th is is generally very 
stable (Galbraith   1998  ; Kitov   2005  ,   2007  ). Despite the focus of economic 
theory on the eff ects of technology, trade, immigration, and other forces on 
hourly wage rates, such hourly wage rates are not observed directly; almost all 
of the empirical work on changing wage distributions relies on measures of 
weekly or monthly earnings. Th e variation in earnings is largely a matt er of 
fl uctuations in hours worked (which may trigger overtime payments, aff ecting 
the  average hourly wage  but not the notional  wage rate ). Inequality in earnings is 
therefore closely related to open unemployment, as  fi gure  2.6   illustrates using 
monthly data for American manufacturing from 1953 to 2005 (with shaded 
periods indicating recessions). Signifi cant eff ects of labor-force participation 
and of the exchange rate on this measure have also been found (Giovannoni 
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  2007  ), and Galbraith, Giovannoni, and Russo (  2007  ) show that it is Granger-
caused by the movement of the term structure of interest rates, a measure of 
the stance of monetary policy.    

 Th is last fi nding has interest in part because Federal Reserve offi  cials have 
regularly been at pains to deny the proposition that monetary policy can aff ect 
inequality. But the evidence for pay inequality strongly indicates that it has. 
Indeed, to the considerable extent that monetary policy infl uences the stock 
market, one can also argue that the patt ern of overall income inequality is sub-
stantially aff ected as well by the stance of monetary policy—something Fed-
eral Reserve offi  cials have also been at pains, over the years, to deny. 

 Similar results hold for Europe, where inequality as a whole declined with 
declining unemployment from 1995 to 2000 (Galbraith and Garcilazo   2005  ). 
Moreover, analysis of unemployment by regions in Europe reveals a common 
time patt ern, which strongly associates the rise in unemployment across the 
continent with implementation of the Maastricht Treaty in 1993. Th is patt ern 
lends support to those who argue that European unemployment has an impor-
tant macroeconomic component, determined by the policy stance of European 
authorities taken together and as a whole.  Chapter  8   returns to this issue. 
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     Conclusion   

 Given the problems and defects of the previously available datasets, much pub-
lished work in international comparison of inequality measures and their move-
ment over time has to be regarded with suspicion. However, we now know that 
the individual studies behind those datasets are not generally bad; the problem 
is the scarcity of measures and the diff erences in method between them. Th ere-
fore, industrial, sectoral, and regional data can be deployed eff ectively to fi ll 
gaps and repair inconsistencies in standard measures of economic inequality. 
Th e resulting datasets permit annual time series and balanced panel regression 
analyses of inequality, practically for the fi rst time, especially outside the 
OECD. Use of the Th eil statistic also permits calculations of inequality 
measures at scales other than national, permitt ing for the fi rst time the choice of 
scale—regional, national, continental or even global—to be tailored to the 
research question. All of this opens up rich territory for exploration. 

 As we’ve seen, the calculations have a disconcerting eff ect on conventional 
views. Among other things, they show that the movement of overall  income  
inequality in the United States over time is largely governed by the stock mar-
ket, an artifact of fi nancial boom and bust. Meanwhile  pay  inequality in both 
the United States and Europe largely rises and falls with unemployment over 
time, although other factors (among them exchange rate movements and polit-
ical regime changes) play a role. Th us the fi nancial and the macroeconomic, 
which have been practically neglected in conventional studies of economic in-
equality, start to emerge in central roles. 

 Within Europe, countries with less pay inequality systematically enjoy less 
unemployment, other things equal. Th is result contradicts the standard model 
that places blame for chronic unemployment on labor market rigidity, though 
it is consistent with well-established models of search and migration and of 
induced productivity change. Further, evaluation of inequality at the conti-
nental level demonstrates that pay inequality in the United States is  less , not 
greater, than in Europe. Again this tends to refute the view that the superior 
employment performance of the United States is due to high inequality in pay 
structures. It calls att ention instead to the neglected international dimension 
of European inequality—a dimension of increasing relevance as the continen-
tal economy becomes more integrated. 

 We turn next to exploring the movement of inequality at the level of the 
global economy, a subject that has drawn considerable academic interest in 
recent years. It will turn out that this, too, has an unmistakable macroeco-
nomic and fi nancial component. 
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       Notes    

       1.     According to DS (1996), a data point is deemed “high-quality” if the underlying survey 
meets three criteria: (1) coverage of all types of income, including in-kind income, (2) 
coverage of urban and rural households, and (3) focus on households rather than indi-
viduals. In our work with DS data, we restrict att ention to data points deemed high in 
quality and providing national coverage. 

       2.     Th e original DS data are apparently no longer posted at the World Bank, but an updated 
dataset with fi ft een hundred observations is available at  htt p://go.worldbank.
org/9VCQW66LA0 . Th is dataset includes measures from DS, LIS, WIDER, and other 
sources. Increasing the number of observations in this way is useful but does not ad-
dress the consistency issue; for this reason the general critique of DS presented here 
remains relevant. 

       3.     Obviously, this procedure will be without bias only if it happens that there is no system-
atic patt ern in the global evolution of inequality. See Milanovic (  2002a  ) for a detailed 
critique of Sala-i-Martin’s interpolations. 

       4.     Th ere are four types of household-size adjustments applied in the DS data: household, 
household equivalent (weighted by the number of persons), person, and person equiva-
lent (wherein the eff ective number of household members is assumed to be the square 
root of the actual number). 

       5.     Th is table is based on the 652 observations whose categorical information is available in 
the DS data. 

       6.     Th ey are Spain, Germany, Denmark, and Finland. 
       7.     Th ey are Brazil, Chile, Columbia, Costa Rica, Guatemala, Guyana, Honduras, Jamaica, 

Mexico, Panama, Peru, Venezuela, Sri Lanka, Pakistan, Mauritius, Zambia, Seychelles, 
Malaysia, Philippines, Bulgaria, Czech Republic, Hungary, Poland, Romania, Russia, 
and Yugoslavia. 

       8.     Grün and Klasen (  2003  ) and Dollar and Kraay (  2002  ) also found that household-based 
and gross income–based measures are typically higher than expenditure measures. 
Th ese various fi ndings are all derived from diff ering data and model specifi cations. 
Dollar and Kraay use the expanded DS data (n = 814) with fi xed eff ects, and Grün and 
Klasen use the World Income Inequality Database (WIID, n = 2,033) with more 
detailed reference units (World Institute for Development Economics Research, 2000). 
We use a subset of the original DS data (n = 652) with the three dummies specifi ed in 
 table  2.3  . We experimented with a fi xed-eff ects model with similar results. One incon-
sistency between our analysis and other studies is that in a simple OLS specifi cation 
expenditure-based measures are higher than income-based measures in our study. But 
as discussed later in the main text, this estimate loses its signifi cance when other con-
trol variables enter into the model. We use the estimates from  table  4.1  , model 3 in our 
EHII (estimated household income inequality; see chapter text at note 22) estimation. 

       9.     Similarly, WIDER’s Data Set Version 1.0 has 221 data points for sixty-seven countries 
over twenty-six years, from 1970 to 1996. In a recent paper Biancott i (  2006  , p. 3) writes, 
“We exclusively considered data above a certain level of comparability, resulting in 217 
observations selected for our panel out of a total of 5067.” 

       10.     Published papers and books include  Conceição and Galbraith  (2000  ); Conceição, Gal-
braith, and Bradford (  2001  );  Ferguson and Galbraith  (1999  ); Galbraith (  1998  ,   1999 , 
 2002a ,  2002b ,  2006a ,  2007a ,  2007b ,  2007c  );   Galbraith and Berner (2001  ); Galbraith 
and Garcilazo (  2004  ,   2005  ); Galbraith and Garza-Cantú (  1999  ); Galbraith and Hale 
(  2006  ,   2008  ); Galbraith, Krytynskaia, and Wang (  2004  ); Galbraith and Kum (  2003  ); 
Galbraith, Priest, and Purcell (  2007  ), Galbraith, RoyChowdhury, and Shrivastava 
(  2004  ); Galbraith, Spagnolo, and Munevar (  2008  ); Galbraith, Spagnolo, and Pinto 
(  2007  ); Garcilazo-Corredera   2007  ; and Kim (  2002  ,   2005  ). 

http://go.worldbank.org/9VCQW66LA0
http://go.worldbank.org/9VCQW66LA0
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       11.     Th e within-groups component is, of course, simply unobserved. But the consistency of cate-
gory structures across time implies that changes in the between-groups component track 
changes in the entire distribution, and this is the key point for time-series comparison. 

       12.     Similarly, disaggregation to the county level (in the United States, 3,150 counties) 
yields a precise picture, whereas disaggregation to the state level (fi ft y states plus the 
District of Columbia) yields a coarse image of the same picture. 

       13.     Since inequality between group averages is oft en more volatile than inequality across 
the whole population, this amounts to saying (for instance) that it is suffi  cient that a 10 
percent change in the between-groups measure consistently refl ects a 3 percent change 
in total inequality. 

       14.     Usually a two-digit industrial classifi cation or a high-level geographic classifi cation, 
such as state or province, is adequate. 

       15.     Industrial classifi cation schemes are arranged in this hierarchical way, with the number 
of digits in the code permitt ing categories to be fully nested within higher-level cate-
gories. Geographic information also usually has this feature: precincts within census 
blocks within counties within states, to give an American example. 

       16.     A further advantage of this data is that they can be displayed very att ractively with geo-
graphic information systems mapping, although for the purposes of a book this is prob-
lematic, since a clear GIS representation requires color. 

       17.     As in the cases of UNIDO’s Industrial Statistics or the European Commission’s REGIO 
regional dataset. 

       18.     A further detail is that these measures can be obtained at very low cost. Source data are 
oft en available at no charge, and the computation time is measured in hours. 

       19.     In addition to OECD member countries (including Mexico and South Korea), UTIP 
papers are available on Russia, China, India, Argentina, Brazil, Costa Rica, and Cuba. 
For example, Krytynskaia divided the Russian economy into some twelve hundred 
region-sector cells for each of eleven years, 1990 through 2000; Wang divided the Chi-
nese economy into more than six hundred region-sector cells over the years 1979–1997. 

       20.     Th e fi gure displays the contribution of counties within New York State to overall U.S. 
inequality, measured across all counties. Th ey are drawn from local area personal 
income statistics; the computation was by Travis Hale. 

       21.     Where such time series can be compared to high-quality, continuous sample surveys of 
income, as for the United States and Canada, the measures generally correspond well. 

       22.     Th e Gini coeffi  cient, fi rst developed by the statistician Corrado Gini in 1912, is the most 
common and most widely understood measurement of inequality. In a box showing the 
cumulative incidence of income, it represents the proportionate area, between a Lorenz 
curve and a hypothetical line representing perfect equality, and takes a value between 0 
and 1, where 0 would represent perfect equality and 1 would represent concentration of 
all income in the wealthiest person. Th e Gini has the advantage of being easily com-
pared from one distribution to the next, but the disadvantage that it cannot be decom-
posed straightforwardly into the inequalities of subpopulations (Pyatt ,   1976  ). 

       23.     Estimates on any other basis—net household income, gross or net expenditure, per-
sonal as against household inequality—can be computed readily from the information 
generated by the EHII estimation procedure. 

       24.     In the Americas, it is similarly clear that the concept of “national labor supply” has lost 
meaning to a degree. Th e United States has a large reserve in Mexico and points south, 
and an even larger virtual reserve in China, India, and elsewhere. However, the integra-
tion of capital and other markets between the United States and its trading partners is 
not nearly so complete as is the case in Europe. 

       25.     Gini coeffi  cients were appropriate here because the number of European regions is 
much larger than the number of U.S. states, and a Th eil-to-Th eil measure would show 
even higher European inequality on that account. 
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       26.     Galbraith (  2007b  ) argues that modern Europe resembles the United States of the 
1930s, when a vast income diff erential dating to the Civil War separated the deep South 
from the rest of the country. Th is is comparable to the post–Cold War diff erentials 
between Eastern and Western Europe. A relentless politics of regional income conver-
gence, beginning with the New Deal, has largely erased the erstwhile regional diff eren-
tials in the United States. 

       27.     Standard models of equilibrium unemployment under conditions of inequality, such as 
Harris and Todaro (  1970  ), predict that a high level of inequality generates incentives to 
migrate and to search for employment, hence higher unemployment on a sustained 
basis. Th is patt ern is clearly observed in European data. Further, the Swedish econo-
mists Meidner and Rehn (  1951  , exposited in  Turvey  1952  ) argued that wage compres-
sion would generate more rapid productivity growth, higher average income, and a 
greater capacity to absorb, retrain, and reemploy those displaced by technical change. 
In modern Europe, the Scandinavian countries have set the pace over the decades by 
running open economies with strongly compressed wage structures. Th e problem with 
the conventional view, emphasizing “labor market fl exibility” as a cure, is twofold: it 
overlooks both migration incentives and endogenous productivity growth. It is not sur-
prising that the data do not fi t. 

       28.     Th e measure in Galbraith and Hale (  2008  ) is the ratio of income inequality between 
census blocks to the overall estimate of income inequality in the state. 

       29.     Th e fi ve counties are Santa Clara, San Francisco, and San Mateo in California; King 
County, Washington (home to Microsoft ); and New York, New York, the fi nancial cap-
ital. Galbraith and Hale (  2006  ) fi rst report this calculation. 

       30.     Property income in this context needs to be considered broadly, including salaries paid 
from funds raised on the capital markets, which became a signifi cant source of personal 
income during the technology boom.                   
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C H A P T E R  3
         Pay Inequality and World Development  

    In his 1955 presidential address to the American Economic Association, Simon 
Kuznets off ered a simple, elegant argument relating inequality to the process 
of industrialization. Before industry, say in late-feudal Great Britain or the 
early northern United States, agriculture consisted largely of small freeholds, 
tenantry, and family farms. Income from work was limited by the natural scope 
of family labor and the talents and eff orts of the village craft sman. Factories 
and city life introduced division of labor, leading to higher living standards for 
a rising urban working class, including factory workers and eventually profes-
sionals, engineers, and machinists. Since this group enjoyed more income than 
their country cousins, economic inequality rose. 

 Later on, migration and ultimately the industrialization of agriculture dis-
placed the farmers from their land. As the agricultural population declined in 
proportion to the total, so too did the signifi cance of the urban-rural income gap. 
Th erefore, inequality would decline as incomes continued to rise, simply because 
the population transitioned from being primarily rural to primarily urban. Cities, 
with all their economic diversity, are naturally more unequal than the country-
side, so matt ers would not again return to an egalitarian starting point. But 
Kuznets did expect that as industrialization matured, unionization and social de-
mocracy would reduce the initially high inequalities of the townsfolk, so that 
overall inequality would continue to decline as industrial development deepened. 

     What Kuznets Meant   

 Th e basic mechanism of Kuznets’s argument was thus the transition from coun-
try to town and from farm to factory as average incomes rose. Th e consequence 
was a defi nite relationship between inequality and income: inequality would 
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fi rst increase and later decline as cities swallowed the rural population. Th is was 
the inverted U that later economists would call the “Kuznets curve.”   1    Given the 
sectoral transition that lies behind it, this is something that can happen just 
once in the history of any particular country. It is also a relationship limited 
strictly to the distribution of pay for work. Under feudalism and colonialism as 
well as in the American South, great estates, plantations, and slavery were the 
norm, and the distribution of total income could not have been more equal on 
the farm than in the town. Kuznets was aware of this, and he explicitly excluded 
nonlabor incomes—such as the rents due to landlords, or monopoly profi ts or 
(later on) technological “quasi-rents”—from his argument. 

 Th e essential point in Kuznets’s analysis was, therefore, not the discovery of 
some universal patt ern in the relationship between inequality and income. It 
was the statement of a principle: that change in (pay) inequality is largely 
guided by intersectoral transitions in economic activity. Such transitions are a 
characteristic phenomenon of economic development and change. Th e key 
determinant of economic inequality is the structural composition of the 
economy itself—as among agriculture, industry, mining, services, fi nance, and 
government, for example. Th is is obviously very slow-moving. Th ere is a second 
key, which can move more quickly, namely, the diff erential between average 
incomes earned in each of these areas.   2    Change in the proportions (long run) 
and in the diff erentials (short run) is the key to change in inequality; this is the 
enduring lesson of Kuznets’s   1955   argument. 

 In recent years, this message has been blurred to the point where it can no 
longer be read. Th e element of structural transition, which was foundational 
for Kuznets, has largely been lost. Nothing much has replaced it, except for 
opportunistic empiricism. In this vein, some studies go looking willy-nilly for 
inverted U-curves in time-series data, whether or not they refl ect any sort of 
intersectoral transition and whether or not they restrict their coverage to pay 
for work. Unsurprisingly, the results are weak. Cross-sectional analysis (com-
parison between countries) has also been inconclusive, but this too should be 
no surprise: even with good data a sampling from an actual inverted U can 
yield a positive, negative, or zero slope, depending on which places and times 
fall within the sample.   3    

 Other papers have changed the question. Instead of asking (as Kuznets did) 
whether there is a characteristic patt ern to inequality in the development 
process, they ask whether high or low inequality bett er serves to foster rapid 
economic growth, meaning a rapid rise in income level. Th is work presumes 
that the initial level of inequality is  not  primarily a structural outcome but 
instead a policy choice, capable of being made by public authority, such as 
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through policies supporting universal education or investments in infrastruc-
ture.   4    Th e empirical question then becomes whether a high or a low level of 
inequality is likely to be followed by a higher or a lower rate of economic 
growth, for some period into the future.   5    Without saying so, this work pre-
sumes that Kuznets was simply wrong about the key role of diff erences in in-
dustrial structure and the stage of economic development in determining 
what inequality is likely to be at any given time. 

 Th is recent line of work complicates the issue, perhaps most of all by spec-
ulating that a relationship exists between a  level  of inequality, measured at 
some  point  of time, and a  rate of change  of income, measured over a later  inter-
val  of time. How a level of any variable can consistently aff ect a subsequent 
rate of change in another variable is diffi  cult to understand. Pushing the argu-
ment to its absurd limits, if a relationship of this kind holds in the short run, 
then it should be possible to accelerate the growth rate  permanently  by main-
taining the inequality variable permanently in the favored position. Th is 
would be a perpetual motion machine, which is forbidden by the laws of 
physics. And in empirical studies there is also the question of exactly what the 
starting point and the lag structure for such an analysis should be. Presumably—
and in practice—diff erent moments of time, with diff erent “initial” levels of 
inequality, and diff erent time intervals will yield diff erent answers to the 
research question. Which of the answers would be the correct one? Th ere is 
not any clear theoretical guidance on this point. Kuznets’s view that the key 
relationship was between the level of income and the level of inequality (and 
therefore between changes and changes, conditional on the starting point) 
avoids tricky questions of time intervals; either the relationship exists at one 
moment in time, or it does not. 

 Still others have taken evidence of rising inequality alongside rising 
incomes, in high-income countries such as the United States, as a sign that the 
Kuznets hypothesis is no longer valid even though it might have been valid at 
some earlier time.   6    Th is interpretation accepts that structural change drives 
inequality in the long run but rejects the simple inverted U. Th e argument 
becomes that the United States and other wealthy countries are in a later form 
of intersectoral transition, away from manufacturing industry and toward 
technology, fi nance, and services, and that this must imply a diff erent, more 
complicated relationship between the rise of income and change in inequality. 

 Part of this argument rests on the fact that as an economy grows more 
complex, it also becomes impossible to make the clear and clean separation that 
Kuznets relied on between pay for work and pay arising from profi t, rent, and 
market and fi nancial power. In some sectors (especially in technology and 



 50   Inequality and Instability

fi nance), what is reported to the tax authorities as wages or by fi rms as payroll 
derives from funds raised on capital markets or the realization of capital gains. 
Th is in turn introduces the possibility of very short-term changes in inequality 
due to changing short-term circumstances—including some related to public 
policy, but others that may be driven by bubbles, speculation, or sharp practice —
that are refl ected in rapidly changing asset prices. Th us the element of average-
pay diff erentials between sectors takes on greater importance, while the 
slow-moving process of changing economic structure recedes into the back-
ground. 

 Further still, as economic regions integrate it becomes necessary to con-
sider the relationship of each to all the others. Patt erns of trade, movements of 
labor, and interdependencies of the fi nancial system may all cause the distribu-
tional characteristics of one system to infl uence those of another. In the limit, 
a global economy may have global forces that aff ect intersectoral diff erentials 
and the movement of inequality. 

 We take the view here that this layered vision is almost obviously correct. At 
the foundation, economic inequality must depend primarily on economic struc-
ture and the stage of development: all agrarian feudal societies, all countries in 
the early stages of industrialization, all advanced technological economies, and 
all oil fi efs will resemble each other more than they resemble other countries. In 
a second layer, and especially in complex systems with strong fi nancial sectors 
and asset markets, short-term movements of the intersectoral diff erentials take 
on an important role. And there must be a transnational element, refl ecting the 
integration of economies and the infl uence of the large and strong over the small 
and weak. 

 But we also think that all this is in no contradiction to Simon Kuznets. He 
combined theory, history, and common sense, and he was very well aware that 
the world continues to change. He would not have been surprised or disturbed 
to see his original historical description modifi ed in this way by events. Th e 
question to ask next is, Was it? 

     New Data for a New Look at Kuznets’s Hypothesis   

 So, in the sense just given, was Kuznets basically right aft er all? Is there a 
systematic relationship between economic structure—taking into account 
also the diff erentials between structural elements of an economy—and eco-
nomic inequality? Is there a relationship, in particular, between the level of 
income and the level of inequality, allowing the relationship to be elaborately 
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nonlinear and to shift  from time to time? Having restated the argument, the 
question requires another look. 

 Apart from the theoretical questions of what exactly to expect, as an empir-
ical project the issue of a consistent relationship between inequality and the 
level of development is obscured by the gaps, inconsistencies, diffi  culties of 
clear interpretation, and general noisiness of the datasets that have been 
deployed to analyze this question. It is easy to grow discouraged when the 
data do not cooperate and such a consistent relationship between income and 
inequality cannot be found. But the failure to fi nd a relationship in bad data is 
a nonresult, which establishes nothing. It remains always possible that a 
cleaner, clearer look at the data will reveal patt erns that cannot be found in 
sparse, noisy, and inconsistent data.   7    Another look therefore requires new evi-
dence. As Holmes said to Watson in “Th e Case of the Copper Beeches”: “Data! 
Data! Data! I cannot make bricks without clay!” 

 Th is section provides the bricks with which a coherent evaluation of the 
Kuznets hypothesis—conceived broadly as a consistent relationship between 
the level of economic development and the level of economic inequality,   8    on a 
global scale and in the context of economic developments in the late twentieth 
century—can be made. 

 Th e UTIP-UNIDO global dataset, described in the previous chapter, has a 
number of virtues as an arbiter of the Kuznets relationship. In the fi rst place, 
it is a dataset that at least nominally covers only pay; as Kuznets preferred, the 
complications of profi t and rental income are excluded from the source infor-
mation. (Not entirely so, since in advanced economies some income that a 
theoretical economist would recognize as profi t and some rent are recorded as 
pay. However, the restriction to manufacturing here does mean that, for the 
most part, the variations directly associated with the fl ux of the fi nancial 
sector and its major clients are not directly covered.) Second, the structure of 
the data has been harmonized over many countries and years, so that the 
Th eil inequality measures can be compared. Th is means that in comparison 
with survey-based datasets, the numbers are unusually free of selection bias 
and noise. 

 Th e UTIP-UNIDO data can be used to demonstrate that reasonable speci-
fi cation of the relationship between pay inequality and development is, as 
Kuznets also believed, of a curve relating  levels  of inequality to  levels  of income. 
As it turns out, there is a relationship of this type in the data. It is broadly 
downward sloping in most countries; strong growth reduces inequality, most 
of the time. However, there are exceptions at both tails of the distribution. 
China is a low-income country still in the canonical transition of agriculture to 
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industry; hence inequality rises with more rapid growth there, and this con-
nection shows up even in a dataset restricted only to inequality inside 
manufacturing. Th is is Kuznets’s classic vision for early development, pro-
longed in the Chinese case by the vast reserve of peasantry even as the country 
builds the world’s largest cities. However—outside of sub-Saharan Africa 
where in most cases industrialization never seriously got under way—most of 
the world is past the early stages of urbanization. 

 As expected from our discussion above, the United States and a few other 
rich countries, notably the UK and Japan, are on upward-sloping income-
inequality surfaces. Th ese countries supply capital goods and fi nancial services 
to world markets, and so their highest incomes vary positively with the business 
and trade cycle (Galbraith   1998  ; Conceição and Galbraith   2002  ). In booms 
associated with rapidly growing investment or rising exports, income in the 
high-income sectors, especially technology and fi nance, tends to rise rapidly—
in part because (as discussed above and below) these incomes derive partly 
from activities in the capital markets. Th us rising income is associated with 
rising inequality of incomes. And the phenomenon shows up in manufacturing 
 wages , because some of the aff ected industries—notably the advanced elec-
tronics sectors that formed the core of the information-technology boom—are 
conventionally classed as manufacturing activities. Th ey stand in for the whole 
of the advanced-technology sector as drivers of increasing inequality. 

 Th e “augmented Kuznets curve” that takes all of this into account appears to 
have the form of a sideways inverted S.  Figure  3.1   presents a stylized illustration.    

 As noted, for the purposes of evaluating his hypothesis Kuznets himself 
narrowed the focus to measures of inequality of pay.   9    Many studies refl ect or 
restate this; for example, Williamson (  1982  , p. 2) argues that “trends in the 
distribution of wage and salary income by occupation and skill have been 
shown to be far bett er correlates of trends in the size distribution” of income 
than are conventional measures of shares going to wages, profi ts, and rent. 
Acemoglu (  1997  ) identifi es increased earnings and wage inequality as the 
main components of rising income inequality in the United States. And in 
Brenner, Kaelble, and Th omas (  1991  ), a number of studies that test the Kuznets 
hypothesis from measures of wage inequality are collected and reported. So 
the use of pay in measuring inequality for this purpose, though not simple, can 
be taken as largely noncontroversial. 

 Th e further step that we take, which is to narrow things further to measures 
of inequality in  manufacturing  pay, is harder to justify. Th e data do not contain 
explicit measures of agricultural, service, or other informal incomes. Th ey thus 
cannot directly identify the canonical Kuznets movement out of agriculture 
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and into industry. I shall argue, however, that in modern data this limitation is 
not crippling; in fact it is not usually even very serious. 

 Th e use of data restricted to manufacturing pay is of course motivated 
foremost by practicality; the dataset exists and nothing comparable with 
broader coverage exists on a worldwide basis. But even though the use of in-
equality measured only within manufacturing may seem at fi rst glance out of 
character with Kuznets’s eff ort, it is empirically solid and justifi ed by several 
considerations. 

 Th e basic reason it works is that in most circumstances manufacturing pay 
inequality is likely to be closely related to the broader inequality of all forms of 
pay. Th is particularly includes the diff erentials between manufacturing and agri-
culture. Th us, even though we may have no direct observation of pay scales on 
the farm, we can infer from what is going on within manufacturing what is likely 
to be going on between factory and farm rates of pay. 

 To see the relationship, consider the basic fact that in the course of economic 
development people are drawn from agriculture into manufacturing in the fi rst 
place by a wage diff erential. Th is diff erential need not be large, but it has to exist; 
otherwise people will not leave the farm. 

 Now, when wage inequality increases within manufacturing (something that 
almost always happens during economic slumps), what does this mean? Almost 
always, it will mean the  relative  wage of the lowest-paid sectors (garment trades, 
for instance, an entry point for many rural workers and especially women into 
the manufacturing sector) is falling. Th at is, everyone in manufacturing may be 
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  Figure 3.1.     Stylized augmented Kuznets curve, with selected countries in 
illustrative positions.   
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losing, but those at the bott om are losing more. If this had no implications for 
agriculture, it would follow that the wage at the low end of the manufacturing 
spectrum would dip toward, or even below, the competing agricultural wage. 
And if this happened, then of course people would abandon manufacturing and 
go back to farming. 

 But this patt ern of reverse migration is very rarely observed. Only in the 
most extreme conditions (in fact, I can’t think of any, apart from the forcible 
evacuation by the Khmer Rouge of Cambodian cities in 1976) do people actu-
ally retreat from the cities to the countryside. So what must have happened? 
Th e most likely thing, in this situation, is that wages on the farm also got hit by 
the slump and fell at least as far, if not farther, such that the garment jobs 
remained roughly as att ractive (relatively) as they were before. And so inequal-
ities must have increased, not just within manufacturing but in the larger 
economy of manufacturing and agriculture, taken together. Th is is, aft er all, 
plain common sense. 

 Next, consider wage diff erentials  inside  manufacturing. If there were no sys-
tematic relation between agricultural wages and wages in manufacturing, then 
logically there could be no systematic relationship between categories inside 
manufacturing either. Th ere is no particular reason to hold the boundary 
between manufacturing and (say) agriculture as sacrosanct, refl ecting some 
fundamental divide within an economy, and to suppose that the boundary 
between (say) sewing shirts and forging steel is somehow less fundamental. In 
fact, there are prett y good reasons for thinking that some of the divides inside 
manufacturing are more diffi  cult to bridge, as with some jobs held for men or 
for people with particular training, whereas it is relatively easy to move from 
the farm to the sewing table. 

 If categories inside manufacturing were really distinct in this way, we ought 
to observe rank orderings of manufacturing wage categories that diff er across 
countries and change through time, as absolute wages rise in one area but not 
in some other, due for example to changing patt erns of demand for the fi nal 
product. In fact, we don’t have many such observations; such diff erences and 
rank-order changes are rare. 

 Two examples are shown in  fi gure  3.2  , which plots the ratio to the median 
wage for twenty-eight manufacturing industry categories in the United States 
against those of two countries at diff erent times (Great Britain in 1968 and 
Korea in 1988). Th e fi gure illustrates a general truth, namely, that although 
inequality within manufacturing may go up and down, or be higher or lower in 
one country than in another, this has litt le eff ect on the rank order of average 
wages across diff erent industries. Th ere is every reason to believe the same is 
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true of the rank order between branches of manufacturing and those other 
activities that are called services or agriculture. Th e latt er are just as much part 
of the economy as manufacturing is; the only reason they are not in the data-
sets is that they are oft en paid informally or in kind or by very small business 
units, and they are not so easily captured by established economic records.    

 It follows, therefore, that changing inequality within manufacturing is 
likely to be a good proxy for changing inequality within the larger structures 
of pay. 

 Two more arguments support use of a measure of manufacturing pay in-
equality as a representation of inequality in the larger structures of pay. 
Kuznets’s hypothesis was based mainly on between-sector pay inequalities in 

  

1988

U
SA

KOR
0 0.25 0.5 0.75 1 1.25 1.5 1.75 2 2.25

1.7

1.5

1.3

1.1

0.9

0.7

0.5

0.3

1968

U
SA

GBR

0.5 0.6 0.7 0.8 0.9 1 1.1 1.2 1.3 1.4 1.5

1.7

1.5

1.3

1.1

0.9

0.7

0.5

0.3
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a two-sector (agriculture-industry) model of the economy, but the role of in-
equality within the industrial sector is substantial in its own right. In  Created 
Unequal  (Galbraith   1998  ), I demonstrated that in the United States the in-
equalities within the industrial sector are large compared to inequalities 
within services or agriculture; the latt er two sectors are (as Kuznets indeed 
argued in the case of agriculture) relatively egalitarian. Pay is low and fl at in 
farming, and the same is true of services, apart from the very distinct FIRE 
(fi nance, insurance, real estate) sector. Th us movements of inequality within 
manufacturing strongly infl uence the movement of inequality as a whole. Th is 
is even truer for industrializing countries where the share of manufacturing in 
total employment remains large, compared to what it has become in the United 
States. Such countries are oft en postagricultural, but preservice; therefore, 
they should be found, if Kuznets is correct, on a declining income-inequality 
surface. 

 Finally, as Barro (  2000  ) points out, recent studies on inequality and devel-
opment go beyond the shift  of persons from agriculture to industry as a 
source of the evolution of inequality. One such focus is the role of technolog-
ical change. In Galor and Tsiddon (  1997  a) and Aghion and Howitt  (  1998)  , 
technology raises the concentration of skilled workers in the advanced sec-
tors as against unskilled workers in backward sectors. Of course, manufacturing 
is the activity most aff ected by modern technological change, and some parts 
of it are more aff ected than others. Inequality induced by technology should 
therefore have an intramanufacturing feature, showing up in changing pay 
diff erentials between advanced and backward manufacturing industries, and 
also an intersectoral feature, showing up as a widening gap between manufac-
turing and other activities. Again,  Created Unequal  showed this was true 
(before Barro), documenting the role of high-technology industries in rising 
pay inequality for the United States. 

 Of course, practical issues remain important here. If we had good compara-
tive data routinely covering every aspect of economic life, we would use it. But 
we don’t. Manufacturing payrolls, however, have been measured with reason-
able accuracy as a matt er of offi  cial routine and in a mutually consistent way in 
most countries around the world for nearly fi ft y years. Th e UNIDO Industrial 
Statistics are the repository of this data, which is based on the International 
Standard Industrial Classifi cation (ISIC), a single systematic accounting 
framework of recognized quality.   10    

 Th e UNIDO source permits calculation of inequality measures for nearly 
3,200 country-year observations, covering more than 150 countries during 
the period 1963 to 1999 (and a considerably larger number through the early 
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2000s, which are not part of the analysis presented here). Th e University of 
Texas Inequality Project has computed these measures (Th eil statistics 
between industrial groups) and refers to them, as noted earlier, as the UTIP-
UNIDO dataset.   11    Matching this data to real gross domestic product (GDP) 
per capita, from the Penn World Tables version 5.6,   12    and including only coun-
tries with four or more observations on both variables, reduces the data to 
2,836 country-year observations. Th e coverage of observations in region and 
time is found in  table  3.1  .    

 Observations are annual for virtually all of the Americas, Europe, and Asia; 
only in Africa and for small island countries are there signifi cant gaps in cov-
erage. Th e regularity of the results is also notable: it appears that a distribution 
of measures of distribution is approximately log-normal.  Figure  3.3   presents 
distributions of the UTIP-UNIDO Th eil measures before and aft er log trans-
formation.   13       

 Looking at a few familiar countries can help establish whether the data are 
credible. Th ey show, for instance, that the United States experienced rising 
inequality in industrial pay from the early 1970s, as did Great Britain though 
with more fl uctuations, as shown in the bott om part of  fi gure  3.4  .   14    Th is 
fi nding is exactly matched in many other studies using survey data, for 
instance in Levy and Murnane (  1992)  ; Juhn, Murphy, and Pierce (  1993)  ; and 
Acemoglu (  1997)  . Since it is reasonable to assume that the United States and 
UK both have highly reliable annual measurements of income inequality,   15    it 
is useful to compare our measures of manufacturing pay inequality with their 
income inequality measures for the years where both datasets report observa-
tions.  Figure  3.4   lays out this comparison, with British data on the left , Amer-
ican on the right, Gini coeffi  cients for income inequality on the top, and Th eil 
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statistics on manufacturing pay inequality on the bott om. It is easy to see that, 
in these cases where both measures are reliable, the series are similar. 

 Alas, this happy correspondence between measurements is not generally 
the case.  Figure  3.5   shows Canada and Finland, two cases where the DS and 
UTIP-UNIDO measures diverge.   16    Th e question then, of course, is, Which 
of these measures is likely the bett er indicator of overall inequality and its 
movement through time? Th ere is no unambiguous answer to this question; 
where there are diff erences it is necessary to look at the numbers and make a 
judgment.       

 Looking at the dispersion of measures over the entire dataset can help ren-
der a judgment. Th e left  panel of  fi gure  3.6   presents a simple series of un-
weighted means of log (Th eil) UTIP-UNIDO pay inequality measures, 
annually for developed (OECD) and less developed (non-OECD) countries, 
together with bands indicating the standard error of the series. From this, one 
can see that (1) in general, within-country inequality measures are higher for 
developing countries, (2) both OECD and non-OECD countries experienced 
increasing pay inequality since the early 1980s, and (3) the gap in pay inequality 
between developed and developing countries remains nearly steady over four 
decades. Atkinson and colleagues (1995) use data from the Luxembourg 
Income Study (LIS) to show there has been a signifi cant rise in inequality in 
OECD countries since 1980. Th ese pay inequality measures show the same pic-
ture at the same time for the same countries. In addition, UTIP-UNIDO data 
show evidence of rising inequality outside the OECD, in countries that lie 
largely beyond the coverage of the LIS.    

 When the same procedure is applied to the DS data, great fl uctuations both 
within and between groups appear from year to year, as shown in the right 
panel of  fi gure  3.6  . In 1964 and 1966, but not in other years, non-OECD 
countries appear to enjoy  less  income inequality  on average  than OECD coun-
tries. Th is is a result that can occur in an erratic and nonrepresentative data-
set,   17    but it is very unlikely to represent the real-life facts. And since the early 
1980s, although non-OECD countries appear to have experienced increased 
income inequality, OECD countries in DS appear to have not—despite the 
fact that pay inequalities increased in both groups of countries, and that the 
industrial sector is generally much larger in the OECD countries. In many 
other comparisons of summary measures across time and space, the DS data 
yield equally doubtful results. Th e UTIP-UNIDO measures, on the other 
hand and despite their questionable origins in a partial measure of payrolls 
and incomes, nevertheless appear to enjoy a consistency in results and a cor-
respondence to common sense that lend confi dence to their use. We therefore 
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  Figure 3.6.     Time-series of inequality measures (means and 
standard errors).   

turn to att empting to discover whether they can cast light on the Kuznets 
hypothesis in broad terms. 

 Pay Inequality and National Income: 
What’s the Shape of the Curve? 

 Having established a credible body of measurement, we can now examine the 
relationship that interested Kuznets, between inequality and economic devel-
opment, with the latt er expressed as per capita national income. Empirical 
work need not be restricted to a test of the inverted U per se; as we have argued 
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this particular shape is only an instance of the broader phenomenon of inter-
sectoral transitions that Kuznets perceived. Th e more general question is, Is 
there a reasonable, stable, detectable relationship between inequality and per 
capita income? If there is, we can then ask whether that relationship would 
have satisfi ed Kuznets, or surprised him. 

 Th is approach diff ers from many studies that have tried to test the original 
inverted-U shape of the Kuznets hypothesis. Even if the inverted-U curve 
were a reasonable depiction of the inequality-income relationship in a certain 
characteristic phase of economic development, there is no reason the (com-
plete or symmetric) inverted-U curve should be found in data regardless of 
source, coverage in time and region, and underlying state of development. 
Th e UTIP-UNIDO data come mostly from aft er the 1960s. We are therefore 
in a world of advancing industrialization, and most countries should be over 
the peak of the transition out of agrarian life. It would therefore be unsur-
prising if the inverted U, which was based in part on nineteenth-century ex-
perience, were no longer present. Williamson and Lindert (  1980)   also 
emphasize this point.   18    

 Th e questions before us are, Can new data cast light on this by-now ancient 
question? In the modern world, if a Kuznets relationship exists in the broad 
sense, how precisely will it depart from the original version focused on indus-
try and agriculture? How will it incorporate the eff ects of technology and 
fi nance? How will it refl ect the position of those countries that are specialized 
in very narrow economic niches, such as oil and minerals, and whose income-
inequality trajectories Kuznets did not att empt to discuss at all? For this, we 
need to resort to an exercise in econometrics, which some readers may fi nd 
daunting.   19    An exposition in plain English will resume shortly. 

 Whereas many additional control variables are discussed in the literature, 
for simplicity it is useful to focus on a simple, unconditional relationship. Two 
equations illustrate. Th e fi rst is a simple linear expression, and the second is a 
quadratic that permits the expression to capture a curvature in the income-
inequality relationship. 

    Here,  Y  indicates GDP per capita measured in 1985 international dollars 
(GDPPC), and  I  represents an inequality measure, in this case the UTIP-
UNIDO Th eil index. Both variables are in log form.   20    Th e error term  ε  it  is as-
sumed to satisfy white noise assumptions; subscripts  i  and  t  indicate country 
and year respectively. Th e  α  i  refers to country-specifi c eff ects in panel estima-
tion; these eff ects will capture country-specifi c diff erences in excluded control 
variables. 
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 Broadly, in a linear relationship the Kuznets-consistent relationship between 
wage inequality and real income should be negative, insofar as (1) poor coun-
tries are more unequal than richer countries as a rule, and (2) most countries are 

  

A B C

    
  Figure 3.7.     Turning points in a Kuznets relation.   

to be found on a downward-sloping Kuznets relationship, having already passed 
the peak of the agriculture-industry transition. Meanwhile the trough associ-
ated with a position of advanced supplier to the world economy (as in  fi gure  3.1  ) 
will forever remain accessible only to a few. Th us, we expect that  β  1 <0. 

  Equation  3.2  , which permits curvature, off ers another way to test this rea-
soning. In this equation, we expect  β  2 >0 and  β  3 <0; (|b 2 |>|b 3 |) is usually 
expected in testing for the Kuznets inverted-U curve. In this case, the expected 
turning point would be in the middle of observations, as shown in  fi gure  3.7 
(A)  . However, if the data are collected mostly from the downward portion of 
an inverted-U shaped curve, then  β  2 <0 and b 3 <0 (|b 2 |>|b 3 |) are possible. In 
this case, the inverted-U curve is asymmetric, with an elongated right tail. 
Th us the expected turning point would be on the left  of the income scale, as 
sketched in  fi gure  3.7 (B)  . A third possibility is based on the (Conceição and 
Galbraith   2001  ) fi ndings of rising inequality at the very top of the distribution. 
If the argument is valid, then a new upward turn could be added to the orig-
inal Kuznets inverted-U curve. In this case, a downward slope could be as-
sumed over most of the range, which means b 2 <0 and b 3 >0 (|b 2 |>|b 3 |). Th e 
turning point would then be found on the right of the income range, as depicted 
in  fi gure  3.7 (C)  .    

 To begin a process of estimation with prevalent and traditional methods, 
we apply standard OLS with robust standard errors to pooled cross-section 
data. In this case,  α  i  =  α  and the time subscripts are ignored in  equations  3.1   

Ln Iit itLnY( ) = +β ∗ +1 ι ιτα ε

Ln I LnYit it itLnY( ) ( )2= + +β ∗ +2 3 ι ιτβ α ε*

(3.1)

(3.2)
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and   3.2  . Th e results are given in  table  3.2  . For comparison, we also present the 
results if the DS income inequality measures are used as the dependent vari-
able. As  table  3.2   shows, the estimate of  β  1  in linear  equation  3.1   is negative and 
signifi cant, and the estimates of  β  2  and  β  3  appear to support an inverted-U 
curve as depicted in  fi gure  3.7 (B)  , with an elongated right tail—but only very 
weakly at best, since the coeffi  cient estimates are not signifi cant and the model 
fi t is almost negligible.    

 A nonparametric approach yields similar evidence from another angle. 
When the running mean smoother is applied to pooled data, a downward 
quadratic curve emerges.  Figure  3.8   is a graphical presentation of these non-
parametric regressions using Cleveland’s Running Mean Smoother; the cor-
responding result from DS data is also reported.    

     Table 3.2.     Inequality and GDP: Pooled Cross-Section OLS Regressions  

   Dependent Variable  Log (UTIP-UNIDO)  DS Gini     

 Log (GDPPC)  –0.444  0.463  –1.952  32.128   

 (6.21)  **    (0.37)  (–1.91)  (1.39)   

 Square of Log 
(GDPPC) 

 –0.056  –2.075   

 (–0.69)  (–1.47)   

 Constant  0.221  –3.376  52.679  –85.408   

 (0.4)  (–0.69)  (5.90)  (–0.92)   

 Observations  2836  2836  567  567   

 R-squared  0.214  0.217  .004  0.072   

  Notes : Relevant t-statistics in parentheses . *  Signifi cant at 5 %. **  Signifi cant at 1%.   
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  Figure 3.8.     GDP and inequality: Nonparametric regressions.   



 66   Inequality and Instability

 Several considerations render this cross-sectional approach undesirable. 
First, the Kuznets curve is concerned mainly with the within-country  evolution  
of inequality during the course of economic development, whereas a cross-sec-
tional approach relies mainly on between-country variations over a limited 
time span. Second, country-specifi c factors that may be unobservable or ex-
cluded from the model are not controlled for in this framework. Th ird, a pure 
cross-section approach is valid only if the relationship of inequality to eco-
nomic development is similar across countries, that is, if countries tend to 
follow identical development paths separated only by diff erences in time. Since 
this is an implausible assumption, it is not safe to rely on estimates from 
cross-sectional analysis exclusively. 

 Panel estimation, usually referred to as fi xed-eff ects and random-eff ects 
modeling, off ers a way forward. Panel regressions control for unobservable 
country-specifi c eff ects, which could result in omitt ed variable bias in 
cross-sectional regressions. In the fi xed-eff ects model, these eff ects can be 
handled by adding country-specifi c dummy variables to the equation.   21    Th e 
same logic can be applied to control for unobservable time-related omitt ed 
variables; this is done by adding a time-specifi c dummy variable ( υ  t ) to  equa-
tions  3.1   and   3.2  . 

 In a random-eff ects model, country-specifi c eff ects ( α  i ) are assumed to be 
normally distributed and uncorrelated to any other explanatory variable in the 
equation. In this data, since only the log of income per capita and its squared 

     Table 3.3.     Inequality and GDP: Panel (Fixed-Eff ects) Model Estimates  

   Estimator  Fixed Eff ects  Fixed Eff ects     

 Log (GDPPC)  –0.068  –0.932   

 (2.06)  **    (2.74)  **     

 Square of Log (GDPPC)  0.052   

 (2.55)  **     

 Constant  –2.830  0.706   

 (10.64)  **    (0.50)   

 Observations  2836  2836   

 R-squared  0.214  0.136   

 Countries  116  116   

  Notes : Dependent variable is Log (UTIP-UNIDO); relevant t-statistics are in parentheses. 
* Signifi cant at 5%. ** Signifi cant at 1%.   
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term are included as explanatory variables, the likelihood of correlation 
between country-specifi c eff ects and log (GDPPC) would be high. Th us, a 
fi xed-eff ects model that does not require these assumptions seems more rea-
sonable, despite some loss of effi  ciency.   22     Table  3.3   presents the estimates from 
fi xed-eff ects models   23    using  equations  3.1   and   3.2  .    

 Th e estimates of  β  1  in  equation  3.1   by fi xed-eff ects models are consistently 
negative and signifi cant, as expected. However  equation  3.2   suggests another 
aspect of the evolution of inequality. When country-specifi c eff ects are con-
trolled, an ordinary U shape emerges, instead of the inverted U (b 2  <0 and 
b 3 >0) as Fields and Jakubson (  1994  ) and Ram (  1997)   suggest.   24    Th e fi xed-
eff ects model suggests $7,797 in real GDP per capita as the predicted turning 
point, around the 80th percentile of the income scale. 

 A closer look suggests that yet more work is needed. In  equations  3.1   and   3.2   
the error term ( ε  it ) is naïvely supposed to be white noise, satisfying the standard 
IID~(0,σ  2 ) assumption. However, this is not reasonable in longitudinal data. If 
the assumption of zero serial correlation is not correct, then standard errors of 
the estimates are biased, leading to biased test statistics. Autoregressive specifi -
cation, usually AR(1), is recommended to cope with this problem. Applying the 
AR(1) procedure to fi xed-eff ects and random-eff ects models following Baltagi 
and Wu’s method (1999) can deal with the unbalanced panel structure of this 
data. Th en  equation  3.1   is modifi ed as: 

 it itLn(I ) LnY   (3.3) 

  Equation  3.2   is modifi ed as:    

 Ln I lnY LnY
e e

it 2 it 3 it
2

i it

it it 1 it

( ) * * ( ) +
where .

=

−

bb + β α + ε
= ρ∗ + η

  (3.4) 

 and where  ρ  is a correlation coeffi  cient among ( ε  it ,  ε  it-1 ) and  η  it  is again conven-
tional white noise satisfying the IID~(0,s 2 ) assumption. 

 Th e estimation of  equations  3.3   and   3.4   is presented in  table  3.4  . As can be 
seen, the estimates of  β  1  exactly correspond to expectation. Compared with 
 table  3.3  , the magnitude of the coeffi  cient estimate and its signifi cance level 
both increase sharply. As the autocorrelation coeffi  cient ( ρ ) indicates, the se-
rial correlation problem in the error term is serious enough to hamper reli-
able inference in the earlier specifi cation.    

 Th e estimates from  equation  3.4   consistently indicate an ordinary U 
curve with high signifi cance. However, if this result is examined carefully, 
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it is apparent that most of the observations are placed on the downward part 
of this U curve. An upward slope is observed only at the right end of the 
income scale. Th us at the end of the day we have evidence in support of 
Conceição and Galbraith’s   2001   conjecture of an “augmented Kuznets hy-
pothesis.”   25    As noted above, this conjecture relates rising inequality in rich 

     Table 3.4.     Inequality and GDP: Panel Estimates with Autoregressive Error  

   Estimator  Fixed Eff ects  Fixed Eff ects     

 Log (GDPPC)  –0.348  –0.586   

 (16.71)  **    (7.79)  **     

 Square of Log (GDPPC)  0.029   

 (3.29)  **     

 Constant  –0.479  –0.495   

 (13.77)  **    (14.24)  **     

 Rho  0.804  0.803   

 Observations  2,720  2,720   

 Countries  116  116   

  Notes : Dependent variable is Log (UTIP-UNIDO); relevant t-statistics are in parentheses. 
* Signifi cant at 5%. ** Signifi cant at 1%.   
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  Figure 3.9.     Predicted values based on fixed-effects model for OECD countries.   
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countries to the procyclical behavior of advanced technology and services, 
and it also takes account of the highly unequal character of certain wealthy 
monoculture economies, notably the oil principalities of the Persian Gulf. 
 Figure  3.9   presents predicted values from the panel regression, especially 
for several OECD countries, that seem to lead to a Kuznets curve sloping 
down over most of its range but rising again at the right end of the income 
scale.    

 Th us the relationship between pay inequalities and income, for most coun-
tries in the period since 1963, remains essentially downward-sloping. Increases 
in income are associated with declining inequality, and poor countries have 
higher inequality, in general, than rich ones. Th ere are some recent exceptions to 
this rule, but in our postindustrial age they mainly lie at the top, rather than at the 
bott om, of the income scale. Th e upward turn makes the patt ern of inequality 
look like an ordinary U, but with a very short right tail. Th is patt ern is consistent 
and signifi cant across diff ering estimators, especially when various econometric 
problems are taken into account, all of which suggests that something more than 
chance is at work. 

 We conclude that even aft er fi ft y-fi ve years, the insights of Simon Kuznets 
are, in broad terms, hard to improve on. Yes, the world does change, and 
having left  their agrarian roots behind countries do not return to them. But 
the levels of inequality across countries appear largely determined by their 
place in the hierarchy of incomes, and the movement of inequality over time 
is still, to a substantial extent, a consequence of the intersectoral transitions 
that continue to occur, modifi ed by fl uctuations in the relative pay between 
major sectors. 

 And yet, this is not the whole story either. Kuznets largely restricted himself, as 
development economists are wont to do, to the trajectories of individual countries. 
It is, however, not only necessary but also possible to use these data to inquire into 
the relationship between countries. We are no longer in the age of empires, it is true. 
Still, the fact that there exist over two hundred countries in the world does not make 
it reasonable to assume that each goes its own way, independently of the others. 

     Global Rising Inequality: Th e Soros Superbubble 
as a Patt ern in the Data   

 As noted in our theoretical discussion, virtually all recent work either assumes 
or concludes that national characteristics alone govern the evolution of in-
equality and economic growth. If this were true, it would follow that national 
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policy choices are the key to lower inequality, either in the short run (through 
intersectoral wage compression) or the long (through structural change). 

 But the presence of a Kuznets relation in transnational data already tells us 
that the evolution of inequality must have a global (or at least an intercon-
nected) dimension. We know that growth rates are not independent. Entire 
regions, and sometimes the entire world, can go into booms and busts together. 
Th us in the commodities boom of the 1970s we should expect inequalities to 
have declined, as poorer countries improved their living standards. Likewise, 
the deep slump that occurred in 1982 and continued for many years thereaft er 
should have pushed up inequality in countries that were, structurally, on a 
downward-sloping Kuznets plane. As growth (in many cases) reversed, coun-
tries in this position should have moved backward in income and upward in 
inequality, losing gains they had previously achieved through industrializa-
tion and economic development. 

 With a fi xed-eff ects model, we can judge this global element in changing 
inequality directly. Th e model estimates not only country eff ects, showing the 
importance of persisting national institutions and industrial structures to (in-
dustrial earnings) inequality, but also a full set of yearly time eff ects. Th ese 
show the changes in inequality that are common to the world economy, 
whether caused by common worldwide patt erns in economic growth or by 
other factors. In short, they separate out the common dimension, given by the 
global time eff ects, from the eff ects of merely national variations in growth 
rates, which remain to be captured by the GDP variable. 

  Table  3.5   presents fi xed-eff ects models comparing the coeffi  cient on log of 
GDP per capita for a one-way (country only) and a two-way (time and coun-
try) fi xed-eff ects model. Th e eff ect is to strengthen the model results substan-
tially. Note by how much the slope of the coeffi  cient on (national) GDP 
increases when (global) time eff ects are taken explicitly into account.    

  Figure  3.10   illustrates the time eff ects in this model. Th e fi gure presents pow-
erful evidence of a  global  patt ern in the movement of inequalities measured (as 
here) within countries, and this patt ern is marked most strongly by a trend 
toward higher industrial earnings inequality aft er 1980. Th ese events were not 
autonomous, not separate events in diff erent countries; they were synchronized. 
Contrary national eff orts—if there were any—were largely overwhelmed by 
the global forces. Th us the model suggests that national policy choices re-
specting inequality were secondary; any approach to reducing inequality must 
address changes in global economic conditions as a dominant force.    

 Th e patt ern of the time eff ects has several distinct turning points, whose 
timing strongly suggests what was behind them. Th e fi rst turning point, from 
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modest increase to a period of declining inequality, occurs around 1973. If one 
asks whether there was any economic event of global reach that coincided with 
this date, the answer is not very far to seek: the fi nal end of the Brett on Woods 
fi xed exchange rate system occurred that year. A general patt ern of declining in-
equality then continues through the 1970s, years of global infl ation, negative real 

     Table 3.5.      Inequality, Time, and Country: One-Way and Two-Way Fixed 
Eff ects  

   Estimator  Fixed Eff ects (Country )   Fixed Eff ects (Country and 
Time)     

 Log (GDPPC)  –0.068  –0.423   

 (2.06)  **    (9.94)  **     

 Constant  –2.830  –0.122   

 (10.64)  **    (0.37)   

 Observations  2836  2836   

 R-squared  0.214  0.260   

 Countries  116  116   

  Notes : Dependent variable is Log (UTIP-UNIDO); relevant t-statistics are in parentheses.
 * Signifi cant at 5%. ** Signifi cant at 1%.   
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  Figure 3.10.     Global time-effects from the fixed-effects model.   
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interest rates, booming commodity markets, and rapidly accumulating debts. 
It ends in a sudden reversal of the global trend in 1980–81. Th is is the onset of 
the debt crisis, marked by high real interest rates and commodity price defl a-
tion, a collapse of economic growth, and mass  unemployment throughout the 
world. 

 Aft er the great reversal around 1981, rising inequality continues around the 
world for twenty years. Th ere are regional crests in Latin America in the early 
1980s, in Central and Eastern Europe, including the collapsing Soviet Union in 
the late 1980s and early 1990s, and then in Asia in the period through the Asian 
crisis of 1997. But with these ebbs and fl ows, the overall patt ern is one of strongly 
rising inequality all the way to the millennium. 

 And then around 2001, the patt ern of globally rising inequality stops. 
What happened? Th ere was another deep change in fi nancial conditions. 
Following the technology crash of 2000 and the events of September 11, 
2001, interest rates set in New York and Washington fell very sharply. Th is 
triggered a revival in commodity markets that peaked with the oil bubble of 
summer 2008, as well as a vast boom in home fi nancing, much of it fraudu-
lent, that collapsed in late September of that year. It is prett y much as one 
would expect from a basic knowledge of world fi nancial history and common 
sense. World conditions appear overlaid on the Kuznets curve, vitiating 
among other things national policy autonomy in the determination of in-
equality levels. 

 A simple simulation exercise can illustrate the signifi cance of the global 
component in rising inequality overall. Suppose the global component of in-
equality had, for whatever reasons, remained aft er 1981 at the average value 
that pertained before 1980.  Figure  3.11   shows the eff ect on average inequality 
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  Figure 3.11.     Actual and simulated pay inequality: A comparison with and without 
the global component of rising inequality after 1981.   
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in the OECD and non-OECD countries separately. Th e left  panel replicates 
 fi gure  3.5  , showing mean values and the standard error, or variation of the in-
dividual country values about the mean. Th e right panel shows the corre-
sponding simulated values. As the fi gure indicates (and the arithmetic would 
lead one to suspect), the global component of rising inequality was suffi  ciently 
large that, had it not happened, the rise in pay inequalities in manufacturing 
aft er 1981 would not have occurred.    

 Th e investor George Soros has identifi ed the period aft er 1980 as a “super-
bubble” in world fi nancial markets. By this, he means it was a time when eco-
nomic growth became dependent on unstable fi nancial relations. Th is work 
demonstrates that the superbubble was also a supercrisis for the world’s poorer 
people—a prolonged period of worsening pay gaps in most countries around 
the world. Th is patt ern strongly suggests that the proper conceptual domain for 
the study of global inequality is  macroeconomic , and that macroeconomic forces 
common to the entire global economy can be identifi ed in the data. Indeed the 
evidence strongly suggests that global fi nance is a  principal  source of changing 
global patt erns of pay inequality. 

     Conclusion   

 Th e UTIP-UNIDO data constitute a new source of information about cross-
country diff erences and annual trends in inequality, computed from measures 
of industrial pay in a standard international dataset. Th e advantage of this ap-
proach is consistent, accurate, reliable annual measurement for many coun-
tries of a variable that, even though not representing the whole of income 
inequality, nevertheless has an undoubted infl uence on income inequality 
and is also interesting in its own right for theoretical and practical reasons. 
Th ese measures are particularly important for an assessment of the Kuznets 
hypothesis relating inequality and economic development, especially insofar 
as that hypothesis is formulated as a relationship mainly relating national 
income to inequalities of pay. 

 Th ere is a clear downward-sloping relationship between inequality and 
national income in these data for most countries, vindicating a core premise 
of the Kuznets hypothesis, namely, that inequality tends to decline with eco-
nomic progress in the process of successful industrialization. Most of the 
observations lie clearly on this downward-sloping surface. However, at least 
one major country, China, remains on an upward-sloping trajectory, and 
there is evidence that for the richest countries the relationship may reverse, 
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yielding rising inequality as incomes increase. Th is leads to an upright aug-
mented Kuznets curve with a turning point at a high income level. As argued 
earlier in the chapter, this fi nding is fully consistent with the spirit of 
Kuznets’s argument. 

 Th ere is also strong evidence that this (mainly) downward-sloping 
Kuznets relationship shift ed relentlessly outward in the years between 1982 
and 2000 for developing and developed countries alike. Th is evidence points 
to changes in the global economy, largely independent of national policies, 
generating higher inequalities almost everywhere. Th e outward shift  
reversed, to a small degree, from 2001 to 2004, when global credit condi-
tions fi nally eased. 

 Th e personal or household distribution of income has traditionally been 
considered as a problem largely in applied microeconomics, specifi cally labor 
economics, and therefore a function of supply and demand in markets. Th is 
has permitt ed analysts to focus on policy choices at the national level, where 
they have oft en been preoccupied with such issues as education, training, and 
the structure of labor markets. Th e new data suggest, instead, that macroeco-
nomics— global macroeconomics , with an emphasis on fi nancial governance 
and fi nancial instability—is the correct framework for coherently explaining 
the relationship between inequality, unemployment, and growth. Th e data 
show clearly that Kuznets was right about an organic relationship between 
inequality and intersectoral change at the national level, although the precise 
character of the relationship evolves with economic change. Th e missing in-
gredient, now supplied, is the infl uence of Keynesian and Minskyan forces at 
the global level—that is to say, of fi nancial forces operating on the world’s 
economy as a whole. 

        Appendix 
O N  A  P R E S U M E D  L I N K  F R O M  I N EQ UA L I T Y  TO 
G R O W T H     

 Th is appendix presents a brief discussion of the recent literature that seeks a 
prior inequality and later growth rates. Th is literature is at sharp odds with 
itself over lines of causation. Th us Forbes (  2000  ) argued that increases in 
inequality are followed in the short run by increased rates of economic 
growth. She refers to several theoretical models prefi guring her result, in-
cluding those of Bénabou (  1996)  , who emphasizes complementarities 
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between individuals’ human capital in local as opposed to global interac-
tions, and of Galor and Tsiddon (  1997  b), who stress the role of technological 
change in raising the concentration of skilled workers in the advanced sec-
tors. Forbes’s argument and fi nding challenged a popular view that  decreasing  
inequality should lead to improved conditions for growth. Models positing a 
negative relationship were rooted in the apparent experience of East Asia fol-
lowing land reforms and the spread of universal primary education (Birdsall, 
Ross, and Sabot   1995  ). 

 In both of these models, the relevant increases in inequality would certainly 
have an interindustrial character—not exclusively perhaps, but prominently 
so. Th at is, they would show up in an increasing diff erential of pay between 
advanced and backward industries within the manufacturing sector. Th is fact 
permits an evaluation of Forbes’s hypothesis using the UTIP-UNIDO data. 
Forbes’s model takes the general form 

Growth Xit =β β γ1 1 2 1Inequality Income v ui t i t i t it, ,− − −+ + + + +i,t 1 e ..

 Growth stands for growth rate measured over a fi ve-year interval, and the  X  
is a matrix of conditioning variables on education and market distortions 
drawn from the Barro-Lee (  1994  ) and Penn World Tables datasets, respec-
tively. Income is per capita real GDP measured in 1985 international dollars. 
Data limitations restrict Forbes to 180 observations across forty-fi ve coun-
tries, nearly half in the OECD. Th e 180 observations are fi ve-year intervals that 
are not overlapping within countries, but that of course do overlap across 
countries. Country (v i ) and period (u t ) dummies control for country and time 
eff ects respectively. 

 Th is evaluation follows Forbes’s general model, except insofar as the UTIP-
UNIDO dataset has many more observations than the Barro-Lee dataset of con-
ditioning variables, so we omit the  X  i, t-1  and rely on country and time eff ects 
alone. 

 Reestimating the Forbes equation, using the Gini coeffi  cients she reports 
but without the conditioning variables or the lag, gives model 1, with 193 ob-
servations. In all cases, we control for log per capita GDP. As  table  3.A1   illus-
trates, this model does not yield a signifi cant coeffi  cient for the DS Gini 
inequality variable. Th e same regression using the UTIP-UNIDO Th eil data 
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does show the Forbes result: a positive coeffi  cient on the inequality measure as 
a determinant of the current (fi ve-year) period rate of growth (model 2). How-
ever, the signifi cance of the estimate is marginal. Th e inconsistency of the esti-
mates is also a problem, as discussed below.    

 Models 3 and 4 of  table  3.A1   repeat this exercise for a one-period (fi ve-year) 
lag in the growth rate (122 observations). In these models, signifi cance disap-
pears entirely; neither the DS nor the UTIP-UNIDO measures show any rela-
tionship to subsequent growth rates for this sample. We conclude that Forbes’s 
fi nding of such a relationship must depend on introduction of the control vari-
ables; it apparently cannot be replicated without them. Moreover, as model 5 
illustrates, running the same fi ve-year exercise on the full UTIP-UNIDO sample 
(1,571 overlapping observations) reverses the Forbes result and supports Bird-
sall. Now inequality has a negative eff ect on growth over the following fi ve years, 
and the coeffi  cient is ostensibly signifi cant. 

 A disadvantage of this procedure, discussed by Forbes, lies in the pres-
ence of a lagged endogenous variable on the right-hand side. Moreover, with 
a near certainty of serial correlation in the error terms (due to time overlap, 
especially in model 5) and an absence of independent instruments, the 
Chamberlain B-matrix or the Arellano-Bond (  1991  ) procedures cannot be 
used to overcome these diffi  culties. Th e upshot is that one cannot be confi -
dent of the statistical signifi cance on the coeffi  cient on inequality in model 
5—the only signifi cant result in this table—and the comfort these estimates 
lend to the equality-is-good-for-growth hypothesis should be counted as 
modest. 

 Models 6 and 7 of  table  3.A2   show panel estimates for a one-year lag, fi rst 
using data from the full DS dataset (209 observations) and then a matched set 
of UTIP-UNIDO Th eil measures. Here annual values instead of fi ve-year av-
erage values of each variable in the data are used. Neither shows a signifi cant 
eff ect of inequality on growth in the following year. Finally, model 8 shows 
panel estimates for the full UTIP-UNIDO dataset with a one-year lag (2,267 
observations). Again, there is no signifi cant relationship between inequality 
and subsequent growth in the estimates.   26       

 Still, the sign of the coeffi  cient on inequality does contradict the proposi-
tion that increases in pay inequality are likely to produce improvements in 
subsequent growth rates as a general rule. If this relationship cannot be 
found in pay data, it is almost surely not valid for income data either. Th us 
the evidence shows that Forbes’s results cannot be replicated in a more com-
prehensive dataset based on a more relevant measure of the inequality of pay. 
Th is would appear to weigh against accepting either the Bénabou or the 
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Galor and Tsiddon theoretical arguments for a link between higher inequality 
and subsequently increasing growth. 

         Notes    

       1.     Robinson (  1976)   gave a simple formal model of the inverted U. In classic studies, Ahlu-
walia (  1976  ) and Papanek and Kyn (  1986)   supported the Kuznets hypothesis with 
curves estimated from empirical data. Fields (  1980)   is an early exploration of the rela-
tionship of poverty and inequality to growth. 

       2.     Kuznets did not emphasize this second factor, understandably insofar as it was not 
likely to be important in the broad sweep of the agriculture-industry transition, and 

     Table 3. A1.     Inequality, Income, and Growth: Five-Year Average Growth Rates  

   Model 1  Model 2  Model 3  Model 4  Model 5   

 No Time Lag  Five-Year Lag     

 Dependent 
variable 

 Growth  Growth  Growth 
(+5) 

 Growth 
(+5) 

 Growth 
(+5)   

 Intercept  –29.936  –36.002  16.967  18.158  44.76   

 (–2.37)  *    (–2.83)  *    (0.9)  (0.32)  (16.59)  **     

 DS  0.056  0.108   

 (0.9)  (1.22)   

 UTIP-
UNIDO 

 26.134  21.981  –4.973   

 (2.04)  *    (0.14)  (–2.64)  *     

 Log 
(GDPPC) 

 2.951  3.876  –2.364  –2.014  –13.654   

 (2.0)  (2.53)  *    (–1.23)  (0.3)  (–16.59)  **     

 R-squared  0.79  0.8  0.76  0.77  0.65   

 N  193  193  122  122  1571   

 No. of 
countries 

 50  50  33  33  81   

 No. of years  32  32  26  26  28   

  Notes : Growth = growth rate of per capita GDP, one-period lag (5-year average). DS = high-
quality Gini coeffi  cient from Deininger and Squire dataset. UTIP-UNIDO = interindustry Th eil 
coeffi  cient from UTIP, based on UNIDO Industrial Statistics. Log (GDPPC) = log of per capital 
real GDP, in 1985 international dollars. Relevant t-statistics are in parentheses. * Signifi cant at 
5%. ** Signifi cant at 1%.   
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perhaps also because he did not have access to short-term data. But it is reasonable to 
treat it as implicit in his line of argument. 

       3.     Tsakloglou (  1988)   defends the inverted-U hypothesis, with institutional qualifi cations. 
Anand and Kanbur (  1993  ) and List and Gallet (  1999)   off er early critiques of the stan-
dard form of the inequality-development relationship. Randolph and Lott  (  1993)   argue 
that the income-inequality relation slopes downward but that the eff ects of development 
on equalization are weak and slow. Th orbecke and Charamulind (  2002  ) provide a 
review of many papers in this area. 

       4.     How the initial period is chosen, except by happenstance of the data, is oft en not clearly 
explained. 

       5.     Levine and Renelt (  1992  ); Caselli, Esquivel, and Lefort (  1996  ); and Chang and Ram 
(  2000)   are examples. Th e underlying ideas are roughly that the increased saving associated 
with high inequality supports growth, or alternatively that the wide distribution of oppor-
tunity associated with low inequality promotes incentives to work, to the same eff ect. 

     Table 3. A2.     Inequality, Income and Growth: Annual Measures  

   Model 6  Model 7  Model 8   

 One-Year Lag     

 Dependent 
variable 

 Growth (+1)  Growth (+1)  Growth (+1)   

 Intercept  33.683  40.324  22.861   

 (1.79)  (2.39)  *    (5.32)  **     

 DS  0.054   

 (0.56)   

 UTIP-UNIDO  –6.356  0.465   

 (–0.23)  (–0.18)   

 Log (GDPPC)  –3.823  –4.234  –3.083   

 (–2.13)  *    (–2.38)  *    (–5.59)  **     

 R-squared  0.66  0.66  0.24   

 N  209  209  2267   

 No. of countries  22  22  105   

 No. of years  33  33  35   

  Notes : Growth = growth rate of per capita GDP; lagged 1 year. DS = high-quality Gini coeffi  -
cient from Deininger and Squire dataset. UTIP-UNIDO + interindustry Th eil coeffi  cient from 
UTIP, based on UNIDO Industrial Statistics. Log (GDPPC) = log of per capital real GDP, in 
1985 international dollars. Relevant t-statistics are in parentheses. * Signifi cant at 5%. ** Signifi -
cant at 1%.   
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       6.     Th is was the position taken with me by the late Paul Samuelson, in private correspondence. 
       7.     Th e famous phrase of U.S. Defense Secretary Donald Rumsfeld—that the absence of 

evidence is not evidence of absence—is relevant here. If a noisy dataset shows no evi-
dence, that is absence of evidence, not conclusive proof that a relationship does not 
exist. On the other hand, if an imperfect dataset shows a relationship, that is strong 
evidence that a relationship does in fact exist. 

       8.     Or equivalently, change in income can be related to change in inequality, consistent on 
position in the structural relationship. Th e remainder of this chapter is adapted with 
major revisions from  James K. Galbraith and Hyunsub Kum, “Inequality and Economic 
Growth: A Global View Based on Measures of Pay,”  CESifo Economic Studies  49(4), 
2003, 527–56.  

       9.     We use “pay” to refer to what is reported as “payroll” in manufacturing surveys. It will 
include wages and salaries, and it may also include a measure of the value of fringe benefi ts. 

       10.     Among mainstream economists, Rodrik (  1999)   and Berman (  2000)   have endorsed the 
comparability and accuracy of the UNIDO dataset. However, the category schemes 
have changed from time to time, introducing complications with inequality measures, 
which have to be overcome by careful adjustment of the data. Unfortunately, this slows 
the production of updates whenever the underlying dataset is improved. 

       11.     To clarify, responsibility for the inequality calculations rests entirely with UTIP; 
UNIDO is the supplier of the underlying dataset on payrolls and employment. Th e 
most recent version of the UTIP-UNIDO dataset can be downloaded from the UTIP at 
 htt p://utip.gov.utexas.edu . 

       12.     Th e Penn World Tables (Heston, Summers, and Aten,   2002  ) are available at  htt p://pwt.
econ.upenn.edu/ . 

       13.     Because of the skewness of the Th eil statistic, we prefer the log transformation in econo-
metric work. 

       14.     Th ere is a sharp increase in measured interindustrial pay inequality in the United States 
aft er 1997, due almost entirely to rising earnings in the computer sector. 

       15.     In the DS dataset, the Gini for the United States is based on household income, but that 
for Great Britain is based on per capita income. 

       16.     Th ere are many possible reasons for this divergence, among them measurement error, 
missing observations, and conceptual diff erences. 

       17.     Here the sparseness of the DS dataset is largely at fault: country coverage shift s radically 
from one year to the next, lending instability to global averages calculated yearly. 

       18.     Kuznets also faced this limitation. As Lindert (  1991  , p. 213) observes, despite “his fairly 
certain argument on decreasing inequality with economic growth, he was much less 
certain about earlier trends, voicing only the hunch that there may have been a slight 
movement toward wider gaps between rich and poor in the earlier phases of modern 
economic growth.” 

       19.     In presenting it, I am again grateful for the work of my collaborator, Hyunsub Kum. 
       20.     We employ a log transformation of GDPPC for two reasons: (1) its distribution is much 

more like the normal than that of GDPPC, and (2) it is superior in a J-test for a non-
nested model (Davidson and MacKinnon   1981  ). Additional support comes from the 
test result for linearity and log-linearity, also proposed by Davidson and MacKinnon 
(  1981)   and Greene (  2000)  , which favors Log (Th eil) as the dependent variable and Log 
(GDPPC) as the independent variable. 

       21.     Greene (  2000)   also notes that this can alleviate potential heteroscedasticity across 
countries. 

       22.     Related to this, we perform two formal specifi cation tests. One is Breusch and Pagan’s 
LM test (1980), to see the relevance of random-eff ects specifi cation. If the test statistic 
rejects the null hypothesis (which it does in this case), then a random-eff ects model 
would be preferred. Th e other test is a Hausman test for specifi cation (1978). Th e null 

http://utip.gov.utexas.edu
http://pwt.econ.upenn.edu/
http://pwt.econ.upenn.edu/
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hypothesis in this test is that country-specifi c eff ects are not correlated with any regres-
sors in the model equation, implying that the estimates are effi  cient. If this null is 
rejected, the random eff ects model estimates are inconsistent and fi xed-eff ects model 
specifi cation would be preferred. Our test results show that a random-eff ects model 
yields inconsistent estimates in  equations  3.1   and   3.2  . Based on these test results, the 
estimates from a fi xed-eff ects model appear more robust in present circumstances. 

       23.     Before assaying the interpretation of estimates, I will note that it is clear that the fi xed-
eff ect model suff ers from heteroscedasticity. Modifi ed Wald test statistics are all signif-
icant at any conventional level. However, this is not surprising considering the data: 
more than 75 percent of variations in inequality stem from cross-country diff erences 
rather than from variation through time within country. As far as goodness of fi t goes, 
only 0.8 percent of total variation in inequality is explained by the time variable in DS 
data, and it is signifi cant only at a 5 percent level. In our data, this magnitude is 3 percent, 
which is still small, but statistically signifi cant at any conventional level. 

       24.     Especially Ram (  1997)   uses DS data. 
       25.     See also Galbraith (  1998)   and Conceição and Galbraith (  2001)  . Milanovic earlier made 

use of this phrase in an unrelated context; we appropriate it with due apologies. 
       26.     It is interesting that there is evidence here of unconditional convergence: countries with 

lower GDP per capita tended to have higher growth rates, all things taken into account, 
in the sample period. 
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C H A P T E R  4
         Estimating the Inequality of 
Household Incomes  

    As described in  chapter  2  , the University of Texas Inequality Project (UTIP) 
has produced a global inequality dataset, based on the Industrial  Statistics 
database published annually by the United Nations Industrial  Development 
Organization (UNIDO). Th is dataset has approximately 3,200 observations 
over thirty-six years (1963–1999), in the original version, with updates into 
the early 2000s so far.   1    It is based on source data that are likely to be accurate 
and consistent, both through time and across countries. It off ers a direct way 
to measure the change in inequality in manufacturing earnings over time, and 
we have argued that these measures are good instruments (or approximations) 
for the overall change in earnings inequality in most countries and a good 
basis for making international comparisons of inequality levels. Th e density of 
coverage permits detailed checking for consistency through time and between 
countries, and despite their quick-and-dirty nature these measures hold up 
under this scrutiny very well.   2    

 However, the calculations do not measure household income inequality. 
UTIP-UNIDO is a set of measures of the dispersion of pay using the between-
groups component of a Th eil index, measured across industrial categories in 
the manufacturing sector. Th ough there is evidence that the UTIP-UNIDO 
measures provide a sensitive index of changes in distribution generally, the 
exact nature of the correlation between an establishment-based measure of 
manufacturing pay inequality and a survey-based measure of household 
income inequality is not clear, particularly in comparisons across countries. 

 Th is chapter off ers a way to combine the information in the DS data with the 
information in UTIP-UNIDO, along with a certain amount of additional infor-
mation, in order to accomplish two objectives. Th e fi rst is to separate the useful 
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information from the doubtful in the DS dataset itself. Th e second is to permit a 
more informed fi lling in of missing information about household income in-
equality. In eff ect, we replicate the coverage of the UTIP-UNIDO dataset with 
 estimated  measures of household income inequality, based on the relationship 
between inequality of household incomes, inequality of industrial pay, and other 
variables. Th e result is a dataset for estimated household income inequality that 
is calibrated to the DS values where they exist, yet much more comprehensive 
than DS and consistently adjusted to refl ect a household income inequality basis. 

     Estimating the Relationship between 
Inequalities of Pay and Income   

 Pay inequality and income inequality are diff erent economic concepts. But 
they are not unrelated. In most countries, manufacturing pay   3    is a signifi cant 
component of all pay. And pay is everywhere the largest single element in 
income. Moreover, the manufacturing sector is not sealed off  from the economy 
at large. Largely unskilled (and low-wage) workers in manufacturing are sub-
stitutes for unskilled (and low-wage) workers in services and agriculture, and 
vice versa. For this reason, as argued in  chapter  2  , it is likely (though  not  cer-
tain) that changes in inequality inside manufacturing will tend to mirror 
changes in inequality in the structure of pay overall.   4    

 A second issue of comparability concerns the diff erence in measurement 
methods. Th e between-groups component of a Th eil statistic is a relatively vol-
atile measure, compared to inequality measures based on the full population.   5    
Survey-based approaches to inequality usually calculate and report a Gini coef-
fi cient. Th e Gini coeffi  cient, which measures the area between the Lorenz 
curve   6    and the diagonal of equal shares, is a well-known measure with a simple 
interpretation: a measure of zero refl ects absolute equality while a measure of 
one refl ects complete concentration in a single person. Typical national Gini 
coeffi  cients range from around .25 at the low end up to .60 or so for the very-
highest-inequality countries,   7    and these measures have an increasingly intui-
tive acceptance for many observers, especially since they can be compared 
directly. In contrast, the absolute value of the Th eil statistic is not intrinsically 
meaningful; Th eil statistics are useful only when compared to other Th eil 
statistics—either comparably calculated measures for other geographic entities 
or their own past values.   8    

 Suppose, then, that one has two datasets. Th e DS (or its later enhancements) 
att empts to measure household income inequality but does so imperfectly, 
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owing to inconsistencies in the underlying measurements and other problems. 
Th e UTIP-UNIDO measures the dispersion of manufacturing pay across indus-
trial sectors, a much narrower economic concept, but it does so with precision.   9    
Let’s assume that (apart from biases associated with data types, which we have 
discussed) measurement errors in DS are random for practical purposes. Th ough 
patt erns of measurement error may exist, there is no reason to suspect they were 
designed into the construction of the dataset. 

 In that case, this model applies: 

   where  DS  represents the DS measure of inequality (in Gini coeffi  cients),  T  rep-
resents the measured dispersion of manufacturing pay   10    and  X  is a matrix of 
conditioning variables including dummies for the three types of data source 
(G, H, I)   11    and other relevant economic variables. 

 Th ree economic variables could be found for which coverage was suffi  cient 
and for which a good theoretical rationale exists for considering them as 
determinants of income inequality: (1) the ratio of manufacturing employ-
ment to population (MFGPOP), (2) the share of urban population (URBAN), 
and (3) population growth rate (POPGROWTH).   12    Th ese independent vari-
ables may be matched to just under 500 observations in the DS “high-quality” 
dataset.   13    

 A word of theoretical justifi cation is appropriate in each case. First, it is 
obvious that the importance of the manufacturing sector in total economic 
activity varies widely from place to place (and in some places also over time). 
Th e ratio of manufacturing employment to population aff ords a crude-but-eff ective 
measure of the relative size and importance of manufacturing in the economy, 
and conversely of the relative size and importance of services, agriculture, nat-
ural resource extraction, and government taken together. In general, since 
manufacturing tends to be more heavily unionized than the other sectors, and 
since industrialization is associated historically with the development of the 
middle class, we expect higher shares of manufacturing employment in popula-
tion to be associated with lower inequality. 

 To justify inclusion of urbanization, note that Kuznets (  1955  ) observed that 
urban centers tend to encompass more diverse and complex forms of economic 
activity than rural areas—which are, virtually by construction, the domain of 
agriculture.   14    Wealthy people live in cities. Th us urbanization should be asso-
ciated with greater inequality, other things equal, at least so long as there 
remains a signifi cant rural population against which the wealth of the cities 

(4.1)DS + * T *= + +α β γ εX
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can be compared. Note that as incomes rise two phenomena occur together: 
urbanization (associated with rising inequality of incomes) and industrial 
deepening (associated with declining inequality in manufacturing pay). Th e 
eff ect of urbanization on inequality thus off sets, to a degree, that of industrial-
ization per se on household incomes, and it is appropriate to include it in a re-
gression relating pay inequalities to income inequality. 

 Th e population growth rate is best thought of as merely an available proxy 
for the age structure of the underlying population. A population that is 
growing rapidly will include a larger number of children and young people, 
necessarily. Households will accordingly be larger on average and of greater 
variability in size. Households with lower income are likely to have more chil-
dren than their wealthier counterparts. Th is may work to increase per capita 
income inequality, and it could have an eff ect on inequality measured across 
households. 

 Table   4.1   presents linear regression results. Th e fi rst model includes only 
the three dummies for the types of source (Income/Expenditure, Household/
Per capita, Gross/Net) in the DS data (model 1). Th e result indicates that in-
equality measures based on income and expenditure are signifi cantly dif-
ferent. Whether income inequality is measured on a gross or net basis also 
makes a considerable diff erence. However, these patt erns become less clear 
when other conditioning variables are added; the gross-net variable loses sig-
nifi cance while the income-expenditure remains signifi cant only at the 10 per-
cent level in models 3 and 5. On the other hand, the household–per capita 
diff erence is signifi cant at the 10 percent level through all the models and at the 
5 percent level in two of them.    

 The UTIP-UNIDO pay inequality measure ( T ) is strongly associated 
with the DS income inequality measure  (DS) .  T  alone accounts for almost 
25 percent of variation in  DS ; adding in dummies for the types of data raises 
the R 2  to around 49 percent (model 2). Running the model in log-log form 
generates elasticity estimates between 0.106 (model 5) and 0.165 (model 
2). Thus a rise in the Theil measure of manufacturing pay dispersion 
between 6.06 and 9.43 percent is estimated to correspond to a 1 percent 
increase in a Gini coefficient for household income inequality. Given the 
much greater volatility of the Theil measure and also the greater volatility of 
manufacturing pay compared with household income,   15    this appears to be a 
reasonable value. 

 Th e ratio of manufacturing employment to population (MFGPOP) has 
the expected negative sign with signifi cance at the 1 percent level consis-
tently. Th is indicates that an economy with a larger manufacturing sector 
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shows lower income inequality, other things being equal. By adding this to 
manufacturing pay inequality and the types of data (model 3), we can ac-
count for almost 60 percent of all the variation in the DS dataset.   16    

 Adding the variables of urbanization and population growth (model 5) raises 
the proportion of variation explained by another 3 percentage points. Popula-
tion growth enters positively at the 1 percent signifi cance level. Th e urbaniza-
tion ratio is estimated as a positive factor, but the coeffi  cient is not signifi cant. 

 Table   4.2   gives the results of fi xed-eff ects and random-eff ects estimations, in 
which we control separately for the particular characteristics of each country in the 
dataset. It is well known that the variation of income inequality is much larger 

     Table 4.1.      Deininger-Squire Inequality as a Function of Data Type and 
Economic Variables  

   Model 1  Model 2  Model 3  Model 4  Model 5     

 Expenditure  0.272  –0.015  –0.139  –0.124  –0.146   

 (3.89)  ***    (0.19)  (1.64)  (1.45)  (1.96)  *     

 Person  –0.145  –0.121  -0.081  –0.072  –0.081   

 (1.92)  *    (2.49)  **    (1.88)  *    (1.71)  *    (2.16)  **     

 Net  –0.179  –0.086  –0.042  –0.048  –0.025   

 (2.84)  ***    (1.60)  (0.83)  (0.95)  (0.58)   

 Ln(UTIP-UNIDO)  0.165  0.118  0.117  0.106   

 (5.47)  ***    (4.99)  ***    (5.02)  ***    (4.82)  ***     

 MFGPOP  –0.002  –0.002  –0.002   

 (3.88)  ***    (3.80)  ***    (3.31)  ***     

 URBAN  0.001  0.001   

 (0.89)  (1.23)   

 POPGROWTH  5.687   

 (2.98)  ***     

 Constant  3.611  4.249  4.205  4.156  3.984   

 (98.47)  ***    (37.40)  ***    (46.91)  ***    (39.56)  ***    (35.44)  ***     

 Observations  484  484  484  481  481   

 R-squared  0.24  0.49  0.59  0.59  0.63   

  Notes : Dependent variable is natural logarithm of Gini from Deininger and Squire. 
Income = 0, expenditure = 1, household = 0, per capita = 1, gross = 0, net = 1. * Signifi cant at 10%; 
** signifi cant at 5%, *** signifi cant at 1%.   
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across countries than through time. Th us an explicit control for country may bett er 
capture the evolutionary relationship among variables.   17    Here is the equation: 

 As the table shows, pay inequality continues to have a very signifi cant rela-
tionship with income inequality in all cases. Th e estimated coeffi  cients are 
between 0.079 and 0.119 in both random- and fi xed-eff ects models, and they 
are reasonably consistent with the previous results from OLS. Th e fact that the 

     Table 4.2.      Deininger-Squire Inequality and UTIP-UNIDO: Fixed and 
Random Eff ects  

   Model 1F  Model 1R  Model 2F  Model 2R  Model 3F  Model 3R     

 Expenditure  –0.151  –0.011  –0.160  –0.059  –0.175  –0.059   

 (3.09)  ***    (0.29)  (3.36)  ***    (1.57)  (3.62)  ***    (1.54)   

 Person  –0.049  –0.061  –0.045  –0.052  –0.048  –0.051   

 (2.86)  ***    (3.64)  ***    (2.66)  ***    (3.20)  ***    (2.81)  ***    (3.15)  ***     

 Net  –0.034  –0.084  –0.021  –0.057  –0.016  –0.057   

 (1.19)  (3.26)  ***    (0.74)  (2.26)  **    (0.59)  (2.24)  **     

 Ln (UTIP-
UNIDO) 

 0.099  0.119  0.084  0.094  0.079  0.094   

 (8.63)  ***    (11.47)  ***    (7.18)  ***    (8.75)  ***    (6.60)  ***    (8.73)  ***     

 MFGPOP  –0.001  –0.002  –0.001  –0.002   

 (4.29)  ***    (6.72)  ***    (4.50)  ***    (6.50)  ***     

 URBAN  0.001  0.000   

 (1.57)  (0.30)   

 POP-
GROWTH 

 –0.578  0.491   

 (0.81)  (0.74)   

 Constant  3.961  4.136  3.985  4.129  3.893  4.112   

 (84.61)  ***    (92.58)  ***    (86.32)  ***    (97.79)  ***    (51.38)  ***    (71.76)  ***     

 N  484  484  484  484  481  481   

 Country  81  81  81  81  81  81   

  Notes : F and R represent fi xed- and random-eff ects models, respectively. Dependent variable is 
natural logarithm of Gini from the Deininger-Squire dataset. Income = 0, expenditure = 1, house-
hold = 0, per capita = 1, gross = 0, net = 1.; ** signifi cant at 5%, *** signifi cant at 1%.   

(4.2)I T Xit it it it= + + + +α β γ* * u ei
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elasticities are lower than in the pooled regression does suggest that country 
fi xed eff ects appear to account for part—but by no means all—of the relation-
ship between manufacturing pay and overall income inequality.    

 Th e share of manufacturing employment to total population (MFGPOP) 
retains its separate signifi cance at the 1 percent level, and the coeffi  cients in all 
cases are positive and stable as expected. Interestingly, the magnitudes of both 
coeffi  cients ( T  and MFGPOP) do not change much in diff erent specifi cations, 
which means their eff ects are relatively independent from those of the addi-
tional variables. On the other hand, addition of controls for country obliterates 
the signifi cance of the latt er two conditioning variables, urbanization and pop-
ulation growth, showing that these variables infl uence inequality only to the 
extent that they diff er across countries. Accordingly, even though this exercise 
does not discredit use of urbanization and population growth in the regres-
sion, it inclines us to regard pay inequality and manufacturing employment 
share as key independent determinants of income inequality. 

 Overall, the regression exercise confi rms for us that there is a predictable re-
lationship between inequality measures based on manufacturing pay and those 
based on surveys of income or expenditure, where the two datasets have over-
lapping observations, and so long as one controls for the many types of income 
and expenditure survey that the DS dataset (and its successors) consists of. Th is 
is reassuring on two counts. First, it tells us that the problem with DS is not 
arbitrary and fatal fl aws in measurement, but the simple and irreducible fact that 
there are not enough good and consistent measurements to carry out the 
research we would like. Second, it tells us that the UTIP-UNIDO measures do 
a good job of mimicking the DS measures where the latt er are available; it is 
therefore likely that they constitute a good source of information about in-
equality for years and countries where a corresponding survey does not exist. 

     Finding the Problem Cases: A Study of Residuals   

 A good job is not the same, of course, as a perfect job. Th e fact that UTIP-
UNIDO is a useful instrument for a measure of household income inequality in 
general does not mean that the correspondence between measures is equally 
close in all cases. It is therefore worthwhile to examine whether there are pat-
terns in the diff erences between one set of measures and the other. 

 Th e residuals from the ordinary least squares regressions reported in the 
previous section can usefully indicate those countries in the DS dataset where 
Gini coeffi  cients may be too high or too low. 
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 Th e model implicitly assumes there is no  systematic  bias in the DS data. 
Th ere would be no way to correct for a systematic tendency of the DS data to 
be too high or too low, and this is a good thing, because the regression could 
not detect it, if it were so. Th e deeper concern is with cases where the DS house-
hold income inequality measures have yielded results simply out of character 
with pay dispersions and related factors aft er controlling for the diff erences in 
data sources (H, G, I). Th ere may be instances when the DS measures are 
implausibly low (undervalued) or implausibly high (overvalued), compared to 
the model prediction. In those cases, we need to judge whether we may be 
looking at a defi ciency (such as an important omitt ed variable) in the model. 

  Figure  4.1   presents selected countries whose average Gini values are out of 
line with the predicted Gini values of our model 3, using OLS estimation with 
484 observations.   18    Th e y-axis in this fi gure indicates the diff erence in Gini 
values between the predicted and the observed.    

 Th is fi gure includes some very important cases. Four major South Asian 
countries—India (IND), Indonesia (IDN), Pakistan (PAK) and Bangla-
desh (BGD)—exhibit reported Gini coeffi  cients considerably lower than 
what their manufacturing employment shares and pay dispersions would 
appear to justify. Th e prevalence of expenditure-based surveys is known to 
play an important role in this region, and their manufacturing shares are all 
low by advanced-country standards. But these factors are taken into account 
in the regression, and even beyond this the estimates are low. Th e same, not 
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  Figure 4.1.     Selected residuals: DS Gini compared with EHII values.   
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surprisingly, appears true for Spain (ESP), which remains an incongruous 
choice, by any intuition, to be Europe’s most egalitarian country. 

 On the other side, South Africa (ZAF) stands out with a Gini measure 18.2 
points higher than would be justifi ed by manufacturing pay diff erentials and 
manufacturing’s share in the economy. Is this real or not? Independent studies 
of South Africa (Milanovic   2007  ) do fi nd very high inequality—along with 
Brazil, among the highest in the world. Perhaps most of this is in fact due to 
South Africa’s unique combination of fi rst-world development and racial re-
pression. However, this explanation would not apply to the very high Gini co-
effi  cients recorded in some other sub-Saharan countries lacking both South 
Africa’s wealth and development and its recent apartheid past. Moreover, since 
part of the South African manufacturing labor force is made up of nonwhites, 
and they are no doubt more heavily represented in low-wage industrial sectors, 
it would seem that some of the eff ects of apartheid on pay should have been 
captured in the observed manufacturing pay dispersion, rather than in the re-
sidual. Th e South African inequality numbers are a puzzle, and resolution of 
the discrepancy remains open to further research. 

 As noted, the DS values for six other sub-Saharan African countries, farther 
removed from colonialism and apartheid, are also quite high in relation to pre-
dictions. Manufacturing pay dispersions may be barely relevant to economic 
structure in most of them. However, given that we can match only nineteen 
inequality observations for fi ft een sub-Saharan countries—in most cases, 
only one observation per country—comparisons in this region should be 
treated with great caution. 

 Other high measures in the DS dataset are for Latin American countries: Mexico 
(MEX), Puerto Rico (PRI), Honduras (HND), Panama (PAN), Chile (CHL), and 
Colombia (COL). Mexico is an interesting case, since notably the  manufacturing  pay 
dispersion across industries there is not very diff erent from that found in the United 
States. For most of the period under study, moreover, Mexico maintained eff ective 
protection for staple agriculture, with a high price for home-grown maize, which 
surely worked to reduce urban-rural diff erentials below what one oft en observes in 
the Th ird World. Yet surveys report Mexican income inequality on a par with that in 
Brazil, a larger country, split by the Amazon, where racial and agricultural patt erns are 
very diff erent. Th is seems implausible, especially for the period of Mexican history 
before NAFTA, which greatly increased economic inequality between northern 
Mexico and the rest of the country. 

 Finally, we note the case of Hong Kong, where DS Gini coeffi  cients are over 
15.5 Gini points higher than our model would predict. Th is is a telling case, 
since Hong Kong is a city-state with no agriculture to speak of, and therefore 
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no urban-rural diff erential. It is true that cities have high inequality and Hong 
Kong has rich people, but this seems to be an extreme measure. If true, it may 
refl ect Hong Kong’s rather special status as a fi nancial center for the PRC. 

  Figure  4.2   assesses regional patt erns in the residuals, averaging them across 
the major regions. Several major regions have roughly off sett ing high and low 
estimates, but others have a systematic tendency to come in high or low. Th e 
largest consistent apparent underestimates of inequality are in South Asia, as 
already noted, where DS typically report Gini values comparable to those 
given for northern Europe and Scandinavia. Parts of East Asia and the Pacifi c 
region are also apparently underestimated, but very high values for Malaysia (a 
heavily industrialized country with a 30 percent manufacturing share) and 
Hong Kong bring the average up. As noted, the largest  apparent  overestimates 
of income inequality are in Latin America and sub-Saharan Africa—one of the 
most urbanized developing regions, and one of the most rural.    
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  Figure 4.2.     Mean value and confidence interval for the difference of DS and EHII.   
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 Resolving these discrepancies is a task beyond the scope of this work, and it 
is unlikely they will be resolved. Th e leading possibilities are (1) missing vari-
ables in our model, which could account for the high Gini values in places such 
as South Africa and Hong Kong, and (2) discrepancies in how surveys are 
taken in diff erent places, which seems to us the more likely explanation for the 
very low inequality measures in India or Indonesia. Idiosyncratic diff erences 
in income measurement across regions with diff erent cultural and political 
characteristics, in how surveys are administered, and in how they are responded 
to should not be surprising, and those diff erences may be diffi  cult to detect 
from the reports on the surveys. However, in some cases—notably in sub-
Saharan Africa outside South Africa—we simply have too few surveys to judge 
whether the numbers are plausible or not. Prudence suggests mainly working 
on comparisons in other regions, where the grounds for confi dence in mea-
surement are stronger.   19    

     Building a Deep and Balanced Income 
Inequality Dataset   

 As noted, the original “high-quality” subset of the DS dataset had fewer 
than seven hundred observations, with later versions eventually doubling 
that number. The UTIP-UNIDO dataset has around thirty-two hundred 
observations. On the assumption that the relationship between the UTIP-
UNIDO Theil and the DS household income inequality has been esti-
mated accurately, it is possible to calculate an estimated household income 
inequality (EHII) measure to match each UTIP-UNIDO pay dispersion 
measure. As we calculated it, EHII is based on just two exogenous vari-
ables: pay inequality and manufacturing share, plus dummies for data 
type. The variables for urbanization and population growth are dropped, 
as they add little to the explanatory power of the regression while imposing 
some restrictions on the coverage. EHII is calculated from OLS estimates 
with conditioning variables in model 3 as described above.   20    In its log form 
the “EHII Gini” is simply 

 where  EHII  stands for estimated household income inequality,  T  for UTIP-
UNIDO pay inequality, and  X  a matrix of conditioning variables, including the 

(4.3)EHII T X= + +α β γ* *
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three types of data source (H, G, and I) and manufacturing employment share 
to population (MFGPOP). Th e intercept (α) and coeffi  cients (β and γ) are 
deterministic parts extracted from OLS estimation of model 3 in  table  4.1  .   21    

 Th is dataset has, we believe, three distinct advantages over DS. First, with 
roughly three thousand estimates, the coverage basically matches that of 
UTIP-UNIDO, providing substantially annual estimates of household income 
inequality for most countries, including developing countries that are badly 
underrepresented in DS. Second, this dataset borrows accuracy from the 
UTIP-UNIDO pay dispersion measures. Th us changes over time and diff er-
ences across countries in pay dispersion are refl ected in income inequality, in 
proportion to their historical importance with due adjustment for the employ-
ment weight of manufacturing in diff erent economies. Th ird, all estimates are 
adjusted to household gross income as a reference,   22    and unexplained varia-
tions in the DS income inequality measures (previously  e ) are treated for what 
they probably are: inexplicable. Th ey are therefore disregarded in the calcula-
tions of the EHII Gini coeffi  cients.   23    

 Th is procedure will lead to diff erences, which may in some instances be best 
resolved in favor of the DS measures. We call att ention particularly to those 
cases where the EHII estimates are much lower than the DS Gini coeffi  cients. 
In fact, 11.1 percent of the DS data are higher than 50 Gini points, whereas 
EHII data suggest that pay inequality and manufacturing employment share 
could produce such values in only a few cases. If the DS values are accurately 
measured, they must be refl ecting phenomena occurring in other parts of the 
economy,   24    or perhaps nonlinearity of the relationship between predictor and 
predicted variables in the extreme cases. 

 How good are the EHII estimates for those countries that are not extreme 
cases?  Figure  2.3   already off ered estimates for household income inequality in 
the OECD countries, corresponding to the compilation in  fi gure  2.1   of 
measures from the DS data. It is worth noting that the EHII Gini coeffi  cients 
are more narrowly spaced over time than those reported by DS, which indi-
cates that changes of inequality in the OECD countries are much smaller than 
those reported by DS. Th ey are more consistent in increasing from the start to 
the fi nish of the dataset; in most cases, later inequality is higher. Also the rank 
order places the Scandinavian countries at the low end of OECD countries, 
with the Mediterranean countries ranking consistently high. No surprising 
phenomena, like Spain and France in  fi gure  2.1  , turn up. We consider this to be 
a good beginning. 

 As noted,  fi gure  4.2   presents mean diff erences between the EHII estimates of 
income inequality and those of DS by regions, alongside 95 percent confi dence 
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intervals. Th e fi gure illustrates the discrepancies between the two datasets, espe-
cially for South Asia (SAS), Latin America (LAC), and Middle East and North 
Africa (MENA), and the fact that for other regions discrepancies are far less. For 
the OECD countries (Western Europe and North America) where direct mea-
surement of household income inequality is likely to be most advanced and 
most consistent, there is not much  systematic  divergence between average values 
for the two datasets. It’s just that the individual values, the comparative values, 
and the directions of movement do diff er, in ways that do not seem to favor the 
DS measures. 

 Th e question of perhaps greatest interest and controversy in the fi eld is 
this: Is household income inequality rising or not?  Figure  4.3   presents un-
weighted average values of income inequality for each year from DS, grouped 
into two large categories: OECD and non-OECD member countries. For 
each group and year, a bar indicates the standard error of the observations for 
that year.    

 Th e answer given by the DS data is confusing. Overall there is actually no 
trend in the data for OECD member countries. Th ere does appear to be a rising 
trend outside the OECD aft er 1982, but the average values do not rise above 
their values in the mid-1960s. And the extent of the upward trend depends 
very much on the degree to which one accepts that a sharp downward trend in 
average inequality in the developing world from 1979 to 1982—more than 10 
Gini points in only three years—actually did occur. Of course, it is easier to 
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  Figure 4.3.     Trends of inequality in DS for OECD and non-OECD countries.   
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believe this than that inequality in the entire developing world jumped nearly 
20 Gini points in 1968 alone, or that it bounced down some 8 Gini points in 
1995, only to bounce back the same amount in 1996. 

 Th ere is not really much of a puzzle in these matt ers. Th e main reason for the 
instability is simply the very sparse and unbalanced character of the DS data-
set. Th e sample selection changes so radically from one year to the next that no 
very meaningful generalizations can be drawn from movements in the mean 
or the standard deviation from year to year. 

  Figure  4.4   gives the answer that would be presented by the EHII dataset, 
were the observations restricted to the same countries and years included in 
DS. Th e EHII dataset has some clear advantages. Th e big bump of 1968 is 
now merely the rebound from a (still-implausible) down blip in 1967. And it 
does appear that outside the OECD inequality has reached new highs lately, 
no doubt partly due to the rise of inequality in the postcommunist states. 
Still, the implausible downdraft  of 1982 remains visible in these data. Th e 
reason turns out to be simple: the DS dataset for 1982 reports observations 
for only a handful of non-OECD countries, and all of them (Bulgaria, China, 
Korea, Hungary, Poland, and Taiwan) happen to be low-inequality countries 
in everybody’s measures. Similar changes in sample also account for much of 
the other year-to-year volatility, especially in 1994–1996. Th is again points 
out the key pitfall of the DS dataset: no matt er how accurate the individual 
data points may be, if coverage is so sparse, variable, and erratic then observa-
tions about averages are inevitably at risk for a high degree of selection bias.    
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  Figure 4.4.     Trends in EHII when matched to DS data sample.   
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 Th e corresponding advantage of the EHII dataset is highly extensive cov-
erage.  Figure  4.5  , which is based on all of the observations, illustrates this. What 
is instantly visible is the fact that average values stabilize, and standard errors 
narrow dramatically, when compared to the particular sample of countries and 
years used by DS. Th e EHII dataset gives fairly unambiguous testimony as to the 
direction of movement of inequality in the global economy. It is strongly and 
steadily upward for the OECD countries beginning in 1979, which coincides 
with the advent of Th atcherism and monetarism, and eventually of Reaganism 
and supply-side economics. Th is is the period of high real interest rates, debt 
crisis, and enforced liberalization, of steady att ack on the welfare state—and it 
shows.    

 Among non-OECD countries, the relationship between the UTIP-UNIDO 
and the DS data is likely to be weaker, since pay (and especially manufacturing 
sector pay) is a smaller part of a complex structure of formal and informal 
incomes. It is interesting that a secular downward trend ends in 1982 but a 
sharp rising patt ern, in these measures, begins only around 1987. Th is fi nding 
is in some contrast to fi ndings based on measures of pay dispersion alone (see 
 chapter  2  ), which fi nd the clear upturn in those measures beginning in 1982 
for both OECD and non-OECD countries. Th e period of rising inequality aft er 
1989 appears to peak around 1995, though we suspect that the lower average 
for 1999 is spurious, owing to lags and missing observations   25    in the reporting 
of underlying data, mainly to UNIDO. 
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  Figure  4.6   shows that rising inequality outside the OECD aft er 1987 or 1989 
is not mainly a phenomenon of the transition countries. Rather, it occurs in all 
income categories,   26    except that of high-income non-OECD countries—a 
mixed lot including the small oil sheikhdoms. Th ere is a general patt ern of 
rising inequality in the non-OECD world in the age of globalization, consistent 
with the patt ern found in  chapter  2   but starting somewhat later. Also, the long 
downtrend through 1989 in non-OECD countries is more striking, given (once 
again) that the EHII data are constructed in part from manufacturing pay in-
equality data that are clearly rising dramatically aft er 1982. Th ere may be selec-
tion eff ects here as the composition of the sample changes.    

 A plausible conjecture not involving bias is that increasing manufacturing ac-
tivity outside the OECD worked to off set the eff ect of rising inequalities in the 
pay structure on household income. Th is would certainly be an interesting twist 
to the globalization debate. However, these data do show that eventually the ten-
dency toward rising household income inequality became practically universal. 

     Conclusion   

 Th e evidence of manufacturing pay dispersions, alongside other broad demo-
graphic and developmental indicators, can be brought to bear on the issue of 
global household income inequality. Th is approach draws on the systematic 
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information contained in the World Bank’s income inequality datasets. In so 
doing, it makes possible extraction of the more useful measures from the DS 
dataset, while pinpointing and calling att ention to the wide range of measures 
that remain problematic. 

 Th e results suggest several conclusions. First, there is good reason to believe that 
household income inequality is much more consistently distributed across space 
than the DS dataset would have one believe. Countries similarly situated and eco-
nomically open to each other (in northern Europe, for instance) usually do not dis-
play widely diff ering income dispersions. Second, income inequality measures do 
not, in real life, change over time with the high speed and amplitude found in the DS 
numbers, within either countries or cross-country averages. Th ird, where Gini coef-
fi cients above 50 may well exist on the planet, outside the Middle East they would 
have to be accounted for by factors entirely separate from manufacturing pay disper-
sions, urbanization, and population growth. Th e literature on high inequality in 
Africa and Latin America especially should take account of this fi nding; it is 
necessary to fi nd the omitt ed variables (if they exist) that explain the high measures. 
Fourth, there is evidence that inequality in the major countries of South Asia (and 
also in Indonesia) is much higher than a casual reading of the DS data would suggest. 
Some of this is clearly due to reliance on expenditure surveys, and the EHII method 
is a reasonable way to correct for the diff erences in measurement so introduced. 

 Finally, there is strong evidence that inequality did in fact rise, through most 
of the world (but not everywhere) in the age of globalization. Th ese increases 
are consistently visible in our measures for OECD countries beginning in the 
early 1980s. Th e strong correspondence of this trend to previously observed 
trends in manufacturing pay may refl ect the importance of manufacturing pay to 
income shift s in industrial countries. Outside the OECD, where manufacturing 
is a smaller and more variable component of economic activity, it appears that 
the largest increases in household income inequality generally started later (even 
though rising pay dispersions in manufacturing began, as shown previously, with 
the debt crisis). However, by the late 1980s inequality was rising almost every-
where, by almost all measures, whether of pay or income. 

       Notes    

       1.     Because of changes in UNIDO’s category structure, the dataset has not yet been 
updated past 2003, but in principle it could be. 

       2.     Th is chapter is adapted from  James K. Galbraith and Hyunsub Kum, “Estimating the 
Inequality of Household Incomes: Toward a Dense and Consistent Global Data Set,” 
 Review of Income and Wealth , Series 51, Number 1, March 2005, 115–43 . 
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       3.     Th is refers to what is reported as payroll in manufacturing surveys, including wages, 
salaries, and fringe benefi ts. 

       4.     Wade (  2002  ) concurs with this conclusion. 
       5.     Th is appears to be the case because inequality for a full population is relatively large but 

refl ects diff erentials (such as occupational diff erentials within companies, seniority dif-
ferentials, and gender diff erentials) that are generally very stable. By contrast, the in-
equality between the means of fairly large groups (such as two-digit industries in the 
standard industrial classifi cation) tends to be quite small but variable in response to 
changing economic conditions aff ecting the employment and profi tability of the com-
ponent industries. 

       6.     Th e Lorenz curve plots the cumulative share of income (on the vertical axis) against the 
cumulative share of the population (on the horizontal axis). It therefore usually requires 
an underlying survey of individual or household incomes. It can be estimated from 
quantile shares, but these are built from microlevel survey data. Estimating an approxi-
mate Lorenz curve from overlapping grouped datasets is possible, but generally not a 
preferred way to proceed. 

       7.     Th e Gini coeffi  cient is oft en multiplied by a factor of one hundred so as to give units in 
integers; we will refer to “Gini points” when using that convention. 

       8.     Th ere are also subtle diff erences in how these two measures capture the inequality of a 
distribution, with the Th eil statistic tending to emphasize the eff ect of the highest 
incomes on inequality. But this need not concern us here since it will be fully accounted 
for in a regression coeffi  cient relating the two measures. 

       9.     Th e UNIDO Industrial Statistics from which the UTIP measures are calculated report 
just two measurements for each industrial category: total employment and payroll in 
nominal domestic currency units. Calculating this inequality measure requires no ad-
justment for infl ation, or purchasing power parity, and poses no other issues of method. 
Th e major diffi  culty in extracting comparable Th eil coeffi  cients from the dataset lies in 
the occasional discontinuities in the number of industrial categories UNIDO reports 
for diff erent countries and years. In most cases, we have overcome this diffi  culty by 
reconstructing the original categories from the published data. On rare occasions, 
missing measurements of payroll or employment were fi lled in by interpolation. A fuller 
discussion of the issues involved in measuring dispersions of manufacturing pay by 
these means appears in Galbraith and Kum (  2003  ). 

       10.     To improve the effi  ciency of the estimates, particularly since the UTIP-UNIDO 
measures are strongly log-normal in their distribution, we take the log of both in-
equality measures. Th us the coeffi  cient will be a measure of the elasticity of income in-
equality with respect to a Th eil measure of manufacturing pay dispersion. 

       11.     G = 0 if measure is based on gross, otherwise 1; H = 0 if measure is based on household, 
otherwise 1; I = 0 if measure is based on income, otherwise 1. Th e information is 
extracted from the DS data. 

       12.     Th e population variable is derived from World Development Indicators (World Bank 
  2007  ) and the Penn World Tables (Heston, Summers, and Aten   2002  ). 

       13.     We have oft en been advised to include a measure of government transfer payments in 
this exercise, but there are two problems. First, paucity of data cuts down the degrees of 
freedom drastically. Second, when we ran the regression on the reduced dataset, the 
coeffi  cient on transfers as a share of GDP was not signifi cant. An evident explanation is 
that the equality of the pay structure is a good predictor of the generosity of social secu-
rity systems. 

       14.     Kuznets (  1955  , p. 8) noted that “other conditions being equal, the increasing weight of 
urban population means an increasing share for the more unequal of the two compo-
nent [rural and urban] distributions.” We thank Branko Milanovic for calling this 
remark to our att ention. 
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       15.     Household income includes incomes from other sources such as nonlabor wage, land, 
and capital. 

       16.     We further check the estimated coeffi  cients for Th eil and MFGPOP by separating the 
data into groups by type of source (income, expenditure, gross, net, household, per 
capita). Estimates of Th eil are all signifi cant at the 1 percent level, and those of MFG-
POP are also signifi cant except in one case (expenditure only). Signs of estimates are all 
expected, and not much change in the magnitude of estimates is found. 

       17.     Th e properties of fi xed- and random-eff ects models are discussed in Greene (  2000  ) and 
Baltagi (  1995  ). In our analysis, the fi xed-eff ects model is preferred to the random-
eff ects model in all cases. Hausman-test statistics are all signifi cant at a less than the 1 
percent level. 

       18.     Residuals from model 5 produce similar results. 
       19.     Readers of the original article on which this chapter is based may notice that my judg-

ment has evolved with refl ection and evidence. In that paper, we were considerably 
more inclined to doubt the reasonableness of DS measures that diverged strongly from 
our model predictions. Th e important point, though, is that the value of supplementary 
data does not depend on nailing down the superiority of one dataset over another in 
every single case. 

       20.     Whether to include or exclude the coeffi  cient estimates on the dummy variables is a 
judgment call, which we make in favor of inclusion for a number of reasons, especially 
(1) our priors; (2) the evidence from selected countries such as Spain, where both 
types of survey are available; and (3) the fact that these variables are signifi cant in the 
fi xed- and random-eff ects models. On the other hand, aft er refl ection we decided 
against including regional dummies or calculating the EHII data from models that 
included country fi xed eff ects. Such an approach, in our judgment, would have 
amounted to assuming the correctness of the DS data, when one purpose of the exer-
cise is to identify those countries and regions where discrepancies exist and further 
study is needed. 

       21.     It is possible there are some instances of selection bias. For instance, inequality will be 
understated where the unemployment rate is high since industrial job losses aff ect 
mainly low-income workers. Also, in very rich countries trends in capital income can 
lead to large diff erences between the trends of pay inequality and of income inequality, 
as we discuss later for the case of the United States. 

       22.     It would be a small matt er to recompute the estimates to any basis desired: expenditure, 
gross income, net income, household, or per capita. 

       23.     We remain open to persuasive reasons to transfer additional information from the DS 
dataset to the estimation of our own measures, but our philosophical position is to 
approach this issue conservatively. We will add new information to the underpinnings 
of our estimates when there is strong reason to believe that the resulting estimates 
would be markedly improved, and only when the sacrifi ce in terms of coverage is not 
great. We rejected suggestions to include measures of union coverage or social secu-
rity systems on the grounds that to do so would reduce coverage to a few hundred 
cases. 

       24.     EHII has a higher sample mean than DS: 41.4 Gini points compared to 36.3. Th is 
refl ects the larger proportion of values for non-OECD countries. Th e standard devia-
tion is smaller for EHII: 7.5 against 9.4 Gini points. Th e minimum EHII value is 19.7 
compared with 17.8 for DS; the maximum is 64.7 compared to 63.2. We are skeptical of 
the higher values, insofar as the assumption of linearity is less likely to hold for extreme 
values. 

       25.     Th e number of countries for the year 1999 is reduced from more than fi ft y to seventeen. 
       26.     Th is categorization is based on national income level adopted from the World Develop-

ment Indicators (World Bank   2007  ).                  
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C H A P T E R  5
         Economic Inequality and 
Political Regimes  

    One of the temptations of a new data source is that it can be used to reexamine 
familiar questions. Th is chapter takes up one of them, namely, the relationship 
between political democracy and economic equality. In general, we ask whether 
political systems matt er: Does the degree of economic inequality depend on the 
type of government? In particular, we examine the widely discussed proposition 
that democracy is an egalitarian form of government. When the people choose, 
can they (and do they) choose to be more equal, one to another, than is the case 
under other forms of government? 

 Our work casts new light on this question; bett er data do produce a clearer 
answer.   1    It appears that long-standing “social democracies” do reduce inequality, 
but most political democracies are not of this type or have not been around long 
enough. But this exercise also illustrates a diffi  culty associated with large-scale 
 qualitative  classifi cation schemes, such as those used to distinguish between 
types of government. To compare inequality to something else, you need both 
the inequality measures and data of acceptable quality on the other thing. Th e 
business of measuring inequality in a pay structure is (in principle) fairly clear-
cut, because we have a single consistent data source and a single method of cal-
culation; anyone else working with our method and data would get the same 
answers that we do. But the task of developing a category scheme for all of the 
world’s governments is truly daunting; it involves many subjective choices, all of 
them open to question. Th ere is a diversity of classifi cation schemes in use, and 
practically any decision one makes might be made diff erently by another. 
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     Democracy and Inequality in Political Science   

 Work on inequality and democracy began long ago, and the long view has been 
that democracy must be broadly egalitarian. Th is intuition is tied to American 
history (“All men are created equal”), to Benthamite utilitarianism (“the greatest 
good of the greatest number”), and to the veil of ignorance in the justice theories 
of John Rawls. As we have seen, Simon Kuznets also touched on the relation-
ship; the rise of egalitarian social democracy was part of the order of economic 
development as seen by many economists in the postwar years, including by 
some—Joseph A. Schumpeter and also Friedrich von Hayek—who decidedly 
did not approve. 

 In line with Kuznets, Lenski (  1966)   developed a theory of distribution 
stating that industrialization and modernization, along with democracy, work 
to reduce inequality over time.  Cutright  (1963  ,   1967)   contributed an early em-
pirical eff ort, using a calculation of inequality between sectors as a dependent 
variable, and fi nding that a more equal distribution of power is related to a 
more equal distribution of earnings.   2    Since then scholars have sought to refi ne 
the defi nition of democracy, examine more closely its relationship to power, 
and distinguish between stable democracies and those that come and go.   3    
Th ey have only occasionally reconsidered or challenged the fundamental 
proposition that democracy and equality go together. 

 Recently, political scientists have developed more precise conceptual schemes, 
to provide a formal mechanism that would connect democracy to economic 
equality. Timmons (  2008  ) divided this work on the relationship into three cate-
gories: a median-voter mechanism, political competition for public support, and 
democratically imposed labor market regulation. For example, Acemoglu and 
Robinson (  2000)   proposed a median-voter mechanism, according to which dem-
ocratic governments intervene to redistribute income under electoral pressure. 
Th e median voter always has less than the mean income, so the pressure from 
below should always be for redistribution from rich to poor. Saint-Paul and 
Verdier (  1993  ) proposed that political competition for public support in a democ-
racy induces an increase in consumption-equalizing public services, increasing 
equality. And Katz and Autor (  1998)   viewed democracy through the lens of labor 
market regulation, under which inequality may be reduced by a policy of wage-
rate compression, imposed on a less-egalitarian market. In all of these models, 
though the mechanisms vary, democratic institutions generate egalitarian results. 

 Some authors argue that the causal relationship runs the other way, from a 
prior state of equality to democracy and from inequality to authoritarian rule. 
Arguing now in this vein, Acemoglu and Robinson (  2001  ) asserted that elites 
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in unequal societies prevent redistributive democracy from emerging. In Ace-
moglu and Robinson (  2006  ), they take the case further, to assert that  only  
countries with a middling level of equality democratize; those with too much 
equality feel no need to become democratic,   4    while those with too litt le are 
blocked as before. Bourguignon and Verdier (  2000  ) examined the relationship 
between democracy, inequality, and economic development in a model where 
political participation is determined by the level of education. Th ey argued 
that higher incomes per capita support democracy and growth, while a higher 
level of inequality impairs both growth and democracy.   5    

 Numerous empirical studies examine the alleged eff ect of democracy on in-
equality. Perott i (  1996)   used data predating Deininger and Squire. Li, Squire, 
and Zou (  1998  ) invoked DS to claim that expansion of political liberties 
reduces economic inequality. Tavares and Wacziarg (  2001  ) used DS to exam-
ine the relationship between democracy and economic growth and found that 
democracy is linked to greater equality. Again using DS and controlling for 
economic and location variables, Sylwester (  2002)   also found that democrati-
zation reduces inequality. Boix (  2003)  , using DS as well, argued that democ-
racy is associated with greater equality, whereas authoritarian regimes are 
associated with inequality. Reuveny and Li (  2003  ) argued that democracy  and  
trade reduce inequality. Lee (  2005)   examined the interaction between democ-
racy, public sector size, and inequality, concluding once again that the larger 
public sector in democracies reduces inequality. 

 Over time, repetition of this result made a diff erence, and the notion that 
democracy promotes equality had by the early 2000s achieved the status of 
conventional wisdom. Yet some skeptics remain. Gradstein and Milanovic 
(  2004  , p. 21) conducted an extensive review, covering fi ft y years. Th ey state: 

 While the earlier research failed to detect any signifi cant correlation 
between democracy and inequality, more recent studies based on im-
proved data sets and bigger data samples typically cautiously suggest 
existence of a negative relationship between the two. Two hypotheses 
seem to be especially promising in the light of this recent research: 
one that defi nes democracy in terms of the length of democratic expe-
rience, and another that specifi es a curvilinear relationship between 
democracy and inequality. 

 However, in a later paper that examined 126 countries from 1960 to 1998, Grad-
stein, Milanovic, and Ying (  2001  ) found that the eff ects of democratization on 
inequality are actually quite weak. And Gradstein and Milanovic are skeptics for 
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a more immediate reason: they looked at Eastern Europe aft er 1989, fi nding 
strong evidence of  rising  inequality in the democratic transition. Apparently, the 
strength of the eff ect depends on the starting point, and there may be starting 
points more egalitarian than democracy. Further, stability and persistence matt er; 
countries that have only recently acquired the trappings of democracy—let’s say 
just enough to fool a political scientist or the U.S. State Department—should 
probably not be expected to enjoy the egalitarian fruits of democratic government 
(if there are any) for a while.   6    Practice makes perfect. 

 In all cases, the core idea is that  over time  political democracies create an 
environment within which “economic democracy” can arise in the form of 
powerful trade unions, social democratic parties, responsive legislatures, and 
other equalizing institutions. It follows also that in “transitions to democracy” 
egalitarian outcomes should not be expected until suffi  cient time has elapsed 
for those strong equalizing institutions to develop.   7    And they may not develop 
at all; in unstable democracies—those that are threatened say by coup d’état, 
or are hostage to external creditors—equalizing institutions will remain weak. 
Although democratic formalities may be observed, the policy outcomes that 
might otherwise come with time do not arrive. 

 A major empirical issue, as always, is the nature and reliability of the 
measures. Th e problems of prior measurements of economic inequality we 
have already discussed in detail.   8    Th e standard political science datasets on 
democracy and authoritarianism also are open to skepticism as to what it is, 
exactly, they capture. Especially, the meaning of the term  democracy  has 
changed over time. Observers att empting to distinguish democracies from 
nondemocracies generally draw on concepts of participation (voting rights and 
civil liberties), competition (presence of other parties), and free and fair elec-
tions. In contrast to an inequality measure, some of the scoring (and weight-
ing) of characteristics such as civil liberty is inevitably subjective. But eff orts to 
reduce subjectivity, by focusing on rituals such as holding elections, do not 
necessarily move things in the right direction. Th ere are plenty of ways to sub-
vert an election, from vote suppression to lopsided deployment of campaign 
cash to actual fraud in counting the ballots. Alternatively, there may be a free 
and fair choice, but only between candidates who do not present substantive 
diff erences on the most critical issues. Countries holding elections that don’t 
matt er may—and oft en will—be classed formally as democracies, but without 
actually having popular self-government in a meaningful sense of the term. 

 Gett ing down to practical questions, there is the issue of how best to code 
and classify complex institutions and governing traditions. Some indices score 
the presence or absence of democracy as a simple (1-0) binary variable. Th is is 
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a problem, since obviously some places are “more democratic” while others are 
less so. Recognizing this, other measures assess a “degree of democracy” on a 
continuum.   9    But a continuum of what? Th e established indices typically run 
from “democratic” to “authoritarian” or “totalitarian,” suggesting that democ-
racy is mainly about the presence or absence of political and civil freedom. But 
in relation to inequality, continua of this type are highly problematic. Th ey 
tend to treat authoritarian regimes of all types as though their most important 
characteristic is simply how far removed they may be from democracy on the 
dimensions of political freedom and formal self-government. No distinction is 
drawn, for instance, between fascism and communism, two authoritarian 
regime types that, despite their diametric ideological opposition, refl ected the 
mortally opposed class bases of their respective appeal. In an argument about 
political systems and inequality, this distinction might seem fairly important. 

 Empirical classifi cation of regime types began with examinations of democ-
racy and modernization by Lipset (  1959  ) and  Cutright  (1963)  . Th is work was 
furthered by Dahl (  1971)   and Gurr (  1974  ). It was made more usable by Gurr, 
Jaggers, and Moore (  1990  ) with the creation of the Polity II database, now a 
major source for comparative political science (Marshall and Jaggers   2002  ). 
Gastil (  1991  ) followed with the creation of the Freedom House database. Since 
then, additional work has been done to refi ne or respecify regime classifi cation 
systems. Munck (  1996)   produced a rich review of regime classifi cation, sum-
marizing the methods used to construct typologies in the political science lit-
erature. One of the most popular methods is to base classifi cation on the 
att ributes that defi ne procedural rules, such as the number and type of actors 
who are allowed to gain access to power, the methods of access to power, and 
the rules for making binding decisions. On this procedural basis, regime types 
can be roughly classifi ed as democratic, authoritarian, or totalitarian. Th en 
there are subtypes (presidential democracy or parliamentary democracy) and 
hybrids (formal democracy, clientelistic democracy, full democracy, restricted 
democracy), derived by adding subsidiary att ributes to the core categories. 

 Today the most widely used political regime databases are those of Free-
dom House (  2004  ), Polity, and Vanhanen (  2000)  . Th ey all grade political 
regimes on continua between democracy and dictatorship, which is to say 
that all of them confl ate communism and fascism into a single category. Free-
dom House looks at political and civil rights, using a subjective scale to rank 
degree of democracy, partly in terms of election outcomes, partly in terms of 
balance of power. Th e Polity measure of democracy is based on the degree of 
competitiveness of political participation and government recruitment and 
the degree of democratic constraint on the chief executive. Vanhanen also 
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looks at competition and participation, measuring percentage votes for 
smaller parties and the percentage of adults voting in elections. 

 Cheibub, and Gandhi (  2004  ) took the binary approach, dividing regime types 
between democracy and dictatorship, on the basis of data from Przeworski, Alva-
rez, Cheibub, and Limongi (  2000)  , updated and extended. A secondary variable 
distinguishes among parliamentary, mixed, and presidential democracies. Had-
enius and Teorell (  2007  ) examined authoritarian regimes (as identifi ed by Polity 
and Freedom House) and subclassifi ed them in terms of hereditary succession, 
use of military force, and the presence or absence of popular elections. Separate 
categories are used for democracy as a whole, as well as military regimes, monar-
chies, theocracies, transitional regimes, civil war, and foreign occupation, for a 
total of twenty classifi cation types.   10    In short, it’s a complicated business. 

 In an article examining classifi cation of democratic regime types, Elgie 
(  1998)   distinguished “dispositional” and “relational” properties. Disposi-
tional properties refer to such questions as whether there is a president or a 
prime minister, whether they are popularly elected and whether or not they 
serve for a fi xed term. Relational properties refer to the actual patt erns of polit-
ical action. Elgie argued that the best way to classify the regime types is on the 
basis of dispositional properties alone. Finally, the World Bank Database 
(Beck, Clarke, Groff , Keefer, and Walsh   2001  ) included descriptive informa-
tion about elected executive and legislative offi  cials and their parties, as well as 
indices of electoral competitiveness and government stability. 

 Th at the debate over regime classifi cation has centered on using a democ-
racy-dictatorship binary variable or a continuum reveals the extent to which 
scholars have overlooked important regime characteristics, notably self-
declared ideology (or religion) as with communism or Islam, external rule as 
in the case of colonies, and political chaos under civil war. Th ere is also a 
tendency to downplay the time factor required for institutional develop-
ment; countries are classed as democracies from the moment they adopt 
democratic institutions. Since these factors would seem on the face of it 
important for relating political systems to economic outcomes, we felt the 
need for a modifi ed approach taking characteristics of this type into account. 

     A Diff erent Approach to Political Regime Types   

 A fi rst step toward an improved look at the eff ect of political regimes on in-
equality requires creating a more fl exible  typology  of political regimes. Th e 
question we’re interested in is very general: Aft er taking into account the 
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eff ects of income level, stage of development, and other nonpolitical vari-
ables, does political regime type aff ect economic inequality? Th ere is no spe-
cial need to pose this question in terms of democracy per se; democracy is 
just one regime type among many—and democracies may well diff er among 
themselves, depending on their longevity, stability, and ideological his-
tories. Th e point is to compare democracy to other regime types, having 
sorted and classifi ed as carefully as we can. 

 Th ere is also no need to impose a prior hypothesis on the direction of eff ect, 
even though we may well have some expectations about how regime type 
aff ects inequality. A simple analysis may just ask whether regime types diff er—
yes or no—and only if the answer is yes is it helpful to ask about direction. Nor 
is it necessary to place regimes on a scale, as indices or continuous classifi cation 
schemes do. Creating continua in this way implicitly  imposes  an ordering of 
eff ect, which is unnecessary for our purpose and may confuse the results. All 
we need is a simple listing of att ributes associated with political regime types 
at a given time. 

 We thus depart from the “degree of democracy” method of classifi cation 
used in the Freedom House and Polity databases in that we do not impose any 
ordering on our categories. We depart from the binary classifi cations by not 
necessarily restricting our classifi cations to a single characteristic. (It is pos-
sible, for instance, to be a dictatorship and in civil war at the same time.   11   ) Our 
maintained hypothesis is simply that regime types may diff er systematically 
in the amount of inequality present in the societies they govern. We say 
nothing a priori about the signifi cance, direction, or magnitude of these dif-
ferences, although we are obviously interested in whether it will turn out that 
democracies—or some types of democracy—have systematically lower econo-
mic inequality than other regime types. 

 Th e simplest way, and one of the most fl exible, to organize the evidence is to 
construct an array of dummy variables. Th ese are binary choices in every case, 
but they classify every country, every year, on multiple dimensions. Th us a 
country may be a democracy or not. If a democracy, it may be recently estab-
lished or not.   12    It may be a dictatorship or not. It may be a communist state or 
not. It may be at war or at peace. It may be a colony or not. It may be an Islamic 
state or not. And so forth. 

 As in Alvarez, Cheibub, Limongi, and Przeworski (  1996  ), we classify as 
democratic those governments that hold fair elections for the chief executive 
offi  ce and for the legislative body. We defi ne  recent democracies  to be those that 
emerged from some other form of government—military dictatorship, com-
munism, or colonialism, say—sometime during the period under study (1960 
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to 2005). And we allow an extra dummy variable for “social” democracies, to 
distinguish long-standing welfare states (especially in northern Europe) from 
other democratic forms. Finally, unlike Alvarez and colleagues, we reserve a 
separate category for “pseudo-democracy,” a condition of democratic for-
malism but in which opposition parties are eff ectively prohibited from win-
ning elections. Th is is a way of dealing with Mexico in the years before 1995, 
among just a few similar cases, where the term  dictatorship —though occasion-
ally used—did not seem to us to be exactly right. 

 Whereas Freedom House and Polity treat all “authoritarian” regimes as 
being essentially alike, diff ering only in degree, our approach allows distinc-
tions according to type of government, recognizing that communist regimes 
and Islamic Republics engage in economic policies quite diff erent from those 
pursued by other authoritarian regimes. Communist and Islamic states are 
self-classifi ed; they are labels applied by the regimes themselves, bespeaking in 
both cases a certain egalitarian spirit, especially pronounced in the commu-
nist case. Dictatorship is a catch-all category for one-person rule with no sim-
ilar connotation. We do not distinguish between military and civilian dictators, 
since the latt er could rarely survive without military support. 

 European colonies lack a fully sovereign government, since they are by def-
inition ruled from outside. In the past, many colonies were governed in prac-
tice according to the creeds of  laissez-faire that prevailed in nineteenth-century 
Europe; in modern times the few that remain (mostly small islands, for 
instance in the Caribbean) tend to partake of the social welfare systems pre-
sent in the mother country. Th ey also tend to be largely self-governing despite 
their continuing affi  liation with the “home country.” But we lacked suffi  cient 
inequality measures on the modern European colonies, so this variable also 
was not estimated separately. We maintain a category as well for states in the 
highest state of political chaos, namely civil war, which impairs the ability of 
the state to impose its rule; this too proved empirically nonviable because of a 
shortage of inequality measures. A full description of our political regime 
classifi cation is given in the fi rst appendix to this chapter. 

     Analysis and Results   

 Our regression analysis is quite simple and proceeds in two steps. First we 
regress the UTIP-UNIDO inequality measures on our categorical measures 
of regime type, a simple dummy-variable analysis with minimal controls 
intended to establish whether signifi cant diff erences between regime types 
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exist. We then add a raft  of conditioning variables to the regression, following 
Galbraith and Kum (  2005)   and other sources. For comparison, we later extend 
the analysis using the DS inequality dataset as the source of dependent vari-
ables. For further comparison, we also regress the UTIP-UNIDO dataset on 
the leading political regime classifi cation datasets, notably those of Polity/
Freedom House, the World Bank, Hadenius, and Cheibub and Gandhi. 

 Th e conditioning variables in the second phase were of three types: eco-
nomic variables, regional indicators, and time-fi xed eff ects. Th e economic vari-
ables are just two: the log of gross domestic product per capita and a standard 
measure of openness to international trade.   13    Regional indicators assess whether 
broad diff erences of location in the world matt er; are the countries of Latin 
America systematically diff erent from (say) the countries of Europe or Asia? 
Regional categorical variables consisted of indicators for location in North 
America, Central and Eastern Europe, sub-Saharan Africa, Latin America and 
the Caribbean, East Asia, the Middle East and North Africa, Oceania, Western 
Europe, the former USSR, and South Asia. Time-fi xed eff ects assess whether 
there is a common trend in the inequality data, as discussed in   chapter 3  , aft er 
controlling for all other factors. 

 Th e baseline regression used our political regime classifi cation and the two 
economic variables.  Table  5.1   shows the results. Substantial and plausible 
results emerge: communist states, social democracies, and Islamic republics 
have lower inequality than other regime types, in that order of eff ect. Recent 
democracies have  higher  inequality than would otherwise be expected, and it 
is very much higher inequality than with long-established social democracies, 
other things equal. Th ere is no signifi cant eff ect for ordinary dictatorships or 
pseudo-democracies. In this regression, GDP per capita lacks a signifi cant 
independent eff ect on inequality, but trade openness appears to increase it.    

  Table  5.2   presents a model with the regional controls added in. Th us the 
model is now able to distinguish between the eff ects of changing regime types 
within regions, relative to the inequality norms of that region. Seven of eight 
regions show signifi cant regional eff ects, and the ordering (from low to high: 
Western Europe, Central and Eastern Europe, North America, Oceania, East 
Asia, Latin America, sub-Saharan Africa) contains no surprises. When regions 
are controlled for, regime type remains strongly signifi cant and several further 
fi ndings emerge. Communist states continue to have the lowest inequality 
scores, now followed by Islamic republics and then social democracies. Dicta-
torships now show signifi cantly higher inequality, and recent democracies 
even more, than would be expected without knowledge of regime type. Over-
all, the slope of the income-inequality surface is now positive and signifi cant,   14    
suggesting that aft er normalizing for regions there is an income-inequality 
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relationship. Th e control variable for openness is not signifi cant, suggesting 
(very reasonably) that countries tend to have degrees of openness similar to 
their neighbors and trading partners.    

 Th e degree of explanation—almost 46 percent of the variation in inequality 
measures between countries, covering 2,204 country-year observations, 
seems to us to be quite impressive. 

 One fi nal thing stands out from this model: a dog that didn’t bark. When we 
introduced time-fi xed eff ects into the model, on top of the regime type, and 
regional and economic controls, none of the dummies for years is signifi cant 
and the fi t of the model does not improve. In other words, the key feature of the 
model that emerges from  chapter  3   is no longer there. 

 What happened? Various experiments with alternative specifi cations suggest 
that the key lies in the special category of recent democracies. Because of the 
way we’ve defi ned the term, there is no graduation, in our data, from this status. 
But of course some democracies are more recent than others. And there was a 
proliferation of recent democracies with the collapse of the Soviet Union and its 
Eastern European dependencies—a proliferation that, because of the particular 

     Table 5.1.     UTIP-UNIDO and Regime Type with Minimal Controls  

   Parameter Estimate  T Value  P Value     

 Intercept  -1.49842  –35.34  <.0001   

 Dictatorship  0.14886  5.98  0.8006   

 Communist regime  -0.60612  –17.05  <.0001   

 Islamic republic  –0.12384  –2.08  0.0381   

 Social democracies  –0.41899  –15.73  <.0001   

 Pseudo-democracies  0.05886  1.50  0.1337   

 Recent democracies  0.10108  3.97  <.0001   

 Log of GDP per capita  0.01739  1.47  0.1425   

 Degree of openness 
(exports + imports)/GDP 

 0.00035541  2.09  0.0369   

 N  2,204   

 R 2   36.20%   

 Adjusted R 2   35.97%   

 F value  155.70   

 Pr > F  <.0001   

  Note : Dependent variable is the log of the UTIP-UNIDO Th eil statistic.   
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form it took, involved large increases in observed inequality. Th ere was also an 
earlier revival of democracy in Latin America, which involved much higher rates 
of inequality than previously owing to the lingering eff ects of military rule and 
neoliberal globalization. Similar developments can be observed in sub-Saharan 
Africa, especially South Africa aft er 1992. 

     Table 5.2.      UTIP-UNIDO and Regime Type with Controls and 
Time-Fixed Eff ects  

   Parameter Estimate  T Value  P Value     

 Intercept  –1.41622  –32.10  <.0001   

 Dictatorship  0.08940  3.68  0.0002   

 Communist regime  –0.47373  –13.16  <.0001   

 Islamic republic  –0.23395  –3.97  <.0001   

 Social democracies  –0.09594  –2.98  0.0029   

 Pseudo-democracies  0.04754  –1.25  0.2133   

 Recent democracies  0.18025  7.05  <.0001   

 East Asia  –0.20630  –7.04  <.0001   

 Commonwealth of 
Independent States 

 –0.01653  –0.35  0.7256   

 Western Europe  –0.47117  –14.27  <.0001   

 Oceania  –0.27200  –6.81  <.0001   

 Central and Eastern Europe  –0.29935  –8.94  <.0001   

 North America  –0.28563  –5.88  <.0001   

 Sub-Saharan Africa  0.07487  3.00  0.0027   

 Latin America  –0.08152  –3.09  0.0020   

 Log of GDP per capita  0.02351  2.13  0.0335   

 Degree of openness 
(exports + imports)/GDP 

 0.00009740  0.61  0.5396   

 N  2,204   

 R 2   45.71%   

 Adjusted R 2   45.29%   

 F value  108.17   

 Pr > F  <.0001   

  Note : Dependent variable is the log of the UTIP-UNIDO Th eil statistic.   
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 Th us the recent-democracies variable is capturing the time trend observed 
in the earlier model. In the end, this simply refl ects the fact that political insti-
tutions, social norms, and international pressures coevolve, and there are 
limits to our ability to sort out which is the causal factor and which the caused. 

 As a test of data quality, we next we ran the same model against the Deininger 
and Squire Gini coeffi  cients. Th is is a much smaller data universe, with just 431 
country-year observations. 

 Th e results are disappointing. Th e explanation of variance drops to just 11 
percent of this much smaller dataset. Practically nothing is signifi cant, and of 
the few variables that are, those for communist states and social democracies 
have signs counter to expectation. Th e GDP per capita variable is signifi cant, 
but now with a negative sign. Only the dummy for recent democracies and the 
regional control for Western Europe behave as they do in the UTIP-UNIDO 
models. 

  Table  5.3   reports the results. Adding in the controls used in  chapter  3   to 
account for the various data types in the DS dataset does not improve mat-
ters.   15    Although those controls do boost the proportion of variance explained 
by the equation, the variables for political regime type and for economic char-
acteristics remain unstable and insignifi cant. Only the regional controls corre-
late consistently with the DS data. We suspect that the results refl ect primarily 
the sparse and erratic coverage of the DS dataset—the fundamental limitation 
of this raw material. On the other hand, the fact that consistent and stable rela-
tionships between regime type and inequality measures do appear in the 
UTIP-UNIDO data is reasonably persuasive evidence, in our view, that those 
relationships actually do exist.    

 When other political classifi cation schemes are introduced in lieu of our 
own, the results are mixed and contradictory. Only the Cheibub-Gandhi index 
shows democracy associated with lower inequality. When the Polity/Freedom 
House and World Bank indices are used, the relationship is signifi cant but it 
goes the other way; democracy is associated with higher inequality. Th e same 
is true using the Hadenius qualitative classifi cation scheme; the coeffi  cient for 
the class of democracies is positive and signifi cant.   16    Th e mostly likely explana-
tion is, in our view, the failure of this dataset to distinguish between 
long-standing social democracies and postdictatorship parvenus. In all of 
these regressions save one, the available sample size is smaller, and in all of 
them the degree of explanation is substantially less than in our model. 

 Th e results demonstrate that the approach of measuring democracy along a 
confected scale of values, and especially on the basis of the current-moment 
characteristics of the country, is prone to generate inconsistent relationships. 
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We have more sympathy with the categorical approach deployed by Hadenius 
and Teorell, but not with their classifi cation choices. Apart from the failure to 
separate out recent democratic converts, they missed important opportunities 
by not distinguishing between communist states and other dictatorships, and 
perhaps also by not distinguishing Islamic theocracies from those (if any) 
associated with other religions. 

     Table 5.3.     Th e Deininger-Squire Gini and Regime Type with Full Controls  

   Parameter Estimate  T Value  P Value     

 Intercept  43.59121  16.05  <.0001   

 Dictatorship  0.93645  0.73  0.4629   

 Communist regime  6.95565  2.44  0.0153   

 Islamic republic  –2.88274  –0.78  0.4347   

 Social democracies  3.86958  1.84  0.0658   

 Pseudo-democracies  –1.05265  –0.53  0.5936   

 Recent democracies  3.58294  2.58  <.0001   

 East Asia  3.93426  1.88  0.0610   

 Commonwealth of 
Independent States 

 –0.01653  –0.35  0.7256   

 Western Europe  –5.68375  –2.66  0.0082   

 Oceania  –2.91700  –1.11  0.2693   

 Central and Eastern Europe  0.59735  0.17  0.8682   

 North America  1.91972  0.61  0.5437   

 Sub-Saharan Africa  1.17605  0.83  0.4088   

 Latin America  1.81002  1.22  0.2224   

 Log of GDP per capita  –2.25738  –3.34  0.0009   

 Degree of openness 
(exports + imports)/GDP 

 –0.00044019  –0.03  0.9746   

 N  431   

 R 2   11.40%   

 Adjusted R 2   7.76%   

 F value  3.13   

 Pr > F  <.0001   

  Note : Dependent variable is the “high quality” Gini coeffi  cient from Deininger and Squire.   
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     Conclusion   

 In general, we find that political regime types have had important effects on 
economic inequality when they meant to. In particular, communist and 
Islamic regimes experienced lower inequality than economics and geography 
would otherwise have predicted. And this is true both before and after con-
trolling for regional variables. It seems clear—for better or worse—that the 
egalitarian ideology of these systems was not a matter of empty words. 

 Social democracies are also associated with lower inequality, but this is the 
only type of democracy for which the relationship holds. Th e defi ning feature 
of social democracies is their stability and endurance: those countries classi-
fi ed as social democracies had all become so in the midtwentieth century, 
before the start of our data. New democracies elsewhere in the world show no 
particular ability to reduce inequality in this data; on the contrary, they have 
higher inequality than would be “normal” for their region and income levels—
although this picture may be changing, to some degree, with new evidence 
from Brazil and Argentina, which we will take up in a later chapter. Th e com-
munist transition to democracy produced higher, not lower, inequality, as 
everyone knows. 

 As a policy rule, this analysis suggests that reduction of inequality is gener-
ally and at best a slow aff air. It is the consequence, in general, of steady institu-
tional progress over a long period of time. Dramatic reductions in inequality 
are rare, and they may not be especially desirable.   17    Politically driven  increases  
in inequality, on the other hand, are oft en quite sudden; at any given moment, 
they may be just a coup, a civil war, or a collapse in regime type away. 

        Appendix I 
P O L I T I C A L  R EG I M E  D ATA  D E S C R I P T I O N     

 We classifi ed political regimes between 1960 and 2005, annually for each coun-
try. Regime types were social democracies, recent democracies, pseudo-
democracies, Communist states, Islamic republics, dictatorships, civil war, and 
European colonies. 

 Countries that did not exist prior to a certain date were not classifi ed before 
that date. Countries that were of a particular regime type as of 1960 use 1960 as 
the start date. For example, we note that Sweden was a social democracy 
between 1960 and 2005, even though democracy extended beyond this pe-
riod, both prior to and aft er this time. 
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 Countries that experienced fair, multiparty elections over the entire 
1960–2005 period, uninterrupted by other types of regimes, were classi-
fied as stable democracies, though this classification was not used in the 
regressions. The classification held even if one party won repeatedly in 
multiparty elections. Countries with this distinction were Australia, Aus-
tria, Belgium, Canada, Costa Rica, Denmark, Finland, France, Germany, 
Iceland, India, Ireland, Israel, Italy, Japan, Luxembourg, Netherlands, 
Netherlands Antilles, New Zealand, Norway, Puerto Rico, Sweden, Swit-
zerland, United Kingdom, United States, and Venezuela. All of these except 
for Costa Rica, India, Israel, Puerto Rico, the United States, and Venezuela 
also qualified as social democracies in our scheme.   18    Countries that were 
“stable” but not “social” democracies have no specific dummy variable at-
tributed to them; they form part of the backdrop or baseline comparison in 
the regression. 

 Countries that adopted free, multiparty elections for some period aft er the 
data begin in 1963 were classifi ed, over the period of free multiparty electoral 
rule, as recent democracies: Albania (1992–2005), Algeria (2004–2005), 
Angola (2003–2005), Argentina (1960–1961, 1963–1965, 1973–1975, 1983–
2005), Armenia (1992–2005), Bahamas (1974–2005), Bangladesh (1972–
1974, 1991–2005), Barbados (1967–2005), Belize (1982–2005), Benin 
(1960–1962, 1991–2005), Bolivia (1960–1963, 1982–2005), Bosnia and 
Herzegovina (1996–2005), Botswana (1967–2005), Brazil (1960–1963, 
1985–2005), Bulgaria (1991–2005), Burkina Faso (1960–1965), Cape Verde 
(1991–2005), Central African Republic (1993–2002), Chile (1960–1972, 
1989–2005), Colombia (1960–1969, 1975–2005), Republic of Congo (1992–
1996), Cote d’Ivoire (1990–1998), Croatia (1996–2005), Cyprus (1960–
1962, 1965–2005), Czech Republic (1993–2005), Czechoslovakia 
(1990–1992), Dominican Republic (1962–1963, 1967–1969, 1978–2005), 
Ecuador (1960–1962, 1968–1969, 1979–2005), El Salvador (1993–2005), 
Ethiopia (1992–2005), Fiji (1971–2005), Gambia (1970–1993, 2001–2005), 
Ghana (1992–2005), Greece (1960–1966, 1975–2005), Guatemala (1997–
2005), Haiti (1990, 1994–1996, 2005), Honduras (1960–1962, 1981–2005), 
Hong Kong (1997–2005), Hungary (1990–2005), Indonesia (1999–2005), 
Jamaica (1962–2005), Kenya (1992–2005), South Korea (1980–2005), Lat-
via (1992–2005), Lesotho (1967–1969, 1993–1997, 2000–2005), Liberia 
(2004–2005), Lithuania (1992–2005), Macao (2000–2005), Macedonia 
(1991–2005), Madagascar (1960–1972, 1991–2005), Malawi (1994–2005), 
Malaysia (1963–2005), Malta (1964–2005), Mauritius (1969–2005), Mexico 
(2000–2005), Moldova (1993–2005), Mongolia (1990–2005), Mozambique 
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(1994–2005), Myanmar (1960–1961), Namibia (1991–2005), Nepal (1991–
2001), Nicaragua (1984–2005), Nigeria (1960–1965, 1980–1983, 2000–
2005), Panama (1960–1967, 1989–2005), Papua New Guinea (1976–2005), 
Paraguay (1989–2005), Peru (1980–1989, 2001–2005), Philippines (1960–
1971, 1987–2005), Poland (1990–2005), Portugal (1974–2005), Romania 
(1990–2005), Russian Federation (1992–2005), Samoa (1962–2005), Sene-
gal (1960–1962, 1981–2005), Seychelles (1991–2005), Sierra Leone (1961–
1966, 2002–2005), Singapore (1965–2005), Slovakia (1993–2005), Slovenia 
(1991–2005), Somalia (1960–1968), South Africa (1993–2005), Spain 
(1976–2005), Sri Lanka (1960–1982, 2002–2005), St. Vincent and the Gren-
adines (1980–2005), Suriname (1976–1979, 1987–1989, 1991–2005), Tai-
wan (1992–2005), Th ailand (1974–1975, 1988–1990, 1992–2005), Togo 
(1960–1962), Tonga (1971–2005), Trinidad and Tobago (1962–2005), Tur-
key (1961–1979, 1983–2005), Uganda (1962–1965), Ukraine (1992–2005), 
Uruguay (1960–1972, 1985–2005), Yemen (1995–2005), and Zambia 
(1964–1971, 1991–2005). 

 We call “pseudo-democracies” those regimes that held elections for candi-
dates of one party alone. Th is includes countries that, at one extreme, have out-
lawed other parties (as in, for example, Zambia) and countries that have held 
elections under the guise of multiparty elections but have set up the election so 
that only one party was actually eligible to win (e.g., the election was not fair, as 
in Azerbaijan). Pseudo-democracies were Azerbaijan (1992–2005), Burkina 
Faso (1991–2005), Cape Verde (1976–1990), Colombia (1970–1974), 
Dominican Republic (1970–1977), Gabon (1960–1962), Liberia (1960–
1979), Mexico (1960–1999), Rwanda (1963–1972, 1979–1989), Seychelles 
(1980–1990), South Africa (1960–1992), Tunisia (1987–2005), Uganda 
(1996–2005), and Zambia (1972–1990). Th ey are distinct from dictatorships, 
but only nominally so. 

 All countries that did not hold free and fair multiparty elections and were 
authoritarian in rule may be classifi ed as dictatorships. For example, we classi-
fi ed monarchies in which multiparty elections do not take place as dictator-
ships, since classifying monarchies on the existence of a monarch alone would 
throw into question cases such as the United Kingdom and Canada, which are 
stable democracies that clearly diff er from countries such as Afghanistan 
(1960–1977), Burundi (1962–1992), and others. Further, we separated dicta-
torships that self-classifi ed as communist regimes or Islamic republics into the 
latt er groups. 

 Dictatorships (other than communist or Islamic) were Afghanistan (1960–
1977), Algeria (1963–1990, 2000–2003), Argentina (1962, 1966–1972, 
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1976–1982), Bahrain (1972–2005), Bangladesh (1975–1990), Benin (1963–
1974), Bhutan (1960–2005), Bolivia (1964–1981), Brazil (1964–1984), 
Burkina Faso (1966–1990), Burundi (1962–1992), Cameroon (1960–2005), 
Central African Republic (1960–1992, 2003–2005), Chile (1973–1988), 
Democratic Republic of Congo (1960–1969, 1992–1995, 2003–2005), 
Republic of Congo (1960–1991, 1998–2005), Cote d’Ivoire (1960–1989, 
1999–2001), Cuba (1960), Dominican Republic (1960–61), Ecuador (1963–
1967, 1970–1978), Egypt (1960–2005), El Salvador (1960–1979), Eritrea 
(1993–2005), Ethiopia (1960–1973), Gabon (1963–2005), Gambia (1965–
1969, 1994–2000), Ghana (1960–1991), Greece (1967–1974), Guinea 
(1960–2005), Haiti (1960–1989, 1991–1993, 1997–2004), Honduras (1963–
1980), Indonesia (1960–1998), Iran (1960–1978), Iraq (1960–1993, 1998–
2003), Jordan (1960–1969, 1972–2005), Kazakhstan (1992–2005), Kenya 
(1964–1991), South Korea (1960–1979), Kuwait (1961–2005), Kyrgyzstan 
(1992–2005), Lesotho (1970–1992, 1998–1999), Liberia (1980–1988, 
1997–1998), Libya (1960–1968), Madagascar (1973–1990), Malawi (1964–
1993), Mauritania (1960–1990), Morocco (1960–2005), Mozambique 
(1975–1976), Myanmar (1962–2005), Nepal (1960–1990, 2002–2005), 
Nicaragua (1960–1983), Nigeria (1971–1979, 1984–1999), Oman (1960–
2005), Panama (1968–1988), Paraguay (1960–1988), Peru (1960–1979, 
1990–2000), Philippines (1972–1986), Portugal (1960–1973), Qatar (1972–
2005), Rwanda (1973–1978, 1995–2005), Saudi Arabia (1960–2005), Sene-
gal (1963–1980), Seychelles (1977–1979), Sierra Leone (1967–1990), Spain 
(1960–1975), Sudan (1973–1982), Suriname (1980–1986, 1990), Swaziland 
(1968–2005), Syria (1961–2005), Taiwan (1960–1991), Tanzania (1964–
2005), Th ailand (1960–1973, 1976–1987, 1991), Togo (1963–2005), Tunisia 
(1960–1986), Turkey (1960, 1980–1982), Uganda (1966–1979, 1990–1995), 
United Arab Emirates (1971–2005), Uruguay (1973–1984), Yemen (1990–
1993), North Yemen (1960–1961, 1971–1989), South Yemen (1967–68), and 
Zimbabwe (1980–2005). 

 Communist regimes and Islamic republics are classifi ed according to the 
countries’ own self-classifi cation as such. Communist regimes were Albania 
(1960–1991), Benin (1975–1990), Bulgaria (1960–1990), China (1960–2005), 
Democratic Republic of Congo (1970–1991), Cuba (1961–2005), Czechoslova-
kia (1960–1989), East Germany (1960–1989), Mongolia (1960–1989), Poland 
(1960–1989), USSR (1960–1991), South Yemen (1969–1985) and Yugoslavia 
(1960–1990). Islamic republics were Afghanistan (2002–2005), Iran (1979–
2005), Libya (1969–2005), Mauritania (1991–2005), and Pakistan (1972–2005). 
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 Virtually all of the European colonies in 1960 have since been transferred 
to sovereign hands. Colonies listed were Algeria (1960–1962), Angola 
(1960–1974), Bahamas (1960–1973), Bahrain (1960–1971), Barbados 
(1960–1966), Belize (1960–1981), Botswana (1960–1966), Cape Verde 
(1960–1975), Fiji (1960–1970), Gambia (1960–1964), Hong Kong (1960–
1996), Jamaica (1960–1961), Kenya (1960–1963), Kuwait (1960), Lesotho 
(1960–1966), Macao (1960–1999), Malawi (1960–1963), Malta (1960–
1963), Mauritius (1960–1968), Mozambique (1960–1974), Namibia (1960–
1990), Papua New Guinea (1960–1975), Qatar (1960–1971), Rwanda 
(1960–1962), Samoa (1960–1961), Seychelles (1960–1976), Sierra Leone 
(1960), St. Vincent and the Grenadines (1960–1979), Suriname (1960–
1975), Swaziland (1960–1967), Tanzania (1960–1963), Tonga (1960–1970), 
Uganda (1960–1961), and Zimbabwe (1960–1979). However, there was not 
enough overlap with the inequality data to justify including this variable in 
the model. 

 Periods of civil war were also classifi ed separately, since the chaos 
brought by civil war is oft en a more powerful economic and political signal 
than the type of imperiled regime per se. Civil war periods were Afghani-
stan (1978–2001), Algeria (1991–1999), Angola (1975–2002), Bangladesh 
(1971), Bosnia and Herzegovina (1991–1995), Burundi (1993–2005), Dem-
ocratic Republic of Congo (1996–2002), Republic of Congo (1997), Cote 
d’Ivoire (2002–2005), Croatia (1991–1995), Cyprus (1963–2005), Domin-
ican Republic (1965–1966), El Salvador (1980–1992), Ethiopia (1974–
1991), Guatemala (1960–1996), Iraq (1994–1997, 2004–05), Jordan 
(1970–1971), Liberia (1989–1996, 1999–2003), Moldova (1992), Mozam-
bique (1977–1993), Nigeria (1966–1970), Pakistan (1971), Rwanda (1990–
1994), Sierra Leone (1991–2001), Somalia (1991–2005), Sri Lanka 
(1983–2001), Sudan (1960–1972, 1983–2005), Uganda (1980–1989), 
Yemen (1994), North Yemen (1962–1970), and South Yemen (1986). As 
with European colonies, we did not have the inequality data suffi  cient to 
justify inclusion of this variable. 

 Control variables used included world regional categories (North America, 
Central and Eastern Europe, sub-Saharan Africa, Latin America and the Carib-
bean, East Asia, the Middle East, North Africa, Oceania, Western Europe, CIS, 
and South Asia) and World Bank data on GDP per capita and openness to inter-
national trade. Time-fi xed eff ects were also tested as part of sensitivity analysis, 
but (thanks to construction of the recent democracies variable) they were not 
signifi cant in these regressions. 
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        Appendix II 
R E S U LTS  U S I N G  OT H E R  P O L I T I C A L  C L A S S I F I C AT I O N 
S C H E M E S     

 When the Cheibub and Gandhi index of democracy is used to explain the UTIP-
UNIDO inequality measures, dictatorships appear to be more unequal than 
democracies.  Table  5.A1   shows this result alongside the regional controls, which 
are broadly similar in all of the regressions, and the economic controls, which 
vary from one to the next.    

     Table 5. A1.      UTIP-UNIDO Inequality and the Cheibub and Gandhi 
Democracy-Dictatorship Index with Controls and 
Time-Fixed Eff ects  

   Parameter Estimate  T Value  P Value     

 Intercept  –1.41318  –28.27  <.0001   

 Cheibub Index 
(0 democracy, 1 dictatorship) 

 0.14564  6.91  <.0001   

 East Asia  –0.18817  –4.46  <.0001   

 Commonwealth of 
Independent States 

 –0.00905  –0.17  0.8643   

 Western Europe  –0.71993  –20.96  <.0001   

 Oceania  –0.45633  –10.42  <.0001   

 Central and Eastern Europe  –0.53817  –14.62  <.0001   

 North America  –0.54581  –10.11  <.0001   

 Sub-Saharan Africa  0.05230  1.69  0.0910   

 Latin America  –0.12929  –4.00  0.0020   

 Log of GDP per capita  0.04912  3.64  0.0003   

 Degree of openness 
(exports + imports)/GDP 

 –0.00020258  –1.07  0.2862   

 N  1,680   

 R 2   37.00%   

 Adjusted R 2   36.65%   

 F value  81.60   

 Pr > F  <.0001   

  Note : Dependent variable is the log of the UTIP-UNIDO Th eil statistic.   
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 Again using UTIP-UNIDO as the measure of inequality, the Polity/Freedom 
House regime classifi cation points toward the opposite conclusion: that (other 
things equal) democracies are  more  unequal than dictatorships ( table  5.A2  ).    

 Substituting the World Bank democracy index, as with Polity/Freedom 
House, also generates the result that more-democratic nations are more 
unequal.    

 Again using UTIP-UNIDO to measure inequality, but now substituting 
the Hadenius categorical regime classifi cation scheme, the regression again 
fi nds that inequality increases with democracy, as it does with “theocracy,” 

     Table 5. A2.      UTIP-UNIDO Inequality and the Polity/Freedom House 
Democracy Index with Full Controls  

   Parameter Estimate  T Value  P Value     

 Intercept  –1.48851  –25.39  <.0001   

 Polity FH 
(0–10, 10 most democratic) 

 0.02322  6.63  0.0002   

 East Asia  –0.20923  –4.13  <.0001   

 Commonwealth of 
Independent States 

 –0.02279  –0.40  0.6867   

 Western Europe  –0.77353  –18.60  <.0001   

 Oceania  –0.45828  –8.74  <.0001   

 Central and Eastern Europe  –0.55583  –12.81  <.0001   

 North America  –0.56536  –8.64  <.0001   

 Sub-Saharan Africa  0.02294  0.64  0.5253   

 Latin America  –0.15110  –4.01  <.0001   

 Log of GDP per capita  0.05833  3.67  0.0003   

 Degree of openness 
(exports + imports)/GDP 

 –0.00017078  –0.80  0.4260   

 N  1,328   

 R 2   36.20%   

 Adjusted R 2   35.61%   

 F value  62.17   

 Pr > F  <.0001   

  Note : Dependent variable is the log of the UTIP-UNIDO Th eil statistic.   
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while decreasing with “one-party military regimes” and with monarchy. Th ese 
results lack both theoretical rationale and intuitive plausibility ( Table  5.A4  ).    

     Table 5. A3.      UTIP-UNIDO Inequality and the World Bank Democracy Index 
with Controls and Time-Fixed Eff ects  

   Parameter Estimate  T Value  P Value     

 Intercept  –1.34254  –21.91  <.0001   

 World Bank Index 
(1–10, 10 most democratic) 

 0.00009788  2.49  0.0128   

 East Asia  –0.10231  –2.19  0.0291   

 Commonwealth of 
Independent States 

 0.07524  1.25  0.2103   

 Western Europe  –0.50321  –13.68  <.0001   

 Oceania  –0.32066  –6.58  <.0001   

 Central and Eastern Europe  –0.42085  –9.94  <.0001   

 North America  –0.40485  –6.32  <.0001   

 Sub-Saharan Africa  0.07389  1.98  0.0480   

 Latin America  –0.00563  –0.15  0.8791   

 Log of GDP per capita  0.02566  1.60  0.1095   

 Degree of openness 
(exports + imports)/GDP 

 –0.00025427  –1.2  0.2263   

 N  2,204   

 R 2   31.25%   

 Adjusted R 2   30.57%   

 F value  45.68   

 Pr > F  <.0001   

  Note : Dependent variable is the log of the UTIP-UNIDO Th eil statistic.   
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     Table 5. A4.      UTIP-UNIDO Inequality and the Hadenius Regime 
Classifi cation with Controls and Time-Fixed Eff ects  

   Parameter Estimate  T Value  P Value     

 Intercept  –1.30044  –21.14  <.0001   

 Democracy  0.05305  2.08  0.0374   

 Multiparty monarchy  0.11767  1.24  0.2143   

 No party monarchy  0.02724  0.47  0.6391   

 Th eocracy  0.30816  2.75  0.0060   

 Monarchy  –0.09786  –1.67  0.0942   

 One party  –0.05182  –1.47  0.1408   

 Military one party  –0.34422  –6.11  <.0001   

 Military multiparty  –0.04242  –0.83  0.4089   

 East Asia  –0.11996  –2.68  0.0074   

 Commonwealth of 
Independent States 

 0.07403  1.31  0.1902   

 Western Europe  –0.55212  – 15.91  <.0001   

 Oceania  –0.31843  –6.80  <.0001   

 Central and Eastern Europe  –0.45462  –11.31  <.0001   

 North America  –0.38864  –6.89  <.0001   

 Sub-Saharan Africa  0.05648  1.63  0.1038   

 Latin America  –0.04920  –1.39  0.1655   

 Log of GDP per capita  0.00622  0.35  0.7284   

 Degree of openness 
(exports + imports)/GDP 

 0.00008826  0.39  0.6945   

 N  1,421   

 R 2   35.86%   

 Adjusted R 2   34.98%   

 F value  41.21   

 Pr > F  <.0001   

  Note : Dependent variable is the log of the UTIP-UNIDO Th eil Statistic.   
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         Notes    

       1.     Th is chapter builds on original data work by Sara Hsu (  2008)  , revised and extended by 
Hsu and by Wenjie Zhang. Th e datasets are available at the UTIP site. 

       2.     “Distribution of worker participation income among industry sectors” is Cutright’s 
phrase. During this early period, Jackman (  1974  ) and Bollen and Grandjean (  1981)   
argued that the eff ects of democracy on inequality were inconclusive. 

       3.     Regime stability is discussed extensively in  Cutright  (1963)  , Bollen and Jackman 
(  1989)  , and Gurr, Jaggers, and Moore (  1990  ). 

       4.     Th e experience of the communist regimes of Eastern Europe at the end of the 1980s 
raises a question about the validity of this proposition, but it is also possible that in-
equality rose (from “too litt le” to “just right”) in those countries before democratiza-
tion. 

       5.     In an empirical evaluation of these ideas, based on a multilevel analysis of World Values 
Survey data in thirty-fi ve countries, Wells (  2006)   states that income inequality reduces 
support for democracy. Houle (  2009)   fi nds that inequality does not have a systematic 
eff ect on democratization, so the evidence of a causal eff ect running from economic 
conditions to democratization remains indecisive. 

       6.     Relevant work includes Cutright’s stable democracy index (1963), Bollen and Jack-
man’s examination of measures of democracy and stability (1989), and Gurr, Jaggers, 
and Moore’s measure of regime persistence (1990). See also Desai, Olofsgard, and 
Yousef (  2003)   and Erikkson and Persson (  2003  ). Gradstein and Milanovic (  2004  ) 
also discuss the importance of regime persistence. Bollen and Jackman (  1989)   empha-
size the importance of separating measures of political regime, particularly democ-
racy, from measures of regime stability, while Gurr and colleagues (1990), in their 
construction of the widely used POLITY II dataset, separately examine elite insta-
bility. 

       7.     Th e case of a strong equalizing but nondemocratic institution—the communist party—
that collapses in the run-up to transition would seem to be a natural extension of this 
literature. 

       8.     In the political science literature, the problems have been noted by  Chong  (2004)  . 
       9.     See Elkins (  2000)   for further discussion of this issue. 
       10.     Specifi cally, the Hadenius and Teorell categories are limited multiparty, partyless, no-

party, military, military no-party, military multiparty, military one-party, one-party, 
other, one-party monarchy, monarchy, rebel regime, civil war, occupation, theocracy, 
transitional regime, no-party monarchy, multiparty monarchy, multiparty occupied, 
and democracy. 

       11.     In practice, we found that the overlapping cases were not suffi  ciently numerous to 
matt er, so for practical purposes we used mutually exclusive categories. 

       12.     Esping-Andersen (  1990)   proposed three categories: the liberal state, in which modest 
social-insurance plans dominate; the conservative state, in which status diff erentials 
are preserved; and social democratic states, in which universal social rights are ex-
panded. In our earlier work, we used Esping-Andersen’s social democratic category for 
particular nations and classifi ed the remaining democracies (both conservative and lib-
eral states) as conservative democracies. Gough and Wood (  2004)   extend Esping-
Andersen’s work to developing countries that lack welfare states in the Western sense of 
the term. 

       13.     Measured as the sum of exports and imports, divided by GDP, expressed in percentage 
terms. 

       14.     Th is is not necessarily inconsistent with a nonlinear relationship containing a down-
ward-sloping part, as described in  chapter  2  . For reasons of simplicity, we omitt ed the 
quadratic term in these regressions. 
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       15.     As noted in  chapter  3  , these are income versus expenditure measures, measures based 
on households versus measures based on personal incomes, and measures based on 
gross income (or expenditure) versus those calculated net of tax. 

       16.     Th e Vanhanen index of regime classifi cation showed insignifi cant results, and we do not 
report those regressions. 

       17.     One example is a dramatic and violent drop in inequality that shows up for Iran in 1979. 
       18.     Germany was classifi ed as a social democracy even though a part of its current popula-

tion lived under communism until 1989. Some might argue that social democracy 
ended in the UK with the arrival of the Th atcher government in 1979, or in New Zea-
land with the neoliberal reforms of the early 1990s. 
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C H A P T E R  6
         Th e Geography of Inequality in America, 
1969 to 2007  

    Strange though it may now seem, for the fi rst forty years aft er World War II the 
topic of economic inequality in America was a backwater, att racting litt le interest 
and very litt le research. Among economists, a broad consensus held that in-
equality was stable or declining, that the American middle class was dominant in 
both economics and politics and would remain so, and also that it was destined 
to absorb rich and poor alike into a single common social net. Th e general Amer-
ican self-image was not of “capitalism” or “free enterprise” but of the mixed 
economy, strongly stabilized by the New Deal, by a progressive income and 
estate tax, a high minimum wage, and later on by the impact of Lyndon Johnson’s 
Great Society, especially Medicare and Medicaid but also parts of the War on 
Poverty. In 1969, when measured inequality reached its low point, there is no 
evidence that anyone anticipated the turnaround to come. 

 Wage and earnings (or pay) inequality—inequality measured across jobs—
began to rise with the recessions of 1970 and 1973–1974 and then sharply in the 
back-to-back recessions of 1980 and 1981–1982, peaking initially around 1984. 
Pay inequality then stabilized, but household earnings inequality continued to 
rise, in part because the recessions and economic dislocation set off  major 
changes in family life, increasing the number of low-income single parent house-
holds that would fall to the bott om of the income scales and also the number of 
double-income families without children that would move to the top.   1    Th us the 
shocks to jobs and pay had both direct and secondary eff ects, recreating income 
and living-standard diff erentials and class diff erences that had been muted, 
 especially among white Americans, since the Great Depression and the Second 
World War. 
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 Economists were perhaps the last group to realize this. Practically no pro-
fessional att ention was called to rising inequality before the mid-1980s, 
when Barry Bluestone and Bennett  Harrison published  Th e Great U-Turn .   2    
Working with thin information but good instincts, they laid the blame squarely 
on deindustrialization and on the decline of unions that was then plainly 
under way, due in part to severe industrial recessions and in part to transna-
tional production and off shore relocation of manufacturing jobs. Bluestone 
and Harrison were, however, left -labor–oriented economists, and it would not 
be for them to defi ne how the profession as a whole would react to these events. 

 Th e response from within mainstream economics appeared in 1992, when John 
Bound and George Johnson published in the  American Economic Review  an article 
fi ngering a quite diff erent culprit, which they called “skill-biased technological 
change.” According to them, the deep cause of rising inequality was change in pro-
duction methods, which were said to require a workforce with ever larger amounts 
of skill and training. Th is created a mismatch between skills and the demand for 
skill, an increasing return to education and a rise in inequality as those who were 
well positioned to take advantage of the demand for their specialized skills reaped 
the rewards at the expense of the dim and the slow. Since this was a market-based 
explanation, strongly rooted in microfoundations and leading to microsolutions, it 
quickly became the orthodox view. Yet there was no direct evidence for it, of any 
kind, and how it might apply to all of the low-skilled, small-shop service jobs that 
had become the overwhelming majority of American employment was never 
made clear. Criticism, as early as 1994 from Adrian Wood (who favored the trade-
did-it theory), was given a briefl y respectful hearing and brushed off . 

 Th e skill-bias view entrenched itself over the 1990s. For the mainstream, 
in addition to its supply-demand microfoundations, it had two comforting 
political features: it subsumed rising inequality into inevitable and desirable 
technical progress, and it placed the onus on individual workers to improve 
their lot through education and training. It thus defl ected those who might be 
tempted to call for public action. 

 My engagement with this fi eld began around 1995 on the request of Richard 
Leone at the Twentieth Century Fund (now the Century Foundation), who 
proposed that I write a monograph evaluating the role of trade as against tech-
nology. A review of the research to that point revealed that the actual evidence 
for the skill-bias thesis was almost unbelievably thin. Th ere were no suitable 
datasets showing the rise of pay (as distinct from income) inequality in the 
United States on an annual basis, so one could not even tell exactly when 
 increases that had been observed from separate surveys in (say) 1976 and 1988 had 
actually occurred.   3    Studies alleging direct links between particular technologies 
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(computerization, notably) and changes in pay were very scarce and casually 
argued. And there was still less (in those days before DS) to support claims 
about what was happening in the rest of the world. 

 Th is led to the start of my work on the measurement of inequality, to the idea of 
applying the Th eil statistic to employment and earnings data, and eventually to 
publication of  Created Unequal , which presented new measures of pay inequality 
and used them to develop an early critique of the skill-bias hypothesis. Using an-
nual data on pay inequality permitt ed events to be timed precisely, and so  Created 
Unequal  could show the clear link between inequality and unemployment within 
the manufacturing sector; it made the fi rst sustained argument that the true 
causes of rising inequality in the United States were macroeconomic. Th e book 
was widely reviewed and well received—though not, especially, by mainstream 
economists. However, over the course of the early 2000s evidence from the 1990s 
gradually sank in, and several notable empirical economists dissented from the 
skill-bias argument, among them David Card of Berkeley ( Card and DiNardo 
 2002  ) and Robert Z. Lawrence at Harvard (Lawrence   2000  ). 

 As everyone knows,  household income inequality , a much broader construct 
than pay and especially than pay within manufacturing, increased in the late 
1990s. Indeed, the rise in household income inequality was extreme, driving the 
most widely used and publicized measures, notably the annual calculations of 
the Census Bureau ( Jones and Weinberg   2000  ), to record heights. Th ese in-
creases were associated not with remuneration for work—that is, with what we 
normally call “wages”—but with the asset price boom, especially in the informa-
tion technology sector. One of the things I showed in  Created Unequal  was how 
the technology-producing sector had structured itself, almost uniquely within 
the American economy, to take advantage of venture capital and use those funds 
to bid up pay, especially in the higher ranks of the technology fi rms. Th e late 
1990s gave ample proof that this was indeed the driving force behind the rise in 
income inequality as a whole in those years. 

 In income tax data, this appeared as stock options realizations, as capital 
gains, and as salaries and cash bonuses paid not from sales revenues but from 
funds that had been raised from investors.   4    Th us even though the pay distribution 
inside manufacturing—payments to hourly workers and salaried managers—
benefi ted from compression thanks to overtime and strong demand for low-end 
workers, the taxable income share of the top 0.1 percent of tax fi lers rose sharply, 
as documented by Th omas Pikett y and Emmanuel Saez from tax records. Pikett y 
and Saez (  2003)   showed that the share of the very wealthiest in taxable income 
reached levels at least comparable to the late 1920s.   5    Meanwhile polemicists 
picked up on the outsized gap between chief executive offi  cer compensation and 
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average-worker pay—a stark ratio, even though it tends to overlook the fact that 
there are only fi ve hundred Fortune 500 CEOs at a given time,   6    and that com-
pared to hedge fund managers many of them are pikers. 

 Although economic orthodoxies die hard, the evidence against the notion 
that “skill bias” drives economic inequality becomes clearer with every passing 
year, and it can be reduced to a pair of major propositions. Th e fi rst is that 
 inequality in the structures of pay in America—the inequality that appears 
between jobs when one focuses on the working population alone, on people 
actually subject to the labor market—varies mainly with the rate of unemploy-
ment.  Figure  2.6   has already illustrated this, using monthly data going back to 
1953, though restricted to the manufacturing sector. Th e most likely reason 
for this close relationship is simply that the actual data are drawn from weekly 
earnings, not from hourly pay rates (which no dataset observes directly); and 
that unemployment varies closely with involuntary part-time work and with 
the availability of overtime, which apply more to the lower part of the wage 
scale (and not at all to people on salary). Th us inequality in manufacturing pay 
and unemployment in the larger economy refl ect forces that are essentially the 
same. Apart from this, wage structures in America are surprisingly stable, 
refl ecting sett led diff erentials within companies and slow-moving changes in 
the major sectors that off er employment. Th e big changes in the overall 
distribution of pay for work are due to the changing composition of jobs, 
 including the decline of manufacturing in total, and the enormous rise in jobs 
in the low-wage services sector. 

 Th e second key fi nding is that  income inequality , which the Census reports 
from its Current Population Survey but which we can measure in many other 
ways, oft en moves in a diff erent direction from inequalities that are restricted to 
pay for work. As noted above, in the late 1990s as manufacturing pay inequalities 
were falling income inequality surged to record highs. Th e reason once again is 
wholly clear: inequality in the structure of incomes largely follows the stock 
market. People at the very top of the income structure hold a large share of cor-
porate stocks, pay themselves with stock options, and fi nance their companies 
with venture capital in a rising equities market. Small movements in the value of 
their asset holdings as measured on the stock exchange can and do dominate 
their income statements, their tax fi lings, and the movement of inequality in 
household incomes as a whole. In the late 1990s, it was the boom in technology 
markets that drove the capital wealth and the incomes of these individuals up, 
which also drove the inequality in (manufacturing) wage structures down. 

 As we have already seen, in  fi gure  2.5  , one interesting way to present income 
inequality in America is to measure it across the 3,150 counties that make up the 
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United States, using the income tax data presented in the Local Area Personal 
Income Statistics of the Bureau of Economic Analysis (BEA) at the Department 
of Commerce. A between-counties Th eil statistic is easily computed from this 
data, and it tracks the Census Bureau’s survey-based measure of household 
income inequality well.  Figure  2.5   illustrated the close relationship between this 
measure and the proportional change (log) of the NASDAQ stock exchange 
index, whose stocks supply the fi nancial wealth of America’s technology billion-
aires and multimillionaires. Th is relationship holds until around 2003, aft er 
which a diff erent set of forces appears to take over. 

 By now the evidence behind these basic propositions—bearing in mind that 
they refer to distinct economic constructs (pay, income)—is dispositive; there is 
litt le left  to say about the particular debate over skill bias and no reason to dwell on 
it here. Th e question is, What do more recent data show, and what is there to add? 

 Th e standard approach to summary measures of inequality leaves a great 
deal of information either uncollected or on the cutt ing-room fl oor. To know 
that the share of the top 0.1 or 0.01 percent is rising or falling is perhaps inter-
esting, but it doesn’t answer the question,  Who are these people ? What do they 
do? How did their fortunes arise? And, especially,  Are they the same people fr om 
one business cycle to the next ? Or does the identity of America’s biggest eco-
nomic winners change, and is that change traceable to anything interesting? 
Such as, for example, the ebb and fl ow of credit conditions, or the rise and 
decline of political power? 

 Information on the precise patt erns of gain and loss, by geography and by 
industry, can yield clues to these questions, and therefore a guide to the polit-
ical economy of inequality in America. Th is chapter reports on an eff ort to 
furnish some of that information, using measures of interindustrial pay in-
equality and of between-area income inequality. Th e approach distinguishes 
clearly and in fi ne detail the winners and losers in specifi c periods. Th us the 
measurements open up new ways to investigate sources of change in the 
economy, and particularly the infl uence of changing power relationships and 
public policies on distribution.   7    

     Between-Industry Earnings Inequality 
in the United States   

 In Kuznets’s simplest model, there are two sources of inequality: the diff er-
ence in average wages between farms and factories, and the distribution of the 
population across these two large sectors. Either a reduction of one of these 



Th e Geography of Inequality in America, 1969 to 2007   129 

sectors, leading to the economy being predominantly one or the other, or a 
diminution of the diff erential between them will decrease the inequality mea-
sured between them.   8    U.S. economic data are more complex, but we can still 
measure between-industry earnings inequality using the same principles; this 
is in eff ect what the Th eil index does. Overall inequality between sectors 
depends on the diff erentials between average wages and their comparative 
size. Economic sectors are a particularly sensitive fault line, since the relative 
fortunes of sectors capture many important economic changes, but geographic 
information may in some respects be equally important. Sometimes economic 
change varies across activities. Sometimes it varies across places. 

 Th e BEA publishes annual earnings and employment data for industrial 
sectors of the nation as the whole and for individual states. Earnings are defi ned 
as “the sum of Wage and Salary Disbursements, supplements to wages and 
salaries and proprietors’ income” and derive from a virtual census of employers’ 
tax records (BEA   2008  ). As such, there is almost complete coverage of the 
(formal) working population with minimal reporting error. 

 From 1969 until 2000, data were organized according to the Standard Industrial 
Classifi cation (SIC) coding system. Beginning in 2001, the BEA dropped the SIC 
schema in favor of the North American Industry Classifi cation System (NAICS). 
To ease comparisons between the two taxonomies, the BEA released recoded data 
for the 1990 to 2000 period using the NAICS categories. Th us, there are two an-
nual datasets with a decade of overlap, one from 1969 to 2000 and the other from 
1990 to 2007. 

 In addition to measuring inequality between sectors (or places), Th eil’s T sta-
tistic allows us to identify winners and losers and those sectors most responsible 
for changing inequality. By examining the Th eil elements, described in  chapter 
 2  , we can isolate the contribution of each sector to total inequality between sec-
tors. Th e Th eil element will be positive or negative, depending on whether the 
sector’s average earnings are greater or less than the national  average, with the 
contribution weighted by sector size.   9    

  Figure  6.1   displays earnings inequality calculated with an SIC basis from 1969 
to 2000 and a NAICS basis from 1990 to 2007 and Census Bureau measures of 
household income inequality over the same period (DeNavas-Walt, Proctor, and 
Smith   2008  ). Note that the Gini measure suff ers from a break in series, which is 
due to a change in the top coding   10    and survey methods between 1992 and 1993; 
when you improve the quality of an income survey, measured inequality rises. 
Th e earnings inequality measures do not suff er from this problem. Th ey are 
based on a relatively fi ne disaggregation of sectors-within-states—that is, oil dril-
ling in Texas compared to farming in Utah compared to retail in Rhode Island 



 130   Inequality and Instability

compared to all the other combinations of states and sectors—consistently mea-
sured over the time frame. Apart from the data break, the correspondence 
between this broad-based earnings measure and income inequality is very close.    

 Earnings inequality rose substantially over the last four decades, but the rate 
of change varied over the period. From 1969 to 1982, the between–state-sector 
measure of Th eil’s T increased 61 percent, but then earnings inequality 
remained fl at until 1994—the patt ern previously identifi ed in  Created Unequal . 
A renewed run-up from 1995 to 2007 was interrupted only by a pause from 
2000 to 2003. Th e shift  in coding regimens from SIC to NAICS has litt le eff ect 
on the pay inequality metric. Over the eleven data points where both coding 
schemes are available, the two series move in lock step. Th e correlation coeffi  -
cient of the two series across the overlapping years of 1990 to 2000 is .98, and 
the year-over-year changes have a correlation of .88. 

 Th e richness of the BEA data allows us to explore earnings inequality 
through myriad lenses—broader or narrower sectors at the state or national 
level. It is useful at this point to compare measures of inequality at diff erent 
levels of aggregation and disaggregation, and for this we can borrow the 
Lorenz curve momentarily from its normal use as underpinning for the Gini 
coeffi  cient. Lorenz curves can be plott ed piecewise from grouped data using 
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  Figure 6.1.     Between–state-sector earnings inequality and household income 
inequality 1969–2007.5   
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the average income for each group, and this exercise helps to tell us by how 
much measured inequality increases when we move from a coarse to a fi ne 
level of aggregation. 

  Figure  6.2   displays Lorenz curves for four group structures in 2007: the 
fi ft y-one states   11    (all economic sectors included), twenty-one broad eco-
nomic sectors at the national level, ninety-three narrowly defi ned economic 
sectors at the national level, and 4,389 narrowly defi ned economic sectors at 
the state level. (Some states lack a full deck of economic sectors.)

   Each Lorenz curve has an associated Gini coeffi  cient; they rise in order from 
0.089 to 0.259 to 0.301 to 0.320. Th e fi gure and coeffi  cients reveal two key 
facts. First, in the United States, sector matt ers more than geography, broadly 
drawn; inequality between states is now very low, and there is much greater 
variance in pay across sectors than across large distances. Th is corresponds to 
a basic reality of American life: it is fairly easy to move from one place to an-
other while maintaining similar pay and the same line of work. Movement 
across industries, on the other hand, is diffi  cult and can involve large gains or 
losses, even for relatively low-paid work but especially for high-paid work. Th is 
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  Figure 6.2.     Lorenz curves for the U.S. distribution of pay in 2007 using various 
group structures.   
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may be why (as a casual observation) Americans tend to identify themselves by 
the industry they work in, and not so much by the place where they live. 

 Second, adding sector detail generates litt le additional information, and it 
increases the measure of inequality only by small amounts. Th e very coarse 
set of twenty-one broad national sectors actually captures the bulk of 
between–state-sector pay diff erences. Moving to the fi ner grid of ninety-three 
sectors adds only a bit more than four Gini points   12    to the measure. Breaking 
up the ninety-three into fi ft y-one separate state-level sectors adds less than 
two Gini points to the measure. Although for some purposes one would, of 
course, like to go all the way and obtain a “true Gini” based on the entire pop-
ulation, at the individual level, in practice there is no such measure; even the 
Census Bureau’s measure, which is based on the Current Population Survey, 
is drawn from a sample of sixty thousand households, and for reasons 
explained in a note, sampling for the purposes of measuring an income 
distribution is a very hazardous procedure.   13    

 Returning to the Th eil statistic, we can make an easy calculation, at every 
level, of the evolution of inequality over time.  Figure  6.3   displays this evolution 
of pay inequality from 1990 to 2007 using the same four category structures.

   Th e measures generally move together over time, suggesting again that im-
provements in the classifi cation structure may be more trouble than they are 
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worth. Yet each between-sector metric is useful in its own way. Th e twenty-one-
sector national-level measure is the easiest to visualize, while the measures that 
use a larger number of sectors identify those narrow groups most responsible for 
 inequality changes. Th e underlying Th eil elements are a way to identify the cul-
prits descriptively; there is no need to resort to econometrics. 

  Figure  6.4   breaks down the annual measures of pay inequality among the 
twenty-one broad national-level economic sectors into their constituent Th eil 
elements. Th e black line tracks the overall Th eil’s T (the sum of all the ele-
ments),   14    while the stacked portions of the bar graphs show the individual com-
ponents, one for each sector. Th e legend is organized such that all of the sectors 
above the horizontal axis in 2007—those with above-average earnings—are in 
the upper box, starting with the sector that contributed “most” to inequality: 
manufacturing. Likewise the lower box lists all the sectors contributing to 

      
  Figure 6.4.     Th eil elements of between-sector pay inequality in the U.S.,1990–2007.   
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inequality “from below” in 2007, that is to say, all those whose average pay was 
less than the national average. Not surprisingly, the list begins with the largest 
contributor to inequality having below-average earnings: retail trade.    

 Two trends that emerge clearly from  fi gure  6.4   are the waning and waxing 
of the public sector since 1990 and, even more, the rising importance of fi nance 
and insurance, especially from 1990 until 2001. It is notable that the 1990s 
under President Clinton were not banner years for government and govern-
ment enterprises; the public sector fared markedly bett er, in relation to the rest 
of the economy, under George W. Bush. 

 Taken as a whole, the period from 1990 to 2007 was one of rising earnings 
inequality. As Kuznets taught, the source of this increase could be either 
changes in relative wages or changes in sector employment shares, or both. 
 Figure  6.5   shows the relative average wages and employment levels of the 
twenty-one sectors in 1990 and 2007. Th e sectors are ordered according to 
relative average income in 2007.    
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  Figure 6.5.     Relative earnings and employment in 21 U.S. sectors, 1990 and 2007.   
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 Th e largest contributors to inequality from above during this period were 
professional and technical services, and fi nance and insurance. Finance and in-
surance saw a slight decline in jobs over this period but still contributed to rising 
inequality with immense growth in relative earnings. Professional and technical 
services, spurred by the information technology revolution, gained employment 
share and experienced a small increase in relative earnings. Administrative and 
waste services, and real estate rental and leasing, which both boasted signifi cant 
employment gains, added the most to inequality from below. Relative average 
earnings in real estate actually improved, but not enough to off set the fl ood of 
new jobs into what remains a low-paid sector. Overall the fi gure displays for us 
the complexity of rising inequality in America during these years, which never-
theless reduces to two core facts: rapidly growing pay in a few small high-paid 
sectors, and growing employment in a few large but low-paid sectors. However, 
the small number of sectors examined at this level still obscures some important 
facts. We do not know, from this information, just how concentrated income 
gains actually were. 

 When we increase the number of sectors, what do we fi nd? We fi nd that the 
increases in inequality are due mainly to changes in the relative pay of a very small 
number of subsectors, in a very small number of places, involving a very small 
number of people. Income inequality, in other words, is a matt er of the “fat tail” of 
the income distribution. It has very litt le to do with changes  aff ecting the broad 
middle of the working population, and very much to do with the incomes of a 
small number at the very top. (In this way, the analysis is fully consistent with the 
view from econophysics, which describes income distributions as being derived 
from two statistical distributions, the fi rst a “most probable” Boltzmann 
distribution aff ecting most income earners and the second a “power law” aff ecting 
those at the very top.) 

 Common sense can guide the search for high-leverage sectors. Th e emergence 
of personal computing and information technology as major forces in the mid-
to-late 1990s and the housing boom before the Great Crisis were hallmark eco-
nomic phenomena of the last two decades. From 1996 to 2000, nominal earnings 
per job in computer and electronic manufacturing rose from $57,268 to $83,848. 
Likewise, from 2001 to 2006 earnings per job for construction of buildings grew 
from $53,140 to $66,112, and the sector added more than three hundred thou-
sand jobs. Indeed, computer manufacturing and construction were two signifi cant 
contributors to the increase in earnings inequality during these episodes. 

 Other sectors also saw wide swings in their fortunes, but they account for 
just a tiny part of the workforce. Th us the pay increases in sectors listed in 
 table  6.1  , which contained only 3.8 percent of all workers in 2001, accounted 
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for the entire rise in pay inequality during the information technology boom. 
Th e other 96.2 percent of the working population was, simply, unaff ected, 
except by comparison with those 3.8 percent.    

 Th e boom sectors experienced a 58 percent climb in nominal average earn-
ings in the fi ve-year period from 1996 to 2001. All other sectors gained 22 per-
cent. Th e employment growth rate in the highfl iers, on the other hand, was roughly 
half that for the rest of the economy. Th is separation of the boom sectors from 
the rest of the economy explains  all  of the increase in between-sector  inequality 
from 1991 to 2001. Th is is evident in  fi gure  6.6  , which parses Th eil’s T for 
between-sector earnings inequality into three components: inequality among 
the information technology boom sectors, inequality among the sectors in the 
rest of the economy, and inequality between the high-growth sectors and the 
rest of the economy from 1991 to 2001.    

 Inequality measured between the twelve high-leverage sectors in  table  6.1   
was essentially unchanged from 1991 to 2001. Inequality between the other 
eighty-two national-level sectors actually declined slightly, no doubt refl ecting 
the eff ect of high employment and strong demand on hours and overtime in 

     Table 6.1.     U.S. Average Pay in 1996 and 2001 in 12 High-Growth Sectors  

   Sector  Average Wage   

 1996  2001     

 Computer and electronic product manufacturing  $57,268  $78,198   

 ISPs, search portals, and data processing  $44,426  $68,175   

 International organizations, foreign embassies, 
consulates 

 $83,632  $107,550   

 Internet publishing and broadcasting  $54,116  $82,080   

 Funds, trusts, and other fi nancial vehicles  $50,132  $79,931   

 Utilities  $82,384  $113,605   

 Oil and gas extraction  $49,765  $90,958   

 Broadcasting, except Internet  $91,831  $133,576   

 Securities, commodity contracts, investments  $46,249  $88,604   

 Petroleum and coal products manufacturing  $124,821  $200,367   

 Lessors of nonfi nancial intangible assets  $91,556  $192,836   

 Pipeline transportation  $ 93,285  $299,978   

 All other sectors  $31,276  $38,099   
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the lower-wage sectors. But inequality between the haves and have-nots rose 
sharply. It alone accounts for the entire 17.2 percent increase in between-sector 
earnings inequality during this period. 

 In the slump of 2000–2001, which signaled the end of the information 
technology boom, income inequality fell quite sharply. Th is again refl ected 
the bust of the highfl iers, and very litt le else, which is why that slump was per-
ceived as mild by most Americans—even though it marked the end of an era. 

 In 2003, the economy began again to grow, and pay inequalities measured 
between sectors also increased. Our method quickly points to an oft en-overlooked 
fact. Except for fi nance, the big winners from rising income inequality aft er 2003 
 were not exactly the same  as they had been in the information technology boom. 
Th ey were diff erent people, in diff erent activities, and as we shall see they lived 
in diff erent parts of the country. Th e recovery of the Bush years was, actually, 
more broadly based than had been true in the 1990s; it refl ected wage gains in a 
wider array of sectors that contain a higher percentage of employment. But the 
patt ern is similar.  Table  6.2   shows average wages in fi ft een high-growth sectors in 
2003 to 2007.   15       
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  Figure 6.6.     Between-sector inequality in the U.S., 1991–2001.   
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 Th ese sectors accounted for 7.4 percent of total jobs in 2007. From 2003 to 
2007, average earnings in these “Bush boom” sectors increased 32 percent, while 
earnings in the rest of the economy averaged 13 percent, barely keeping pace 
with infl ation. Yet (as in the 1990s) the rate of job growth in the highfl iers was 
half of that for the other sectors over this period. Aft er experiencing brief stagna-
tion in earnings growth during the information technology bust, computer and 
electronic product manufacturing and securities, commodity contracts, and 
investing experienced strong rebounds in earnings from 2002 to 2007. However, 
none of these sectors regained the employment levels of 2000. To the contrary: 
computer and electronic product manufacturing shed 29 percent of its work-
force from 2000 to 2007. 

  Figure  6.7   shows the contributions of inequality among the Bush boom sec-
tors, inequality among all other sectors, and inequality between the high-
growth sectors and lower-growth sectors from 2000 to 2007.    

     Table 6.2.     U.S. Average Pay in 2003 and 2007 in 15 High-Growth Sectors  

   Sector  Average Wage   

 2003  2007     

 Military  $53,178  $71,616   

 Federal, civilian  $79,153  $98,844   

 Computer and electronic product manufacturing  $88,365  $108,125   

 Mining (except oil and gas)  $66,671  $89,371   

 Water transportation  $70,634  $93,452   

 Management of companies and enterprises  $83,618  $106,587   

 Support activities for mining  $61,650  $87,241   

 Chemical manufacturing  $97,062  $124,020   

 Utilities  $127,487  $157,138   

 Securities, commodity contracts, investments  $83,053  $113,907   

 Broadcasting, except Internet  $149,362  $197,862   

 Other information services  $34,490  $86,726   

 Oil and gas extraction  $ 98,979  $167,418   

 Pipeline transportation  $181,197  $263,350   

 Petroleum and coal products manufacturing  $185,070  $363,962   

 All other sectors  $38,989  $43,949   
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 Unlike the information technology boom, during which inequality within the 
high-growth and low-growth sectors was relatively stable, the Bush boom saw rising 
inequality  among  the sectors in  table  6.2  ,  among  the sectors in the rest of the 
economy, and  between  those sectors that surged ahead and those that stayed behind. 
Nonetheless, in this period, as before, the disparity between the haves and have-
nots explains the majority of the total increase in between-sector earnings inequality. 

 By coincidence or design, sector performance seems to have a political dimen-
sion. Technologists and fi nanciers were key supporters of President Clinton, and 
these sectors thrived under his leadership. Under President Bush, workers in ex-
traction industries, the military, and, ironically, government did very well. Th is no 
doubt refl ects the administration’s policies of deregulation, including opening fed-
eral lands to mining and drilling. It refl ects the commodities boom, which owed 
something to far lower interest rates aft er September 11, 2001. Th e oil business was 
consistently lucrative during the Bush years. And there was war. 

 Th e lagging sectors are also informative. Declining fortunes in the domestic 
auto industry in the 2000s, leading to the bankruptcy of General Motors in the 
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  Figure 6.7.     Between-sector inequality in the U.S., 2000–2007.   
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Great Crisis, mitigated the impact on total inequality of expansion and earn-
ings gains in other sectors. Th e motor vehicles, bodies, and trailers and parts 
manufacturing sector, which consistently pays wages well above the national 
average, lost jobs and saw stagnant earnings from 2002 to 2007; thus inequality 
 declined  on that account. Th is is of course not good news, and it sounds a caution 
against regarding any inequality statistic as an indicator of social welfare per se. 
Sometimes a decrease in inequality is to be celebrated, and sometimes it is not. 

 A mere inspection of this evidence has obvious implications for the notion 
that inequality is a “race between education and technology,” as Goldin and 
Katz (  2008)   have argued. Th e simple intersectoral dynamic shows, plainly, 
that  there are practically no jobs to be had in the winning sectors . Employment in 
those sectors is small. It grows slowly, even when the sectors are booming. 

 So even if large numbers of young people “acquire the skills needed to 
advance” (Paulson,   2006  ), there is no evidence that the economy will provide 
them with employment in the hot fi elds. And there is another problem. To invest 
in education as a strategy is to presuppose that one knows, in advance, what the 
education should be for. Education is specialized. It does litt le good to train for 
jobs that, in the short space of four or fi ve years, may (and do) fall out of fashion. 
Th ose who entered computer science in the late 1990s learned this the hard way. 

 The experience of the transition from information economy to war 
economy clearly indicates that we cannot know what to train for. Rather, 
education and training have become a kind of lott ery, whose winners and 
losers are determined,  ex post , by the behavior of the economy. Th us students 
who studied information technology in the mid-1990s were lucky; those 
completing similar degrees in 2000 faced unemployment. And who pre-
dicted that the  public sector  would fare so well, relatively speaking, under 
President George W. Bush? At present writing, with budget cutt ing all the 
rage, that moment too is over. 

     Th e Changing Geography of American 
Income Inequality   

  Figure  6.2   shows that variation in earnings across sectors, even when crudely 
aggregated, far surpasses the variation in earnings across states. But there is 
substantial geographic variation in the earnings and incomes as well. At the 
state level, per capita income ranged from $27,028 in Mississippi to $57,746 in 
Washington, D.C., in 2006, a ratio of bett er than 2:1 in favor of the capital. 
Measured across counties, the range is higher than 12:1, from a per capita 
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income of just $9,140 per person in Loup County, Nebraska, to $110,292 in 
New York, New York. 

 Th e BEA defi nition of income includes wages and salaries but also incorpo-
rates rent, interest and dividends, government transfer payments, and other 
sources.   16    As such, income aff ords a broader picture of economic well-being 
than earnings. Th e ideal dataset for studying income inequality would include 
regular measurements of income for all individuals or households along with 
geographical and demographic identifi ers. Such data exist in the form of 
income tax returns, but researchers do not have access to individual records. 

 However, as noted above, the BEA produces income and population esti-
mates for every county in the United States annually.   17    Th ese data are supplied 
through Local Area Personal Income Statistics in the Regional Economics 
Accounts (BEA   2008  ). Given this annual series, we calculate Th eil’s T for 
income inequality measured between counties.   18    

 As with sector-based measures, changes in between-county income in-
equality have two components: changes in relative population and changes in 
relative incomes. Inequality declines when poor counties add income faster 
than rich counties or middle income counties add population faster than 
counties at either tail of the distribution. When rich counties get relatively 
richer, poor counties get relatively poorer, or middle income counties lose pop-
ulation share, inequality rises. 

 From 1969 to 2006, between-county income inequality in the United States 
increased, but the path was not smooth. In the fi rst years of the period, from 
1969 to 1976, cross-county inequality declined. Th en a steady rise in inequality 
occurred until the mid-1980s, from which point it accelerated through the end 
of the decade. 1990 to 1994 saw another decline. Th ere was then another 
increase, pushing this measure of inequality to a new peak in 2000, just as with 
the survey-based measure of income inequality and with the sector-based 
earnings measure. A steep decline followed through 2003.  Figure  6.8   plots 
two series of U.S. income inequality, the Census Bureau between-household 
measure and the between-county measure. Th e two have similar trends, but 
the data break in the Census measure makes it incomparable before and aft er 
1992, and diffi  cult to compare with the single continuous between-counties 
measure. Th e between-counties measure also shows more variability from 
year to year, consistent with the normal behavior of a group-based Th eil when 
compared to a sample-based Gini.    

  Figure  6.9   plots the between-state component of income inequality and the 
sum of the various within-state components of county income inequality from 
1969 to 2006. Th e height of the bar represents total between-county inequality, 
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and the white portion represents the between-state component. Th us this fi gure 
takes full advantage of the additive decomposability of the Th eil statistic.    

 Despite a fairly high correlation in year-to-year movements, the between-
states and between-counties components of inequality actually have diff erent 
trends. Inequality between states  declined  over the entire period from 1969 to 
2006, advancing the historic project of interregional convergence that has 
raised relative incomes in the Deep South since the New Deal. For example, 
although still the lowest in the nation, per capita income in Mississippi grew 
from 62 percent of national per capita income in 1969 to 74 percent in 2006. 
Alabama, Arkansas, Georgia, South Carolina, North Carolina, and Tennessee 
made similar gains. On the other hand, inequality within states but between 
counties rose, with a strong updraft  in booms and downdraft  in slumps. Of 
course, the biggest updraft  came with the information technology explosion of 
the late 1990s. 

 In those years, the information technology boom and rising income in-
equality were both widely noted features of the American economy. One was 
celebrated, the other deplored. From January 1994 to February 2000, the 
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  Figure 6.8.     U.S. income inequality, 1969–2006: Households and counties.   
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 tech-heavy  NASDAQ Composite index rose by 605 percent, from 776.80 to 
4,696.69. Inequality as measured in the tax data likewise soared. Few noted that 
the two phenomena were, in fact, identical. As we have already seen,  fi gure  2.5   
matches the level of between-county income inequality against the natural 
logarithm of the NASDAQ Composite. Th e two series move together seamlessly 
from 1992 to 2004. 

 Th e concentration of increases in geographic inequality within states, but 
between counties, raises a question similar to that addressed in the previous sec-
tion: How widely dispersed were the income gains? It’s clear that they must have 
been concentrated, for otherwise many counties would have shared the income 
gains, and the between-counties component of income inequality would not 
have increased. But how concentrated, exactly, were they? 

 Th e answer to this question is easily found from the Th eil elements. It is well 
known that technology fi rms are not distributed uniformly; they are concen-
trated in centers such as San Francisco and San Jose, Seatt le, Raleigh-Durham, 
Austin, and Boston. Th eir fi nanciers are concentrated in New York County, 
New York—otherwise known as Manhatt an. Income growth in the counties 
surrounding these areas accounted for the bulk of the inequality increase in 
the late 1990s, and when the information technology bubble burst in 2000, 
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falling relative incomes in these same areas reduced aggregate between-county 
inequality. In particular, the same four counties that contributed most to the 
increase in between-county income inequality from 1994 to 2000 contributed 
most to the inequality decline from 2000 to 2003: New York, Santa Clara, San 
Mateo, and San Francisco.    

 A litt le experiment can illustrate just how much the rise in inequality in the 
United States in the late 1990s owed to these places. Suppose we alter the data-
set, selecting certain counties whose contributions to the overall increase in 
inequality was the largest. Suppose that for these counties we substitute a 
counterfactual income growth at just the national average for the period from 
1994 to the end of the technology boom. What do we fi nd? We fi nd that doing 
this for just one county—New York—makes a substantial diff erence. Doing it 
for fi ve counties—New York, Santa Clara, San Francisco, San Mateo, and King 
(Washington)—reduces the growth of between-counties inequality by half. 
Removing the top fi ft een counties from the dataset in this way eliminates the 
increase in inequality altogether. Of these, almost all have distinctive presence 
in the technology sector.  Figure  6.10   reproduces  fi gure  2.5  , but with the three 
counterfactual scenarios sketched in.    
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  Figure 6.10.     Theil’s T Statistic of U.S. between-county income inequality, 
1969–2006, plotted against the (log) NASDAQ composite index, with three 
counterfactual scenarios for income growth from 1994 to 2000, each omitting 
certain groups of counties.   
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 Of course, the slump in 2000 took the bloom off  the technology rose, and 
the NASDAQ never recovered its peak valuations. Yet inequality did start 
growing again, beginning in 2003, and from that point the inequality measure 
and the NASDAQ diverged. Th e rebound in inequality from 2003 to 2006 
(the end of this run of data) was of three pieces. First, New York, New York 
recovered, as Wall Street tends to do when the economy picks up. Second, 
there was a concentration of increasing income around Washington, D.C., as 
the government grew massively in response to September 11 and the wars in 
Afghanistan and Iraq. Th is was a Beltway Boom. Th ird, there was growth of 
incomes in Southern California, New Orleans, Las Vegas, and Southern Flor-
ida, areas central to the housing bubble. Th e series ends before the housing 
bust, but the consequences of that event for these regions are easy to surmise. 

 Th us rising geographic income inequality from 1994 to 2000 was largely an 
artifact of the information technology boom. Th e bust undid the immediate 
income gains and reversed some of the rise in inequality. With the bust came 

     Table 6.3.      Population and Per Capita Income for Selected U.S. Counties and Years  

   Population  1994  2000  2003  2006     

 San Francisco, 
CA 

 742,316  777,669  759,056  756,376   

 San Mateo, 
CA 

 674,871  708,584  $698,132  700,898   

 Santa Clara,
 CA 

 1,561,366  1,686,621  1,678,189  1,720,839   

 New York, NY  1,503,909  1,540,934  1,577,267  1,612,630   

 Per Capita 
Income 

 1994  2000  2003  2006   

 San Francisco, 
CA 

 $33,164  $55,658  $53,864  $69,942   

 San Mateo, CA  $33,628  $58,893  $52,235  $66,839   

 Santa Clara, 
CA 

 $29,255  $54,183  $46,569  $55,735   

 New York, NY  $56,905  $85,752  $82,904  $110,292   

 U.S.  $22,172  $29,845  $31,504  $36,714   
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large, arbitrary, and unnecessary losses on many who were not prepared to 
shoulder them. And yet it is diffi  cult to be too harsh about a period that gener-
ated full employment, a compressed wage structure in parts of the economy, 
and technological transformation. As Robert Shapiro, former undersecretary 
of commerce for economic aff airs, has writt en (Shapiro   2002  ): 

 Th e  . . .  bubble represented an excess of something that in itself has real value 
for the economy—information technologies. Th e bubble began in overinvest-
ment in IT and spread to much of the stock market; but at its core, much of the 
IT was economically sound and effi  cient. Further, these dynamics also played 
a role in the capital spending boom of the 1990s, and much of that capital 
spending translated into permanently higher productivity.  

To this, we note again that the full employment achieved in the late 1990s raised 
living standards very broadly and engendered lasting productivity gains, as well 
as demonstrating that full employment can be achieved without infl ation—
something much of the economics profession had not believed possible before 
that time. 

 Th e 2003 to 2006 patt ern is less benign. Th e national capital and the counties 
around it, in Northern Virginia and Southern Maryland, thrived amid a vast 
growth in war spending, as well as in other government spending, and no doubt 
also increased spending by private lobbies. Th e growth in Southern California, 
South Florida, and other areas was a precursor to the fi nancial crisis. 

 Th e ultimate economic consequences should, as with the late 1990s, be 
judged in part by the worth of the activities undertaken. Th ree years into the 
fi nancial crisis and the housing bust, ten years aft er the start of the Afghani-
stan war, and eight years into Iraq, it is very diffi  cult to see what the long-term 
benefi ts of the income growth generated in the 2000s actually may be. 

     Interpreting Inequality in the United States   

 Long before the fi nancial crisis, distributional issues in the United States were 
a bipartisan concern, bordering on obsession in some quarters but achieving 
at least respectful discussion even from conservative leaders. Th us Treasury 
Secretary Henry Paulson spoke out in 2006: 

 Amid this country’s strong economic expansion, many Americans 
simply aren’t feeling the benefi ts. Many aren’t seeing signifi cant in-
creases in their take-home pay.   19    
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   President George W. Bush, who early in his term famously addressed a 
group of “have-mores” as “my base,” gave a conventional conservative’s nod to 
the inequality issue in early 2007: 

 Th e fact is that income inequality is real; it’s been rising for more than 
25 years. Th e reason is clear: We have an economy that increasingly 
rewards education, and skills because of that education.   20    

   And Federal Reserve chairman Ben Bernanke, a veteran economist, gave 
himself over to refl ections on the same topic a month later: 

 Th ree principles seem to be broadly accepted in our society: that eco-
nomic opportunity should be as widely distributed and as equal as pos-
sible; that economic outcomes need not be equal but should be linked 
to the contributions each person makes  .  .  .  and that people should 
receive some insurance against the most adverse economic outcomes.   21    

   In an appearance on the  Charlie Rose Show  on September 20, 2007, former 
Federal Reserve chairman Alan Greenspan said it fl atly: “You cannot have a 
market capitalist system if there is a signifi cant mood in the population that its 
rewards are unjustly distributed.” Th us the prevailing view on the political right. 

 What is striking about these concerns, though, is how litt le they refl ect the 
actual phenomena of rising inequality in America from the mid-1970s to the 
present. Th ough it is true that American jobs shift ed out of unionized 
manufacturing and into services, that phenomenon is not primarily one of 
large numbers being left  behind. On the contrary: the labor force expanded, 
adding women, minorities, and younger workers at a high rate. Historic re-
gional diff erences declined, as the South converged to the national average. 
And in the late 1990s, with full employment, wages for low-wage workers rose 
and poverty rates for minority populations hit all-time lows. In addition, 
measures such as the expanded Earned Income Tax Credit and a higher min-
imum wage kicked in, helping further to make work pay and to stabilize 
incomes at the bott om of the pay structure. Yet this was exactly the moment 
when income inequality hit its all-time high. 

 Clearly—and however uncomfortable it may be for some of the prevailing 
narratives on the American Left —it is necessary to take a diff erent view. 

 Is income inequality bad for employment? Obviously not. Consider the in-
creasingly close relationship between changes in employment and changes in 
U.S. between-county income inequality, as shown in  fi gure  6.11  .    
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 From 1969 to 1989 the series measuring inequality and jobs per capita are 
only loosely linked. Over this period, the levels have a correlation of .47, and 
year-to-year changes are almost totally uncorrelated. However, since 1990 em-
ployment and inequality have moved together. Th e levels have a correlation of 
.95 and the year-to-year changes have a correlation of .79. What does this mean? 

 Very plainly, it means that since the 1980s the American business cycle has 
been based on fi nancial and credit bubbles, and therefore on the enrichment, 
through the capital markets, of a very small number of people in a very few 
places. Truly we have become a “trickle-down economy”—as we were not 
before. A rising tide may lift  all boats, but recent business cycles have been more 
like waves, whereby certain sectors and areas ride the peaks before crashing to 
the shore. Th is is a sign, surely, not of the social evil of inequality per se but of the 
instability of bubble economies, closely associated with inequality of income, 
wealth, and power, for which we now pay a fearsome price. 

     Conclusion   

 In recent decades in America, economic inequality increased. Th is was, how-
ever, not some general social process, widely spread across the structures of 
pay and income. It was, rather, mainly due to extravagant gains by those in 
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  Figure 6.11.     U.S. between-county income inequality and jobs per capita, 1969–2006.   
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fi nance and in the leading sectors of the day: information technology in the 
1990s, and the military and mortgage booms of the 2000s. What is aston-
ishing, however, is how few people actually enjoyed the income gains.   22    At 
their peak of expansion, the winning sectors did not generate many jobs; at 
best their success facilitated job creation in the many sectors that did not, 
themselves, experience rising wages. 

 What we can see, plainly, is that the American economy became leveraged, 
in such a way that its performance as a whole came to depend on the possibility 
of a very small number of people becoming very rich in very limited lines of 
work. In the fi rst wave, information technology in the 1990s, the process could 
be justifi ed, perhaps, by the potential gains aff ecting us all. In the 2000s, where 
growth was driven fi rst by war and then for a few brief years by abusive mort-
gage lending, the saving grace is harder to see. 

 Th e deeper issue with inequality of this type is surely instability. Th at which 
rises like a rocket above the plain also eventually falls back to earth. And the 
problem with the trick of generating prosperity through inequality is simply 
that it cannot be continually repeated. Th e false starts to economic expansion 
since the Great Crisis in 2008—so quickly depleted by rising oil and food 
prices—are a sign that bubbles are no longer a plausible way to generate eco-
nomic growth. 

       Notes    

       1.     All of this is documented in  Created Unequal . 
       2.     In the early 1980s, I organized hearings on the topic for the Joint Economic Committ ee; 

witnesses were hard to fi nd and the subject did not att ract much att ention. Indeed, as a 
young economist not distant from my professional training, I recall wondering why my 
boss, Rep. Henry S. Reuss, the chairman of the Joint Economic Committ ee at the time, 
was interested in the topic. 

       3.     Th us one could not say whether the increases in inequality preceded or followed such 
major technological developments as widespread introduction of desktop computers. It 
turned out that increases in pay inequality were largely before 1984, while the spread of 
computers accelerated only aft erward. (Th e fi rst IBM PC was introduced in 1981, but 
major diff usion began with the economic recovery of 1983–1984.) 

       4.     Th e use of those funds was knows as the “burn rate,” prompting Michael Wolff ’s enter-
taining book of that title (1998). 

       5.     Th is dramatic fi nding should, I believe, have been qualifi ed in one respect. Pikett y and 
Saez show a major increase in the share of taxable (adjusted gross income) going to the 
very top echelon in 1986–87, at a time that was otherwise generally tranquil and when 
there is very litt le observed change in the taxable incomes of the other 99 percent. Th e 
most reasonable explanation for this, in my view, is that the 1986 Tax Reform Act 
greatly expanded the defi nition of taxable income for top earners, while also taxing 
them at a lower rate. (Th is was the clear intention of the Act’s designers, who were Cap-
itol Hill allies of mine at the time.) Th us the income that appears in this data aft er 1986 
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was most probably present beforehand, but excluded from AGI owing to tax references 
that were removed in the 1986 law. Th e eff ect on the Pikett y-Saez data would be to 
create a break in data; adjusting for it would therefore reduce the measured increase in 
the take of the topmost group. 

       6.     Th e movement in this ratio is also an unreliable gauge of social trends. It was 525:1 in 
2000 before plunging to 281:1 in 2002 (United for a Fair Economy 2007). No socialist 
revolution had occurred; the decline merely refl ected the impact of the information 
technology bust on the earnings of people like Bill Gates. 

       7.     Th e remainder of this chapter is adapted in part from James K. Galbraith and J. Travis 
Hale, “American Inequality: From IT Bust to Big Government Boom,”  Economists’ 
Voice , 2006, vol. 3, issue 8, article 6. 

       8.     Kuznets was not interested in inequalities stemming from nonlabor sources of income, 
such as capital gains, and deliberately excluded them from the analysis to avoid undue 
complications. 

       9.     By construction, the sum of the positive elements must be greater than the sum of the 
negative elements. 

       10.     Top coding refers to open-ended reporting of the highest incomes, which changed 
from “$250,000 and above” to “$1 million and above” in this instance. Improving the 
coverage of the top incomes has the unintended consequence of increasing measured 
inequality, with the ironic result that countries working harder to measure inequality 
report more of it, other things equal. (Th is may be, in part, why so many researchers and 
others in the 1990s came to deplore the supposedly higher inequality of the United 
States compared to major countries in Europe.) In the Th eil approach, all cash payrolls 
are collected at their actual values and merged into the average for that region/sector. 
Each method has virtues and each has disadvantages. 

       11.     We variously treat Washington, D.C., as a state and a county equivalent, depending on 
the context. 

       12.     A Gini point is a 1 percent rise in the Gini coeffi  cient. 
       13.     Although it is practically instinctive for economists to believe that a large sample such 

as the CPS must be “representative,” thought should be given to the peculiar nature of 
income distributions and therefore of the Gini coeffi  cient. Income distributions have 
“fat tails”: there are more extreme cases than one would expect from a normal 
distribution. Increasing the coverage therefore has the eff ect of adding to the propor-
tion of extreme cases that are measured, and increasing the value of the reported Gini. 
For this reason, even though the Gini coeffi  cient itself is standardized between 0 and 1 
and therefore comparable across samples, it is comparable across populations only if 
sample sizes, top coding, and other methods are the same. Unfortunately, this is never 
the case in samples taken in diff erent countries and oft en not the case for samples taken 
in the same country at diff erent times. Th is, more than actual error in the measures, may 
account for the poor comparability of most, if not all, Gini-based inequality datasets 
across countries and over time. 

       14.     Note, however, that the contribution of manufacturing to inequality, though large, 
remains stable over this period. 

       15.     Th e increase in earnings for the other information services sector is an artifact of a 
change to the taxonomy. Internet publishing and broadcasting became part of other 
information services in 2007. 

       16.     “Personal Income is the income that is received by all persons from all sources. It is calcu-
lated as the sum of wage and salary disbursements, supplements to wages and salaries, pro-
prietors’ income with inventory valuation and capital consumption adjustments, rental 
income of persons with capital consumption adjustment, personal dividend income, per-
sonal interest income, and personal current transfer receipts, less contributions for govern-
ment social insurance. Th e personal income of an area is the income that is received by, or 
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on behalf of, all the individuals who live in the area; therefore, the estimates of personal 
income are presented by the place of residence of the income recipients” (BEA   2008  ). 

       17.     Source data for BEA income estimates are from a host of government sources, in-
cluding “the state unemployment insurance programs of the Bureau of Labor Statis-
tics, U.S. Department of Labor; the social insurance programs of the Centers for 
Medicare and Medicaid Services (CMS, formerly the Health Care Financing Admin-
istration), U.S. Department of Health and Human Services, and the Social Security 
Administration; the Federal income tax program of the Internal Revenue Service, U.S. 
Department of the Treasury; the veterans benefi t programs of the U.S. Department of 
Veterans Aff airs; and the military payroll systems of the U.S. Department of Defense” 
(BEA   2008  ). 

       18.     “Counties are considered to be the ‘fi rst-order subdivisions’ of each State and statisti-
cally equivalent entity, regardless of their local designations (county, parish, borough, 
etc.). Th us, the following entities are considered to be equivalent to counties for legal 
and/or statistical purposes: Th e parishes of Louisiana; the boroughs and census areas of 
Alaska; the District of Columbia; the independent cities of Maryland, Missouri, 
Nevada, and Virginia; that part of Yellowstone National Park in Montana; and various 
entities in the possessions and associated areas” (National Institute of Standards and 
Technology   1990  ). 

       19.     Remarks at Columbia University, August 1, 2006. Whether Secretary Paulson actually 
qualifi es as a conservative is debatable, particularly following the publication in 2010 of 
his memoir of the fi nancial crisis,  On the Brink . But he worked for a conservative presi-
dent and seemed to be one at the time. 

       20.     State of the Economy Address at Federal Hall, New York, January 31, 2007. 
       21.     Remarks before the Greater Omaha Chamber of Commerce, February 6, 2007. 
       22.     Five percent of the workforce would be an extravagant estimate, counting very gener-

ously all the participants in the leading sectors, and micro tax data suggest at least an 
order of magnitude less. Th at is, major gains were restricted to a handful of people 
 within  the leading sectors, especially in technology and in fi nance. 
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C H A P T E R  7
         State-Level Income Inequality 
and American Elections  

    From the late 1960s onward, the United States  as a whole  has experienced 
rising wage and income inequality. But the relevant political unit in America 
is not the nation; it is the state. To search for eff ects of economic inequality 
on political behavior in a federal system, we need to examine developments 
below the national level—to assess relative changes in inequality in the dif-
ferent states. Rising inequality  within  states refl ects the national trend, but 
variation occurs from state to state and year to year (Langer   1999  ; Bernard 
and Jensen   1998  ; Bernstein, McNichol, and Lyons 2006). If inequality has 
political consequences, it may be possible to detect those consequences in 
election outcomes. 

 Election outcomes, in turn, depend on two factors: who votes, and who they 
vote for. So in this chapter    1    we examine whether diff erences in income inequality 
at the state level are related to diff erences in voter turnout and in voter choice. 

 Why might inequality aff ect voter turnout? Brady (  2004  , p. 668) presents a 
speculative vote-mobilizing argument: 

 An increase in inequality will not only reduce the incomes of lower -
class families but also change that group’s political circumstances. 
With the distressing change in social facts, lower-income people 
might decide to increase their political activity to redress the situa-
tion. Th ey might decide that government should be used to adjust the 
degree of inequality by adjusting people’s capacities, opportunities, 
luck or decision-making. It seems possible that lower-class activity 
might increase in these circumstances. It also seems possible that 
upper-class participation might increase in response. 
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 Th is is a plausible argument, but reality could cut the other way. For instance, 
increasing inequality could lead to disengagement from political activity. Th e 
rich might lose interest and the poor might lose faith in government’s ability to 
deal eff ectively with social problems. Poverty, unemployment, and economic 
hardship disrupt social relationships and cause psychological stress; thus when 
inequality rises so does the opportunity cost of civic participation (Rosen-
stone   1982  ). For all members of an unequal society, there are fewer “incentives 
for civic engagement” and reduced capacity to build social capital (Putnam 
  2000  , p. 21). In this vein, Widestrom argues that “as economic inequality 
becomes increasingly concentrated and segregated, work disappears, voluntary 
organizations disappear, community networks fall apart, leaders stop mobi-
lizing, and therefore voter participation declines” (2006, p. 6). More directly, 
inequality could aff ect turnout through vote repression. Faced with inequal-
ity-induced class confl ict, the rich could simply move to restrict voting access 
for the poor, who are necessarily more numerous (Piven and Cloward   1988  ). 

 Th at there is a rich and ongoing history of turnout suppression as a political 
strategy in the United States is of course not exactly a secret. Voter registration 
requirements, voter identifi cation requirements, location of polling stations, 
distribution of voting machines, restrictions on absentee balloting—all are 
part of the warp and woof of American politics in the recent past, and in batt les 
to the present day. Th e question to pose, then, is whether there is a systematic 
relationship between economic inequality and election turnout. 

 Next, how might income inequality aff ect voter choice? Th is is a subtler issue. 
Inequality is an abstraction, a statistician’s reality. It is not something voters 
observe directly; still less do they make consistent comparative judgments about 
it. It is, rather, a condition of the electorate itself. So we should perhaps look at 
inequality as an indicator of the condition of the population, as a feature of the 
kind of electorate we have, in relation to the political parties that exist. In the 
two-party United States, since the New Deal, the Republican Party has broadly 
represented business interests, while the Democrats have enjoyed a base among 
minorities and in organized labor. Th ese patt erns may be changing—with 
Reagan Democrats and Wall Street Democrats being cases in point—but they 
surely represent the postwar normal situation. 

 Several analysts argue that the Democratic Party, compared to the Republi-
cans, is a diverse alliance with dissonant economic interests (Edsall   1984  ). If 
there is force behind these arguments, it could lead to greater Democratic 
strength in states that are more unequal, and therefore more diverse. But there is 
a simpler argument. More inequality means, arithmetically, a larger proportion 
of low-income voters. Presumably they have a class interest in Social Security, 
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Medicare, Medicaid, and other redistributive and otherwise interventionist 
public programs. Higher inequality also means a smaller middle class, which 
may already benefi t from the welfare state but which, by the same token, has less 
interest in expanding it, and much less in bearing the burden of the associated 
taxes. Th ese considerations suggest a slightly counterintuitive result: that the 
more egalitarian party benefi ts from a less-egalitarian starting point. On refl ec-
tion though, this would not be surprising at all. It would simply refl ect social 
processes in a largely stable society, where one party pushes for more equality, 
the other for less, with each stronger in those political units where conditions are 
more favorable to its case. 

 If this general line of analysis is correct, then a high-inequality state has two 
contrary forces at work. On the one side, the rich fear the poor and impose 
every diffi  culty in the path of the vote. (If the rich are white and the poor are 
black or brown, these matt ers are especially easy to see, as the entire history of 
the Voting Rights Act shows.) On the other side, the numerous poor, if they 
can gain access to the vote and representation from the parties—and if they 
can overcome the divisive forces to which they are likely to be subjected ( Frank 
 2007  )—then they are likely to vote to improve their economic position. If they 
succeed, the state has every prospect of becoming more egalitarian over time. 
It will therefore become less interested in further redistributive programs, and 
the party opposed to redistribution will gain strength. 

 But what determines the balance of power between a change-oriented 
majority and a vote-suppressing overclass in the fi rst place? A simple possibility 
lies in the degree of autonomy accorded to poorer people  within  the political 
structure of the state. Voting, aft er all, is  local . If a poor community is substan-
tially self-governing, free (to the extent possible) of control by a local oligarch, 
it stands to reason that it will not suppress the vote. Th e key to rule from below, 
in other words, would appear to be an unequal state, but one in which the rich 
and the poor live apart from each other, so that the rich do not interfere directly 
in the voting behavior of the poor. Th is will more likely be true in bigger states, 
and in states where the rich and the poor are separated by accidents of political 
history or economic geography into diff erent political units. 

 We will call this phenomenon the geographic stratifi cation of incomes. Th is 
is a phenomenon related to (but distinct from) income inequality. Where dis-
sonant communities live substantially apart, immediate confl icts are less 
likely to arise. Each can govern its own neighborhoods, with less interference 
or concern about the other. It may therefore be easier to maintain the uneasy 
coalition between working-class voters and elite contributors and candidates 
(Jacobs and Skocpol   2005  ) that characterizes the Democratic Party. Th us we 
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argue that, independently of the eff ect of income inequality per se, geographic 
income stratifi cation should favor Democratic candidates. 

 Th ese thoughts lead to three empirical suppositions. First, more in-
equality should normally lead to lower voter turnout. Second, the eff ect of 
inequality on election outcomes is complex: higher inequality means, in 
principle, a left -leaning electorate, but this eff ect may be off set by lower turn-
out. Th ird, in states with higher geographic income stratifi cation, the in-
equality eff ect should dominate the turnout eff ect, producing left -leaning 
election outcomes. 

     Some Initial Models Using Off -the-Shelf Data 
for the 2000 Election   

 We begin by restricting att ention to a single election: the 2000 Bush-Gore 
contest. Using off -the-shelf data, we test whether inequality aff ects voter 
turnout and choice at the state level aft er accounting for other relevant fac-
tors. Th e explanatory variables are (1) income inequality, measured by state, 
using the U.S. Census Bureau’s Housing and Household Economic Statistics 
Division Gini ratios of household income inequality (U.S. Census Bureau 
 2005b ); (2) per capita income (BEA   2007  ); (3) the level of urbanization, 
quantifi ed as the number of residents in Census Bureau urban clusters and 
urban areas divided by state population (U.S. Census Bureau  2005c ); and (4) 
the proportion of white, non-Hispanic individuals in a state (U.S. Census 
Bureau   2006  ). 

 For the voter-choice models, the dependent variable is the Democratic Par-
ty’s percentage of the two-party vote (Leip   2007  ). In the turnout analysis, the 
dependent variable is the participation rate of a state’s voting-eligible population 
(McDonald   2007  ). 

  Table  7.1   displays descriptive statistics and  table  7.2   expresses the population- 
weighted correlations among the variables just described for the 2000 elec-
tion. A large voter turnout correlates with a richer, whiter—and more 
 egalitarian—electorate. A high percentage of the population living in urban 
areas, higher minority populations, greater per capita incomes, and high in-
equality are all associated with a larger Democratic vote.       

 Model 7.1 is a straightforward cross-section regression that uses per capita 
income, the percentage of white non-Hispanic residents, the percentage of urban 
residents, and the inequality of household income to explain voter turnout 
(weighted by state population) at the state level for the 2000 presidential election. 
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 Voter Turnout Cross-Sectional Model 

     Table 7.1.      U.S. State Incomes, Selected Characteristics, and Political 
Outcomes, 2000  

   U.S. Average  State Minimum  State Maximum     

 Per capita income  $29,847  $21,005  $41,489   

 Percentage white 
non-Hispanic 

 69.5  23.3  96.6   

 Percentage urban  79.0  38.2  94.5   

 Household Gini 
coeffi  cient 

 .463  .402  .499   

 Percentage Gore 
(two-party) 

 50.3  28.3  65.6   

 Turnout 
percentage 

 54.2  44.2  69.5   

     Table 7.2.     Table of Correlations of Selected State Variables, 2000  

   Income  White  Urban  Inequality  Gore  Turnout     

 Income  1   

 White  −0.209  1   

 Urban  0.699  −0.577  1   

 Inequality  0.248  −0.625  0.366  1   

 Gore  0.755  −0.181  0.556  0.378  1   

 Turnout  0.395  0.405  0.09  −0.332  0.381  1   

0 1 2 3

4

Turnout =β + β * Income β * White β *

Urban +β * Inequality + ε

+ +

   Table  7.3   displays the results for model 7.1. States with smaller minority 
populations and higher incomes had higher voter turnout, other variables held 
constant. Th e coeffi  cient for the inequality variable is negative, as expected, 
but it is not statistically signifi cant, once the minority variable is controlled for. 
Th is suggests, with some plausibility so far, that turnout is about poverty and 
race, not so much inequality per se. 

  Model 7.2 uses the same covariates to explain state-level outcomes in the 
2000 presidential election. 

(7.1)
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 State-Level Presidential Choice Cross-Sectional Model 

     Table 7.3.     Th e Voter Turnout Cross-Sectional Model, 2000  

   Parameter  Coeffi  cient 
Estimate 

 Standard Error  T Value  Pr > |t|     

 Intercept  0.495  0.203  2.44  0.0187   

 Income  *    0.634  0.218  2.91  0.0056   

 White  0.149  0.066  2.27  0.0282   

 Urban  0.024  0.083  0.29  0.7694   

 Inequality  −0.564  0.367  −1.54  0.1313   

 R 2  = .438   

  Note : * Expressed in hundreds of thousands of dollars.   

     Table 7.4.     Th e Voter Choice Cross-Sectional Model, 2000  

   Parameter  Coeff . Estimate  Standard Error  T Value  Pr > |t|     

 Intercept  −0.539  0.248  −2.17  0.0351   

 Income  *    1.226  0.266  4.6  <.0001   

 White  0.12  0.08  1.5  0.1418   

 Urban  0.075  0.101  0.75  0.4594   

 Inequality  1.161  0.448  2.59  0.0129   

 R 2  = .627   

  Note : * Expressed in hundreds of thousands of dollars.   

0 1 2 3

4

Gore = β + β * Income β * White β *

Urban + β * Inequality + ε

+ +

   Table  7.4   displays the results for model 7.2. States with higher inequality tended 
to support Gore in 2000, even aft er controlling for the level of income, racial 
 composition and urbanization. Th e race and urban variables do not  appear to have 
signifi cant independent eff ects aft er income and income  inequality are consid-
ered. High average income is associated with a higher percentage of Democratic 
voting at the state level, opposite of the relationship at the individual level (McCarty, 
Poole and Rosenthal   2006  ; Bartels   2006  ; Gelman, Shor, Bafumi, and Park   2007  ).    

 In 2000 and 2004, the batt leground states of Florida, Pennsylvania, and 
Ohio received a great deal of extra att ention from the candidates (although 
Gore did pull out of Ohio well before the vote). Th e residuals in  table  7.5   report 

(7.2)
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that model 7.2 predicts quite accurately for these three states. In particular, 
Florida was too close for the model to call—just like the actual election result. 
Th e result is nift y, but not necessarily dispositive.    

     New Estimates of State-Level Inequality and an 
Analysis of the Inequality-Elections 
Relationship over Time   

 Was 2000 an anomaly, or part of a broader and more general relationship 
between inequality, voter turnout, and electoral choice? In this section, we de-
velop annual inequality measures for the states and explore fi xed-eff ects 
models of voter turnout and electoral choice. 

 Th e decision to begin the analysis in 2000 was driven by the availability of 
 Census Bureau inequality estimates in this year. At ten-year intervals, the U.S. Cen-
sus Bureau ( 2005b ) produces income inequality measures at the state level using 
data from long-form census samples. To move beyond linear interpolation of in-
tercensal values, we need an annual dataset that measures earnings within states, 
from which we can create an inequality metric. Th en we can anchor these new 
measures to the Census Bureau values, to estimate appropriate Gini coeffi  cients. 

 Th e ideal dataset for constructing state inequality measures would contain 
household-level income data for every American, by state, in every year. Such 
data do not exist; or, rather, the IRS will not release them. Th e Census Bureau’s 
Current Population Survey (CPS) furnishes individual-level sample data on a 
yearly basis.   Langer (1999)   estimates state Gini coeffi  cients of household 
income annually from 1976 to 1995 using CPS data. Measures based on the 
CPS are subject to small sample sizes in smaller states, expression of income 
within ranges, and top codes that truncate large reported incomes. 

 Given these limitations, a  group -based dataset with broad coverage that 
is consistent across time and space may be superior to sample data at the 

     Table 7.5.      Residuals in Key Batt leground States from the Voter-Choice 
Model, 2000  

   State  Actual Gore Vote  Predicted Gore Vote  Residual     

 Florida  0.5  0.503  −0.003   

 Ohio  0.482  0.478  0.004   

 Pennsylvania  0.521  0.509  0.012   
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individual level. As discussed in  chapter  6  , the BEA in the U.S. Depart-
ment of Commerce compiles data on wages and employment across dozens 
of industrial classifications for every state. The BEA source data include 
information from states’ unemployment insurance programs, IRS records, 
and other official sources (BEA   2000  ). The main source for underlying 
data is the Covered Employees and Wages Program (ES-202) in the Bureau 
of Labor Statistics (BLS   2007  ). 

 Given yearly data on payroll and employment for a set of sectors within 
states, we calculate the between-group component of Th eil’s T statistic, a 
measure that yields a consistent lower bound for within-state pay inequality. 
Although the value of the between-group inequality will be much smaller than 
the unmeasured populationwide inequality, if the group structure (e.g., eco-
nomic sectors in this case) is consistent and meaningful, then the two series 
tend to move together over time, and also in proportion across states, so that 
the Th eil statistic is a good instrument for the unobserved Gini coeffi  cient 
(Conceição, Galbraith, and Bradford   2001  ). 

 Trends in both the state and national series of pay inequality from 1969 to 
2004 correlate highly to the decennial income inequality measures for states. 
Th e average correlation between the within-state intersectoral Th eil statistics 
and the Census Bureau Gini coeffi  cients of family income in 1969, 1979, 1989, 
and 1999 is .710. 

 Th e nationwide secular trend is so great that the average correlation 
between the  national -level interindustrial Th eil statistic of pay inequality and 
the census-based Gini coeffi  cients of family income at the  state  level for the 
overlapping years is .936, stronger than the correlation of the two within-state 
measures. Th e close connection of the national values and the individual state 
series has two related explanations. First, because the national economy is 
highly integrated, many of the same factors that contribute to interindustrial 
pay inequality at the national level will fi lter down to the states. Second, 
national-level interindustrial pay inequality picks up broad macroeconomic 
factors that will aff ect sources of nonwage income. Interest and dividend 
incomes, rents, capital gains, and transfer payments are related to regional and 
national political, social, and economic forces, and these will be bett er cap-
tured by a national pay inequality measure than a state-specifi c metric. 

 To maintain the heterogeneity of the within-state variation yet also incor-
porate the common national factors, we create a synthetic measure of within-
state income inequality that incorporates infl uences from both state and 
national pay inequality. For each state, we add pay inequality within states to 
pay inequality measured nationally, multiplied by a state-specifi c weighting 
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factor that makes the average of the two Th eil statistics equal in magnitude 
over the thirty-fi ve years for each state. Th ese linear combinations of the state 
and national interindustrial pay inequality measures correlate bett er to states’ 
census-based Gini coeffi  cients than either the state or the national series alone. 
Th e average correlation between the synthetic measure and the state Census 
Bureau Gini coeffi  cients of family income for the overlapping years is .946. 

 Armed now with a full panel of pay inequality measures, OLS regressions 
relate these values to the Census Gini coeffi  cient values for the overlapping years: 
1969, 1979, 1989, and 1999. Given the regression coeffi  cients (with separate 
estimates for all states), interpolations of the intercensal years generate income 
inequality measures in the familiar form of the Gini coeffi  cient.   2    Th ese estimates 
may then be deployed to study a range of causes and consequences of economic 
inequality, topics of rising scholarly and popular interest (Neckerman   2004  ). 

 Cross-sectional models relating the estimated Gini coeffi  cients to voter 
turnout and electoral choice over the last several election cycles are quite 
noisy. Th e coeffi  cient for inequality maintains the predicted sign—positive for 
Democratic share and negative for turnout—but is statistically signifi cant 
only in some years (turnout in 1988, 1992, and 2004; choice in 2000). 

 Two-way fi xed-eff ects models shift  the focus from cross-sections to changes oc-
curring within states. Th e control variables are relative income (measured as the 
proportion of state per capita income to national per capita income), the percentage 
of white non-Hispanic residents linearly interpolated from de cennial values with 
offi  cial estimates for 2004 (Gibson and Jung   2002  , U.S. Census Bureau   2006  ), and 
the proportion of states’ populations living in metropolitan areas (BEA   2007  ). Th e 
explanatory variable of interest is state-level income inequality, as described above. 

 Turnout Fixed-Eff ects Model, 1980–2004 

it t i 1 2

3 4

Turnout = Year + State + β * Inequality + β *

White + β * Income + β * Urban + ε

i t t i 1 2

3 4

Dem = Year + State + β * Inequality + β *

White + β * Income + β * Urban + ε

  Th e results of the fi xed-eff ects model are much stronger and more consistent; 
they indicate that rising inequality is a signifi cant determinant of declines in 
electoral activity. Indeed, of the included predictors inequality is the only statis-
tically signifi cant explanatory variable, once fi xed eff ects are taken into account.    

 Voter-Choice Fixed-Eff ects Model, 1992–2004

(7.3)

(7.4)



State-Level Income Inequality and American Elections   161 

  Th e voter-choice fi xed-eff ects model covers the four election cycles through 
2004; all postdate the Republican realignment in the South. Th ese four elections 
show a great deal of stasis; three included a Bush on the Republican ticket, and 
three included a Southern New Democrat.  Table  7.7   gives the results from model 
7.4. Again, inequality is a signifi cant determinant of the Democratic result, aft er 
accounting for fi xed eff ects. Cycle-to-cycle changes in inequality help predict 
changes in voter choice, controlling for other factors oft en linked to inequality.    

 Model 7.4 focuses on the evolution of party affi  nity within states, rather than 
on cross-sectional diff erences between them. Income helps explain how states 
diff er from one another in Democratic voting, but  changes  in state income levels 
from 1992 to 2004 do not off er much insight into whether a state is becoming 
more or less inclined to vote Democratic. Th e metropolitan variable presents a 
puzzle; the model indicates that growth in metropolitan population results in a 
more Republican electorate. Th is variable’s inability to diff erentiate between 
suburbs and inner cities may account for this result.   3    

 Again, the signifi cance of the inequality variable does not directly imply 
that individuals consider income inequality when they decide to go to the polls 

     Table 7.6.     A Turnout Model with Fixed Eff ects for Multiple Elections  

   Parameter  Estimate  Standard Error  T Value  Pr > |t|     

 Inequality  −0.431  0.14  −3.09  0.0022   

 White  −0.072  0.077  −0.93  0.3537   

 Income  *    0.019  0.037  0.51  0.611   

 Metro  −0.229  0.151  −1.52  0.1305   

 R 2  = .9034   

 *Per capita income expressed as a proportion of national per capita income.   

     Table 7.7.     An Outcome Model with Fixed Eff ects for Multiple Elections  

   Parameter  Estimate  Standard Error  T Value  Pr > |t|     

 Inequality  0.73  0.194  3.76  0.0002   

 White  −0.194  0.148  −1.31  0.1916   

 Income  *    −0.075  0.083  −0.9  0.3704   

 Metro  −1.294  0.348  −3.72  0.0003   

 R 2  = .9481   

 *Per capita income expressed as a proportion of national per capita income.   
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and whom to vote for. At the ecological level, the inequality eff ect could be a 
mere artifact, refl ecting the underlying relationship between income and 
voting. Low-income voters are less likely to vote, but they are more likely to 
vote Democratic; moreover, states with a large number of low-income voters 
will have a higher level of inequality. Nonetheless, because the Electoral Col-
lege operates at the state level, the statistical eff ect of state-level inequality on 
voter turnout and electoral choice suggests that such inequality is a powerful 
force in determining the outcome of presidential elections. 

     Inequality and the Income Paradox in Voting   

 Multilevel analysis allows researchers to include individual-level characteristics, 
such as household income, and contextual att ributes, such as income inequality, 
in a single model (Raudenbush and Bryk   2002  ). Th is approach addresses the 
concerns about aggregation bias expressed earlier and permits direct estimation 
of the impact of inequality on voter turnout and electoral choice. We are partic-
ularly interested in the eff ect of inequality, but the multilevel approach opens up 
other lines of inquiry. For instance, Gelman et al. (  2007)   use a multilevel model 
to explain the income paradox in voting: the fact that rich voters favor Republi-
cans, but rich states tend to vote Democratic. Th e paradox causes confusion 
among those who have come to generalize Democrats as wealthy professionals 
and Republicans as blue collar “values voters”; Gelman shows that in  every  state 
there is a nonnegative correlation between income and Republican voting at the 
individual level. Th e question is why this does not translate to Democratic vic-
tories in poor states and Republican victories in rich ones, rather than the other 
way around. 

 As Gelman and colleagues (2007) show, the income paradox unravels when 
one considers the diff erences in strength of the relationship between indi-
vidual income and Republican voting across the states. In rich states, such as 
Connecticut, the income-voting relationship is fl at: rich people are only 
slightly more Republican than the poor. In poor states, such as Mississippi, the 
slope is very steep. Th e relatively weak association between income and party 
preference in the rich states helps to explain why, in the aggregate, high per 
capita income is associated with Democratic voting. 

 But why are Mississippians so apparently economistic, while Connecticut’s 
citizens show less income bias in their voting behavior? “What’s the matt er 
with Connecticut?” as Gelman asks? More generally, why do the states diff er 
in their income-party affi  nity slopes? 
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 State-level income inequality measured across individuals plays a minor 
role at best. Th e cross-sectional Pearson correlation of the fi ft y state slopes 
(from Gelman et al.   2007  ) with the Census Bureau Gini coeffi  cients of house-
hold income in 2000 is only .17. But  geographic income stratifi cation  provides a 
more promising explanation. 

 Geographic income stratifi cation measures the degree to which households 
of like income live near each other. A potential measure of such stratifi cation is 
a Gini coeffi  cient of between-census tract income inequality divided by the 
Gini coeffi  cient of between-household inequality; this measures the propor-
tion of income inequality att ributable to neighborhood diff erences (Kim and 
Jargowsky   2005  ). Using data from the 2000 Census (U.S. Census Bureau 
 2005a ), it is straightforward to build such a measure for each state. West Vir-
ginia shows the least segregation with a value of 0.293, and Connecticut has 
the most with a measure of 0.536. Th e average, weighted by state population, 
is .456. 

 As the scatt erplot in  fi gure  7.1   shows, income segregation is strongly asso-
ciated with the income-Republican preference slopes in 2000; the correlation 
coeffi  cient is -.65. Th is fi nding leads to a potential answer to the Gelman ques-
tion, “What’s the matt er with Connecticut?” In states with a high level of eco-
nomic segregation, the rich and the poor are spatially separated. Th erefore, it 
would appear, they interfere less in each other’s political lives, and the rich are 
less well placed to reduce the voting turnout of the poor. (Perhaps too, they 
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dislike each other less than they normally would.) Th ey are therefore more 
likely to form the kind of political coalition that gives life to the Democratic 
Party. States with low segregation are not inherently less unequal and may 
even be more so; but the rich and poor live in closer proximity. In these states, 
class confl ict is more palpable, and a unifi ed overclass tends to prevail. Like 
the other arguments presented at the top of this chapter, this one is specula-
tive, to be sure. But we submit that it carries the awful ring of truth.    

     Conclusion   

 Our analysis suggests that high inequality levels are weakly associated with a 
larger Democratic vote and also with diminished turnout. Th ese results are 
strengthened when fi xed eff ects are introduced; rising inequality correlates to 
deepening Democratic preference and reduced turnout. When the spatial lo-
cation of voting groups is considered, our results suggest that it is not so much 
the raw inequality of incomes that is decisive, but the existence of inequalities 
across populations that do not confront each other aggressively in daily and 
political life. 

       Notes    

       1.     Th is chapter is adapted from James K. Galbraith and J. Travis Hale, “State Income In-
equality and Presidential Election Turnout and Outcomes,”  Social Science Quarterly  
89(4), 887–901. 

       2.     Th ese Gini estimates for the fi ft y United States and the District of Columbia annually 
from 1969 to 2004 are available at  htt p://utip.gov.utexas.edu/ . 

       3.     An additional task for future research is to examine whether realignment of party 
strength changed the dynamic between inequality and party preference.   Ferguson 
(2005)   explores the role of religion in the states, a factor helping to explain the Republi-
can takeover of the South. In his cross-sectional analysis of the 2004 presidential elec-
tion, he fi nds that the link between state inequality and Democratic voting remains, 
aft er controlling for religiosity. 

                 

http://utip.gov.utexas.edu/
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C H A P T E R  8
         Inequality and Unemployment in Europe  
  A  Q U E S T I O N  O F  L E V E L S 

     From 1974 to the present day, the specter of chronic mass unemployment has 
haunted the continent of Europe.   1    Paradise—the jobless rates of 2 percent or 
so that were common in the 1950s and 1960s—was lost. In particular, paradise 
had been lost in comparison to the United States, which enjoyed lower unem-
ployment on average, a much higher employment-to-population ratio, and mo-
ments of undisputed full employment. Some observers worried that Americans 
worked too much (Schor   2002  ); others view European social protections as 
worth the price in joblessness (Rifk in   2004  , Minc   2011  ). Clearly something 
had gone wrong. Before 1970, Europeans had enjoyed full employment along-
side their vaunted social model. Aft er the oil shocks and the recession, they 
seemed to have faced, and made, an ugly choice. To economists, reducing the 
matt er to the most elementary terms, Europe chose equality over effi  ciency, 
while America made the opposite choice.   2    

 Within Europe, there were diff erences in unemployment rates, and this too 
needed explanation. Th e 1970s and early 1980s had been shocks to a previously 
successful system. But some countries had managed the shocks and adapted 
bett er than others. Why? Soon a line of theory developed, unifying the experi-
ence within Europe with the comparison to America. Th e United States, it was 
said, enjoyed labor-market or “real-wage” fl exibility. In the United States, wage 
rates would adjust to match the demands of the new economy to the skills of the 
labor force, raising wages for the educated while lowering them for those who 
did not adapt. Increased inequality was one consequence, but fuller employ-
ment was another.   3    

 Inside Europe, those countries that liberalized their labor markets—jett isoning 
job protections, cutt ing unemployment insurance, and weakening unions, thus 
emulating the United States and freeing wages to adjust to the new patt erns of 
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supply and demand—would benefi t from more jobs and higher incomes. In time 
this became a practically universal view, and a European policy orthodoxy. Move-
ments to reform national labor markets were promoted, notably by the OECD 
(  1994  ). Th ough qualifi cations can be found in empirical work such as that by 
Nickell (  1997)   and Blanchard and Wolfers (  1999  ), these were largely swept aside, 
and for years greater wage fl exibility has been the established offi  cial cure for Euro-
pean unemployment. It is being implemented as I write, following the Great Crisis, 
in adjustment programs imposed on Greece, Spain, Portugal, and Ireland, among 
other countries. 

 To be precise, the doctrine holds that greater wage fl exibility—the sup-
posed American model—is the cure for high unemployment aff ecting not 
Europe as a whole but each European nation-state taken as a separate labor 
market. Th e culprits must lie in national labor-market institutions. Reform 
and liberalize them, and joblessness should fall. Th us the unifi ed theory has a 
(practically) unstated assumption, which is that the national borders within 
Europe are also economic borders. Neither local conditions nor the infl uence 
of economic policy at the continental level plays an important role in the policy 
debate. 

 Now, unemployment happens to individuals. But the unemployment  rate  is 
a matt er of  place . And places are nested inside larger places. Th e local has prop-
erties the nation may not share. Th e nation has characteristics that may not 
apply to the continent where it resides. In an integrated economy, the forces 
that operate on unemployment rates may extend over many horizons, from the 
near neighborhood to the entire world. Th is is just plain common sense. But it 
is neglected common sense, and the literature on unemployment in Europe 
ignores it, concentrating without refl ection on  national  characteristics and 
  national  unemployment rates.   4    

 Baker, Glyn, Howell, and Schmitt  (  2005  ) present a comprehensive review of 
the national-institutions approach to explaining European unemployment. It 
turns out that the actual evidence is weak. Th ey fi nd only one solid result, 
namely, that coordinated collective bargaining and (perhaps) union density are 
associated with  less  unemployment in Europe. Of course, this interesting 
fi nding is inconsistent with the predictions of the rigidities model. It is typically 
explained away, in European policy assertions, with the argument that the egal-
itarian, highly unionized, low-unemployment Scandinavians are diff erent; they 
have their own model, and somehow the rules that apply within their model do 
not apply elsewhere.   5    Th is rationalization is a fl agrant case of fi tt ing form to fact. 

 Th ere is also a dissenting position, which holds that restrictive macroecono-
mic policy rather than bad institutions is the European problem. Palley (  2004  ) is 
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among a handful of Keynesian voices arguing that interest rates and growth rates 
dominate determination of unemployment in Europe, but like the others he, too, 
roots relevant decision making at the national level. Th e higher policy discussion 
accepts that European policy—especially monetary policy, concentrated in the 
one pan-European economic institution, the European Central Bank—mainly 
infl uences the price level and not the levels of total output or employment. In this 
way, the European Charter decrees (and most European economists accept) that 
chronically high unemployment rates in post-oil-shock Europe result mainly 
from a clash between dynamic market forces and rigid, misguidedly socialist, 
dogmatically egalitarian national institutions. 

 In this chapter, we try a diff erent approach. It begins with an eff ort to recon-
sider the character of unemployment from a theoretical point of view. 

     An Inequality-Based Th eory of Unemployment   

 More than a half century ago, as noted at the start of this book, Simon Kuznets 
(  1955)   argued that inequality would rise in the early stages of economic devel-
opment and transition to industrial growth. New urban centers were places of 
concentrated income and wealth. It was the  diff erential  between incomes in 
these places and those in the countryside that would become signifi cant as 
cities grew, and decline only later as the proportion of the population remain-
ing in the countryside shrank. Th is was, as we have seen, the most signifi cant 
single factor behind Kuznets’s inverted-U curve. 

 In 1970, John Harris and Michael Todaro off ered a model capturing 
Kuznets’s insight in a paper aimed mainly at development economists. In their 
model, workers migrate from a low-marginal-product rural sector to cities 
where minimum wages are imposed, and they accept a high probability of sus-
tained unemployment in exchange for a low probability of gett ing one of those 
jobs and enjoying the resulting rise in income. Th e equilibrium condition is 
that the expected value of the gain is just equal to the cost incurred in leaving 
rural employment, and this condition entails substantial equilibrium 
unemployment— the work lost during the period of search. From this, a posi-
tive relationship between urban-rural pay inequality and equilibrium unem-
ployment emerges. Th e greater the diff erential, the more migration, and the 
more milling around at the factory gates, hoping for a lucky break. 

 Although Harris and Todaro focused on East Africa (an impoverished and 
agrarian region), consider how their argument might apply in modern 
Europe. Modern advanced societies have an elite group of knowledge and 
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fi nance workers, a core of manufacturing workers, and a large reservoir of 
workers in mundane services (Galbraith   1998  ). Access to knowledge and 
fi nance jobs is restricted by cartels and credentialing. Th e same is not true for 
manufacturing workers, who may be unskilled when hired but nevertheless 
enjoy wage premiums due to industry-specifi c labor rents. In manufacturing, 
workers’ leverage over pay is governed by the advantages of design and process 
built into the machines, to which the workers learn quickly to adapt. Services 
workers with few skills enjoy few such possibilities. Th e pay in the services 
sector is therefore low and strongly infl uenced by social minima, which are 
decided substantially by politics. Services workers are like the earlier genera-
tion of farm workers in many relevant economic respects: they are numerous, 
they lack any form of market power, and they may be considered a reserve 
army of the  underemployed . 

 So long as the diff erential between service wages and manufacturing wages 
is fairly small,  or  if it is possible to search for bett er jobs while working, most 
services workers will not abandon current employment to seek bett er. But on 
the other hand, if there are large diff erentials and obstacles to an on-the-job 
search, they will readily quit their present job in the hope of landing a new one. 
(In the event of failure, there is always another bad services job to return to.) 
As that happens, measured unemployment will rise. It has to; unemployment 
is defi ned, aft er all, as the condition of active search for a new job. As in Harris 
and Todaro, equilibrium local unemployment is a  positive  function of local pay 
inequalities. 

 Th e general concept that inequality creates an incentive to search, which 
then yields unemployment, has not been applied to Europe or to any developed- 
country sett ing so far as we know. But there is no compelling reason it should 
not be. 

 Why, then, should the experience of Europe be diff erent aft er 1974 from 
what it was before? Two reasons come immediately to mind. Th e fi rst is that in-
equality was driven up immediately by the oil shocks and recessions, including 
the loss of manufacturing jobs. It’s not just that jobs are lost in recessions; the 
diff erentials among those that remain, and especially between the low-wage 
services and the bett er-paid and more advanced sectors that survive the blow, is 
larger than it was before. And second, there is the process of European integra-
tion. Th is generates rising inequality by the simple expansion of search hori-
zons. In the 1950s, very few low-wage, rural or service-sector Europeans looked 
past their own national frontiers for work, unless pushed by political forces. By 
the 1990s, this was commonplace, as Poles fl ocked to London and Paris became 
the second-largest Portuguese city. Th e greater the distance over which one 
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must search, the more necessary it is actually to quit, pack up, and go. Employers 
in a remote location rightly think that those at their door are needier, more mo-
tivated, and more dependent than those writing (or emailing) from afar. 

 Th e unhappy implication of this argument is simply that European integra-
tion itself, by forcing workers from countries with very diff erent average 
income levels into the same labor pool, was inevitably destined to raise Euro-
pean unemployment. But both the prevailing economic theory and the pre-
vailing notion of where labor markets begin and end—a notion that is entirely 
habitual and has nothing to do with any economic doctrine—would prevent 
this from being seen clearly by economists and policy makers alike. 

 Th en there is a second argument, which adds a dynamic and longer-term 
element to the discussion. 

 Long ago, the work of the Swedish trade union economists Rudolph Mei-
dner and GÖsta Rehn (  1951)   underpinned what became the conceptualization 
of a distinctively Swedish or Scandinavian model. In fact, the Meidner-Rehn 
argument is general; it is not restricted in application to the special conditions 
of Scandi navia. Among other things, they pointed to a consequence of large 
inequalities in the structure of pay, which permit technologically backward 
fi rms to stay competitive, despite higher unit costs, by paying their workers 
less than more progressive fi rms. Th us a high degree of inequality in the wage 
structure would be associated with weak technological dynamism, a lower 
rate of investment in best-practice technique, and, over time, a lower average 
productivity and standard of living than would otherwise be the case. 

 Deliberate compression of wage diff erentials, on the other hand, puts the 
technological laggards out of business. It therefore releases labor, especially 
since backward businesses tend to be labor-intensive. But with active labor- 
market policies (providing retraining for displaced workers), a large invest-
ment-goods sector (replacing the lost capacity), and a policy of strong aggregate 
demand (assuring market growth suffi  cient to absorb the greater production), 
the end result can be rapid expansion by the technologically progressive fi rms. 
And to this is added a policy of international  openness— rigorous rejection of 
trade protections—encouraging the advanced fi rms to fi nd an ever-larger share 
of their markets in the wider world. In this way, over time a policy of social-
democratic wage compression increases average productivity and average living 
standards; this is what actually happened steadily in Scandinavia from the 1940s 
through the 1990s. (What made the Meidner-Rehn model “Scandinavian” was 
only that it was invented and applied there—and ignored everywhere else.) 

 Some of the displaced and unemployed can then be absorbed in the expanding, 
advanced industries. Some can be retired; aft er all, in comparison with the lifetime 
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of industries, individual working lives are fairly short. And many more can be main-
tained in subsidized, low-productivity employment—either public or nominally 
private-sector—essentially paid for by the surplus created in the high-productivity 
fi rms. In this way, egalitarian societies enjoy effi  cient use of all their labor resources, 
high absolute living standards and competitive advantages over societies that allow 
markets to adjust wages to an existing structure of relative productivities. 

     Region-Based Evidence on Inequality 
and Unemployment   

 Instead of the nation, our smallest unit of analysis is the region. In Europe, 
regions are a standard subnational geographic unit, for which a consistent data-
collection framework is in place at Eurostat. Th ere is, moreover, a great deal of 
variation in unemployment rates across regions, which is suppressed when the 
analysis is restricted to the national level. Th us it makes sense to begin to explain 
regional unemployment with regional factors, and then to build up the model, 
taking account of the national and then of the supranational (continental, or 
even global) forces that may be at work. Only in this way can we actually test for 
the origin of the forces aff ecting unemployment rates in any particular place. 

 We argue that unemployment at the local level is governed principally by four 
factors, two each on the demand and on the supply sides. On the demand side, obvi-
ously the growth rate of eff ective demand strongly conditions the availability of jobs; 
in periods of strong growth construction and investment jobs are notably abundant. 

 But so does relative average income. Richer places off er more employment 
of all kinds than poor places. Th e jobs may be in the public sector (because they 
have more tax revenue) or in the private services sectors (because the richer 
people have more discretionary private income). In poorer regions—assuming 
we are past the stage of subsistence agriculture—surplus labor is more likely to 
work, if at all, in the cash economy while reporting itself as unemployed. 

 On the supply side, labor force demography clearly matt ers. Young people are 
hard to employ and to keep employed. Th e more young people, the more people 
are just leaving school, and the larger the unemployment as this cohort looks for 
its fi rst steady work. 

 Th e fi nal argument is the controversial one. Contrary to the “fl exibility” 
view, we hypothesize that regions with  more equal  pay structures will, other 
things held constant, experience  less  unemployment.   6    We have already given a 
basic explanation: in local areas where the diff erentials between low-paid jobs 
and bett er-paid jobs are not great, people do not usually take desperate action 
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to improve their lot. Th e costs are too large, and the potential gains are too 
small. Further, for the Meidner-Rehn reasons also given above, regions with a 
long history of egalitarian pay are likely to be technologically progressive and 
relatively prosperous, so that even in the larger framework of national or inter-
national comparison people will tend to be content with their lot. Bett er to be 
a farmer in Norway than a technician in Greece. 

 Regional variables do not exhaust the possible sources of variation in unem-
ployment. Th ere are, of course, institutions and policies that are set at the na-
tional level, and they should be taken into account.   7    But this is easily done, 
since each country’s special characteristics, all taken together, will show up in 
a panel regression as a fi xed eff ect.   8    

 Finally, the factors that work on the continental (or global) level need to be 
considered. Where a rise or decline in unemployment is common across the 
full spectrum of regions of Europe, it is reasonable to att ribute it to policies and 
institutional changes emanating at least at the European level as a whole. 
Time-fi xed eff ects capture these movements. Since Europe for the past twenty 
years has been a laboratory for economic integration and rule-bound policy 
making, it will be very interesting to see what patt ern emerges in relation to 
three specifi c events: the Single European Act (1987), the Maastricht Treaty 
on European Union (1993), and the introduction of the euro (1999). All of 
these events fall within the frame of readily available data. 

 In this model, several signifi cant factors are subject to policy control and 
hence the resulting unemployment is involuntary in Keynes’s meaning (1936). 
Th ey are, particularly, the growth rate, the degree of pay inequality at the regional 
level, and the contribution of European-level economic policy and institutional 
change to European unemployment. Other factors, among them population 
structure and national institutional characteristics, would have to be considered 
as sources of frictional or even of voluntary unemployment. So the analysis actu-
ally permits these competing theories to be weighed against each other; neither 
is excluded by the specifi cation. 

 Finally, the framework may be applied to subsets of the population, which can 
be expected to have diff ering degrees of responsiveness to the forces at work. 
Women move in and out of work more than men. Young people face an inevitable 
transition from school to work. Th e choice for these groups is, What job to aim 
for? A worker who once accepts a low-wage job may be typed as low- productivity 
and cannot make the transition to higher pay as easily as a worker who has never 
been employed at all. For this reason, young people especially have an incentive 
to resist taking bad employment. Youth unemployment in unequal regions 
should therefore be expected to be an especially serious problem. 
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 Migration is a reinforcing consideration. Certain countries have larger emi-
grant populations than others. Within a given population, older male workers 
tend to be more mobile than women or the very young. If acceptable jobs are not 
available in their immediate surroundings, they can be expected to search else-
where, disappearing from the regional unemployment statistics. For this rea-
son, the unemployment of less mobile subpopulations should show higher 
sensitivity to regional conditions, and less mobile subpopulations should gener-
ally experience higher unemployment rates than more mobile subpopulations. 

 Data are generally available for up to 159 regional entities across Europe, 
embedded within thirteen countries. Use of the region rather than the nation 
as the unit of geographic analysis actually has two distinct advantages. Th e 
fi rst is that regions are more numerous and vary greatly from one to another. 
Th e second is that regions are also more homogeneous internally, as geographic 
units, than countries are. Th e standard deviation of population size for regions 
is merely a tenth of what it is for countries.  Table  8.1   gives this information.    

 We thus propose a model in which regional unemployment rates depend on 
four regional factors: pay inequality (+), the youth proportion in the popula-
tion (+), economic growth rate (-), and relative wages (-). Th e fi rst two of these 
factors infl uence the supply of unemployed labor; the second two aff ect the 
demand for labor (or supply of jobs). In addition, we expect to fi nd national 
diff erences in average unemployment rates and variations in unemployment 
common to all regions in Europe. Th ese may be measured by country-fi xed 
eff ects and time-fi xed eff ects, respectively. 

 Placement of regional pay inequalities on the supply side of the labor market is 
an innovation. It is more conventional to treat local wage rates as the product of 
supply and demand, begging the question of whether these forces operate at the 
regional, national, or higher levels. In this analysis, we take the regional wage 
structure as a datum facing individual workers. We consider that this datum aff ects 

     Table 8.1.     Population Diff erentials for Nations and Regions in Europe  

   Variable  Observations  Mean  Std. Dev.  Min  Max     

 Nations   

 Population 
(000s) 

 169  28,128  25,164  355.9  80,759.6   

 Regions   

 Population 
(000s) 

 1,853  2,306  2,556  22.5  17,663.2   
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 how long  they choose to search for employment. Th e greater the diff erential 
between high- and low-paid jobs in the local sett ing, the longer a rational person 
will hold out for one of the bett er jobs, accepting unemployment if necessary. 

 Th e main empirical innovation here lies in nearly comprehensive statistics 
of pay inequality measured across broad economic sectors at the level of Euro-
pean regions—the 159 entities over seventeen years (1984–2000). Th ese were 
calculated by Enrique Garcilazo. 

 Th is calculation provides a new source of information on the relative in-
equality of the pay structures in the regions of Europe, and because the sector 
categories are standardized the measures are comparable across national 
boundaries as well as through time. Th e data sources are from Eurostat’s 
REGIO database. We use compensation of employees and employment for 
159 regional entities among sixteen major economic sectors. Regions are clas-
sifi ed by NUTS level 2 except for the regions of Germany and United King-
dom, where data are available only at NUTS level 1. A list of economic sectors 
and regions are included in the appendix to this chapter. 

 Th e regional variable—average pay relative to the European average—is 
the ratio of each region’s average wage relative to the average wage of Europe as 
a whole. Average pay is derived by dividing compensation of employees by em-
ployment for each year. Th e value should vary above and below 1, equaling 1 if 
the region has the same average wage as Europe. 

 Th e remaining regional variables—growth of GDP, and proportion of the popu-
lation under twenty-four years of age—are constructed conventionally from REGIO. 

 Th e regression takes this reduced form, a two-way fi xed-eff ects model: 

1 2 3

4 i j

UN = α + β Theil + β Relwage + β GDPG +

β  PopUn24 + γ  Country + γ  Time

 where: 
UN = Regional unemployment rate

       Theil = Pay inequality  across sectors for each region

Relwage = Average regional waages relative to the European average

 GDPG = Growth rate oof  GDP at the regional level

      Un24 = proportion of  thee regional population under 

                       twenty--

-

four year of  age

Country = Dummy to capture fixed country  effects

       Time = Dummy to capture fixed time effects-
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  Th e model can be fi tt ed for all of Europe using annual data from 1984 to 2000, 
with full information for a total of 1,465 region-year observations. Th e coeffi  -
cients on the regional variables are reported in  table  8.2  . Diff erent models 
refl ect estimates for the whole population and its component parts: men, 
women, older and younger workers (age greater or less than twenty-fi ve years).   9       

 All the variables have the correct sign, and all but three are signifi cant at 
conventional levels. Coeffi  cients are systematically higher for less-mobile pop-
ulations, except that GDP growth rates matt er less for women—no surprise. 
R 2  is in the range of 60 percent for all models. 

 Higher growth at the local level reduces unemployment. Larger numbers of 
young people are associated with higher unemployment. Th e data on unem-
ployment and inequality at the level of European regions support our hypo-
thesis of a positive relationship between these two variables, though at a 
moderate signifi cance level. In areas with high levels of pay inequality or a high 
number of young people, unemployment is bound to remain a chronic prob-
lem until those two issues specifi cally are addressed. None of this is surprising. 

 Relative income across Europe (measured as the relative pay at the regional 
level) also aff ects local unemployment rates. As expected, richer regions have 
less unemployment, other things equal. If the regression is taken literally, it 
implies that reduction in inequality of incomes across Europe (holding the av-
erage constant) would reduce unemployment in the poor countries. But at the 
same time it would increase it in the rich countries. Th erefore this result is 
ambiguous in policy terms. 

 Th e regional variables taken together play a considerable role in explaining 
variance, but each level of analysis—regional, national, European—has a role 
to play.  Table  8.3   lays out measures of the variance explained (for unemploy-
ment of all workers) when the model is specifi ed without fi xed eff ects, with 
one-way fi xed eff ects, and with two-way fi xed eff ects.    

 Coeffi  cient estimates on the regional variables are also shown; these are 
notably stable except that the eff ect of GDP growth is to some extent absorbed 
by the introduction of time eff ects, indicating that macroeconomic forces tend 
to be common across the European regions. 

 It turns out that country-fixed effects are relatively unimportant for the 
large countries. Contrary to all the presumptions of the mainstream theory, 
the large countries do not appear to have major national-institutional dif-
ferences after all. There are two exceptions. Taking France (with the closest 
to average unemployment for the period) as the base case and plus or minus 
3 percent as the threshold, only Spain has much higher unemployment 
ceteris paribus than one would otherwise expect. In the UK, on the other 
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hand, unemployment is substantially lower than otherwise expected. Ger-
many, with a positive fixed effect just over 3 percent, is a borderline case, 
but most of the German fixed effect is surely due to the special circum-
stances following reunification.   10    

 Apart from this, neither the large countries nor Scandinavia have major dif-
ferences in unemployment rates apart from those captured by the local vari-
ables. Relatively equality and high incomes account for low Scandinavian 
unemployment! Th ey are, in other words, the Scandinavian model. Whether 
the Spanish and UK cases can be traced to particular causes is a matt er for later 
research; we would want to investigate closely the eff ect of the cash economy 
in Spain and that of credit institutions in the UK.   11    But neither value can be 
att ributed to Spanish wage rigidity or British fl exibility, since the inequality of 
pay structures is already taken directly into account at the regional level. 

 Th ere are however large  negative  fi xed eff ects for small countries (Austria, 
Ireland, Portugal, Greece, and to a lesser extent the Netherlands).  Figure  8.1   
shows a map of the country-fi xed eff ects.   12    Th is eff ect may be explained in 
some cases by the existence of large emigrant populations absent from the 
local labor force; the Portuguese in France are a well-known example. Austria 
is more diffi  cult to explain. Th e Austrian result may be due to strategic wage 
sett ing, with Austrian workers close substitutes for Germans in competing 

     Table 8.3.      Unemployment in Europe: Variance Explained Under Diff erent 
Specifi cations  

   Regional  Regional 
and Country 

 Regional and Time  All Variables   

 Beta  P Value  Beta  P Value  Beta  P Value  Beta  P Value     

 Th eil  4.03  0.18  4.81  0.04  5.39  0.09  4.97  0.04   

 PopUn24  50.20  0.00  48.64  0.00  54.23  0.00  57.02  0.00   

 RelWage  −2.82  0.00  −6.81  0.00  −2.21  0.00  −7.08  0.00   

 G-GDP  −11.83  0.00  −8.56  0.00  −9.49  0.00  −4.48  0.02   

  

 Regional  X  X  X  X   

 Country  X  X   

 Time  X  X   

 R^2  0.16  0.57  0.21  0.61   

  Note : Dependent variable is the unemployment rate for the whole population.   
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sectors, but cheaper. In an exploration reported in the appendix, we fi nd that 
Austrian wages are indeed systematically lower than German on average in 
manufacturing, but actually higher than German in nontraded sectors.   13    Th e 
Irish credit bubble is by now a well-known (and tragic) story; however, one 
factor in att racting some jobs to Ireland during the boom may have been the 
fact that Irish wages in traded goods were persistently lower than British. Ireland, 
like Austria, had a centralized wage bargain for a time.    

 In  Figure  8.2   we present the time eff ects associated with the two-way panel. 
Th ese estimates show a striking increase in pan-European unemployment 
rates from 1993 to the end of the decade, which rise to a peak value of 4.6 
points above the 1985 baseline in 1994 and sett le above 2 full percentage 
points for most of the rest of the decade. Th is is a very succinct measure of the 
employment penalty associated, in general, with the Maastricht Treaty and its 
implementation. On a brighter note, introduction of the euro in 1999 had a 
good eff ect for a while; excess youth unemployment in Europe was reduced 

  

All workers

–11- –5
–4
–3 -3
4 - 5

    
  Figure 8.1.     European unemployment: country-fixed effects, or differences 
between predicted and observed values that can be accounted for by national 
characteristics.   
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especially sharply aft er 1997, if these measures are correct.   14    However, we 
again now know that this was temporary, a result of the credit boom that fol-
lowed elimination of exchange rate risks and introduction of low long-term 
interest rates, for the fi rst time, in much of the European periphery, especially 
in Spain.    

 Finally, we replicate the estimates for subpopulations, including men, 
women, and very young workers. Not surprisingly, there are diff erences 
between these groups. As a broad rule, it appears that the less migratory a 
population, the higher its unemployment rate and the larger the eff ect of local 
labor market conditions on unemployment. Th e time eff ects are striking for 
all population groups. Th ey show a sharp rise in unemployment common to 
all regions (and groups) beginning in 1993. Th is is an interesting break point 
in view of the introduction of the Maastricht Treaty on European Union at 
the start of that year. Th e eff ect continues through the 1990s and suggests that 
a substantial part of European excess unemployment—generally between 2 
and 3 percentage points—refl ects the infl uence of policy conducted  at the 
European level  since the Union. Th e monetary policy of the European Central 
Bank and the convergence criteria for the euro are leading suspects in this 
regard. 
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  Figure 8.2.     European unemployment—time effects or common trends across all 
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     Inequality and Unemployment in Europe 
and America   

 Even aft er the Great Crisis, with the myth of a “naturally” low and stable U.S. 
unemployment rate shatt ered, many Europeans continue to believe in the 
“American model” of the fl exible labor market. Th erefore, “fl exibilization” 
remains on the European agenda, with the idea that moving Europe toward 
American (precrisis) levels of inequality will move Europe toward American 
(precrisis) levels of employment. And indeed there is some logic to this: if a 
general economic relationship between inequality and unemployment exists, 
there is no immediately obvious reason it should diff er between the United 
States and Europe. Th e question is, What is that relationship? And how might 
it square with the fi ndings just reported, which show that within Europe the 
more unequal (“fl exible”) labor markets generally have  higher  unemployment? 

 It should be clear that making a correct analysis of the relationship between 
two place-based variables—unemployment and inequality—depends criti-
cally on drawing the correct  economic  boundaries around the places. Economic 
boundaries are not necessarily the same as the political ones.   15    Th is problem is 
complicated by the fact that economic boundaries change over time—a 
process called globalization.   16    In the United States, the implicit assumption 
for many years has been that Americans defi ne themselves over the entire 
 nation—sea to sea—even though very large numbers stay put, for at least their 
entire working lives, within the confi nes of a single state. In Europe, a diff erent 
habit prevails. Historically, Europeans see themselves, and measure them-
selves, within the confi nes of countries that are in some cases very small. 
Europe is a broader, fuzzier horizon. However, in important ways—economically 
if not psychologically—all of this has changed. 

 Th e most dramatic and obvious of these changes are in the East. Th us, even 
though (say) Poland in the 1970s was a communist state, isolated from the 
West, today it is a province of greater Europe. Th e unemployed there are not 
the unemployed merely of Poland, but of all Europe. Some of them no longer 
see themselves as workers seeking to escape the low-wage countryside for 
Warsaw or Krakow, but as workers seeking jobs across the vast diff erentials 
separating Romania from Germany. Physically they may be in Germany (or 
Britain, or Sweden), knocking on doors. Or they may continue to live in Poland 
because they have not yet located jobs in Hamburg or Düsseldorf, because 
they don’t qualify for German welfare, or simply because they prefer it. But the 
fact of their unemployment is no longer a problem entirely within Polish con-
trol. It depends partly on European demand and on European pay diff erentials. 
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 Th at being so, a comparison between unemployment and inequality in 
Europe as against America should arguably treat Europe as a single economic 
union. A problem here is that there are no standard measures of inequality for 
Europe taken as a single, whole economy. All previous studies, save those cited 
here, compare the United States to individual European countries, ignoring 
the inequalities between European countries. In many parts of Europe, local 
or national inequality is low. In most big European countries, national levels of 
inequality are lower than in the United States; by most measures (including 
EHII) only Spain and Italy are close to the inequality levels observed in the 
United States. But wage and income diff erentials between European countries 
are quite high. No other studies have att empted to add inequality within Euro-
pean countries to the between-country component. 

 When they fi rst tackled this question, using OECD data for manufacturing 
pay, Galbraith, Conceição, and Ferreira (  1999)   found that even though pay in-
equalities in manufacturing within-countries in Europe were usually lower 
than in the United States, the verdict is reversed once one takes account of 
between-country diff erentials, and the European measure comes out about 30 
percent higher than in the United States. For Galbraith (  2007b  ), Garcilazo cal-
culated a direct and updated comparison of between-regions pay inequalities 
using measures of total payroll and total employment for 215 European regions 
and all fi ft y U.S. states, plus the District of Columbia.   17    Th is is not a full com-
parison of inequalities within the United States or across Europe. But it 
measures, quite directly, the incentive for long-distance economic migration 
and therefore the incentive to expose oneself to the risk of unemployment in 
order to gain the possibility of a high-income job. By comparison, inequalities 
within close geographic quarters may represent nothing more for employment 
than the incentive to commute (whether by train between the suburbs and 
downtown Paris, or by subway to Manhatt an from the Bronx). 

 Th e results are striking. An EU-25 interregional Gini coeffi  cient is about 
0.235, or more than twice the value across the American states (0.101). Across 
continental distances, average European incomes are dramatically more 
unequal than are those in the United States. It is true that in Europe cost-of-liv-
ing diff erences between regions are likely to be large, so that real-wage inequal-
ities are smaller than the nominal earnings diff erentials. Nevertheless, for the 
purposes of a theory of unemployment, it is nominal earnings diff erentials that 
matt er. Typically, migrants are willing to endure cramped and deprived condi-
tions in their place of work, precisely in order to maximize the incomes sent back 
home, where purchasing power is magnifi ed by low living costs. Hence nominal 
inequalities—for example, between Andalucia and Madrid, the Algarve and 
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Paris, or Poland and Frankfurt—drive both the competition for low-skilled jobs 
in the rich regions and, to a substantial extent, the unemployment rates.   18    

 Th us the belief that European convergence toward American structures of pay 
inequality would help reduce European unemployment appears to be correct. But 
the usual implication—that Europeans must learn to tolerate higher inequality—
is not. Rather, to achieve the employment goal, interregional pay inequalities 
within Europe must be  reduced . Th is is because the relevant pay inequalities are 
actually  lower  in the United States than in Europe, once one takes into account the 
international and long-distance interregional diff erentials inside Europe. 

 Th e American interregional convergence is not something that merely hap-
pened. It was created, quite deliberately, by policy pursued over many decades, 
beginning in the 1930s, to bring about economic resurrection of the Deep 
South (and later of Appalachia, another impoverished region)—where pov-
erty had festered for seven decades since the Civil War. Of course, there is no 
way to bring about a similar convergence in Europe, unless there is a unifi ed 
policy to achieve it, with resource fl ows through European policy institutions. 
As the crisis unfolds, the hope for such a conceptual and policy breakthrough 
recedes; at the present writing it is perhaps farther away than at any time since 
the last European civil war ended, now also seven decades back. 

     Implications for Unemployment Policy in Europe   

 European data at the regional level permit thorough dissection of the sources of 
unemployment at the regional, national, and continental levels, and examina-
tion of the eff ects across diff erent parts of the working population. Th e results 
show that the economists have been looking for the key to this particular car 
under the wrong lamppost. National institutions, quite clearly, do not matt er 
much, in most of the big countries; the large countries of Europe for the most 
part resemble each other, in the net eff ect of their institutions on unemploy-
ment. What does matt er are regional diff erences on one side—the structure of 
local economies and of their populations—and the forces aff ecting European 
economic conditions as a whole on the other. Th e latt er are a powerful common 
eff ect, as is obvious from the common time trend. Th e analysis thus tends to pull 
away the curtain behind which European policy makers have been hiding. 

 On the demand side, raising the growth rate of GDP certainly reduces unem-
ployment.   19    Moreover, income convergence would certainly help the poorer 
regions, and this suggests that policies explicitly targeted to achieve regional 
income convergence would also reduce the  divergence  in unemployment rates, if 
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not necessarily their average level. Th is could be done by targeting income trans-
fers to people and households in the poorer regions of Europe, by way of a common 
and unifi ed pension scheme (European Pension Union), for instance. If the model 
is correct, the current policies of austerity imposed on Greece, Portugal, Spain, and 
Ireland will move everything in the opposite direction, increasing the divergence 
of incomes and the relative unemployment rates all along the European periphery. 

 Targeted measures that foster  prelabor  market opportunities for European 
youths would clearly help on the supply side. Such opportunities would enable 
young people to time their entry into paid employment so as to escape being 
tarred as relatively unproductive or as having started working life with a long 
stretch of unemployment. It should be noted that the United States does this 
very eff ectively, with high levels of university enrollment and military enlist-
ment working to keep youths off  the streets. As a result, youth unemployment 
in the United States is not (except for certain relatively small populations) 
nearly as serious a social problem as it is in Europe.   20    

 Our most interesting implication is that measures to  reduce  the inequality 
of European wages at the regional level—for example, industrial development 
policies in poor regions, but also simple compression of the existing wage 
structures—would help reduce chronic unemployment on average among 
Europeans. Th is is quite the opposite of the common view that Europe needs 
 more  pay inequality (“fl exibility”) rather than less. Th ere is no support in our 
data for the idea that European unemployment is due to excessive solidarity in 
the European wage structure.   21    

 Our analysis of country-fi xed eff ects lends no support to the search for a 
magic bullet in the form of national labor market institutional reforms. Perhaps 
the other large European countries should investigate the UK case very closely. 
Perhaps they should investigate Spain to learn what to avoid (except for the fact 
that, not being Spain, they have already avoided it). Perhaps there is something 
modest to be learned from Dutch active labor market policies; Holland (with 
low emigration) has somewhat lower-than-expected unemployment. Apart 
from that, there is litt le evidence that institutional diff erences between France, 
Germany, Italy, and the Nordic countries make a big diff erence to their unem-
ployment rates; most of the diff erences between these countries’ experiences 
seem fully accounted for by the local variables, which capture diff erences in 
pay structure, income level, and the age composition of the population. 

 Finally, the evidence refl ects badly on the institutions and policy makers of 
the European Union. In a word, the Maastricht Treaty opened a half decade that 
can be qualifi ed as disastrous, and from which recovery was still incomplete 
when the Great Crisis hit. Of course, the crisis then unleashed a wave of disasters 
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in Europe, threatening the eurozone and bringing on vast pressures for defl a-
tionary policies on the poorer countries, who are being driven straight back to 
the destitution from which Europe was supposed to help them emerge. Conver-
gence is no longer the order of the day; austerity, job cuts, recession, and rapidly 
rising unemployment are the new normal. Whether Europe will survive—
whether it deserves to survive—may turn on whether Europeans and their 
policy makers come to grips with the catastrophic approach they have taken to 
the unemployment problem for most of the past thirty years. 

        Appendix 

D ETA I L E D  R E S U LTS  A N D  S E N S I T I V I T Y  A N A LY S E S     

                     Th e REGIO dataset permits us to extract annual datasets from 1984 to 2000 
for the major countries of Europe. However, for a number of the small coun-
tries, among them Greece, Austria, Ireland, and Portugal, full data are avail-
able only for the second half of the 1990s. Th is raises two questions: whether 
those years are representative of the whole period for these countries, and 
whether the panel analysis as a whole would be diff erent if they were excluded. 

     Table 8. A1.     Unemployment in Europe: National Fixed Eff ects for 1984–2000  

   Model 1  Model 2  Model 3  Model 4  Model 5   

 Total  P 
Value 

 Male  P 
Value 

 Female  P 
Value 

 <25 
Years 

 P 
Value 

 >25 
Years 

 P 
Value     

 BE  1.54  0.02  −0.35  0.53  5.16  0.00  −2.44  0.10  2.30  0.00   

 DE  3.32  0.00  4.12  0.00  2.97  0.00  −7.59  0.00  3.93  0.00   

 GR  −5.20  0.00  −5.12  0.00  −3.64  0.00  1.45  0.42  −6.82  0.00   

 ES  5.04  0.00  3.70  0.00  8.96  0.00  9.71  0.00  2.86  0.00   

 IE  −9.70  0.00  −6.48  0.00  −14.57  0.00  −24.12  0.00  −7.47  0.00   

 IT  0.53  0.17  −0.24  0.48  3.46  0.00  9.28  0.00  −1.69  0.00   

 NL  −3.69  0.00  −3.16  0.00  −4.03  0.00  −13.00  0.00  −2.79  0.00   

 AT  −6.03  0.00  −4.90  0.00  −7.05  0.00  −17.09  0.00  −5.12  0.00   

 PT  −10.79  0.00  −8.25  0.00  −13.86  0.00  −16.81  0.00  −10.43  0.00   

 FI  0.90  0.24  3.26  0.00  −1.97  0.06  3.30  0.06  0.42  0.51   

 SE  −1.06  0.11  1.88  0.00  −4.41  0.00  −3.70  0.02  −0.95  0.08   

 UK  −4.10  0.00  −0.28  0.60  −9.09  0.00  −12.64  0.00  −3.50  0.00      
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     Table 8. A3.      List of Regions: NUTS Level 1 for DE and UK, NUTS Level 2 
for All Other Countries  

   1  be1  Région Bruxelles—hoofdstad gewest   

 2  be21  Antwerpen   

 3  be22  Limburg (B)   

 4  be23  Oost-Vlaanderen   

 5  be24  Vlaams Brabant   

 6  be25  West-Vlaanderen   

 7  be31  Brabant Wallon   

 8  be32  Hainaut   

 9  be33  Liège   

 10  be34  Luxembourg (B)   

 11  be35  Namur   

 12  de1  Baden-Württ emberg   

 13  de2  Bayern   

 14  de3  Berlin   

 15  de4  Brandenburg   

 16  de5  Bremen   

 17  de6  Hamburg   

 18  de7  Hessen   

 19  de8  Mecklenburg-Vorpommern   

 20  de9  Niedersachsen   

 21  dea  Nordrhein-Westfalen   

 22  deb  Rheinland-Pfalz   

 23  dec  Saarland   

 24  ded  Sachsen   

 25  dee  Sachsen-Anhalt   

 26  def  Schleswig-Holstein   

 27  deg  Th üringen   

 28  def  Schleswig-Holstein   

 29  deg  Th üringen   

 30  gr11  Anatoliki Makedonia, Th raki   

 31  gr12  Kentriki Makedonia   
continued
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 32  gr13  Dytiki Makedonia   

 33  gr14  Th essalia   

 34  gr21  Ipeiros   

 35  gr22  Ionia Nisia   

 36  gr23  Dytiki Ellada   

 37  gr24  Sterea Ellada   

 38  gr25  Peloponnisos   

 39  gr3  Att iki   

 40  gr41  Voreio Aigaio   

 41  gr42  Notio Aigaio   

 42  gr43  Kriti   

 43  es11  Galicia   

 44  es12  Principado de Asturias   

 45  es13  Cantabria   

 46  es21  Pais Vasco   

 47  es22  Comunidad Foral de Navarra   

 48  es23  La Rioja   

 49  es24  Aragón   

 50  es3  Comunidad de Madrid   

 51  es41  Castilla y León   

 52  es42  Castilla-la Mancha   

 53  es43  Extremadura   

 54  es51  Cataluña   

 55  es52  Comunidad Valenciana   

 56  es53  Illes Balears   

 57  es61  Andalucia   

 58  es62  Murcia   

 59  es63  Ceuta y Melilla (ES)   

 60  es7  Canarias (ES)   

 61  fr1  Île de France   

 62  fr21  Champagne-Ardenne   

 63  fr22  Picardie   

 64  fr23  Haute-Normandie   

Table 8.A3. (continued)
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continued

 65  fr24  Centre   

 66  fr25  Basse-Normandie   

 67  fr26  Bourgogne   

 68  fr3  Nord Pas-de-Calais   

 69  fr41  Lorraine   

 70  fr42  Alsace   

 71  fr43  Franche-Comté   

 72  fr51  Pays de la Loire   

 73  fr52  Bretagne   

 74  fr53  Poitou-Charentes   

 75  fr61  Aquitaine   

 76  fr62  Midi-Pyrénées   

 77  fr63  Limousin   

 78  fr71  Rhône-Alpes   

 79  fr72  Auvergne   

 80  fr81  Languedoc-Roussillon   

 81  fr82  Provence-Alpes-Côte d’Azur   

 82  fr83  Corse   

 83  ie01  Border, Midlands, and Western   

 84  ie02  Southern and Eastern   

 85  it11  Piemonte   

 86  it12  Valle d’Aosta   

 87  it13  Liguria   

 88  it2  Lombardia   

 89  it31  Trentino-Alto Adige   

 90  it32  Veneto   

 91  it33  Friuli-Venezia Giulia   

 92  it4  Emilia-Romagna   

 93  it51  Toscana   

 94  it52  Umbria   

 95  it53  Marche   

 96  it6  Lazio   

Table 8.A3. (continued)
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 97  it71  Abruzzo   

 98  it72  Molise   

 99  it8  Campania   

 100  it91  Puglia   

 101  it92  Basilicata   

 102  it93  Calabria   

 103  ita  Sicilia   

 104  itb  Sardegna   

 105  lu  Luxembourg   

 106  nl11  Groningen   

 107  nl12  Friesland   

 108  nl13  Drenthe   

 109  nl21  Overijssel   

 110  nl22  Gelderland   

 111  nl23  Flevoland   

 112  nl31  Utrecht   

 113  nl32  Noord-Holland   

 114  nl33  Zuid-Holland   

 115  nl34  Zeeland   

 116  nl41  Noord-Brabant   

 117  nl42  Limburg (NL)   

 118  at11  Burgenland   

 119  at12  Niederösterreich   

 120  at13  Wien   

 121  at21  Kärnten   

 122  at22  Steiermark   

 123  at31  Oberösterreich   

 124  at32  Salzburg   

 125  at33  Tirol   

 126  at34  Vorarlberg   

 127  pt11  Norte   

 128  pt12  Centro (PT)   

 129  pt13  Lisboa e Vale do Tejo   

Table 8.A3. (continued)
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 130  pt14  Alentejo   

 131  pt15  Algarve   

 132  pt2  Açores (PT)   

 133  pt3  Madeira (PT)   

 134  fi 13  Itä-Suomi   

 135  fi 14  Väli-Suomi   

 136  fi 15  Pohjois-Suomi   

 137  fi 16  Uusimaa (suuralue)   

 138  fi 17  Etelä-Suomi   

 139  fi 2  Åland   

 140  se01  Stockholm   

 141  se02  Östra Mellansverige   

 142  se04  Sydsverige   

 143  se06  Norra Mellansverige   

 144  se07  Mellersta Norrland   

 145  se08  Övre Norrland   

 146  se09  Småland med öarna   

 147  se0a  Västsverige   

 148  ukc  North East   

 149  ukd  North West (including Merseyside)   

 150  uke  Yorkshire and the Humber   

 151  ukf  East Midlands   

 152  ukg  West Midlands   

 153  ukh  Eastern   

 154  uki  London   

 155  ukj  South East   

 156  ukk  South West   

 157  ukl  Wales   

 158  ukm  Scotland   

 159  ukn  Northern Ireland   

    

Table 8.A3. (continued)



 190   Inequality and Instability

 Examination of the unemployment rates for the four countries suggests 
that the relatively low unemployment seen in Austria, Greece, and Portugal 
in the late 1990s is not wildly unrepresentative of their experience over the 
whole period, even though the absolute levels of unemployment do vary 
over time. Th e Irish case is very diff erent, as Ireland passed from a high- to a 

     Table 8. A4.     Sectorization Used to Calculate Regional Inequality  

   Sectors by NACE-CLIO (1984–1994)  Sectors by NACE (1995–2000)     

 Fuel and power products  Agriculture, hunting, and forestry   

 Ferrous and nonferrous ores and 
metals, other than radioactive 

 Fishing   

 Nonmetallic minerals and mineral 
products 

 Mining and quarrying   

 Chemical products  Manufacturing   

 Metal products, machinery, equipment, 
and electrical goods 

 Electricity, gas, and water supply   

 Transport equipment  Construction   

 Food, beverages, tobacco  Wholesale and retail trade; repair 
of motor vehicles   

 Textiles and clothing; leather
 and footwear 

 Hotels and restaurants   

 Paper and printing products  Transport, storage, and 
communication   

 Products of various industries  Financial intermediation   

 Building and construction  Real estate, renting, and business 
activities   

 Recovery, repair, trade, lodging, and 
catering services 

 Public administration and defense; 
compulsory social security   

 Transport and communication services  Education   

 Services of credit and insurance 
institutions 

 Health and social work   

 Other market services  Other community, social, personal 
service activities   

 Nonmarket services  Private households with employed 
persons      
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     Table 8. A5.     Sensitivity Analysis: Total Unemployment Excluding AU, IE, GR, PT  

   Model 1   

 Total  P Value     

 Th eil  31.75  0.00   

 PopUn24  71.48  0.00   

 RelWage  −6.15  0.00   

 G-GDP  −6.92  0.00   

 BE  1.29  0.05   

 DE  4.54  0.00   

 ES  4.21  0.00   

 IT  0.32  0.43   

 NL  −3.47  0.00   

 FI  1.38  0.07   

 SE  −0.52  0.43   

 UK  −4.69  0.00   

 1984  −0.36  0.70   

 1986  1.11  0.18   

 1987  −0.10  0.91   

 1988  1.76  0.03   

 1989  −0.17  0.83   

 1990  −0.99  0.21   

 1991  −1.11  0.17   

 1992  −0.28  0.73   

 1993  1.86  0.04   

 1994  4.57  0.00   

 1995  2.32  0.00   

 1996  2.74  0.00   

 1997  2.76  0.00   

 1998  2.06  0.01   

 1999  1.55  0.05   

 2000  0.83  0.33   

 R^2  0.63   

 N  1240   
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low-unemployment country in the mid-1990s. It would thus be inappro-
priate to regard the low country-fi xed eff ect found for Ireland as representa-
tive of institutions producing low unemployment throughout the period. It 
represents, rather, the exceptional experience of the late 1990s, when Ire-
land experienced a powerful (and alas temporary) economic boom. 

 To test the second question, we ran the full panel regression, with two-way 
fi xed eff ects, on a panel excluding Greece, Austria, Ireland, and Portugal. Th e 
results for the whole population are given in  table  8.A5  . Results for the male, 
female, young, and older subpopulations tell a similar story and are available 
from the author.    

     Table 8. A6.      Europe: Summary Statistics for Average Wages Across 
16 Sectors, 1995–2000  

   Extremadura     

 Variable  mean  min  max  N  p50   

 Average 
wage 

 21.49  5.4  65.5  72  16.35   

 Andalucia   

 Variable  mean  min  max  N  p50   

 Average 
wage 

 22.65  5.1  79.7  82  19.55   

 Navarra   

 Variable  mean  min  max  N  p50   

 Average 
wage 

 25.93  7.5  52.1  72  26   

 Stockholm   

 Variable  mean  min  max  N  p50   

 Average 
wage 

 35.59  16.7  64  88  36.15   

Extremadura (unemployment rate for 2000 = 24.4 )

An

 percent ,
ddalucia (unemployment rate for 2000 = 25 )

Navarra

percent ,
  (unemployment rate for 2000 = 4.8 )

Stockholm (un

percent ,
eemployment rate for 2000 = 3.7 )percent .
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     Table 8. A7.     Ratio of Austrian to German Average Wages by Major Sectors  

   1995  1996  1997  1998  1999  2000     

 Mining and 
quarrying 

 1.04  1.01  1.01  1.06  1.09  0.98   

 Manufacturing  0.88  0.88  0.88  0.89  0.92  0.86   

 Electricity, gas, 
and water 
supply 

 1.22  1.19  1.21  1.26  1.22  1.14   

 Construction  1.04  1.03  1.06  1.11  1.27  1.20   

 Transport, 
storage, and 
communication 

 1.03  1.00  1.03  1.07  1.18  1.14   

 Financial 
intermediation 

 1.06  1.07  1.08  1.09  1.23  1.18   

 Real estate, 
renting, and 
business 
activities 

 0.99  0.96  0.94  0.90  1.09  0.95   

 Public 
administration 
and defense; 
compulsory 
social security 

 1.16  1.15  1.13  1.10  1.12  1.12   

 Th e model is substantially unaff ected by exclusion of the four small countries. 
All coeffi  cients have the same sign, and all remain signifi cant. One diff erence is 
that the relationship between inequality and unemployment is stronger, and the 
signifi cance of the coeffi  cient estimate on the inequality variable rises eightfold, 
when the four small countries are not included. We take this as confi rmation that 
the inequality-unemployment relation is strong, and not an artifact of inclusion 
of the small countries in the late 1990s. 

 Th e between-groups component of Th eil’s T statistic is a compound measure 
infl uenced by both the relative wage rates between groups and the relative size of 
each group. A region with high inequality may have a large diff erential between the 
best-paid and worst-paid, or a marked bimodalism in the structure of employment 
or some combination of both factors. It is worth noting that the line of causality 
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     Table 8. A8.     Ratio of Irish to British Average Wages by Major Sectors  

   1995  1996  1997  1998     

 Mining and quarrying  0.71  1.05  0.86  0.87   

 Manufacturing  0.81  0.84  0.75  0.71   

 Electricity, gas, and 
water supply 

 0.74  0.65  0.70  0.63   

 Construction  1.32  1.27  1.17  1.11   

 Wholesale and 
retail trade  *   

 1.35  1.39  1.32  1.29   

 Hotels and restaurants  1.15  1.05  0.97  0.90   

 Transport, 
storage, and communication 

 0.79  0.87  0.76  0.70   

 Financial intermediation  1.51  1.49  1.20  1.11   

 Real estate, renting, 
and business 
activities 

 1.19  1.13  1.07  1.02   

 Public administration 
and defense  **   

 1.08  1.17  1.11  1.18   

 Education  1.27  1.30  1.17  1.10   

 Health and social 
work 

 1.52  1.48  1.39  1.22   

 Other community, 
social, personal 
service activities 

 0.97  0.90  0.66  0.57   

 * Repair of motor vehicles, motorcycles, and personal and household goods.
** Compulsory social security.   

traditionally argued to hold in economics, which runs from unemployment rates 
to the pay structure, does not imply anything in particular about the structure of 
employment. If there exists an excess of unskilled workers, this should reduce the 
relative pay of unskilled workers, increasing inequality, but it would not neces-
sarily change the technology employed in particular processes of production. 

 To off er an illustration of the roles of these two factors, we examine the 
structure of pay and employment in four European regions, two with high and 
two with low unemployment in the year 2000. Th e regions included in the 
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analysis are Andalucia and Extremadura, with high unemployment rates, and 
Navarra and Stockholm, with low unemployment rates:     

 Ranges for low-unemployment regions are much lower than for high-
unemployment regions. We also fi nd that low-unemployment regions have a 
substantially larger share of their employment near the mean, and less associ-
ated with the extremes of the distribution. 

 Th e conjecture that certain small countries with strong collective wage bar-
gaining might generate domestic full employment at the expense of a larger 
neighbor can be evaluated directly for the case of Austria and Germany. Th e 
evidence is suggestive. As  table  8.A7   shows, average wages in Austria are sys-
tematically higher than in Germany except in two sectors: manufacturing and 
real estate. Manufacturing is, of course, by far the larger of these sectors. Is this 
the secret of Austrian unemployment rates consistently half those of Germany?    

  Table  8.A8   gives a similar analysis of relative wages in Ireland and the UK 
in the late 1990s; if the data are accurate, a similar story may apply. Indeed, it 
is striking how much higher average pay in such sectors as fi nance, health, and 
education appears to be in Ireland than in England. But manufacturing pay is 
lower, and this could well have given Ireland the edge in location of new indus-
try during the technology boom.    

  Table  8.A9   summarizes the data used in this chapter.    

         Notes    

       1.     Th is chapter is adapted from James K. Galbraith and Jose Enrique Garcilazo, “Unem-
ployment, Inequality and the Policy of Europe, 1984–2000,”  Banca Nazionale del 
Lavoro Quarterly Review  57(228), March 2004, 3–28. Reprinted in Richard P. F. Holt 
and Steven Pressman, editors,  Empirical Post Keynesian Economics: Looking at the Real 
World . Armonk, NY: Sharpe, 2007, 44–69. 

       2.     Th is simplifi cation sits uncomfortably with certain facts, such as that French and Ger-
man workers enjoy higher average productivity than their American counterparts. Th is 
chapter will not, however, att empt to follow the literature into every nook, cranny, and 
inconsistency. Th e point of constructing a fable is to give people something they can 
believe in, sparing them the obligation of closely examining the facts. 

       3.     We have seen already that the actual relationship between pay inequality in American 
manufacturing and unemployment contradicts this view, but the view was developed 
largely without any felt need for supporting evidence, beyond superfi cial comparison of 
(household income–based) Gini coeffi  cients and average unemployment rates. 

       4.     Th ere are two likely explanations for this focus. One is simply the convenience of data, 
which are collected and reported by national governments. Th e other is the econo-
mist’s ingrained preference for individual-level data. But it is a fallacy, of course, to 
treat nation-states as though they were individuals, randomly sampled from some 
larger population. 

       5.     My authority for this assertion stems from a conversation at a lunch at Bloomberg head-
quarters in New York with Jean-Claude Trichet, then the director of the European Central 
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Bank. Th at the Scandinavians were diff erent and could not be emulated was his response to 
my question about their comparative success with low inequality and low unemployment. 

       6.     One might suppose the causation to run the other way: that regional pay inequality 
would be simply a positive function of local unemployment rates. But although this is 
possible, two considerations suggest that it is not predominantly the case. First, unem-
ployment rates vary much more than inequality measures over time. Th e eff ect of in-
equality on unemployment is therefore mainly cross-sectional (places with higher 
inequality experience higher unemployment chronically). Second, part of the greater 
inequality observed in a regional pay structure is due to the scarcity of decently paid 
middle-range jobs, and not exclusively to larger pay diff erentials per se, though in prac-
tice both may contribute. Th ere is no compelling reason in neoclassical theory that 
higher unemployment rates should produce a gap in employment in the middle of the 
pay scale, as opposed to the bott om of it. 

       7.     Th ere have also been, in history, diff erences in how the unemployed are counted, which 
would show up at the national level. However, recent data are based on standardized 
measures. 

       8.     Our analysis does not att empt to sort out the particular institutional factors behind diff er-
ences in national unemployment rates, once local conditions have been controlled for. 
Rather, we seek to establish  how much  of the observed diff erences in unemployment can be 
att ributed to national diff erences, and  for which countries  these diff erences are important. 
Introducing country-fi xed eff ects permits this measurement to be carried out easily. 

       9.     We report a linear version of the model; a log-log version gave similar results and is not 
reported. 

       10.     Th ere is also an interesting negative eff ect for youth unemployment in Germany, which 
could be picking up the eff ects of the apprentice system. 

       11.     A good test prediction would be that the UK would experience sharply higher unem-
ployment in the crisis than, say, Germany. 

       12     Table  A1   (in the appendix to this chapter) presents the coeffi  cient estimates. 
       13.     We thank Richard Freeman and David Howell for jointly making the suggestion that 

we compare Austrian wages to German. 
       14.     Appendix  Table  A2   reports the time eff ects and their signifi cance level. Freeman sug-

gests a link to large increases in university enrollment, especially in Spain. 
       15.     To see this in the small, consider that there is obviously no such thing as a “Luxembourg 

labor market”—even though Luxembourg reports labor market statistics like any other 
OECD country. 

       16.     Further, at a given moment in time, groups may experience diff erent geographic horizons. 
       17.     Th e measures are made comparable by presenting them in the form of Gini coeffi  cients, 

which are calculated on the artifi cial assumption that every person within a state or 
region enjoys the same average income. 

       18.     Furthermore, one can reasonably expect that cost-of-living diff erentials across Europe 
will decline over time. As markets continue to integrate, the traded-goods compo-
nents of living costs will tend to equalize, leaving only the nontraded goods compo-
nents (whose price levels depend on local wage levels, including rents, and the 
intangible elements of the living standard) as separating the costs of living in richer 
and poorer regions of Europe. Absent convergence of nominal wages, convergence of 
living costs will produce further divergence of real living standards. Convergence 
policy must therefore deal with nominal diff erentials, as expressed in the common 
currency unit. 

       19.     Th at regional income convergence would do so is also possible, but this cannot be 
readily determined from our information, since our variable measures  relative  wages. 

       20.     Th e high level of incarceration in the United States is an uglier side of this same story. 
       21.     It is, however, possible that some small countries—Austria and perhaps Ireland—have 

for a time gamed the system at the expense of their larger neighbors. 
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C H A P T E R  9
         European Wages and the Flexibility Th esis  

    In the last chapter, we examined the relationship between wage inequality—a 
proxy for “fl exibility”—and unemployment, to discover that, contrary to the theo-
retical argument and insistent policy prescription of the European mainstream, the 
actual evidence shows wage equality is good for employment. Th is is true at every 
level of analysis: regional, national, and continental. Th at is, egalitarian regions 
within Europe have less unemployment than highly unequal regions. Egalitarian 
countries within Europe have less unemployment than highly unequal countries. 
And—over the period under study—the United States had less pay inequality 
than Europe  taken as a continental whole , and also less unemployment. Moreover, 
the analysis suggests that as Europe expanded and integrated, the continental in-
equalities became more relevant, adding upward pressure to unemployment. 

 Th is chapter takes up the issue of wage fl exibility and rigidity in Europe 
from another angle and with a diff erent technique.   1    Th e question asked here is, 
When we consider Europe as a whole, how much wage fl exibility do we observe 
in fact? Th e shift  here is from a static mode of observation to a dynamic one: in 
this chapter, we will be concerned with assessing the degree to which relative 
wages inside Europe are actually capable of changing over time. Th is is impor-
tant because although part of the “rigidities” argument focuses on the alleg-
edly egalitarian structure of European wages, another part of it focuses on the 
problem of “sclerosis,” the ability or inability to change in response to change 
in technology and associated patt erns of labor demand. 

 As discussed earlier, unemployment in Europe was practically nonexistent 
until the oil crises of the 1970s; since that time it has risen episodically but 
persistently and has become an intractable problem and a leading policy con-
cern. A small group of Keynesians (Palley   2001 ,  2004  ; Arestis and Sawyer 
  2006  ) continue to insist that the blame lies with the tight fi scal and monetary 
policies, but the dominant view places responsibility on a rigid structure of 
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European wages, both excessively egalitarian and unable to adjust approxi-
mately to macroeconomic and supply-side shocks (Blanchard   2005  ). Th e 
widely accepted remedy in mainstream policy circles is  fl exibilization  of Euro-
pean labor markets, by which is meant, for the most part, allowing wages at the 
bott om to fall and those at the top to rise. 

 Curiously, both competing perspectives agree on the core proposition that 
European wage structures are infl exible. Keynesians tend to see egalitarian 
wage structures as desirable per se; hence their admiration for the “European 
social model” and their preference for demand expansion as the policy of 
choice against unemployment, whereas for the mainstream school fl exibility 
trumps equity and the fear of expansionary policy is that it might generate 
infl ation. Intermediate positions also exist: moderate members of the main-
stream sometimes favor expansionary demand policies, especially in deep 
crises, and moderate Keynesians, particularly if they were trained in the 
American tradition of the “neoclassical synthesis,” do not always oppose 
“labor market reform.” 

 One basis of the shared belief that European labor markets are (rela-
tively) infl exible is to be found in a shared a priori commitment to viewing 
European labor markets as if they were separate and autonomous  and 
 national —one country, one labor market. In reality, though, it has been 
decades since it was reasonable to view the European economy in this way. 
And in fact, very few actors on the European economic scene would take 
this point of view. 

 Financial investors and multinational corporations have long viewed the 
countries of Europe as close substitutes and competitors for their investment; 
in recent years all barriers to economic interchange within Europe, including 
the nominal one of currency exchange, have been removed. European transna-
tionals are increasingly  multinational , on the model of Airbus; they distribute 
production across countries and seek, presumably, the optimum mix of inte-
grated operations and low costs. Eliminating the uncertainties facing such 
corporations from arbitrary and unpredicted exchange rate movements was 
one of the major arguments in favor of fi xing exchange rates irrevocably under 
the euro. 

 However, the fact remains that nominal exchange rate fl exibility persisted 
inside Europe until 1999. And it persists today between the British pound, 
Swiss franc, and several Scandinavian currencies that remain outside the 
euro, as well as those of several accession countries that have not yet joined 
the euro. From the standpoint of a pan-European investor, this fl exibility is 
the same as any type of relative wage fl exibility: currency depreciation 
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lowers wage costs in the country that depreciates. Th is presents us with an 
interesting natural experiment, a way of observing just how much relative 
wages have fl uctuated in modern European history, and a way of assessing 
whether this form of wage cutt ing actually did lead to higher employment. 
So far as we know, no recent study   2    has linked this older tradition of analysis 
of currency adjustments, which was very common in the days of “fi xed-but-
adjustable exchange rates” under the Brett on Woods system, to the “mod-
ern” doctrine of labor market fl exibility. It is as though economists who are 
focused on Europe have forgott en that there were once alternative ways—
apart from breaking up unions and repealing job protections—to lower the 
relative wage. 

 Th is chapter thus studies the recent evolution of the European wage struc-
ture from a pan-European perspective. We measure the variability of relative 
wages for the region considered as a whole, in order to assess the relationship 
of relative wage change to changes in employment. We fi nd considerable vari-
ability in relative wages seen this way. Th e next step is to ask, Can we deter-
mine why wages varied? In other words, can we link the movements of relative 
wages observed in the data to other patt erns of economic change, also observ-
able in the data at the same time? Th e idea behind trying to do this is to see 
whether there are any cases where relative wage  reduction  might have worked, 
in the sense of being associated with a successful recovery of employment. Th e 
relevance of the exercise to present policies of austerity, and the possibility of a 
sustained “expansionary fi scal consolidation,” should be clear. 

 Th e diffi  culty of tackling this problem lies in the complexity of the data. 
Europe is a mass of countries, each of which records employment and payroll 
information on a plethora of economic sectors. Th ere are thus hundreds of 
“dependent variables,” and an even larger number of potentially important 
causal factors behind relative wage change. Th e traditional approach, paramet-
ric hypothesis testing, requires that one specify a theoretical relationship in 
advance. Th e test, carried out with regression analysis, then tells whether the 
hypothesis is reasonable or not. But in this situation one could run hundreds of 
regressions along those lines and not come to a persuasive conclusion; there 
are always more variables that one might have used. 

 So we’ll take a quite diff erent approach, following a method presented in  Cre-
ated Unequal  (Galbraith   1998  ) and developed in Calistri and Galbraith (  2001  ), 
which has the advantage of allowing us to sort through masses of information for 
common patt erns, reducing matt ers to a manageable number of observational 
groups before att empting to analyze them. As noted, this work was carried out 
by Deepshikha RoyChowdhury under my supervision. 
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 Th e next section of this chapter presents a brief literature review and theo-
retical foundations of the unemployment situation in Europe. Th e third sec-
tion presents the analysis, and a fi nal section presents the conclusion. 

     Th e Problem of Unemployment in 
Europe: A Reprise   

 Unemployment in Europe was very low from the end of the Second World 
War to the end of the 1960s. Since then it has increased through shocks and 
recessions, while falling litt le in years of growth. European unemployment 
before the Great Crisis averaged three times its 1960s values and roughly 
twice the level prevailing in the United States. Since the two regions had sim-
ilar labor force participation rates and experienced the same shocks in the 
1970s, explanations that rely on shocks alone are problematic. In 1985, Bruno 
and Sachs blamed European unemployment on declining total factor produc-
tivity growth, but this hypothesis later ran afoul of the fact that American em-
ployment recovered when the total factor productivity slowdown ended, but 
European employment did not. Reasoning along these lines led Blanchard 
(  2005  ) and others to conclude that the diff erences must lie in the institutional 
capacity to adjust to shocks; hence the alleged relative rigidity of European 
wages emerges logically as the prime suspect in the rise and persistence of 
European unemployment. 

 Th us the dominant explanation for the problem of unemployment in 
Europe has become “rigid and sclerotic labor markets,” supposedly blocking 
desirable adjustments to rapidly changing demand conditions. Th is expla-
nation is called the  labor market fl exibility (LMF) hypothesis . It holds that 
such institutional factors as union coverage, union density, centralized 
wage bargaining, employment protection laws, taxes, unemployment bene-
fi ts, and benefi t duration render wages downwardly rigid. European unem-
ployment is therefore a price of the European welfare state. In the previous 
chapter, we proxied all of these forces with measures of wage equality, and 
with national dummy variables to capture distinctive country characteris-
tics, or “fi xed eff ects.” 

 Th e theoretical basis of the LMF hypothesis resides in neoclassical eco-
nomics, according to which the labor market comprises supply and demand 
schedules that are functions of the real wage. Th e labor market clears at the 
intersection point of the two schedules; unemployment exists when the real 
wage fails to fall to its equilibrium level. To restore full employment, therefore, 
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labor market reforms are required: weaker unions, less job protection, reduced 
unemployment benefi ts, cuts in the minimum wage. In recent years, such 
“reforms” have been promoted by the OECD’s  Jobs Study  (OECD   1994  ) and by 
Layard and Nickell (  1999  ), Phelps (  1994  ), Nickell (  1997  ), Siebert (  1997  ), 
Haveman (  1997  ), Blanchard and Wolfers (  2000  ), Layard, Nickell, and Jack-
man (  2005  ) and others. Rare dissenting critiques come from Baker et al. 
(  2005  ), and from Howell (  2005  ). Garcilazo (  2005  ) off ers an extensive review 
and critique of studies based on the LMF hypothesis. 

 A competing argument, the Macroeconomic Policy (MP) hypothesis, holds 
that European unemployment stems from bad macroeconomic choices, as 
argued by Baker and Schmitt  (1998), Palley (  1998 ,  1999  ), and Solow (  1994  ). 
Th is hypothesis focuses on the anti-infl ation monomania of the European 
Central Bank (and of the Bundesbank before it), and on the strict austerity 
imposed by the Maastricht criteria. Palley (  2001 ,  2004  ) presents an empirical 
model incorporating both macroeconomic policy variables (interest rates, in-
fl ation rate, growth rate) and institutional variables (unemployment benefi ts, 
tax wedge, union coverage). He found that the institutional eff ects are not 
stable: when macroeconomic variables are included the coeffi  cients of the in-
stitutional variables change sign and lose statistical signifi cance. 

 Advocates of the LMF hypothesis and those of the MP hypothesis supply 
opposing explanations for unemployment and diff ering recommendations for 
dealing with it. Yet they agree, without having explicitly considered the matt er, 
that European labor markets are in fact both national and rigid. We think this 
is a weakness of both viewpoints, subject to investigation that may enable us to 
test the LMF hypothesis persuasively. For if labor market reform works, then 
reducing relative wages should produce higher employment. No one expects 
this will be the only source of higher employment, of course. But in the entire 
history of Europe aft er the early 1960s, there should be, at the least, a few cases 
where this process can be shown to have worked. 

 We treat Europe just as a pan-European investor or a multinational corpora-
tion (MNC), intending to invest and create jobs in Europe, would do. For an 
MNC (or a bank), Europe is a highly integrated economy. Investing in one coun-
try instead of another is a  location  decision, which depends on  competitiveness 
( Porter   1990   ) . Th e fl ow of investment aff ects growth, employment, and wages. 
Relative wages can rise (or fall) particularly rapidly if exchange rates are fl exible, 
and it is this source of relative wage variability inside Europe that we especially 
wish to investigate. It has been omitt ed entirely from the study of European 
labor markets up to now, at least in the period since the creation of the eurozone 
caused economists to forget, apparently, that Europe existed before the euro. 
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     Assessing Wage Flexibility across Europe   

 We study the behavior of European wages over twenty-fi ve years, using a data-
set   3    covering fi ft een countries of the European Union (EU)   4    and Switzerland 
and Norway. Th e dataset includes country-level data for total remuneration 
(measured in millions euro) and employment for each economic sector within 
each country from 1980 to 2005. Th e data are available for fi ft een economic 
sectors   5    of each country. Th e dataset thus comprises 6,630 cells including 255 
rows (seventeen countries times fi ft een economic sectors) and twenty-six col-
umns (years from 1980 to 2005). Using total remuneration and employment, 
we calculate the average remuneration (here called average wage) for each 
sector of each country, each year. We then compute the annual rate of change 
in average wages for each cell, yielding 6,375 cells arranged in 255 rows and 
twenty-fi ve columns (years from 1980–1981 to 2004–2005). Th is is the degree 
of complexity we have to deal with. 

 To this second dataset, we apply cluster analysis to discover meaningful 
structures among the 255 cases. Cluster analysis is a technique in numerical 
taxonomy whose function is to combine observations in a dataset according to 
their degree of similarity to one another. In our case, the similarity we are in-
terested in is the degree of co-movement of wage changes over time. Th e un-
derlying principle is that two sectors having a high degree of co-movement can 
reasonably be treated as if they were the same—in particular, as if they were 
being infl uenced by the same economic forces as time passes. Th us litt le infor-
mation is lost by combining them. Th e advantage is that a judicious process of 
combination simplifi es the data enormously, oft en turning an inchoate mass of 
numbers into a relatively small number of clearly distinct groups with easily 
distinguishable histories. 

 We use a hierarchical clustering method known as Ward’s method,   6    with 
the results displayed as a tree plot. Th e tree diagram shows the similarity and 
diff erences between the histories through time of our criterion variable (an-
nual rate of change in average wages) of all pairs of cases under observation. 
Step by step, it reduces a large and cumbersome list of cases into a small number 
of meaningful clusters, while minimizing loss of information through aggre-
gation. 

 Cluster analysis helps to discover meaningful structures in data, but it does 
not explain why they exist.   7    To help determine why clusters form, we employ a 
second tool, called discriminant function analysis. It generates coeffi  cients 
called canonical scores, which may be associated with other time-series data 
that measure the historical forces driving the diff erences between clusters 
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(Ferguson and Galbraith   1999  ; Calistri and Galbraith   2001  ). In this way, we 
combine two nonparametric techniques to yield evidence on fundamental 
sources of variation in a complex dataset, again without signifi cance testing. 
Galbraith and Lu (  2001  ) give a compact technical summary of the mathe-
matics behind this procedure. Both techniques are well established and easily 
implemented with standard statistical soft ware packages, though the combi-
nation of them using time-series data appears to be an innovation. 

 Th e discriminant function is also known as a  canonical root  or a latent variable. 
It is a linear combination of independent variables, also called discriminating 
variables, expressed as 

  Here the discriminating variable x i  is the annual rate of change in average 
wages of ith year (i = 1,2, . . .  . . .  .25 for the time series 1980 to 2005). Th e a i s are 
unstandardized discriminant coeffi  cients (or partial coeffi  cients), which show 
the unique contribution of each variable (each year, in this analysis) to the 
classifi cation of the discriminant function. In terms of standardized coeffi  -
cients (b i s), the discriminant function is expressed as 

L = c + a * x + a * x + ....... + a * x1 1 2 2 n n .

L = b * x + b * x + ....... + b * x1 1 2 2 n n .

  In the case of k clusters, discriminant function analysis yields (k-1) sets of 
b i s. For each set, discriminant function analysis permits us to compute a cor-
responding canonical score for each of the clusters. Using the b i s correspond-
ing to the fi rst discriminant function and substituting the x i  for each cluster 
into the equation, one gets a fi rst set of canonical scores for all cluster cases. 
Similarly, the b i s corresponding to the second discriminant function yield a 
second set of canonical scores for all the cases, and so forth. Th e discriminant 
functions are orthogonal to each other, so that the fi rst function maximizes 
the diff erences between the clusters, the second function maximizes the dif-
ferences between the clusters aft er controlling for the fi rst function, and so on. 

 Th e discriminant function analysis yields an eigenvalue corresponding to 
each discriminant function, which shows the importance of its correspond-
ing function (eigenvector) in classifying a case into a cluster. Th e relative 
importance is represented in terms of percentage of variance explained by 
that discriminant function. 

(9.1)

(9.2)
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 In this analysis the b i s are by construction sets of year-to-year coeffi  cients, a 
constructed time series. Following Calistri and Galbraith (  2001  ), we contend 
that the b i s correspond to some known or discoverable historical forces, which 
aff ect cases diff erently and work to separate the cases into clusters. So it is of 
interest to discover what these forces might actually be. To discover them, we 
can (simply) replace the b i s by some known economic time series and calculate 
a pseudoscore, which is analogous to the canonical score. Th e pseudoscore is 
expressed as 

  Here P is the pseudoscore and the p i s represent an economic time series that 
runs through period 1 to n (= 25). 

 Once pseudoscores for all the cases are obtained for a particular candidate 
historical force, we can calculate the correlation coeffi  cient between the pseu-
doscores and the corresponding canonical scores. If the correlation is high and 
signifi cant, we may argue that the b i s (corresponding to say, kth discriminant 
function) that separate clusters at the kth dimension represent such-and-such 
an economic force. If the historical record yields multiple possibilities, it is 
easy to choose; the one with the highest correlation between pseudoscore and 
canonical score is the most probable. Th is is to say, it is the economic time 
series that most likely leads to the patt ern of variation in the behavior of av-
erage wages and that produces the observed cluster patt ern. Th is is a very com-
pact way to sort through potential causal factors, without running hundreds of 
regressions. 

 Th e fi nal complication is simply that our dataset is very messy. Having clus-
tered, we will fi nd that few small groups are initially separated out, refl ecting 
the exceptional variations of certain cases on the borders of the European Eco-
nomic Community. But the rest will look like an undiff erentiated mass, with 
no discernible internal structure. Th e solution to this problem, innovated by 
RoyChowdhury (  2008  ), is simply to exclude the outlier groups and repeat the 
analysis. In this way structures that were not visible before begin to emerge. 
Th e process can be repeated, until one is satisfi ed that most of the meaningful 
variations in relative wage rates have, in fact, been accounted for. Th e proce-
dure is thus iterative, and the intuition behind it may be evident to afi cionados 
of fractal structure. 

 We perform the analysis at four levels, corresponding to smaller-scale vari-
ations and fi ner disaggregation of the underlying data. At each level, a cluster 

P = p * x + p * x + ....... + p * x1 1 2 2 n n . (9.3)
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analysis is performed to obtain the cluster structure. Aft er that, discriminant 
function analysis is performed using the cluster structure. For the fi rst two 
dimensions, which separate the clusters maximally, canonical scores are 
obtained; corresponding to them, pseudoscores are obtained from candidate 
economic time series data. Aft er that, the correlation coeffi  cients between the 
pseudoscores and canonical scores are calculated. Details and fi ndings are pre-
sented in the next section. 

     Clustering and Discriminating to Simplify 
the Picture   

 We fi rst perform cluster analysis on all the 255 cases (economic sectors within 
countries) using the data for annual rate of change in average wages of each 
case from 1980 to 2005. Cluster analysis yields three well-defi ned clusters, in-
dicating the most sharply diff erentiated patt erns of wage change. Cluster 2 
consists of seven sectors of Greece. Cluster 3 comprises seven sectors of Portu-
gal. Cluster 1 consists of the remaining cases. 

 To determine why the 255 cases resolve into a group structure comprising 
three well-defi ned clusters, we perform a discriminant function analysis. As 
there are three clusters, the analysis yields two discriminant functions; the 
fi rst and second functions account for 73.24 percent and 26.76 percent of the 
variability between the clusters respectively. 

  Figure  9.1   shows how the two discriminant functions discriminate between 
the three clusters. Along the x-axis the canonical scores corresponding to the 
fi rst discriminant function (DF1-1)   8    are plott ed. Along the y-axis the canonical 
scores corresponding to the second discriminant function (DF2-1) are plott ed. 
Th e fi gure shows that DF1-1 separates cluster 2 from the rest of the cases, while 
DF2-1 separates cluster 3 from the rest of the cases.    

 We contend that the discriminant functions may represent economic time 
series that lead these particular groups of sectors in Greece and Portugal to 
behave diff erently over time relative to wages in sectors elsewhere in Europe. 
To discover what those economic forces might be, we compute pseudoscores 
as previously described, using various macroeconomic variables; the choice is 
opportunistic. We fi nd that the correlations between the pseudoscores for the 
rate of change in investment in cluster 2’s sectors relative to investment in all 
the sectors of other countries of Europe and the fi rst canonical score are high; 
the correlation coeffi  cients   9    vary from 0.64 for Belgium to 0.71 for Portugal. 
All are highly signifi cant at the 0.01 level. 
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 For DF2-1, we fi nd that the correlations are highest between the second 
canonical score and the pseudoscores for rate of change in household expendi-
ture (consumption) of Portugal relative to the household expenditure of other 
countries of Europe. All are signifi cant at the 0.01 level except for Norway (sig-
nifi cant at 0.05) and Luxembourg. 

 At this level of analysis, cluster 1 remains a huge cluster comprising 241 
cases out of 255. It is possible that the two discriminant functions, depicting 
economic forces, may have dominated the forces that can discriminate 
between the cases inside cluster 1. If so, we may fi nd further cluster structure 
by discarding clusters 2 and 3 as outliers. Hence, using the 241 cases of cluster 
1 we perform a second level of analysis. 

 Cluster analysis on the 241 cases of cluster 1 in level 1 yields four clusters. 
In level 2, cluster 2 comprises predominantly the manufacturing sectors of 
Austria, while cluster 4 consists of all the sectors of the UK. Clusters 1 and 2 
remain as big clusters each with 108 cases. 

 Next we perform discriminant function analysis again, which yields three dis-
criminant functions that discriminate among the four clusters. Th e fi rst, second, 

      
  Figure 9.1.     Canonical scores for level 1, 255 cases.   



 208   Inequality and Instability

and third functions account for 51 percent, 30.5 percent, and 18.38 percent of 
the variation between clusters, respectively.

    Figure  9.2   shows that DF1-2 mainly separates the UK from the rest of the 
cases, while DF2-2 mainly separates Austria from the rest. To fi nd the eco-
nomic forces behind this clustering, once again we use economic time series to 
calculate pseudoscores. Th e correlations between the pseudoscore for rate of 
change in the exchange rate of sterling relative to the exchange rates of other 
countries and the fi rst canonical score are high, varying from 0.48 in the case 
of Spain to 0.81 for France. All correlations are highly signifi cant at the 0.01 
level. Th e analysis thus shows that the sterling exchange rate is a key determi-
nant of the relative wage in the UK compared to the rest of Europe; when ster-
ling rises, British wages go up. Th is happened massively in the 1980s, under the 
monetarist program of the Th atcher government, which took power in 1979. 

 For DF2-2 the correlations between the pseudoscore for the rate of change 
in GDP of Austria relative to that of other countries and the second canonical 
score are high. All are signifi cant at the 0.01 level. Only the correlation coeffi  -
cient in the case of Switzerland is not high; its absolute value is just 0.20, but it 
is nevertheless signifi cant at the 0.01 level. 

      
  Figure 9.2.     Canonical scores for level 2, 244 cases.   
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 At the second level of analysis, clusters 2 and 3 remain huge. We use each 
cluster to run two separate third-level analyses and discover further group 
structures within each of the two clusters. 

 Th e fi rst level 3 analysis is on 108 cases of cluster 1 of level 2; clustering 
these cases yields three well-defi ned clusters. Cluster 3 consists predomi-
nantly of the manufacturing sectors of Belgium and Luxembourg and a few 
others. Cluster 2 consists of sectors of Germany, manufacturing sectors of 
France and the Netherlands, and some others. Cluster 1 consists of 60 cases 
including the service sectors of Austria, Belgium, France, and the Netherlands, 
all the sectors of Switzerland, sectors of Denmark, and a few others. 

 On the basis of this clustering, we again apply discriminant analysis.  Figure 
 9.3(i)   shows that DF1-3(i) separates cluster 1 from the rest of the cases. DF2-
3(i) separates the cases of cluster 2 from the rest of the cases. Th e fi rst and 
second functions account for 67.69 percent and 32.3 percent, respectively, of 
the discrimination between the clusters. 

 To fi nd the economic forces that lead clusters 1 and 2 to behave diff erentially 
from the rest of the cases, pseudoscores are again calculated by using economic time 
series of Austria, France, Denmark, and other countries. Th e pseudoscores that we 
fi nd here ( fi gure  9.3A  ) are once again (changes in) investment and consumption.    
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  Figure 9.3A.     Canonical scores for level 3-1, 108 cases.   
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 DF2-3(i) separates the manufacturing sectors of Belgium and Luxembourg 
in cluster 3 from the cases in cluster 2 and the cases in cluster 1. Luxembourg 
is known as a tax haven, and we use taxes of Luxembourg relative to those of 
France to calculate pseudoscores. Th e correlation between the pseudoscore 
for the rate of change in current taxes on income and wealth of Luxembourg 
relative to those for France and the second canonical score is 0.55; it is signif-
icant at the 0.01 level. Th e taxes of Belgium relative to those of France are also 
used to calculate pseudoscores. Each correlation is signifi cant at the 0.01 level. 

 We use as well the rate of change in investment in Belgium’s sectors in clus-
ter 3 relative to the investment in the sectors of other countries as pseudo-
scores and calculate the correlations with the second discriminant function. 
In some cases the correlations are high and signifi cant. 

 Moving on to the other big cluster, we perform the second analysis at level 
3 on 108 cases of cluster 2 of level 2 analysis. Cluster analysis yields three 
well-defi ned clusters. Cluster 2 consists of sectors of Greece; cluster 3 com-
prises sectors of Finland and some sectors of Norway and Sweden; and cluster 
1 consists of 69 cases including sectors of Norway, Sweden, Portugal, Italy, 
Spain, Ireland, and some others. 

 From the clustering obtained from the cluster analysis, we perform DFA. 
Figure 3(ii) shows that DF1-3(ii) discriminates cluster 2 from rest of the clus-
ters, while DF2-3(ii) discriminates cluster 3 from rest. Th e fi rst and second 
functions account for 53.3 percent and 46.69 percent of the discrimination 
between the clusters respectively. 

 To fi nd the economic forces that lead the wages of sectors in cluster 2 and 
those of cluster 3 to behave diff erently from the rest of the cases, we once 
again calculate pseudoscores. Th e correlations between the pseudoscore for 
rate of change in investment in Greece’s sectors in cluster 2 relative to the in-
vestment in the sectors of Italy, Portugal, and Norway and the fi rst canonical 
score are 0.40, 0.42, and 0.33, respectively. All are signifi cant at the 0.01 level. 
(See  fi gure  9.3B  .)    

 In the case of DF2-3(ii), we use several economic time series of Finland, 
Norway, and Sweden to calculate pseudoscores. For both Norway and Fin-
land, the correlation between the pseudoscores for the rate of change in the 
exchange rate of their national currencies relative to exchange rates of Greece, 
Spain, Ireland, Italy, and Portugal and the second canonical score are all high 
and highly signifi cant. 

 In the case of Sweden, the correlations between the pseudoscore for the 
rate of change in investment relative to investment in sectors of Italy, Portugal, 
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Ireland, Spain, and Norway in cluster 1 and the second canonical score are 
high and signifi cant. 

 Cluster 1 of the fi rst analysis at level 3 comprises 60 cases and that of the 
second analysis at level 3 consists of 69 cases. We further perform two separate 
analyses to discover structures within these two clusters at a fourth level. To 
save space, these analyses are omitt ed here; broadly, they distinguish forces 
separating wage patt erns in a number of smaller countries, in particular Aus-
tria, the Low Countries, and Scandinavia. Of particular interest, we fi nd the 
evidence of an eff ect of oil prices on relative wages in Norway. Otherwise, dif-
fering rates of investment are the main apparent driver of relative wage change 
between these countries. 

 A summary of fi ndings from all the levels of analyses is given in  table  9.1  .    
 Th e table shows that with just one exception (the UK) relative wage 

changes in Europe have been most closely associated with changes in 
spending, either consumption or investment. Th ese are factors that operate 
on the demand side, and their direction of infl uence over wages and employ-
ment is not seriously in doubt; increases in either consumption or invest-
ment spending will raise  both  employment and the relative wage rate. It 
would appear therefore that the data do two things: they show it is possible 
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  Figure 9.3B.     Canonical scores for level 3-2, 108 cases.   
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to raise (or lower) relative wages in Europe by changing sectoral spending 
f lows, and yet they lend almost no support to the proposition that lower 
relative wages can effectively raise relative employment. The UK excep-
tion—sterling overvaluation and high unemployment in the 1980s, fol-
lowed by devaluation and employment recovery in the 1990s—is 
admittedly a big one. 

     Table 9.1.     Summary of the Main Forces Behind Wage Variation in Europe  

   Level of 
Analysis 

 Discriminant 
Function 

 Cluster  Macroeconomic 
Variable(s)     

 Level 1  1  Manufacturing and 
agricultural sectors of GR 

 Investment 

 2  Energy, manufacturing, 
and agricultural sectors 
of PT 

 Consumption 

 Level 2  1  14 sectors of UK  Exchange Rate 

 2  Manufacturing sectors of AT  GDP 

 Level 3(1)  1  CH, some sectors of AT, DK, 
service sectors 
of BE, NL, and FR 

 Investment/
Consumption/
GDP 

 2  Manufacturing sectors of BE 
and LU 

 Investment/Taxes 

 Level 3(2)  1  Service sectors of GR  Investment 

 2  Sectors of FI, manufacturing 
sectors of NO and SE 

 Investment/ 
Exchange Rate 

 Level 4(1)  1  Service sectors of AT and NL  Investment 

 2  Service sectors of DK  Investment/ 
Consumption 

 Level 4(2)  1  Service sectors of SE  Oil Price/Investment 

 2  Service sectors of NO 
and IE 

 Oil Price/Investment   
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     Conclusion   

 Th is chapter performs a systematic decomposition of wage variations across 
sectors and countries of Europe, taking the continent as a whole and treating 
wage variations as any multinational investor or corporation would be 
expected to do. Th e result challenges the notion of wage infl exibility in Europe. 
We fi nd there is substantial systematic adjustment in European relative wages 
over time. Th is variability is primarily between nations, and it is associated 
with changing national economic fortunes, though not invariably so. 

 Given that variations exist, what is their relationship to employment 
changes? If the LMF hypothesis were correct, we should expect to fi nd em-
ployment rising in countries that successfully reduce their relative wage rates, 
or at least sometimes. We did not test this proposition directly here; instead we 
asked what forces most eff ectively determined the changing relative wage rates 
that we observed. We found that diff erences in the movement of macroeco-
nomic variables account for most of the variation in relative wage rates, one 
observes. Most notably investment, consumption, eff ective tax rates, and (in 
the case of Norway) oil prices are highly correlated with diff erential wage 
movements. 

 It is obvious that rising relative investment, or consumption, is associated 
with both rising wages and rising employment, and vice versa.   10    Th is suggests 
that, contrary to the LMF hypothesis, wages in Europe tend to rise and fall 
with, and not against, movements of employment. Th e UK appears as a major 
exception, having eff ectively deployed the tool of devaluation in the early 
1990s on the way back toward high employment aft er years of depression-level 
unemployment. But it is the only such exception, and it is worth noting that the 
UK’s boom in the 1990s, like that in the United States, owed at least as much 
to easy credit conditions as it did to a lower exchange rate. Th e employment 
gains of the 1990s were, for the most part, not in the traded goods sectors that 
should be most aff ected by depreciation. 

 The exercise thus casts grave doubt over the idea that unemployment in 
European countries can be explained by a failure of their wages to fall, or 
that unemployment can be remedied in general by policies aimed at cutting 
relative wages. For if this were true, cases would be observed. And we find 
(almost) none. 
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        Appendix I 
C LU ST E R  D ETA I L S                                                 

     Table 9. A1.     Country Codes  

   Code  Country     

 BE  Belgium   

 DK  Denmark   

 DE  Germany   

 GR  Greece   

 ES  Spain   

 FR  France   

 IE  Ireland   

 IT  Italy   

 LU  Luxembourg   

 NL  Netherlands   

 AT  Austria   

 PT  Portugal   

 FI  Finland   

 SE  Sweden   

 UK  United Kingdom   

 NO  Norway   

 CH  Switzerland   
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     Table 9. A2.     Sector Codes  

   Code  Sectors     

 ag  Agriculture, forestry, and fi shing   

 ce  Mining and energy supply   

 da  Food, beverages, and tobacco   

 dbc  Textiles and clothing   

 dfgh  Fuels, chemicals, and rubber and plastic 
products   

 dl  Electronics   

 dm  Transport equipment   

 do  Other manufacturing   

 f  Construction   

 g  Wholesale and retail   

 h  Hotels and restaurants   

 i  Transport and communications   

 j  Financial services   

 k  Other market services   

 ns  Nonmarket services   

    

     Table 9. A3.     Cluster Analysis: Level 1  

   Cluster 1  Cluster 2  Cluster 3     

 ATce  DEce  FIce  IEce  NLce  SEce  GRda  PTce   

 ATda  DEda  FIda  IEda  NLda  SEda  GRdbc  PTda   

 ATdbc  DEdbc  FIdbc  IEdbc  NLdbc  SEdbc  GRdfgh  PTdfgh   

 ATdfgh  DEdfgh  FIdfgh  IEdfgh  NLdfgh  SEdfgh  GRdl  PTdl   

 ATdl  DEdl  FIdl  IEdl  NLdl  SEdl  GRdm  PTdm   

 ATdm  DEdm  FIdm  IEdm  NLdm  SEdm  GRdo  PTdo   

 ATdo  DEdo  FIdo  IEdo  NLdo  SEdo  GRag  PTag   

 ATf  DEf  FIf  IEf  NLf  SEf   

 ATg  DEg  FIg  IEg  NLg  SEg   

 ATh   DEh  FIh  IEh  NLh  She   

 continued 
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   Cluster 1  Cluster 2  Cluster 3     

 ATi  DEi  FIi  IEi  NLi  SEi   

 ATj  DEj  FIj  IEj  NLj  SEj   

 ATk  DEk  FIk  IEk  NLk  SEk   

 ATns  DEns  FIns  IEns  NLns  SEns   

 ATag  DEag  FIag  IEag  NLag  SEag   

 BEce  DKce  FRce  ITce  NOce  UKce   

 BEda  DKda  FRda  ITda  NOda  UKda   

 BEdbc  DKdbc  FRdbc  ITdbc  NOdbc  UKdbc   

 BEdfgh  DKdfgh  FRdfgh  ITdfgh  NOdfgh  UKdfgh   

 BEdl  DKdl  FRdl  ITdl  NOdl  UKdl   

 BEdm  DKdm  FRdm  ITdm  NOdm  UKdm   

 BEdo  DKdo  FRdo  ITdo  NOdo  UKdo   

 BEf  DKf  FRf  ITf  NOf  UKf   

 BEg  DKg  FRg  ITg  NOg  UKg   

 BEh  DKh  FRh  ITh   NOh  UKh   

 BEi  DKi  FRi  ITi  NOi  UKi   

 BEj  DKj  FRj  ITj  NOj  UKj   

 BEk  DKk  FRk  ITk  NOk  UKk   

 BEns  DKns  FRns  ITns  NOns  UKns   

 BEag  DKag  FRag  ITag  NOag  UKag   

 CHce  ESce  GRce  LUce  PTdbc   

 CHda  ESda  GRf  LUda  PTf   

 CHdbc  ESdbc  GRg  LUdbc  PTg   

 CHdfgh  ESdfgh  GRh  LUdfgh  PTh    

 CHdl  ESdl  GRi  LUdl  PTi   

 CHdm  ESdm  GRj  LUdm  PTj   

 CHdo  ESdo  GRk  LUdo  PTk   

 CHf  ESf  GRns  LUf  PTns   

 CHg  ESg  LUg   

 CHh  ESh  LUh   

Table 9. A3.   (continued)
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Table 9. A3.   (continued)

   Cluster 1  Cluster 2  Cluster 3     

 CHi  ESi  LUi   

 CHj  ESj  LUj   

 CHk  ESk  LUk   

 CHns  ESns  LUns   

 CHag  ESag  LUag   
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     Table 9. A5.     Cluster Analysis: Level 3-1  

   Cluster 1  Cluster 2  Cluster 3     

 ATce  Def  DEce  BEce   

 ATf  DEns  DEda  BEda   

 ATg  DKce  DEdbc  BEdbc   

 ATh   DKda  DEdfgh  BEdfgh   

 ATi  DKdfgh  DEdl  BEdl   

 ATj  DKdo  DEdm  BEdm   

 ATk  DKf  DEdo  BEdo   

 ATns  DKg  DEg  Bens   

 BEf  DKh  DEh  LUda   

 BEg  DKi  DEi  LUdbc   

 BEh  DKj  DEj  LUdfgh   

 BEi  DKk  DEk  LUdl   

 BEj  DKns  DKdm  LUdm   

 CHce  ESj  FRce  LUdo   

 CHda  FIce  FRda  LUf   

 CHdbc  FRg  FRdbc  LUns   

 CHdfgh  FRh  FRdfgh  NLns   

 CHdl  FRi  FRdl   

 CHdm  FRj  FRdm   

 CHdo  FRk  FRdo   

 CHf  FRns  FRf   

 CHg  LUg  IEag   

 CHh  LUi  NLce   

 CHi  LUj  NLda   

 CHj  NLdm  NLdbc   

 CHk  NLg  NLdfgh   

 CHns  NLh  NLdl   

 CHag  NLi  NLdo   

 NLj  NLf   

 NLk  NOf   

 NLag  PTf   

 SEce   
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     Table 9. A6.     Cluster Analysis: Level 3-2  

   Cluster 1  Cluster 2  Cluster 3     

 BEk  ITce  GRce  ATag   

 DKdbc  ITda  GRf  DKag   

 DKdl  ITdbc  GRg  FIda   

 ESce  ITdfgh  GRh  FIdbc   

 ESda  ITdl  GRi  FIdfgh   

 ESdbc  ITdm  GRj  FIdl   

 ESdfgh  ITdo  GRk  FIdm   

 ESdl  ITf  GRns  Fido   

 ESdm  ITg  Fig   

 ESdo  ITh   FIh   

 ESf  ITi  FIi   

 ESg  ITj  FIj   

 ESh  ITk  FIk   

 ESi  ITns  FIag   

 ESk  ITag  IEdm   

 ESns  LUce  NOce   

 ESag  LUh  NOda   

 FIf  LUk  NOdbc   

 FRag  NOg  NOdfgh   

 IEce  NOh  NOdl   

 IEda  NOi  NOdm   

 IEdbc  NOj  NOdo   

 IEdfgh  NOk  NOag   

 IEdl  NOns  SEda   

 IEdo  PTdbc  SEdbc   

 IEf  PTg  SEdfgh   

 IEg  PTh   SEdl   

 IEh  PTi  SEdm   

 IEi  PTj  SEdo   

 IEj  PTk  SEf   

 IEk  PTns  SEag   

continued
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   Cluster 1  Cluster 2  Cluster 3     

 IEns  SEg   

 SEh   

 SEi   

 SEj   

 SEk   

 SEns   

    

     Table 9. A7.     Cluster Analysis: Level 4-1  

   Cluster 1  Cluster 2  Cluster 3  Cluster 4     

 Atf  ATce  BEf  CHce   

 ATg  ATns  BEg  CHda   

 ATh   BEh  BEi  CHdfgh   

 ATi  BEj  DKf  CHdl   

 ATj  CHdbc  DKg  CHdm   

 ATk  DEns  DKh  CHdo   

 Def  DKce  DKi  CHf   

 NLg  DKda  DKj  CHg   

 NLh  DKdfgh  DKk  CHh   

 NLi  DKdo  ESj  CHi   

 NLj  DKns  NLag  CHj   

 NLk  FRg  CHk   

 FRh  CHns   

 FRi  CHag   

 FRj  FIce   

 FRk  SEce   

 FRns   

 LUg   

 LUi   

 LUj   

 NLdm   

    

Table 9. A6   (continued)
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     Table 9. A8.     Cluster Analysis: Level 4-2  

   Cluster 1  Cluster 2  Cluster 3  Cluster 4  Cluster 5     

 ESce  ITce  SEg  IEf  IEce  BEk   

 ESda  ITda  SEh  IEh  IEda  DKdbc   

 ESdbc  ITdbc  SEi  IEi  IEdbc  DKdl   

 ESdfgh  ITdfgh  SEj  IEk  IEdfgh  FRag   

 ESdl  ITdl  SEk  NOg  IEdl  IEg   

 ESdm  ITdm  SEns  Noh  IEdo  IEns   

 ESdo  ITdo  NOi  IEj  LUh   

 ESf  ITf  NOj  LUk   

 ESg  ITg  NOk  PTdbc   

 ESh  ITh   NOns  PTg   

 ESi  ITi  PTh    

 ESk  ITj  PTi   

 ESns  ITk  PTj   

 ESag  ITns  PTk   

 FIf  ITag  PTns   

 LUce   
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      Appendix II 
E I G E N VA LU E S  A N D  C A N O N I C A L  CO R R E L AT I O N S     

     Table 9.B1.      Eigenvalues and Canonical Correlations for Discriminant 
Functions at the Diff erent Levels of Analysis  

   Level  Analysis  Discriminant 
Function 

 Eigenvalue  % of 
Variance 

 Cumulative %  Canonical 
Correlation     

 1  1  4.29  73.237  73.236  0.901   

 2  1.57  26.763  100  0.781   

 2  1  4.18  51.07  51.07  0.898   

 2  2.49  30.54  81.61  0.845   

 3  1.5  18.39  100  0.775   

 3  1  1  11.03  67.69  67.69  0.957   

 2  5.26  32.31  100  0.917   

 3  2  1  7.42  53.3  53.3  0.939   

 2  6.49  46.7  100  0.93   

 4  1  1  20.4  57.4  57.4  0.976   

 2  11.26  31.68  89.07  0.958   

 3  3.88  10.92  100  0.892   

 4  2  1  22.89  50.17  50.17  0.979   

 2  14.04  30.76  80.92  0.966   

 3  5.64  12.36  93.28  0.922   

 4  3.07  6.72  100  0.868   
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          Appendix III 
CO R R E L AT I O N S  B ET W E E N  C A N O N I C A L  S CO R E S 
A N D  P S E U D O S CO R E S     

     Table 9.C1.     Canonical Scores and Pseudoscores: Level 1  

   Level  Canonical 
Score (A) 

 Pseudoscore (B)  Country  Correlation between 
(A) and (B)     

 1  1  Rate of change in 
investment of GR’s 
manufacturing, 
agriculture, forestry, 
and fi shing sectors 
relative to investment 
of all the sectors of: 

 BE  −0.639**   

 DK  −0.589**   

 DE  −0.655**   

 ES  −0.612**   

 FR  −0.604**   

 IE  −0.508**   

 IT  −0.651**   

 LU  −0.710**   

 NL  −0.616**   

 AT  −0.666**   

 PT  −0.717**   

 FI  −0.515**   

 SE  −0.571**   

 UK  −0.395**   

 NO  −0.362**   

 CH  −0.541**   

 Eurozone  −0.652**   

 EU25  −0.644**   

 All countries  −0.640**   

continued



 226   Inequality and Instability

   Level  Canonical 
Score (A) 

 Pseudoscore (B)  Country  Correlation between 
(A) and (B)     

 1  2  Rate of change in 
household 
expenditure of PT 
relative to the 
household 
expenditure of: 

 BE  0.448**   

 DK  −0.211**   

 DE  −0.233**   

 GR  0.403**   

 ES  0.368**   

 FR  0.480**   

 IE  0.300**   

 IT  0.425**   

 LU  0.035   

 NL  0.297**   

 AT  0.395**   

 FI  0.452**   

 SE  0.586**   

 UK  0.377**   

 NO  0.171*   

 CH  0.627**   

 Eurozone  0.222**   

 EU25  0.261**   

 All countries  0.288**   

 * signifi cant at 10 percent level. 
 ** signifi cant at 5 percent level.  

 *** signifi cant at 1 percent level. 

  

Table 9.C1. (continued)
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     Table 9.C2.     Canonical Scores and Pseudoscores: Level 2  

   Level  Canonical 
Score (A) 

 Pseudoscore 
(B) 

 Country  Correlation between 
(A) and (B)     

 2  1  Rate of change 
in exchange 
rate of UK’s 
national 
currency per 
U.S. dollar 
relative to 
exchange rate 
of national 
currency 
per U.S. dollar 
of: 

 BE  −0.79**   

 DK  −0.79**   

 DE  −0.71**   

 GR  −0.47**   

 ES  −0.48**   

 FR  −0.81**   

 IE  −0.76**   

 IT  −0.61**   

 LU  −0.79**   

 NL  −0.72**   

 AT  −0.70**   

 PT  −0.47**   

 FI  −0.46**   

 SE  −0.33**   

 NO  −0.63**   

 CH  −0.63**   

continued
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   Level  Canonical 
Score (A) 

 Pseudoscore 
(B) 

 Country  Correlation between 
(A) and (B)     

 2  2  Rate of change 
in GDP of AT 
relative to the 
GDP of: 

 BE  −0.691**   

 DK  −0.638**   

 DE  −0.501**   

 GR  −0.549**   

 ES  −0.699**   

 FR  −0.682**   

 IE  −0.673**   

 IT  −0.635**   

 LU  −0.618**   

 NL  −0.702**   

 PT  −0.691**   

 FI  −0.569**   

 SE  −0.638**   

 UK  −0.592**   

 NO  −0.469**   

 CH  −0.197**   

 Eurozone  −0.681**   

 EU25  −0.723**   

 All countries  −0.716**   

Table 9.C2.   (continued)
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     Table 9.C3.     Canonical Scores and Pseudoscores: Level 3-1  

   Level  Canonical 
Score (A) 

 Pseudoscore (B)  Country  Correlation 
between (A) 
and (B)     

 3(1)  1  Rate of change in investment 
of AT’s sectors in cluster 1 
relative to investment in 
the sectors of: 

 DE  −0.543**   

 FR in cluster 2  0.638**   

 NL in cluster 2  −0.525**   

 BE in cluster 3  0.186   

 LU in cluster 3  −0.210*   

 3(1)  1  Rate of change in investment 
of FR’s sectors in cluster 1 
relative to investment in 
the sectors of: 

 DE  −0.299**   

 FR in cluster 2  0.681**   

 NL in cluster 2  −0.299**   

 BE in cluster 3  0.461**   

 LU in cluster 3  0.1   

 3(1)  1  Rate of change in investment 
of NL’s sectors in cluster 1 
relative to investment in 
the sectors of: 

 DE  −0.184   

 FR in cluster 2  0.634**   

 NL in cluster 2  −0.401**   

 BE in cluster 3  0.424**   

 LU in cluster 3  0.144   

 3(1)  1  Rate of change in investment 
of DK relative to 
investment in the sectors 
of: 

 FR in cluster 2  0.614**   

 NL in cluster 2  −0.249**   

 BE in cluster 3  0.471**   

 LU in cluster 3  0.209*   

 3(1)  1  Rate of change in 
consumption of DK 
relative to investment in 
the sectors of: 

 DE  −0.308**   

 3(1)  1  Rate of change in investment 
of CH relative to 
investment in the sectors 
of: 

 FR in cluster 2  0.492**   

 NL in cluster 2  −0.152   

 BE in cluster 3  0.326**   

 LU in cluster 3  0.129   

 3(1)  1  Rate of change in 
consumption of CH 
relative to investment in 
the sectors of: 

 DE  −0.542**   

continued
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   Level  Canonical 
Score (A) 

 Pseudoscore (B)  Country  Correlation 
between (A) 
and (B)     

 3(1)  2  Rate of change in current 
taxes on income and 
wealth of BE relative 
to that of: 

 FR  0.516**   

 2  Rate of change in current 
taxes on income and 
wealth of LU relative 
to that of: 

 FR  0.550**   

 3(1)  2  Rate of change in taxes on 
production and imports 
 of BE relative to that of: 

 FR  0.576**   

 3(1)  2  Rate of change in taxes on 
production and imports 
of LU relative to that of: 

 FR  −0.210*   

 3(1)  2  Rate of change in total 
receipts from taxes and 
social contributions BE 
relative to that of: 

 FR  0.672**   

 2  Rate of change in total 
receipts from taxes and 
social contributions of 
LU relative to that of: 

 FR  0.321**   

 3(1)  2  Rate of change in 
investment of BE’s 
sectors in Cluster 3 
relative to the 
investment in the 
sectors of: 

 BE in Cluster 1  −0.222*   

 NL  −0.509**   

 FR  −0.014   

 DK  −0.079   

 DE  −0.18   

 CH  0.159   

 AT in Cluster 1  −0.410**   

    

Table 9.C3.   (continued)
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     Table 9.C4.     Canonical Scores and Pseudoscores: Level 3-2  

   Level  Canonical 
Score (A) 

 Pseudoscore (B)  Country  Correlation 
between (A) 
and (B)     

 3(2)  1  Rate of change in 
investment of GR’s 
sectors in Cluster 2 
relative to the 
investment in the 
sectors of: 

 ES  0.267**   

 FI  0.226*   

 IE  0.149   

 IT  0.393**   

 PT  0.416**   

 NO  0.325**   

 SE  0.189   

 3(2)  2  Rate of change in 
exchange rate of FI’s 
national currency 
per U.S. dollar 
relative to exchange 
rate of national 
currencies per U.S. 
dollar of: 

 GR  −0.672**   

 ES  −0.765**   

 IE  −0.757**   

 IT  −0.763**   

 NO  −0.505**   

 PT  −0.76**   

 3(2)  2  Rate of change in 
exchange rate of 
NO’s national 
currency per U.S. 
dollar relative to 
exchange rate of 
national currencies 
per U.S. dollar of: 

 GR  −0.59**   

 ES  −0.574**   

 IE  −0.655**   

 IT  −0.61**   

 PT  −0.694**   

  

 3(2)  2  Rate of change in 
investment of SE 
sectors in Cluster 3 
relative to the 
investment in sectors 
of: 

 ES  0.533**   

 IE  0.595**   

 IT  0.665**   

 PT  0.714**   

 NO in Cluster 
1 

 −0.242*   
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     Table 9.C5.     Canonical Scores and Pseudoscores: Level 4-1  

   Level  Canonical 
Score (A) 

 Pseudoscore (B)  Country  Correlation 
between (A) 
and (B)     

 4(1)  1  Rate of change 
in investment 
of CH relative 
to the 
investment in 
sectors of: 

 AT  0.732**   

 NL  0.813**   

 2  Rate of change 
in investment 
of DK relative 
to the 
investment in 
sectors of: 

 CH  −0.399**   

 AT  0.423**   

 NL  −0.277*   

 2  Rate of change 
in household 
expenditure 
of DK relative 
to that in 
sectors of: 

 CH  0.509**   

 AT  0.195   

 NL  0.333**   

 2  Rate of change 
in GDP of DK 
relative to the 
GDP in 
sectors of: 

 CH  0.388**   

 AT  0.378**   

 NL  −0.051   
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     Table 9.C6.     Canonical Scores and Pseudoscores: Level 4-2  

   Level  Canonical 
Score (A) 

 Pseudoscore (B)  Country  Correlation 
between (A) 
and (B)     

 4(2)  1  Rate of change in 
nominal oil price 

 0.601**   

 Rate of change in real 
oil price 

 0.657**   

 1  Rate of change in 
investment of SE’s 
sectors in Cluster 
2 relative to the 
investment in 
sectors of: 

 ES  0.451**   

 IE  −0.456**   

 IT  −0.552**   

 PT  0.552**   

 NO in Cluster 
3 

 −0.114   

 1  Rate of change in 
household 
expenditure of 
SE’s sectors in 
Cluster 2 relative 
to the household 
expenditure in 
sectors of: 

 ES  0.453**   

 IE  −0.236**   

 IT  0.558**   

 PT  0.389**   

 1  Rate of change in 
GDP of SE’s 
sectors in Cluster 
2 relative to the 
GDP in sectors of: 

 ES  0.455**   

 IE  0.113   

 IT  0.296*   

 PT  0.259*   

 2  Rate of change in 
nominal oil price 

 0.446**   

 Rate of change in real 
oil price 

 0.469**   

 2  Rate of change in 
investment of 
NO’s sectors in 
Cluster 3 relative 
to the investment 
in sectors of: 

 ES  0.573**   

 PT in Cluster 
5 

 0.562**   
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                                       Notes    

       1.     Th is chapter is adapted from  James K. Galbraith and Deepshikha RoyChowdhury, “Th e 
European Wage Structure, 1980–2005: How Much Flexibility Do We Have?” UTIP 
Working Paper No. 41, May 15, 2007 . 

       2.     Except Galbraith and Garcilazo (  2004  ), Garcilazo (  2005  ), Galbraith (  2006  ). 
       3.     Source of data: Cambridge Econometrics. 
       4.     Th e list of fi ft een EU nations is given in  table  9.A1   of appendix I. 
       5.     Th e list of sectors is given in  table  9.A2   of appendix I. 
       6.     Ward’s method minimizes the sum of squared Euclidean distance between any two 

(hypothetical) clusters that are formed at each step. 
       7.     Th e technique is mostly used at the exploratory phase of research; there are no a priori 

hypotheses and there is no role for statistical signifi cance testing. 
       8.     DFi-j represents ith discriminant function of jth level analysis. 
       9.     Th e correlation coeffi  cients presented in the data analysis section are absolute values of 

the correlation coeffi  cients. Th eir actual values are reported in appendix C. 
       10.     Th e same would be true of a rising oil price in an oil producer such as Norway. 
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C H A P T E R  10
         Globalization and Inequality in China  

    As a matt er of public rhetoric, few governments lay as much stress on the issue 
of rising economic inequality as that of China. Th e People’s Republic may be 
the world’s only major nation to have the goal of a “harmonious society” as a 
formal policy objective.   1    Chinese leaders regularly state their concern that the 
high inequalities that have emerged during China’s reform period stand in 
confl ict with that objective. Th is posture contrasts with that of political leaders 
in Europe, where policy discourse emphasizes the motifs of “fi scal consolida-
tion” and “labor market reform,” and also with the United States, where stated 
offi  cial concerns about inequality are submerged in an anodyne rhetoric of ed-
ucational opportunity and skill development. 

 In China, the “actual issue” is fairly clear to everyone: the rise of a wealthy 
coastal zone, deeply integrated with the world economy, in contrast to an inte-
rior that, even though growing rapidly by its own past standards, remains quite 
far behind. To this one may add the eff ects of public and private investment in 
the biggest cities—especially Beijing, Shanghai, and Guangzhou—in raising 
these citadels to heights of prosperity never before seen in China. And to that 
one should also add the eff ect of market structures on the use of market power, 
increasing occupational diff erentials inside every region and city, and permit-
ting accumulation of large private fortunes for the fi rst time since the revolu-
tion. All of this has a vast, distorting eff ect on the Chinese population, pulling 
them to the cities despite a draconian system of internal migration control, 
and creating an extreme form of inequality-induced unemployment as the 
fl oating population looks for work. 

 Seen from the West, discussion of the “rise of China” oft en refl ects preoccu-
pation with the role of manufactured exports in Chinese economic growth, a 
sector conspicuous in Western markets and allegedly advantaged by China’s 
policy of pegging the renminbi (RMB) to the U.S. dollar at a fi xed (or at best 
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slowly appreciating) rate. Seen from within China, however, the picture is dif-
ferent: in the “export-oriented” provinces of the Chinese coast, manufacturing 
is a low-wage, low-prestige activity, a point of entry to urban life from the hinter-
land, att ractive in the main to young women with village schooling and few al-
ternatives. Nor is manufacturing a dominant form of employment, even though 
it grew very rapidly in the years from 2002 to 2006. Low wages in Chinese 
manufacturing are therefore not a sign of low wages generally in Chinese cities, 
nor of a low living standard, especially for established and legal residents. 

 Th is chapter explores the forces behind the movements of inequality 
within China since the early 1990s, including the concurrent rise of export 
earnings and real estate prices and measures of trade and capital infl ow.   2    
Using data disaggregated by region and economic sector, we show that the 
rise in inequality in China since 2000 has more to do directly with the spec-
ulative activities associated with China’s stock market and building boom, 
notably in Beijing, than with the growth in manufacturing employment and 
in Chinese exports since China joined the WTO in 2001. However, it seems 
evident that the two phenomena are connected; the fl ow of profi ts from the 
export boom has helped to feed the speculative fi res in the capital and else-
where, and it is not therefore surprising that the fall of one, in the crisis of 
2008, should be linked to the fall of the other. Th is phenomenon raises 
questions relevant to a discussion of capital account regulation in China, as 
well as larger issues of economic management and resource allocation. 

     Th e Evolution of Inequality in China through 2007   

 By all measures, inequality rose rapidly in China beginning in the early 1990s 
(Riskin, Renwei, and Li 2001). Measurements by Galbraith, Krytynskaia, and 
Wang (  2004  ) showed that much of the rise in that decade could be att ributed 
to the relative gains of just one province and two municipalities (Guangdong, 
Shanghai, and Beijing), and to the relative earnings gains of just three sectors 
(transportation, utilities, and banking). Major regional laggards included the 
Northeast (Manchuria) and the Southwest (Sichuan); across sectors the major 
laggards included manufacturing, farming, and (retail and wholesale) trade.   3    
As noted above, the position of manufacturing as a growing, low-wage sector 
illustrates the social position of the factory job in reform-era China, as an entry 
point to the cities for migrants from the (even-lower-wage) countryside and 
interior of the country. 
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  Figure  10.1   presents a broad overview of the evolution of pay inequality in 
China, overall and by region and sector, updated through 2007. Th e method 
consists of calculating the contribution of each sector within each province to 
the between-groups component of Th eil’s T statistic for the whole country, 
and then aggregating the components by sectors and provinces to achieve 
measures of inequality between provinces and within provinces. Th e fi gure 
shows that whereas during the 1990s inequality between provinces and in-
equality within provinces both rose, in the 2000s the behavior of these two 
dimensions of inequality diverged. Inequality between provinces peaked early 
in the 1990s and declined aft er 2001. In contrast, inequality within provinces 
(equivalently, inequality between sectors) continued to rise.    

  Figure  10.2   breaks out the changing interregional dimensions of Chinese 
inequality in a stacked bar graph. Each bar represents a year and each segment 
represents the contribution of a province to overall inequality in that year. Th e 
segments refl ect both the population weight of the province (measured by 
observed employment) and the ratio between average provincial income and 
national average income. Contributions greater than zero indicate provinces 
with mean incomes above the national average; contributions below zero indi-
cate those with incomes below. Overall interprovincial inequality is measured 
by the sum of all the elements in a given year. Th e legend is read across, from 
largest to smallest (largest positive to largest negative) contributions in 2007. 
Th e largest positive contribution (Beijing) is placed next to the zero line, while 

  

0.09

0.08

0.07

0.06

0.05

0.04

0.02

0.02

0.01

0

Theil Index T T(Between provinces) T(Within provinces)

19
87

19
88

19
89

19
90

19
91

19
92

19
93

19
94

19
95

19
96

19
97

19
98

19
99

20
00

20
01

20
02

20
03

20
04

20
05

20
06

20
07

Source: China Statistical Yearbook and calculations by Wenjie  Zhang.     
  Figure 10.1.     Inequality between and within provinces in China, 1987–2007.   



 238   Inequality and Instability

the largest negative (Henan) is placed at the bott om of the bar. In this way, the 
eye easily tracks the evolution of relative contributions to inequality over time.    

 Th e fi gure shows that the enormous  relative  contribution of Guangdong 
province to overall inequality in China actually peaked as far back as 1994, 
while that of Shanghai reached its zenith around 2000 or 2001. Despite their 
positions as the seat of Chinese export trade and the fi nancial center, respec-
tively, both were regressing moderately toward mean income by 2005. Th is 
happened because Chinese development was diversifying, and incomes else-
where were rising. Uniquely among the big three, the relative contribution of 
Beijing continued to rise. Th e recent rise of a fourth contender, Zhejiang prov-
ince, rounds out the contrasting picture of convergence and divergence among 
the rich provinces, as the great Chinese coastal development boom matured. 

      
  Figure 10.2.     Contribution of provinces to interprovincial inequality in China, 
1987–2007.   
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  Table  10.1   shows how trends in manufacturing employment across China 
during the early years of the new century played into this picture. It shows that 
in most Chinese provinces manufacturing employment declined from 2002 
through 2006. But there were fi ve great exceptions—Guangdong, Zhejiang, 
Fujian, Jiangsu, and Shandong—where manufacturing employment rose by a 
cumulative total of 4.9 million jobs during these four years. All are deeply 
involved in China’s integration into world markets following accession to the 
WTO. Th eir expansion off set a net decline in manufacturing employment of 
1.5 million jobs spread across the rest of the country, giving China as a whole 
a net gain in manufacturing employment exceeding 10 percent in that period. 
In four years, these fi ve provinces added manufacturing jobs equal to 36 per-
cent of the remaining manufacturing employment in the United States as of 
April 2008.   4    However, in relation to the Chinese population and even to offi  -
cially recorded employment in other sectors, what is striking is how small 
these numbers actually appear to be. Even in China, manufacturing does not 
employ all that many people.    

 Obviously, the gains in manufacturing employment were closely tied to 
exports. Aft er rising at just over 10 percent per year on average from 1999 
through 2001 (two years of boom and one of recession in the United States), 
China’s exports started to surge in 2002. Th ey rose 21 percent that year, and 
then 35 percent in each of the two following years, before sett ling back to 
reported growth rates of 28 percent in 2005 and 27 percent in 2006. Overall 
the reported increase in exports in dollar terms from 2002 to 2006 amounts to 
an impressive 264 percent.   5    

 As  fi gure  10.2   illustrates, apart from the rise of Zhejiang the post-2001 
export boom in China had litt le apparent direct eff ect on inequality as mea-
sured between provinces. Th is may seem strange on the surface, but the explanation 

     Table 10.1.     China: Number of Manufacturing Workers by Provinces  

   Year and 
Region 

 Jiangsu  Fujian  Shandong  Guangdong  Zhejiang  Rest of 
Country     

 2002  216  134  272  255  97  1,933   

 2003  217  152  270  282  109  1,869   

 2004  223  181  280  315  152  1,810   

 2005  245  198  334  357  201  1,762   

 2006  281  215  342  387  240  1,786   

  Source :  China Statistical Yearbook ; in tens of thousands of persons.   
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is not complicated. Though manufacturing in China is a low-wage sector, 
within the high-wage southern provinces average pay in manufacturing is 
close to, or even slightly above, national average pay rates. (This is what 
makes jobs in those sectors attractive to long-distance migrants.) Thus an 
increase in the manufacturing share of employment would not necessarily 
increase overall pay inequality in China; the contribution to overall in-
equality of a sector whose average pay is close to the national average is 
necessarily small. This is sufficient to explain why strong growth in export-
oriented manufacturing employment need not have had a dramatic impact, 
one way or the other, on the  inequalities  of Chinese society, or at least of its 
structures of pay. 

 So what caused the increase in inequality? Clearly the much higher incomes 
in banking, fi nance, and information technologies in Beijing, Shanghai, and 
Guangdong had a powerful eff ect; there is litt le else in the country quite like 
them.  Figure  10.3   illustrates the contribution of the fi nancial sector to inequality 
in the case of Beijing, alongside that of other sectors inside the municipality. As 
before, the legend is read from top to bott om (largest positive to largest negative 
contribution) while the contributions themselves are stacked in descending 
order above and then below the zero line for year 2007, with data for earlier years 
following the same order. Th us the chart shows clearly the remarkable increase 
in the relative importance of high fi nance in the capital of the People’s Republic 
of China.    

     Finance and the Export Boom, 2002 to 2006   

 What, then, is the relationship—if any—of the rise of fi nance to the rise of 
trade?  Table  10.2   presents the Chinese current account, as offi  cially reported. 
It shows the remarkable growth in the offi  cial trade surplus in the period since 
China joined the WTO. Before the accession China generally reported small 
trade surpluses; aft er the turn of the century exports exploded. China’s imports 
also rose sharply during this period, but exports measured in dollars grew even 
more, nearly quadrupling from 2000 to 2006—a rise of nearly three-quarters 
of a trillion dollars. 

 Th us China reported a trade surplus of $103 billion in 2006 in goods and 
services taken together; the fi gure for goods alone was $178 billion. Given a 
dollar value of Chinese GDP at the prevailing exchange rate on the order of $3 
trillion in 2006, exports amounted to nearly a third of GDP by that time and 
trade openness (exports plus imports) to more than half.   6    
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 Th is record may be considered in light of one of the most basic principles 
of international macroeconomics: the growth of imports depends on the 
domestic growth rate, while that of exports depends on growth in external 
markets. Th us when a developing country experiences a prolonged period of 
high internal growth, it is normal for a trade  defi cit  to emerge. Th is is espe-
cially likely if the country in question is an importer of food and fuel, if com-
modity prices are rising, and if growth in the foreign markets is relatively slow. 
Many cases can be cited; exceptions are rare, and in the modern record they 
are largely confi ned to countries that maintain rigorously undervalued 
exchange rates and repressed domestic consumption, while rapidly improving 

      
  Figure 10.3.     Contribution to inequality between sectors, 22 Beijing sectors, 
2004–2007.   
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the composition and quality of their exports. China’s record of gain in its cur-
rent account surplus in the face of rapid domestic economic growth is, we 
submit, strange.    

 Th e increasing value of Chinese exports is so large, and the share of exports 
in GDP has risen to such a high value, that one is tempted to distrust the fi g-
ures. How can this be? Is China repressing domestic consumption to the point 
of starvation? If so, the suff ering was very carefully concealed, for the large 
southern cities that were most tied up in the boom seemed, in those years, re-
markably prosperous. Alternatively, one may look for radical changes in the 
composition of Chinese exports, or in their price, to account for the enormous 
rise in revenues att ributed to this sector. 

 Information on the unit prices of imports from China are maintained 
by European authorities, while the United States reports price indices of 
imports in general. Little of consequence seems to have happened in either 
dataset. Nor does it seem that the composition of exports shifted dramat-
ically toward higher-valued goods. In fact such shifts have been occur-
ring, notably an increase of about three percentage points per year in the 
export share of the machinery and transport equipment sector. But this 
increase had been going on for a long time, and the gains after 2002 are 
not out of line with past experience. So even though China is always in the 
process of upgrading its manufactured exports, the major push behind the 

     Table 10.2.     China: Balance of Trade, 1998–2006  

   Exports of Goods  Imports of Goods  Balance of Trade     

 1998  184  140  44   

 1999  195  166  29   

 2000  250  225  25   

 2001  266  244  22   

 2002  323  295  28   

 2003  438  413  25   

 2004  593  561  32   

 2005  762  660  102   

 2006  969  791  178   

 2007  1,218  956  262   

  Source : China Customs (trade data,  htt p://english.customs.gov.cn/publish/portal191 ); billions 
of U.S. dollars.   

http://english.customs.gov.cn/publish/portal191
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post-2001 boom has been expansion in reported shipments (quantities) 
rather than in the value-added associated with particular units (price or 
quality change). 

 Another piece of the picture concerns the processing trade, a large share of 
China’s manufactured exports. China could be importing increasingly high-
value goods (from, say, Japan) in order to fi nish them and export them again. But 
if this were the case, then reported unit values of Chinese  imports  in manufacturing 
would also be increasing, and so would the share of the processing trade in total 
trade. Neither appears to have occurred. Processing trade accounts for about 55 
percent of Chinese exports, and this fi gure remained stable aft er 2001.   7    Although 
there is a slight progression in import prices in manufacturing from 2001 
onward, no dramatic increase is observed. 

 Th ere is no question that the boom was “real,” in the sense that quantities 
surged, alongside manufacturing employment in the key exporting provinces. 
From the remarkable boom in manufacturing employment, coupled to the 
increase in unit sales, it appears plain that aft er 2001 China’s exporters took 
full advantage of their position as a WTO-compliant country and multiplied 
their eff orts and their results. Th e question then becomes: How might a simple 
increase in the quantities of the major commodities in the Chinese export bas-
ket yield not only an increase in export revenues but also a dramatic profi ts 
boom, contributing to an increase in the share of investment in the economy as 
a whole? 

 In a paper writt en before the magnitude of the export boom was clearly vis-
ible in the data (Galbraith   2006  b), I off ered a discussion of the environment 
facing Chinese light industry, and particularly of the hypercompetitive cli-
mate facing township, village, and cooperative enterprises whose losses are 
routinely fi nanced by the banking sector. Th is environment—the Chinese call 
it “market socialism”—makes it diffi  cult for Chinese manufacturers to earn 
large profi ts in the home market, which is perpetually glutt ed with consumer 
goods. I then asked: “Is there any way for the Chinese manufacturing fi rm to 
turn a profi t? Yes: the obvious alternative to selling on the domestic market is 
to export. And export prices, even those paid at wholesale, must be many times 
those obtained at home.” 

 Th e simple point is that prices earned by Chinese fi rms on their exports of 
consumer goods are much higher than on the same goods when sold in the 
domestic market. Th is is because light-industrial fi rms selling into the domestic 
market could not (or chose not to) adjust production to sales. Th at would imply 
imposing inventory controls—a costly process to introduce if none previously 
existed—and also accepting disruptions of production and therefore of the 
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learning processes associated with quality improvement. Being unable or un-
willing to do this, they took losses on unsold output, and (under market so-
cialism) these are (or were) absorbed by lending from the banking sector, acting 
(in those years) to avoid the social repercussions of mass layoff s and factory 
closings. 

 A shift  in the mix of Chinese production from the home to the external mar-
ket would result, automatically, in higher average prices paid for goods, with no 
signifi cant increase in costs, and therefore in much higher profi ts for the pro-
ducers. It would not then be surprising that an export boom should lead to a 
profi ts boom. Th e speculative concentration of profi t incomes in, for example, 
the stock market and in real estate, notably in Beijing, would be a predictable 
consequence. And indeed, this would appear to have been a key mechanism of 
rising inequality in China under the WTO. 

 It is worth noting that under the conditions just sketched there is a 
major difference between the role of export earnings in China’s financial 
economy and the share of physical exports in the country’s physical pro-
duction. The former may be very large, because the sector represents a 
sphere of high profitability and is large in relation to the f low of funds in 
Chinese financial markets. But the latter is much smaller. The very great 
physical production sold in domestic markets is priced much lower, and 
 therefore it weighs far less in GDP than it does as a share of physical produc-
tion . The net result is that Chinese consumer markets are f looded with 
quality goods at very low prices—something anyone who shops there can 
observe directly. As a result, real wages in China are higher than a compar-
ison of dollar wages to Western values would have one believe, and the 
weight of trade in the real economy is much lower than the national income 
accounts suggest.   8    

     Trade and Capital Infl ow   

 Th e channel from export profi ts to speculative investments would appear suffi  -
cient to explain the contribution of China’s trade boom to its asset boom. But it 
may not be the only channel in operation. Since China still maintains capital 
controls, the question arises whether perhaps Chinese exporters have been 
overreporting exports to the Chinese authorities, for the purpose of bringing 
foreign capital into the country. Perhaps they have been overinvoicing the 
exports they actually made. Or perhaps they have been, even more simply, 
reporting exports to the authorities that were never made at all. Th is section 
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considers this possibility, which has been discussed at least to some extent by 
Chinese offi  cials. 

 Th ere are straightforward reasons for it to be in the interest of Chinese fi rms 
to behave this way, if they could get away with it. Th e incentive stems from Chi-
na’s property and stock market booms, and from two regulatory facts: continued 
enforcement of controls over capital infl ows per se in China, and legalization, in 
late 2002, of unlimited foreign currency accounts held in China by Chinese 
fi rms. Th e simple solution from the fi rm’s point of view in this situation would be 
regulatory arbitrage: to launder the capital infl ow through the current account. 

 Some economists have been watching investment conditions in China and 
analyzing the environment in terms of “hot money” infl ows. Guonan Ma and 
Robert McCauley (  2008  ) argue that interest rate diff erentials between 1997 
and 2006 can tell us whether capital controls are eff ective.   9    Th ey point out that 
hot money may be evidenced in the current account by rising inward remit-
tances (rather than by fi ctitious exports).   10    

 McCauley (  2008  ) looks at capital infl ows into Asia from 2002 onward, 
fi nding that capital infl ows into Asian nations are responsive to volatility in 
global equity markets. Although China is not extensively discussed, McCau-
ley describes patt erns of hot money fl ows into Asia since 2002 as portfolio 
infl ows, return of bank infl ows, indirect foreign investment in local currency 
bonds, and the carry trade. 

 In 2003, there were several changes in China’s fi nancial sector making the 
environment more favorable to capital infl ows. Th e interest rate began to look 
more att ractive vis-à-vis the dollar, while the nondeliverable forward (NDF) 
premium began to decrease, indicating expectations of RMB appreciation 
against the dollar (Ma and McCauley   2008  ). 

 Further, in October 2002 the central government gave permission for all 
companies to hold foreign exchange accounts. Controls over foreign exchange 
purchases were relaxed for many businesses, including exporters, while the 
ability to open foreign exchange accounts was extended to fi rms outside bonded 
zones (Lehmanbrown   2002  ). Th e goal of this measure was to liberalize the cur-
rent account, facilitating trade and reducing the state presence in credit markets. 
 Table  10.3   shows that foreign exchange transactions within China increased tre-
mendously beginning in 2003.    

 Th us the regulatory and investment environment was ripe for injecting cap-
ital infl ows into China. Exporting companies with a willing partner simply 
had to overstate or overbill exports, and foreign exchange could be transferred 
into their bank accounts, from which it could be converted into RMB and used 
in domestic capital markets. 
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 Did they do so? Th e 2008 crackdown on short-term foreign exchange ac-
counts, and the punishment of both foreign and domestic banks for violations 
of exchanging currency outside of controls, revealed how loose controls over 
foreign exchange accounts had become. 

 Further evidence comes from the exposure and punishment of a large 
underground bank headquartered in Shenzhen, which exchanged foreign cur-
rency and maintained foreign exchange accounts. All of these measures are 
att empts by the central government to curb hot money infl ows and illegal for-
eign exchange transactions, in order to maintain bett er control over the cur-
rent account.   11    

 Part of the fl ow, too, may stem from overbilling exports to receive additional 
value-added tax   12    (VAT) rebates aft er the January 2002 legislation loosened re-
strictions over VAT rebates. However, in our calculation we do not see a large 
unit price increase for the year 2002, which would indicate that VAT abuses due 
to the legislation probably were not large. 

 Our conclusion on the hot money issue is that the trade data do not permit us 
to add much to the concern over this question already expressed by Chinese au-
thorities on the basis of other evidence. Th e possibility existed. However, the broad 
(and no doubt the much larger) mechanism of capital infl ow into China is hidden 
in plain view; it consists of the vast price diff erentials between China’s internal and 
external markets, and the opportunities for profi tability that opened up as China 
took export markets away from other countries, mainly in the Th ird World. 

     Table 10.3.     Foreign Exchange Transactions within China  

   Overall 
Turnover 
(in USD) 

 USD 
Trading 
Volume 

 HKD 
Trading 
Volume 

 JPY 
Trading 
Volume 

 EURO 
Trading 
Volume     

 2001  750.3  741.3  30.6  613.9  N/A   

 2002  971.9  951.1  108.8  730.8  1.1   

 2003  1,511.3  1,478.2  186.3  761.6  3.0   

 2004  2,090.4  2,044.1  244.9  1,349.6  1.9   

 2005  1,511.7  N/A  --  --  --   

 2006  3,445.1  N/A  --  --  --   

 2007  13,405.8  N/A  --  --  --   

 2008  29,828.9  N/A  --  --  --   

  Source : People’s Bank of China (statistics portal,  htt p://www.pbc.gov.cn/english/
diaochatongji/ ); 100 million units.   

http://www.pbc.gov.cn/english/diaochatongji/
http://www.pbc.gov.cn/english/diaochatongji/
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     Profi t and Capital Flows into Speculative Sectors   

 We now examine the extent to which these funds, both licit and otherwise, may 
have contributed to China’s stock market and building booms and particularly 
to the “Beijing Bubble.”   13    A clue to the phenomenon may be found in the per-
centage change in gross capital formation. Th is fi gure increases sharply in the 
post-2002 years, while the share of capital formation in GDP rises by seven per-
centage points between 2001 and 2004. Th is is the result of an enormous increase 
in construction of fi xed assets such as plant and equipment, offi  ces and housing. 
Th e increase in gross capital formation refl ects the construction boom that is 
everywhere visible in urban China.  Table  10.4   gives the basic information.    

 An infl ow of export profi ts, an increase in the profi t share in total income 
and any foreign capital would need to show up as reported profi ts in Chinese 
industry, not only directly but in the sectors ultimately targeted by investment 
and speculation. Th is too we observe. To take a specifi c instance, the Beijing 

     Table 10.4.     China: Gross Capital Formation  

   GDP (Billions 
of Current US$) 

 Gross Capital 
Formation (Billions 
of Current US$) 

 Change in Gross 
Capital 
Formation (%) 

 Share of 
Gross 
Capital 
Formation 
in GDP (%)     

 1996  856.1  346.2  40   

 1997  952.7  361.5  4  38   

 1998  1,019.5  378.2  5  37   

 1999  1,083.3  398.0  5  37   

 2000  1,198.5  420.9  6  35   

 2001  1,324.8  480.5  14  36   

 2002  1,453.8  550.5  15  38   

 2003  1,641.0  676.1  23  41   

 2004  1,931.7  835.7  24  43   

 2005  2,243.9  971.0  16  43   

 2006  2,668.1  1,085.8  12  41   

 2007  3,280.1  1,237.8  14  38   

  Note : Current U.S. dollars or percentage where indicated.   

  Source : World Bank (WDI Online,  htt p://data.worldbank.org/data-catalog/world-
development-indicators ) and calculations by Sara Hsu.   

http://data.worldbank.org/data-catalog/worlddevelopment-indicators
http://data.worldbank.org/data-catalog/worlddevelopment-indicators
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real estate industry operating income and profi t moves sharply from negative 
to positive numbers in 2003, a dramatic increase.  Table  10.5   gives the data. 
Information on sales prices, staff  working in real estate and construction, and 
the scale of construction in Beijing complete the picture; the coincidence in 
timing with the export boom is complete.   14       

 Correlation is not causation, and obviously construction for the Beijing 
Olympics was not fi nanced solely or even primarily from export revenues. 
Moreover, it’s clear that the Olympics must have been a major reason (if not  the  
major one) that speculative capital chose the capital, rather than (say) extend-
ing the building booms in the South. But it seems a reasonable inference that, 
in the event, export profi ts did fl ow disproportionately into the capital’s banks 
and real estate developments. Aft er all, the profi ts had to go somewhere, and 
they do not appear to show up elsewhere—at least not dramatically—in the 
Chinese economy at this time. 

 We note several further qualifi cations, arising from Chinese economic sta-
tistics as noted in other literature. First of all, there are well-known problems 
with Chinese GDP, particularly with overstatement of GDP growth rates for 
political purposes, and also with the notorious stability of reported Chinese 
GDP growth rates. Th ere are familiar criticisms of the trade statistics, due to 
the treatment of reexports from Hong Kong.   15    Th ere are also problems with 
achieving continuous measures of trade activity over recent years, due to 
shift s in statistical classifi cations, for example, as several export categories 
were broken into subcategories while others were discontinued. On the whole, 

     Table 10.5.     Beijing Real Estate Statistics  

   (Million Yuan)  Real Estate 
Industry 
Operating 
Income 

 Real Estate 
Industry Total 
Profi ts 

 Investment in 
Offi  ce 
Buildings 

 Commercial 
Buildings Sold     

 2000  -1,862.0  -1,303.0  4,521.9  424.8   

 2001  -1,046.0  -215.3  7,199.3  1,245.8   

 2002  -1,026.0  -587.1  9,732.6  2,595.3   

 2003  895.9  1,743.3  14,275.0  5,177.9   

 2004  8,661.1  10,701.0  18,789.0  5,883.4   

 2005  6,184.4  8,131.0  19,617.0  12,085.0   

 2006  11,053  14,959.0  21,674.0  16,256.0   

  Source :  China Statistical Yearbook  2007.   
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however, we feel the evidence we have assembled presents a reasonably co-
herent and persuasive picture, one that makes sense as an account of the rela-
tionship between trade, profi tability, speculation, and inequality in modern 
China. 

     Conclusion   

 Th e rise in Chinese inequality seems to have slowed in the middle of the fi rst 
decade of the twenty-fi rst century, mainly because growth began to be more 
evenly distributed across a second tier of coastal and southern provinces, per-
haps along with policy eff orts to foster somewhat faster relative growth in the 
north and west. Yet a signifi cant force for continued increases in inequality 
remained, associated with the property boom and other speculative activities 
that concentrated on the national capital, Beijing, during the period immedi-
ately before the 2008 Olympics. One powerful mechanism behind the fl ow of 
funds into these sectors was a boom in profi ts associated with the increase in 
Chinese exports that followed WTO accession in 2001. Th ere is reason to sus-
pect that some additional speculative fl ows occurred by the device of laun-
dering capital infl ow through the current account. 

 Th e phenomenon of an exports boom leading to a profi ts boom leading to a 
speculative bubble has some disturbing implications in a country as concerned 
as modern China is with stability and sustainability. Equally, there are impli-
cations for China’s concern with excessive inequality and associated develop-
mental imbalances and migration incentives. Clearly, the unchecked fl ow of 
capital wealth into the leading cities—especially into Beijing—runs counter 
to development of a “harmonious society.” It also raises questions about 
whether Chinese government policy can any longer dictate the broad spatial 
and sectoral patt erns of economic development in the country—unless and 
until the fl ows of profi t income are brought under eff ective regulatory control. 

 Th e world crisis that began in 2008 brought a double shock to China: one to 
export employment, notably in the southern coastal provinces, and the other 
to high-end real estate prices, most notably in Shanghai and Beijing. Th is, and 
the surge in commodity prices following the stabilization eff orts in the West, 
no doubt reshaped the picture of relative incomes inside China importantly 
and uncomfortably. As the country sett les into a broad slump in world trade 
and the inevitable post-Olympics real estate bust, the question to be consid-
ered is whether it is still within the government’s power to deliver the bold 
promises for continued growth and eff ective redistribution. 
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       Notes    

       1.     Unless perhaps one counts the concept of “Gross National Happiness,” as employed in 
the Kingdom of Bhutan. 

       2.     Th is chapter is adapted and condensed from  James K. Galbraith, Sara Hsu, and Wenjie 
Zhang, “Beijing Bubble, Beijing Bust: Inequality Trade and Capital Flow into China,” 
 Journal of Current Chinese Aff airs/China Aktuell  2, 2009, 3–26 . 

       3.     Th ese results are drawn from data on pay and employment in the  China Statistical Year-
book . Th ey are consistent with, but considerably more revealing than, surveys that have 
tended to characterize the growing gap in Chinese incomes as “urban-rural” or “coast-
interior.” 

       4.     At the time of writing, we did not have complete data on the ensuing collapse, but it 
seems evident from press reports that a substantial part of this growth in employment 
and export production has since been reversed. 

       5.     Again, clearly the subsequent crisis of export manufacturing greatly reduced, if not 
reversed, those gains. 

       6.     Th e IMF’s world economic outlook pegs nominal GDP for China in 2006 at $2 trillion, 
in comparison to which the offi  cial trade statistics look even larger ( htt p://www.econ-
stats.com/weo/index_glweo.htm ). 

       7.      htt p://www.mofcom.gov.cn/tongjiziliao/tongjiziliao.html . 
       8.     Purchasing power parity measures, which are based on prices of internationally compa-

rable goods in the richest cities, tend to yield a distorted view of Chinese real wages on 
two counts: they overstate the prices actually paid for wage goods inside China, and 
they count many goods and services that ordinary Chinese households never consume. 
For this reason Chinese households seem much poorer to statisticians than they do to 
themselves. 

       9.     In this, Ma and McCauley support the view of Cheung, Chinn, and Fujii (  2006  ) and 
Cheung, Tam, and Yiu (  2006  ) that short-run arbitrage taking advantage of higher in-
terest rates is diffi  cult in China because of capital controls. 

       10.     Yue Ma and Sun (  2007  ) take as a given the hot money infl ows cited in other sources, and 
they build a monetary model to show that exchange rate instability occurs when reval-
uations are anticipated; they also discuss policies that can strengthen a pegged exchange 
rate regime. Th ose authors fi nd that the market-oriented interest rate mechanism can 
alleviate pressure on the exchange rate somewhat, but not fully. Additional policy 
measures such as relaxing or tightening capital movements and increasing autonomous 
domestic expenditure can help maintain the pegged exchange rate, while looking 
toward fully marketizing interest rates in the long run. Bouvatier (  2007  ) also takes as a 
given the occurrence of hot money infl ows into China and uses a Vector Error Correc-
tion Model to show that the central bank was successful in dampening domestic credit 
as international reserves increased. 

       11.     In addition, real appreciation of the RMB in terms of the dollar beginning in December 
2006 signaled a change in the desirability of purchasing RMB with dollars. 

       12.     VAT rates range from 5 to 17 percent. Th e standard VAT rate is 17 percent. 
       13.     We use the word “bubble” here in the ordinary-language sense of a strong and tempo-

rary boom. We cannot state that the Beijing real estate boom led to a bubble phenom-
enon in the technical sense, since lease price indices show litt le variation from sales 
price indices. See China Monthly Macro-Economics Statistics, National Bureau of 
Statistics, for price indices. In any event, as Gurkaynak (  2008  ) argues, formal tests for 
asset price bubbles tend to be inconclusive. 

       14.     Full details are in Galbraith, Hsu, and Zhang (  2009  ). 

http://www.econstats.com/weo/index_glweo.htm
http://www.econstats.com/weo/index_glweo.htm
http://www.mofcom.gov.cn/tongjiziliao/tongjiziliao.html
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       15.     Green (  2000  ) writes that the United States exaggerates value-added in Hong Kong as 
around 25 percent of China’s goods value, while China tends to understate these values. 
He believes the U.S.-China defi cit may be the average of the two records. In any case, 
China’s understatement of Hong Kong reexports has not changed over time, so it does 
not aff ect the general unit value trend. 
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C H A P T E R  11
         Finance and Power in Argentina 
and Brazil  

    Th e shift  from China to South America is a move from a vast but idiosyncratic 
postcommunist case to something much more familiar: middle-income coun-
tries in the throes of fi nancial globalization. Th is chapter compares the evolu-
tion of pay inequalities in Argentina and Brazil from the early 1990s through 
2007.   1    Th e data cover the period of high neoliberalism in world policy, the cri-
sis in each country, and their aft ermath. In both countries, it turns out that the 
fi nancial sector was the biggest single contributor to inequality and also to 
change in inequality. In both, the years leading up to crisis saw a big increase in 
the economic weight, power, and income of the banks. And then there was a 
decline in that weight as the crisis passed, economic growth was restored, and 
a more normal situation returned. In both countries, but especially in Brazil, 
the retreat of fi nance created economic space that was taken up by an expand-
ing public sector alongside a truly dramatic reduction in deep poverty that 
marks Brazil as one of the success stories of the early twenty-fi rst century. 

 What is diff erent between the two cases is the timing. In Brazil, the return 
to a normal path of growth and development, associated with a decline in mea-
sured inequality as well as major progress against poverty, began to happen in 
the mid-1990s. In Argentina, it occurred only aft er the crisis in December 
2001. By monitoring these developments soon aft er they occurred, Galbraith, 
Spagnolo, and Pinto (  2007d  , originally published 2006) were able to establish 
that inequality in these two major Latin American countries was in fact de-
clining four years before this fact won wide notice in the larger literature on 
inequality in Latin America (López-Calva and Lustig,   2010  ). 
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     Th e Modern Political Economy of 
Argentina and Brazil   

 Argentina and Brazil are the largest and most populous countries in South 
America, covering between them 63.3 percent of the continental area, 60.2 
percent of the population and almost 70 percent of the GDP. Both experienced 
dire periods of military rule and dirty wars, beginning in 1964 in Brazil and 
1976 in Argentina; democracy was regained in 1983 in Argentina and in 1984 
in Brazil and consolidated with diffi  culty in the following years. Economically, 
over the twentieth century both countries moved in parallel from heavy reli-
ance on agro-exports through a phase of import substitution, and toward an 
opening along neoliberal lines. Both have seen privatization of public utilities, 
trade and fi nancial deregulation, equal treatment of local and foreign capital, 
deregulation of domestic markets, tax reforms, labor-market “reforms,” and 
the creation of Mercosur, the Southern Common Market. In other words, both 
were for a time charter members of the neoliberal vanguard, though Argentina 
always more so than Brazil. 

 In the 1990s, following the failure of heterodox strategies for infl ation con-
trol,   2    new economic strategies included aggressive measures to control infl a-
tion, necessary because both countries had ended the 1980s with hyperinfl ation. 
Under Carlos Menem, Argentina adopted the “Convertibility Plan.” Th e Argen-
tine peso was fi xed to the dollar and a new legal framework governing money 
creation was put in place (De la Torre, Yeyati, and Schmukler   2002  ). Brazil 
implemented the “Plan Real” starting in 1994, under the government of Itamar 
Franco, with future president Fernando Henrique Cardoso as minister of 
fi nance. Th e Plan Real also pegged the real to the dollar, but with some room to 
fl oat; this was accompanied by introduction of further market reforms. 

 In the late 1990s, the rigidity of the Convertibility Plan made Argentina 
more vulnerable to shocks, which duly arrived with the Asian crisis of 1997 
and the Russian crisis of 1998. Brazil responded fl exibly to the reduced infl ow 
of foreign capital provoked by the Russian crisis, devalued the real and sur-
vived the shock. Argentina chose not to devalue, maintaining convertibility in 
the face of capital fl ight. Th is strategy failed in 2001, leading the Argentine 
economy and currency to collapse. Th ere followed a period of political tumult 
culminating in the presidency of Nestor Kirchner, who stabilized the Argen-
tine economy by defaulting on the debt and built a recovery based partly on 
repudiation of neoliberal doctrine. Argentina grew quite rapidly for half a 
decade following its crisis, and by the late 2000s the country had repaid debts 
to the IMF and exited from its tutelage. 
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 Brazil, on the other hand, experienced a smooth transition from Cardoso 
to the presidency of Luiz Inácio (Lula) da Silva, of the Workers’ Party, and 
Lula’s government departed litt le from the mild-but-persistent reformism 
and outward orthodoxy of Cardoso. Internationally, Brazil also developed as 
a global power rather than a regional one, a member of the G-20, and (along-
side China, India, and Russia) one of the four most prominent “emerging 
economies” of the world. By middecade, the two countries thus occupied 
diff ering positions along the political spectrum of Latin American democ-
racies. Th e legacy of chaos placed Argentina among the new radicals, close to 
the antineoliberal governments of Venezuela, Uruguay, Ecuador, and Nica-
ragua. Meanwhile, despite the left -wing roots of its highly popular govern-
ment, Brazil remained closer to the centrist camp, which includes Chile and 
Costa Rica. 

 Despite these diff erences, the recent evolution of inequality in both countries 
departs in similar fashion from the sorry experience of the 1980s and 1990s, 
refl ecting the common change in external conditions and the similarities, more 
than the diff erences, in how they responded. In both places, economic inequality 
declined aft er the crisis. In both, the distributive patt erns underlying this decline 
involve a sharp drop in the share of income passing through the hands of the 
banks, a modest recovery in the share passing through the state, and a moderate 
gain in the relative wealth of the hinterlands as compared to the major cities. In 
other words, declining inequality in this part of Latin America appears directly 
linked to a weakening of the political forces that supported neoliberal globaliza-
tion in the fi rst place. 

     Measuring Inequality   

 Th e experience of economic inequality in the two countries is marked by dif-
ferences rooted in their divergent social histories and economic structure. 
Brazil—multiracial, divided by the Amazon, and having a legacy of plantation 
agriculture and slavery—has long been one of the most unequal countries in 
the world. Argentina, with a population of mostly European origin concen-
trated in Buenos Aires and a powerful urban labor movement, used to be one 
of the most egalitarian countries in Latin America. However, this status dete-
riorated signifi cantly over the 1990s, with economic inequality increasing at a 
higher rate in Argentina than anywhere else in the region (Gasparini   1999  ). In 
the crisis years, Argentina was fl ecked with shantytowns, and the city nights in 
Buenos Aires were fi lled with the sounds of the cartoñeros, camp dwellers 
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who would come in aft er dark to scavenge for recyclable cardboard and other 
materials. 

 Several studies have reported on trends in income inequality in Argen-
tina and Brazil. Most rely on data derived from household surveys, with in-
equality measured using the familiar Gini coeffi  cient. Th ese data present 
many problems, among them a dearth of rural observations, nonresponse 
and invalid answers, misreporting, and periodic changes in survey design 
(Gasparini 2004), which make it diffi  cult to compare results from one year 
to the next. Argentina was for some time a country with no inequality ob-
servations considered “high-quality” in the Deininger-Squire dataset of the 
World Bank. 

 Here we rely on datasets drawn from each country’s employment and pen-
sion records. Th ey have the strengths and weaknesses of offi  cial records: reg-
ular collection and consistent methods on the one hand, partial and biased 
coverage on the other. Still, for reasons given at length earlier in this book, in-
equality measures constructed from this data do add to an otherwise sketchy 
base of information. And this argument is best tested not in the abstract but by 
examining the results in some detail, in order to judge whether they are, in fact, 
useful and plausible. 

 Employment data for Argentina and Brazil are organized by sectors and pre-
sented within regions, so that the elementary unit of observation is the “region-
sector cell.” Th ese datasets and our now-familiar Th eil method permit us to 
measure the contribution of each major economic sector and of each geographic 
region to increases or decreases in overall pay inequality.   3    Th e data are not fl aw-
less, and they do not permit direct comparison of inequality in Argentina with 
that of Brazil. But they are likely to be consistent over time, and therefore changes 
in the measure of inequality from one period to the next are likely to refl ect the 
bona fi de infl uence of underlying events, whether parallel in the two countries 
or otherwise. 

 Th e method therefore permits us to make low-cost, accurate measures of 
trends in inequality and to do so quite quickly aft er events occur. Th is is espe-
cially true since in both Argentina and Brazil some of the underlying data are 
released monthly, which enables “high-frequency” calculation of inequality 
measures. It is also possible, as always, to illustrate the movement of the 
“Th eil elements” over time using the device of a stacked bar graph. Th e con-
tribution of each element—which may be a sector, region, or a sector within 
a region—to overall inequality can be read easily (from side to side) to deter-
mine which sectors and regions gained and lost relative position from year 
to year. 



 256   Inequality and Instability

     Sources of Data   

 Data for Argentina come from the monthly tax fi lings of private entities at the 
Federal Administration of Public Revenues (AFIP).   4    In these fi lings, each em-
ployer declares his or her employees in order to commit payment of contribu-
tions to social security within the Integrated Retirement and Pension System 
(SIJP).   5    Th e SIJP processed data on approximately fi ve million salaried jobs 
from the entire country and covered almost every economic sector. Th ese salary 
and employment data allow calculation of a Th eil’s T monthly across twenty-two 
economic sectors and by twenty-three provinces plus the city of Buenos Aires. 

 Data are available beginning in 1994; that was the year in which the reform of 
the Argentine pension system went into eff ect. Affi  liation with the SIJP is 
mandatory for all workers over age eighteen who have as employment status (1) 
self-employed, (2) employed in the private sector, or (3) employed in the public 
sector, including by the national government or the provinces that participate in 
the SIJP. Military personnel, security forces, police staff , and workers under 
eighteen are excluded from the system (Law 24.241: Creation of the Integrated 
System of Retirement and Pension Benefi ts, 1993). Of course, the data do not 
cover those who work informally in the gray economy, which in Argentina is a 
large and unstable part of economic activity. We think, however, that the central 
characteristic of the informal sector is that observable pay within it (except for 
criminal activity, which is unobserved everywhere) is comparatively and uni-
formly low. People who have access to formal-sector jobs will, for the most part, 
take them. Th erefore most of the inequality and most of the changes in inequality 
that can be observed in the economy will be in sectors covered by the SIJP. 

 Data for Brazil are published by the Brazilian Institute of Geography and Sta-
tistics (IBGE).   6    Th e data are obtained from the Central Register of Enterprises,   7    
which is based on the economic surveys of IBGE. Th is database contains infor-
mation about persons employed and wages earned by economic sectors, disag-
gregated according to the Brazilian Industry Classifi cation (CNAE)   8    by region, 
state and municipality. Considerations respecting the informal economy are 
similar to those for Argentina. 

     Pay Inequality in Argentina, 1994–2007   

 Th e new millennium found Argentina with a transformed social and economic 
structure. In contrast to the privileged position it had enjoyed until the mid-
1970s as one of Latin America’s most advanced and successful economies, this 



Finance and Power in Argentina and Brazil   257 

was a paradigmatic case of economic failure, due largely to ineff ective or mis-
guided market reforms in the 1990s. Th ese “reforms” show in our data as dra-
matically higher inequality, which suggests that Argentina’s rising inequality 
in this period is a symptom of the causes of crisis—of the policies that led to 
crisis—rather than a result of the crisis itself. 

 Th e line embedded in  fi gure  11.1   shows the overall patt ern of the movement of 
inequality across economic sectors through 2007. We can divide the period into 
four stages. During the fi rst, from 1994 to mid-1997, the inequality indicators 
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  Figure 11.1.     Contribution to inequality by economic sector in Argentina, 1994–2007. 
   Source: Spagnolo,   2011  .   
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increased. In the second stage, from mid-1997 to mid-1998, inequality remained 
almost stable. The third stage, from mid-1998 to 2002, was dominated by a deep 
economic crisis and substantial further increases in inequality, culminating in 
the debacle of December 2001, when inequality reached the highest levels 
recorded in the history of the country, so far as we know. During the last stage, 
inequality has been decreasing since 2002, although pay inequality remains high 
by all historical standards.    

  Figure  11.1   also gives the decomposition of the intersectoral Th eil statis-
tic by Th eil element, showing the contribution of each economic sector to 
the sum that is the measured degree of inequality. Th e fi gure makes imme-
diately clear the dominant role played by the fi nancial sector in the evolu-
tion of inequality in Argentina over time. Th e intuition behind this is very 
simple: though employment in the banking sector is very small, per capita 
payrolls in the sector greatly exceed those paid anywhere else. And when 
the banks were in a position to improve their relative standing, they did so, 
expanding both employment and relative pay (presumably especially at the 
top of their internal scales). When conditions turned against them, relative 
pay in this sector and therefore the larger structure of inequality in Argen-
tina declined. 

  Figure  11.2   presents the same information, but in a simpler format. Th e 
fi gure divides the Argentine economy into just two sectors, which we call 
“boom” and “nonboom,” with fi nance playing the leading role in the boom 
sectors. Th ese tend to be very small, but very rich. Th e fi gure shows how, in 
fact, inequality within the boom sectors (measured across provinces) is negli-
gibly small. Inequality across the nonboom sectors is quite large, accounting 
for up to three-quarters of the inequality measured by the procedure. But this 
form of inequality is relatively stable, and in fact  it declines  in the period before 
the crisis, owing no doubt to the impact of credit infl ows on employment and 
pay in the lower-wage reaches of the Argentine economy. Th us, more than 100 
percent of the increase in inequality observed on this measure is due to the 
rising relative pay of the boom sectors, taken as a whole and on average, in 
comparison with everything else. Th is is the classic patt ern of a credit bubble, 
as previously observed in the United States (see  chapter 6 ).    

  Figure  11.3   shows the same information about overall inequality measured 
between sectors but this time with monthly data, which permit us to verify more 
precisely when things happened. Th e December 2001 fi nancial crisis and the 
January 2002 devaluation stand out as having brought about decisive change in 
intersectoral relativities, with the overall eff ect of sett ing into motion a marked 
decline in the structure of pay inequality in the covered data. Argentina then 
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  Figure 11.2.     Simplified contribution of sectors to pay inequality in Argentina. 
   Source: Spagnolo,   2011  .   
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entered a period of strong economic recovery, which persisted through the 
2000s. We caution again, though, that our data here do not include the relative 
position of those in the informal sector, who were certainly impoverished fol-
lowing the crisis. Whether their  relative  position was worse or bett er aft er 
December 2001 and before recovery took hold is diffi  cult to say. It is also per-
haps an academic question for the most part. Th e crisis was not a good thing in 
their lives, even though it was perhaps a necessary catharsis, as default and deval-
uation created the conditions for the economic recovery that followed.    

  Figure  11.4   shows the contributions of the Argentine provinces to in-
equality in the country. Just as fi nance dominates the sectoral distribution, the 
city of Buenos Aires dominates the spatial patt ern. Th is is hardly surprising, 
given the large share that Buenos Aires enjoys in total population and employ-
ment. Still it is the trends that are of most interest here, and they are due to 
changing relative income, rather than to changing population shares. As 
before, the overall patt ern is of rising inequality from 1999 to 2002 as the 
economy entered the terminal phase of the Convertibility Plan, followed by 
falling inequality aft er the default and devaluation. Buenos Aires has 78 per-
cent of the aggregate value of the fi nance sector, and so it is not surprising that 
the geographic patt ern of inequality in Argentina is mostly dominated by the 
intersectoral shift s in relative income. During 2002, the activity level in fi nance 
decreased by 18.2 percent in Buenos Aires City (Dirección General de 
Estadística y Censos   2003  ). One other geographic detail bears noting, which is 
that aft er November 2002 the economic situation of the provinces of Chubut, 
Tierra del Fuego, Santa Cruz, and Neuquén improved. Th ese provinces rely 
heavily on export of petroleum. Aft er the devaluation, the value of their pro-
duction increased in peso terms, which was due mainly to the rise in domestic 
prices for petroleum products.    

 Finally,  fi gure  11.5   combines two sources of inequality in contemporary 
Argentina. Th e inequality measured across sectors but within provinces is 
shown in the bott om section of the fi gure; not surprisingly, the larger prov-
inces (such as Buenos Aires City and Buenos Aires Province) are more eco-
nomically diverse and have larger internal inequalities. Th e topmost gray band 
adds in the inequalities measured between provinces, and the top of the bars, 
also indicated by a line, shows the sum of inequality within and between prov-
inces. Th us the fi gure permits us to compare the changes in inequality occur-
ring within provinces to that occurring between them. Although both move 
(as one should expect) along similar paths, it is striking how much larger the 
movement between provincial mean incomes is than in the intersectoral 
movements within provinces, particularly in the immediate run-up to and 
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run-out from the economic crisis of 2001. Th ese events were to a large extent a 
boom and bust of the capital city.    

     Pay Inequality in Brazil, 1996–2007   

 Crisis came to Brazil much earlier than to Argentina, culminating with the 
introduction of the real in 1994. In 1995, Fernando Henrique Cardoso took 
offi  ce as president, to be followed by Luis Ignacio (Lula) da Silva in 2003. 
 Figure  11.6   presents the basic information on the contribution of all major 

      
  Figure 11.4.     Contribution to inequality by region in Argentina, 1994–2007. 
   Source: Spagnolo   2011  .   
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sectors to pay inequality in Brazil, alongside a line showing the sum of the 
contributions, which is, of course, the between-sectors measure of the Th eil 
index. (Th e topmost bar is the contribution of inequality between provinces.)    

 As  fi gure  11.6   shows, aft er 1998 Cardoso’s presidency was marked by steadily 
declining inequality in Brazil, a decline that continued throughout the Lula pres-
idency and coincided with marked reduction in poverty in Brazil. Surprisingly 
for a country that entered the 1980s in the grip of a massive debt crisis and in-
dustrial recession, by 2005 extreme poverty in Brazil had fallen from 12.4 to just 
5.9 percent of the population. Th e national poverty headcount ratio began falling 

      
  Figure 11.5.     Inequality within and between provinces in Argentina, 1994–2007. 
   Source: Spagnolo,   2011  .   
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from around 35 percent in 2004, to reach just 21.4 percent in 2009, according to 
the World Bank. 

 What it is most remarkable in  fi gure  11.6   is the downward trend in in-
equality following devaluation of the Brazilian currency, which occurred in 
January 1999. Th is downward trend is a combination of three principal fac-
tors: reduction in the relative income of the fi nancial sector, by far the biggest 
contributor to inequality until 1999; improvement in the primary sector; and 
then an increase in the relative size and income of the public sector. By the 
mid-2000s the public service—with far more employees but lower average 
incomes—had replaced the fi nancial sector as the largest contributor to over-
all inequality in Brazil, something that may portend future political problems 

      
  Figure 11.6.     Inequality across sectors in Brazil, 1996–2007.   
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but for the moment appears to refl ect a successful internal redistribution of 
resources toward provision of public services. 

 Once again it is helpful to present the same information in a simplifi ed way, 
which is done in  fi gure  11.7   by combining fi nance and utilities into one sector 
and considering all the other sectors together as a single unit. Th is way of orga-
nizing the data—again taking advantage of the easy aggregation properties of 
the Th eil statistic—shows that inequality in all of the other sectors (that is, over 
the vast majority of Brazilian economic activity) actually increases steadily 
through 2007. Th is refl ects the growing allocation of resources to the public 
sector, which is well paid in comparison with most private-sector activity. Th ere 
is practically no inequality between fi nance and utilities on average, both being 
small and well-paid sectors. Th e entire decline in inequality that is observed, 
therefore, refl ects the decline in the relative income of these two small but highly 
paid sectors, in comparison to everything else. Truly this appears to be a form of 
“taming the economic shrew.”    

 Looking at the same data across regions rather than sectors, we fi nd that in-
equality by region was generally increasing from 1996 until 2001, aft er which re-
gional inequality returned to 1999 levels. Changes in regional inequality in Brazil 
are closely tied to changes in the relative position of São Paulo; when its contribu-
tion increases, overall inequality rises, and vice versa. São Paulo is, of course, the 
richest and most populous state in Brazil. In 2003, about 30 percent of workers 
employed in Brazil held jobs there. São Paulo accounts for 40 percent of the jobs 
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  Figure 11.7.     Simplified presentation of inequality by sectors in Brazil, 1996–2007. 
   Source: Spagnolo,   2011  .   
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in the fi nancial sector, 37 percent of jobs in the real estate sector, 36 percent of 
manufacturing jobs, and 33 percent of jobs in health and social services. 

 Brasilia also makes a large positive contribution to regional inequality 
because it is the country’s political center, and as such it employs a large per-
centage of the civil service. Finally, Rio de Janeiro contributes positively as 
well, thanks to its oil production and to the presence there of a large part of the 
civil service. Th us the rise of the civil service and decline of the banks has dif-
fused incomes more evenly across the Brazilian landscape, though still with 
major concentrations in particular regions and large interregional diff eren-
tials.  Figure  11.8   illustrates these trends in the now-familiar format.    

  Figure  11.9  , fi nally, shows one more way to cut the data. By dividing Brazil 
into its major geographic regions, and showing the sectoral inequality within 
each region, the fi gure illustrates an interesting point: practically all of the reduc-
tion of inequality inside the major regions occurred outside the South, Brazil’s 
most prosperous and most unequal major region.    

     Conclusion   

 Argentina and Brazil made similar transitions, under similar conditions, from 
import substitution economic models to open market economies, and both 
experienced the instability and stress associated with the neoliberal economic 
climate. In both cases, following large increases inequality has been made to 
decline in recent years, as the countries retreated—to a degree—from neoliberal 
globalization. 

 In particular, inequality fell in both countries as the share of income passing 
through the fi nancial sector and the richest urban centers declined; in both 
cases these phenomena between them explain most of the decline in economic 
inequality. It is fair to say that in both cases the capacity to make this happen 
arose in part from the favorable economic conditions of the years aft er 2001, 
when global interest rates fell to near zero and commodity prices recovered; in 
substantial part this was due to the pull of a growing Chinese market. 

 However, the two countries experienced these changes diff erently. In 
Argentina, the neoliberal model kept the country in a strong grip through the 
end of the 1990s, and inequality rose sharply alongside the relative position 
of the banks (and of Buenos Aires City) compared to the rest of the country. 
Only aft er the crisis in 2001 did Argentina begin to reverse these trends, 
amid a radical reshaping of the government and change in the ideological 
climate. In Brazil, the largest increases in inequality had already occurred, 



 266   Inequality and Instability

beginning in 1982 with the debt crisis. Brazil was able substantially to stabi-
lize its macroeconomic environment beginning in 1993, with the result that 
the hypertrophy of the fi nancial sector peaked and inequality fell in the fol-
lowing years; a major element of this was a growing role for the public sector. 

      
  Figure 11.8.     Contribution to inequality by region in Brazil, 1996–2003.     Source: 
Authors’ calculations based on IBGE data.   
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Th is patt ern was established under the Cardoso government and continued 
under Lula, despite the change in party control and ideology. However, it was 
under Lula—operating under the vastly more favorable commodity and 
credit conditions of the 2000s—that poverty in Brazil moved dramatically 
downward. 

 To the extent that a bilateral comparison can lead to valid generalization, 
we suggest that major political changes are triggered not so much by the direc-
tion of economic change but by its speed and abruptness. Changes that Brazil 
began early and pursued steadily—an adjustable currency and an increasing 
orientation toward social needs—were resisted in Argentina until crisis and 
rebellion imposed them. Th e result was an ideological overshoot in Argentina, 
compared to Brazil. 

       Notes    

       1.     Th is chapter is adapted from  James K. Galbraith, Laura Spagnolo, and Sergio Pinto, 
“Economic Inequality and Political Power: A Comparative Analysis of Argentina and 
Brazil,”  Business and Politics , Berkeley Electronic Press, 2007 (9) 1 . It draws also on 
Spagnolo (  2011  ) with appreciation. 

       2.     Th e relationship between policies in the heterodox period and inequality has been 
treated in earlier work; see Calmon, Conceição, Galbraith, Garza Cantú, and Hibert 
(  2000  ). 

  

1996

Center-west Northeast South Southeast North

1997 1998 1999 2000 2001 2002 2003 2004 2005 2006 2007

0.18

0.16

0.14

0.12

0.1

0.08

0.06

0.04

0.02

0

    
  Figure 11.9.     Inequality across sectors, within major regions of Brazil, 1996–2007. 
   Source: Spagnolo   2011  .   
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       3.     We use sectors within regions and regions within sectors as the basis for making these 
calculations. Conceição, Galbraith, and Bradford (  2001  ) showed that under general 
conditions these measures, taken together, closely track the evolution of the larger but 
unobserved T-statistic for the whole population. Th is is for two reasons: fi rst, between-
group measures across any reasonably fi ne division of the population into groups are 
likely to mimic change in the distribution across persons; and second, in any real-world 
situation large parts of the variation in overall inequality are invariably due to changes 
occurring between regions and between economic sectors. 

       4.     Administración Federal de Ingresos Públicos. 
       5.     Sistema Integrado de Jubilaciones y Pensiones. Th is system was recently renamed 

Sistema Integrado Provisional Argentino (SIPA). 
       6.     Instituto Brasileiro de Geografi a e Estatistica. 
       7.     Cadastro Central de Empresas. 
       8.     Classifi cação Nacional de Atividades Econômicas. 

                    



269

C H A P T E R  12
         Inequality in Cuba after 
the Soviet Collapse  

    Th e case of Cuba is practically unique: a country whose government remained 
not only nominally but in fact communist all the way through the fi rst decade of 
the twenty-fi rst century, and with possibly (until his retirement in 2008) the 
longest-serving head of government in the world. It is also a country whose 
internal workings remain obscure to most American economists, thanks to the 
long-standing embargo, the diffi  culty of travel even for academic purposes, and 
the resulting low level of contact.   1    Nevertheless, like other countries Cuba main-
tains economic statistics, and as elsewhere they can be mined for information. 

 Cuba followed a path unlike practically all other socialist countries aft er the 
fall of the Soviet Union. Two diff erences are especially noteworthy. First, there 
was no economic transition from a socialist model to one based on market 
principles. Although the political and social project that the Cuban revolution 
embraced was severely aff ected by the demise of the USSR, Cuba’s govern-
ment did not abandon the declared goal of an egalitarian society under state 
socialism. Second, there was no political collapse; the authority of the Castro 
brothers and of the Communist Party remained intact. Th ese facts were en-
tirely remarkable given the severity of the economic crisis, which may have 
been deeper than anywhere else in the post-Soviet world except possibly 
within the former Soviet Union itself. Unlike the countries of Eastern Europe, 
Cuba had nowhere to turn in 1991; it would not begin to replace the lost Soviet 
aid—especially subsidized oil—until aft er Hugo Chavez came to power in 
Venezuela in 1999. 

 Th is chapter analyzes the evolution of pay inequality in Cuba from the early 
1990s through 2004, covering what was called the “Special Period in Times of 
Peace”—the diffi  cult years following the collapse of the USSR.   2    Th e data are 
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from Cuba’s offi  cial accounts, which were obtained by Daniel Munevar Sastre 
while he was a student at the University of Pinar del Rio. Th ey are used here as 
they have been used in the previous chapters: to compute inequality measures 
over time and to analyze the changing mix of incomes across regions and sectors. 

 Th e data underpin calculations that probably cannot be replicated mean-
ingfully for more recent years, because as Cuba now opens up, the “offi  cial 
economy” in which transactions are recorded in local currency will come to 
represent a rapidly declining share of actual activity, and the power of the 
dollar, the euro, and the Canadian dollar are creating new inequalities in 
income and consumption. (Cuba is unlike other developing countries in that 
the informal sector is not the low-income sector; quite the reverse.) To a 
degree, this was already going on in the 1990s and early 2000s, and this qual-
ifi cation should be noted as we proceed. Still, even though there was money 
to be made for a considerable few in interaction with foreign tourists, until 
recently most ordinary Cubans did actually work for the state. 

 To analyze the evolution of pay inequality, we again use the between-groups 
component of Th eil’s T statistic, taking advantage once more of the stacked bar 
graph to show the relative changes in the contributions to inequality of eco-
nomic sectors and regions over time. Th is method allows us to see quickly the 
intersectoral dynamics as the shock of the Soviet collapse played out. Among 
the curiosities, the method shows that in the Cuban case it was the services 
sector, fi rst of all, that began the movement toward economic recovery, fol-
lowed by the manufacturing sector. We further observe the transition of the 
Cuban economy from one based fundamentally on export of sugar (to the no-
longer-extant Soviet market) to one based on services. Growth in tourism, 
along with expansion of social services, accounts for the large and growing 
contribution of the service sector to the Cuban economy during these years. 

 For four years leading up to 1999, the average wage in the social services 
sector was less than the average wage in the overall economy, and so the “Th eil 
element” for that sector was a negative number. National policy during the 
Special Period was to maintain or increase salaries in the social services sector; 
meanwhile other sectors took the burden of the decline. Aft er 1999, the fi scal 
crisis facing the Cuban state eased somewhat, and since that time wages in 
social services have on average exceeded the national average wage. Th is 
refl ects no doubt in part political commitment to eff ective provision especially 
of health care and education, long the cornerstones of Cuban development 
strategy. Th is emphasis, of course, generally serves to decrease overall in-
equality in ways that are not captured by income statistics, and notwith-
standing increases in the measured inequality of pay. 
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 Th e manufacturing sector was greatly aff ected by the fall of the Soviet 
Union, because of the lack of value-added chains within the Cuban produc-
tive system. Fift een years aft er the crisis, the country’s industrial produc-
tion had fallen by half. Th is decrease in production is associated with the 
disappearance of entire subsectors of Cuba’s manufacturing economy; only 
the most competitive sectors, such as tobacco, metals (nickel), and chemi-
cals, survived. Th ese sectors have accordingly increased their share in total 
production. 

 During the worst part of the crisis period (1990–1993), average manufacturing 
wages fell below national average wages. However, in 1994 this trend reversed, 
and manufacturing enjoyed above-average wages thereaft er. It is the relative pros-
perity of the surviving subsectors that largely explains the return of manufacturing 
to an above-average position in the structure of wages in general. In other words, 
although the number of people employed in manufacturing decreased and never 
recovered, the relative compensation of the whole sector rose, because of the 
fairly favored position of those who remained. 

 A regional analysis illustrates that Cuba’s prosperous regions lie to its west. 
Almost all eastern provinces had (and have) average incomes below the na-
tional average. With the exception of Santiago de Cuba, the region does not 
have important tourist att ractions and was underdeveloped throughout Cuban 
history, as well as being heavily reliant on sugar production. Conversely, those 
provinces that have important tourist att ractions tend to have enjoyed above-
average wages and continue to do so. 

 Finally, the data permit us to make some inferences—informed guesses, in 
any event—as to the eff ect of the observed structural changes on the position 
of women in the workforce. To the extent that Cuba’s economy has shift ed 
from agricultural-based to service-based, we observe a greater role played by 
women in two of the main pillars of Cuban social services: education and 
public health. In the other sectors, the impact of structural change on women 
is not as clear. It does not appear that women workers in Cuba were initially hit 
as hard as their counterparts in other post-Soviet states, where budget cut-
backs took a heavy toll on state-supported services. 

     Data on Pay in Cuba   

 Economic data for Cuba are published annually by the National Statistical 
Institute (ONE   3   ). Th e series reports the payrolls and employment rolls of state 
employees by economic sector and region. Th e data are of high quality, but 
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limited; lack of information about those who are not employed by the state 
precludes capturing changes in wage inequality in their totality. In this, the 
Cuban payroll data pose a diff erent problem from employment-and-earnings 
datasets in other developing countries, which exclude those working in the 
informal sector. In Cuba, for practical purposes the entire private sector qual-
ifi es as “informal.” However, especially in the early part of this period, private 
employment of all types was fairly rigorously discouraged. According to offi  -
cial statistics, the state accounted for about 90 percent of all jobs in 1990. 

 Nevertheless, the state’s monopoly on jobs was weakening, even before the 
massive reductions in state payrolls announced in 2010. Th e state share in total 
employment had fallen to 73 percent already by 2000. As Togores (2002) 
points out, one main reason for these changes is that the new (nonstate) sectors 
yield higher incomes. Th is is why the exclusion of these workers here tends to 
underestimate overall inequality, and to understate the magnitude of in-
creasing inequality. Nevertheless, the data we are able to observe give, we 
believe, a credible picture of the direction (and also of the general structural 
character) of the changes; even the state sector is responsive, to a degree, to 
changing patt erns of activity and marketplace demands, especially when they 
come from people—foreigners and tourists—with money. And, as noted, 
given the still-largely socialist character of the Cuban economy, the limitations 
on these data are not on the face of it more severe than in other developing 
countries, where we are left  to speculate on the role of large informal sectors. 

     Evolution of the Cuban Economy, 1991–2005   

 Th roughout the twentieth century, Cuba was hit by periodic economic and 
institutional crises and transforming events, notably the Great Depression, the 
Second World War, and the revolution, followed by a U.S. embargo on trade. 
Aft er the revolution, Cuba became tied to the USSR, as a supplier of sugar and 
a recipient of cash and oil. As the Soviet Union declined throughout the 
eighties, so did Cuba, and when it collapsed, Cuba entered an acute crisis. 

 Th e fall of the Soviet Union brought an end to the Council of Mutual Eco-
nomic Aid (CMEA), which until then had provided an institutional framework 
for international economic relations among the socialist countries. Disintegra-
tion of the CMEA was almost a death blow to the socialist accumulation model 
then existing in Cuba, which had been outward-oriented and subsidy-depen-
dent. Even through the end-stage stagnation of European socialism in the late 
1980s, the particular commercial agreements in eff ect with CMEA member 
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countries allowed Cuba to mask the severity of its economic situation. Th is 
crisis brought to light the structural problems in the productive system of the 
country, such as specialization of exports in a few primary commodities, un-
derutilization of economic resources, low levels of productivity and effi  ciency, 
and impractical institutions of enterprise management and labor relations 
(U-Echevarría Vallejo 2002). Th is list shows the eff ects of the shock on the 
Cuban economy in the early 1990s: 
   

       •     Eighty-fi ve percent of the external markets of the country disappeared.  
      •     In 1993, exports fell to 21 percent of the level present in 1990.  
      •     In 1993, imports were reduced to 27 percent of the level present in 1990.  
      •     Th e terms of trade worsened by 50 percent.  
      •     Access to external fi nancing was nil [ Source : ONE   2004  ].   
   

   Within three years the GDP contracted by 35 percent, gross capital for-
mation decreased by 70 percent, and total consumption was reduced by 
about 25 percent. And yet Cuba’s government and institutions withstood 
the blow. By 2004, all the indices in  fi gure  12.1   returned to the levels present 
at the end of the 1980s, with the exception of gross capital formation, which 
remained extremely depressed. Th is phenomenon is related to Cuba’s high 
degree of dependence on the CMEA for supplies and capital. As an example, 
by 1989 three-quarters of the country’s imports were concentrated in three 
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  Figure 12.1.     External shock effects over the Cuban economy, 1990–2005. 
   Source: ONE (1996); ONE (2000); ONE (  2004  )   
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groups: fuel (34 percent), machinery and equipment (32 percent), and raw 
materials and commodities (10 percent; ONE   2004  ); and nearly 75 percent 
of new investment equipment was being imported (Quiñones   2002  ). Given 
this high degree of dependence, the disappearance of the socialist commer-
cial bloc paralyzed and also rendered obsolete most of the industrial ca-
pacity installed in the country, forcing a deep restructuring in the Cuban 
productive system.    

 In the face of this harsh external environment, in 1991 Cuba’s government 
implemented a survival strategy, which it called the “Special Period in Times 
of Peace.” Th e core objective of this program was to cushion the eff ects of the 
crisis on the population, so as to reorient the economic performance of the 
country to a course appropriate to the new environment, in such a way that the 
country could insert itself into the newly global capitalist market without 
abandoning the achievements of the Cuban social model. 

  Table  12.1   lists the main reform measures implemented in Cuba in these 
years. Th e reforms had two principal objectives, the fi rst being to cope with the 
external shock through reorientation of international economic relations. Th e 
main measures taken to achieve this goal were (1) a new openness to foreign 
capital, (2) creation of mixed enterprises, and (3) legalization of possession of 
foreign currency. Th e second reform objective was to reduce the deep fi scal 
gap that emerged during the crisis, in which revenue declined 23 percent in 
1993 compared to 1990, raising the fi scal defi cit to an unsustainable 33 per-
cent of GDP in that same year. Th is growth of the defi cit was a direct conse-
quence of the measures taken by the government to face the crisis; it maintained 
stable levels of expenditures and wages in the face of the paralysis of the pro-
ductive system of the country. Th is policy generated strong internal imbal-
ances because the rapid increase in the monetary base did not have as a 
counterbalance an increase in production; supply was inadequate to the avail-
able aggregate demand (Pérez   2000  ).    

 Th e main measure taken to cut the fi scal defi cit was reduction in subsidies for 
losses granted to state enterprises. In the worst moment of the crisis, these had 
accounted for nearly 35 percent of GDP and almost 50 percent of the fi scal 
expenditures at the beginning of the nineties (ONE   2004  ). Th e reforms man-
aged to stop the decline of GDP and set the stage for a long recovery, during 
which the country saw radical changes in its economic structure, particularly a 
direct transition from agriculture to services, and increasing reliance on earnings 
from the West and on capital infl ow. Th ese, however, set up new vulnerabilities 
that are being felt as a consequence of the fi nancial crisis in the United States and 
Europe. 
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     Table 12.1.     Summary of the Main Measures of the Process of Reform in Cuba  

   Demonopolization  1992  Constitutional reform:   

 Demonopolization of the 
institutional and state 
monopoly over foreign trade   

 Deregulation  1992  Constitutional reform:   

 Recognition of mixed and other 
forms of property   

 1993  Legalization of possession 
of foreign currency   

 Creation of a retail trade chain 
in foreign currency   

 Self-employment law   

 1994  Laws pertaining to agricultural 
markets   

 Law on creation of industrial 
and craft smanship products   

 1995  Foreign investment laws   

 Opening of currency exchange 
houses   

 1996  Laws to create duty-free zones   

 Modifi cation of law on 
custom duties   

 1997  Reordering and revival of the 
internal consumption 
markets   

 Decentralization  1993  Creation of basic units of 
cooperative production 
in agriculture   

 Creation of new business forms   

 1994  Reorganization of the organs 
of central administration   

 1995  Changes in the process of 
territorial and enterprise 
planning   

continued
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 Implementation of reforms to deal with the harsh situation at the beginning 
of the nineties produced a fundamental change in the economic structure of 
Cuba. Th e service sector grew while the agricultural sector and some subsectors 
of manufacturing declined to the point of disappearance. On the agricultural 
side, in 1990 sugar represented 80 percent of the country’s exports; by 2004 
this was down to 13 percent. Meanwhile, the volume of physical production in 
manufacturing was in 1993 only 60 percent of that at the end of the eighties. 
Finally, positive changes in the service sector resulted from rapid growth of 
tourism, a sector relatively neglected in the Soviet era. During this period, 
tourism became the main source of foreign currency in Cuba, and by 1996 it 
generated almost 50 percent of the foreign currency the country earned that 
year (ONE   2004  ).  Figure  12.2   summarizes the restructuring by showing the 
physical decline in sugar and other sectors, and the rise of the energy industry 
as Cuba’s new leading industrial sector.    

 Th e general index of physical volume shows that only a few manufacturing 
subsectors have been able to return to levels of production similar to those 
before the crisis.   4    Within this group, a number stand out as having benefi ted 
from the participation of foreign capital: petroleum extraction, with a fi vefold 
increase; manufacturing of raw metals; and manufacturing of chemical prod-
ucts.   5    Th is trend demonstrates the eff ects of the openness policy undertaken in 
the early 1990s, which encouraged increasing foreign capital investment and 
transfer of know-how to Cuba’s productive system.   6    On the other hand, most 
of the remaining subsectors disappeared, owing to high dependence on sup-
plies and technology from the now-vanished socialist countries of Europe. 

 1997  Law on organization of the 
banking system   

 Other measures  1994  Rise in prices of nonessential 
products   

 Elimination of free services not 
relevant to the existing social 
policy in the country   

 Tax reform   

 Introduction of the Cuban 
convertible peso (CUC)   

  Source :  Estructura Económica de Cuba, Tomo I  (2002).   

Table 12.1. (continued)
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  Table  12.2   highlights a key distinction between the sectors that survived 
and those that did not: the ability to produce effi  ciently and competitively for 
international markets, and perhaps even more, the ability to fi nd outlets for 
commodity exports in a world market hostile and highly protective of farm 
output. Here sugar, which had dominated Cuban history for more than three 
hundred years, is again the paradigmatic case. Th e Cuban government was 
forced to close more than one hundred sugar mills in 2002,   7    on the basis of ef-
fi ciency and cost-benefi t criteria stemming from low prices in the international 
markets. Having abruptly lost its protected and privileged markets in the East, 
Cuba was blocked—by U.S. quota policies, the trade embargo, and massive 
subsidies to beet sugar in the European Union—from shift ing its production 
capacity toward those potential markets.    

 Other subsectors of the manufacturing sector that bear witness to the 
importance of links with international markets, illustrated in  table  12.2  , 
are the mining and tobacco industries, which increased their share in the 
country’s exports by 31 percent and 7 percent, respectively. Both sectors 
have returned to levels of production similar to those before the crisis 
with a greater value-added, as can be inferred from the rise in the value of 
exports. 

      
  Figure 12.2.     Cuba: Physical volume index by selected industry, 1990–2005.    
   Source: ONE (  2004  ). *Right Scale: Only for crude oil and natural gas extraction   
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 Within the service sector, the tourism subsector is remarkable because its 
contribution of income is based on foreign currency receipts, increasing by 
400 percent over the period and reaching $2 billion per year by 2003. Cuba 
experienced a spectacular rise in tourism from two hundred thousand visitors 
per year in 1990 to two million in 2004 (ONE   2004  ), notwithstanding contin-
ued (and even strengthened) restrictions on visitors from the United States. In 
this sector, the participation of foreign capital made it possible for the country 
to meet increased demand, both through investment to raise the number of 
rooms available and also with transfer of management skills through hotel 
management contracts and creation of mixed enterprises in hotels and nonho-
telier installations (Pérez   2000  ). As in all socialist countries, these talents had 
lagged (to say the least) in Cuba under the revolution. Other subsectors that 
have high value-added potential, including biotechnology, pharmaceutical 
and medical services,   8    and information technologies, have also risen in impor-
tance. On the other hand, behind this also lies the state: large investments 
made to the educational system and provision of health services that accounted 
for 26 percent of the country’s public spending in 2004 may be partly respon-
sible for the climate under which these gains were possible.   9    

     Table 12.2.     Exports by Group of Products, 1990–2004  

   1990  %  2004  %     

 Total  5,414.9  100  2,180.5  100   

 Sugar industry 
products 

 4,337.5  80.10  271.5  12.45   

 Mining 
products 

 398.2  7.35  1,062.1  48.71   

 Tobacco 
industry 
products 

 114.4  2.11  217.0  9.95   

 Fishing 
industry 

 101.9  1.88  89.1  4.09   

 Agricultural 
products 

 183.9  3.40  32.8  1.50   

 Other 
products 

 279.0  5.15  508.0  23.30   

  Note : Pesos in millions. 

  Source : ONE (  2004  ).   
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     Pay Inequality by Sector   

 Th is section evaluates the changes in wage structure and pay inequality in Cuba 
aft er the fall of the Soviet Union. We obtain a complete representation of the 
wages and employment by sectors and by regions, highlighting the (relative) 
winners and losers during the Special Period and the recovery that followed. 
During this period, the average pay in several sectors switches from being above 
to below the national average, and vice versa; these changes result in reversal of 
their “contribution to inequality” from positive to negative values (and vice 
versa). Th ese fl uctuations were brought about partly by the crisis and partly by 
reforms implemented during the Special Period.   10    

 Our analysis confi rms existing measurements showing that inequality in 
Cuba did increase during the 1990s. More important, our method allows us to 
study the factors behind those increases. We observe, for instance, that the rise 
in inequality is explained by diff erences in rate of wage growth in the sectors, not 
by decreasing wages in specifi c sectors; it is a function of an apparent decentral-
ization in the structures of control. Clearly, the collapse of the Soviet Union did 
in fact force internal change on Cuban economic management; faced with the 
new economic realities, those sectors oriented toward international economy 
were able to detach themselves, to a degree, from the strict egalitarianism that 
had been possible when centralized power was combined with centralized con-
trol over the subsidies available to run the Cuban economy. However, the gov-
ernment still retained some discretion, and used it; even some sectors not 
directly involved in this international environment (such as social services) 
experienced growth in money wages. 

 As noted earlier, there was an upward trend in inequality during the Spe-
cial Period starting in 1993 ( fi gure  12.3  ). Until then, wages were paid within 
a very narrow range: from 1991 to 1993, in eight out of nine sectors average 
wages ranged between 180 and 200 Cuban pesos per month. Th e only excep-
tion to this generalization was in the commerce, hotels, and restaurants 
sector, which had (and still has) the lowest average offi  cial wage in the 
economy.    

 As seen in  fi gure  12.3  , there is a jump in inequality between 1993 and 1994, 
which is explained by a growing diff erence between the sector with the highest 
average wage (mining) and the lowest one (commerce, hotels, and restaurants). 
In the case of the mining sector, the average wage increased (in nominal terms, 
of course) 13 percent between 1993 and 1994. Meanwhile the average wage of 
the commerce, hotels, and restaurants sector decreased by 9 percent. In 1994, 
the average wage of the mining sector was 60 percent higher than the average 
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wage in the commerce, hotels, and restaurants sector. Th e following year, there 
was an abrupt fall in inequality levels because of a recovery of wages in the 
commerce, hotels, and restaurants sector, which increased by 14 percent 
between 1994 and 1995. In contrast, the average wage in the mining sector 
increased by only 1 percent during this second period. 

 Between 1995 and 2000, inequalities again grew. During this time, average 
wages rose in all the sectors (in nominal terms), but at rates now free to diff er 
by more than they ever had before. Th e sectors with the highest average wage 
gains were construction, mining, and fi nance. Th e commerce, hotels and res-
taurants sector also experienced a large increase in its nominal average wage 
in these years, a 16 percent change between 1995 and 2000 as activity in the 
sector continued to grow. In 2000, the inequality index reached its highest 
level for the years under study. Th e diff erence between this increase and the 
situation in 1994 is that by 2000 the construction sector had become the 
highest average wage sector, instead of mining. Since the construction sector 

      
  Figure 12.3.     Contribution to Pay Inequality by Economic Sector in Cuba, 
1991–2004.     Source: Authors’ calculations based on ONE data   
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is substantially larger than mining, this change implied a noteworthy increase 
in inequality overall. 

 In the fourth stage, between 2000 and 2003, there is a downward trend in 
Th eil levels. During this period, nominal average wages in all sectors contin-
ued rising, maintaining the gap between the highest and lowest average wages. 
Reduction in Th eil levels is explained by a decrease in employment levels in 
the manufacturing and construction sectors, being two with relatively high 
wages. Th e number of people employed decreased by 14 percent in the 
manufacturing sector and by 18 percent in construction, as the Cuban 
economy underwent its own version of an economic recession. 

 Finally, in the last years of the data, from 2003 to 2004, inequality measures 
again rise. Once again, the average wage in the mining sector exceeds that of 
the construction sector. Th ere was a general upward trend because fi ve of the 
eight sectors that were already relatively high-wage increased their contribu-
tions (mining; agriculture; manufacturing; transportation, storage and com-
munication; and electricity, gas and water). In absolute terms, the social 
services sector’s contribution remained the same, but the direction of the con-
tribution changed from positive to negative. Th e change is explained by in-
creases in the nominal average wage of some sectors (including manufacturing, 
agriculture, and transportation, storage, and communications) exceeding the 
average wage of the social services sectors. By 2004, the social services sector 
had the lowest average wage with the exception of the commerce, hotels, and 
restaurants sector. 

 During the Special Period, the government implemented policies to sus-
tain provision of social services such as education and health care through 
the time of economic crisis (Barberia, de Souza Briggs, and Uriarte   2004  ). 
 Table  12.3   shows that in 2004 the share of the social services sector within 
total public spending was 27 percent, in comparison to 20 percent in 1990. 
Th is is very high by Latin American standards. Indeed, in 2004 the social 
services sector was the largest in terms of employment, and except for 1994 
the number employed in this sector increased throughout the entire period 
of study.    

 Policies to maintain and increase wages (in nominal terms) in time of 
crisis had wide-ranging eff ects on Cuba’s economy. Th e most obvious eff ect 
was the increase in fi scal defi cit during the Special Period. At a time when 
the government did not have the necessary fi nancial resources, the defi cit 
was fi nanced with an increase in the money supply, without the sale of 
bonds or tax increases to counteract eff ects of this policy in the liquidity 
levels at the beginning of the nineties. Th e resulting infl ationary tendencies 
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were not felt in the formal economy thanks to control and regulation of 
prices. But they were refl ected in the informal economy, where basic goods 
were traded; prices increased dramatically relative to income. Real wages 
therefore fell—as could only be expected—during this period of excep-
tional hardship. 

 Th e mining sector (specifi cally nickel extraction) was harmed by the crisis 
just as other sectors were, but in 1994 it began a remarkable recovery. Th is sec-
tor’s contribution to GDP increased from 91.6 to 223.9 million pesos, a growth 
of 144 percent from 1991 to 2004. Nickel production, the most important 
component of this sector, grew from 34,000 tons in 1991 to 76,000 tons in 
2004. As  fi gure  12.4   shows, the value of nickel exports had come to exceed the 
value of exports in the sugar industry.    

 Th e manufacturing sector is the second largest sectoral contributor to 
GDP, aft er the social services sector. In 2004, this sector contributed 25.2 per-
cent of GDP, similar to what it contributed at the beginning of the 1990s, as 
 table  12.4   shows.    

 It is evident that the main criterion diff erentiating the winning and losing 
manufacturing subsectors was the ability to adapt to a new economic environ-
ment, benefi ting from Cuba’s competitive advantage. In general, tradable 
goods performed bett er than nontradable goods. 

 Among the losing subsectors is the sugar industry, because of the reduc-
tion in demand and low prices in the international market. On the other 
hand, the infl ux of investment permitt ed the recovery of industries such as 
tobacco, mining (nickel), steel, and light manufacturing for the tourist sector. 
Th is change in the structure of the manufacturing sector is also observed in 
the composition of exports. Although there was a reduction in the value of 

     Table 12.3.      Social, Communal, and Personal Services as a Percentage of Public 
Spending in Cuba  

   1990  1993  1996  1999  2002  2003  2004     

 Social, 
communal, 
and 
personal 
services 

 3,815.7 
(20%) 

 3,747.8 
(29%) 

 3,610.6 
(25%) 

 3,789.5 
(24%) 

 4,266.8 
(25%) 

 4,558.7 
(25%) 

 5,072.7 
(27%)   

  Note : Millions of pesos and percentage of GDP. 

  Source : Calculations by Daniel Munevar based on ONE data.   
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sugar exports, the value of nickel and tobacco exports rose. Furthermore, the 
value of pharmaceutical and biotechnological exports increased thanks to 
governmental investment (Economist Intelligence Unit   2005  ). As  table  12.5   
shows, from 1990 to 2004 there was a reduction in the agricultural sector’s 
contribution to GDP from 9.2 percent to 6.67 percent.    

 Unlike other sectors that recovered aft er the crisis and in 2004 were back to 
their previous output levels, the agricultural sector did not enjoy any such 
recovery. 

 From 1972, the year in which Cuba became part of the CMEA, until the 
CMEA’s collapse in 1991, CMEA countries paid a preferential price for 
sugar that allowed Cuba to import oil and other inputs for the productive 
system. Th e disintegration of the CMEA resulted in a decrease in the 
demand for Cuban products. Th is provoked a sharp decline in the avail-
ability of foreign currency, which in turn decreased Cuba’s purchasing power 
to buy oil, fertilizers, pesticides, and agricultural machinery. Th e immediate 
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  Figure 12.4.     Cuban exports by groups of products, 1985–2004.     Source: Authors’ 
calculations based on ONE data   

     Table 12.4.     Cuban Manufacturing as a Percentage of GDP  

   1990  1993  1996  1999  2002  2003  2004     

 Manufac-
turing 
Sector 

 4,640.2 
(24.4%) 

 3,103.6 
(24.3%) 

 3,835.4 
(27%) 

 4,594.9 
(29.3%) 

 4,772.4 
(27.5%) 

 4,677.8 
(26%) 

 4,793.9 
(25.2%)   

  Note : Millions of pesos and percentage of GDP. 

  Source : ONE (  2004  ).   
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eff ect of this situation was a fall in the productivity and production of the 
agricultural sector due to the shrinking of land area harvested and dimin-
ished crop yield due to a lack of fertilizers and pesticides. 

 Aft er the immediate crisis passed in the mid-nineties, there were some im-
provements in Cuban agriculture due to the implementation of government 
reforms and an increase in foreign investments. Th is situation was reversed in 
1997 and 1998 because the harvest was damaged by natural disasters (CEPAL 
  2000  ). Th e two main reforms were a restructuring of labor organization, 
namely a change from big state enterprises to two types of small cooperative, 
called Basic Cooperative Production Units (UBPC) and Agricultural Produc-
tion Cooperatives (CPA), and the creation of free agricultural markets. Th ese 
measures improved the sector’s productivity and also altered the wage struc-
ture, because wage levels varied depending on the type of employer (state, co-
operatives, or private producers), main agricultural activity (sugar, tobacco, 
citrus), and the destination of production (export, subsidized distribution, or 
sale in free market) (CEPAL   2000  ). 

 Two sectors that are inextricably linked to the well-being of the tourist 
sector are the commerce, hotels, and restaurants sector and the construc-
tion sector. Th e commerce, hotels, and restaurants sector began its expan-
sion in 1998, with an increase in the number of people employed by the 
sector. Th e recorded Th eil contribution was negative, because the average 
wage received in this sector was below the average wage of the whole 
economy. Yet workers in this sector held a privileged position because their 
wages were complemented by perks (such as tips) they received from the 
tourists they served. Th e positive contribution of the construction sector to 
pay inequality during the entire period of study is related to the economic 
boom of the tourism sector. 

     Table 12.5.     Cuban Agriculture as a Percentage of GDP  

   1990  1993  1996  1999  2002  2003  2004     

 Agriculture  1,756.3 
(9.2%) 

 924.9 
(7.2%) 

 1,075.4 
(7.6%) 

 1,122.9 
(7.17%) 

 1,232.3 
(7.1%) 

 1,261.8 
(7%) 

 1,264.4 
(6.67%)   

  Note : Millions of pesos and percentage of GDP. 

  Source : ONE (  2004  ).   
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     Pay Inequality by Region   

 Cuba is made up 15 regions, 13 provinces, the city of Havana, and the Island of 
Youth.  Figure  12.6   shows an irregular upward trend in pay inequality levels 
among these regions. Th ese interregional movements of pay inequality were 
largely associated with changes in two regions: the city of Havana and the prov-
ince of Matanzas. Th e fi gure shows how the general trend was marked by fl uc-
tuations in the contributions of these two regions. Th e fi gure also shows the 
high- and low-income regions clearly. Th e former, with positive contributions 
to inequality, included the city of Havana, the provinces of Matanzas, Ciego de 
Avila, and Cienfuegos. Th e latt er included Santiago de Cuba, Guantanamo, 
Pinar del Rio, and Granma. Th e regional analysis broadly confi rms the patt ern 

      
  Figure 12.5.     Pay inequality by region in Cuba, 1991–2001.     Source: Authors’ 
calculations based on ONE data   
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observed at the sector level. And the analysis reveals the country’s division 
between east and west in terms of economic development and also shows how 
this division aff ected employment and wages in these two areas of the country.    

 Th e provinces with the highest average wages are also, of course, the most 
dynamic in economic terms. All have important tourist att ractions such as the 
city of Havana, Varadero (Matanzas), Cayo Coco, and Cayo Guillermo (Ciego 
de Ávila) and Cienfuegos. Furthermore, since 1996 the province of Matanzas 
had the highest average wage in all of Cuba. Why? In addition to tourism, this 
province has oil wells. Until 1990, Cuba imported 12-13 million tons of oil per 
year from the Soviet Union. With the collapse, oil imports decreased by 60 
percent in 4 years, from 13.1 million tons in 1989 to 5.5 million tons in 1993. 
However, as  fi gure  12.6   shows, Cuba was able to make up some of this loss with 
domestic discoveries, facilitated by foreign capital investment.    

     Conclusion   

 Th e 1990s saw both the collapse of communism and a rising trend in inequality 
at a global scale. Cuba, as this chapter shows, was not unaff ected. Neverthe-
less, given the special characteristics of the Cuban model it is important to 
highlight the particular features of the situation. 

 First, in Cuba the state was until the most recent reforms the main source of 
employment and determiner of wages. Th us, the evolution and changes in pay 
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inequality are the direct and clear consequences of changes in economic policy 
that the country has implemented during the period of study, in which the 
process of opening to the entry of foreign investment stands out. Th is is in 
direct contrast with the experiences of other countries with market-based 
economies, in which the state sometimes plays an important but usually not 
central role in determining wages and employment. In this sense, the eff orts 
made by the Cuban authorities to slow down the rising trend in wage inequality 
in the nineties are remarkable, especially considering the narrow range of 
policy alternatives available during the economic crisis. 

 Second, the existence of strong social security networks guarantees basic 
levels of equity within the country. Cubans benefi t from a wide range of public 
services, including but not limited to universal and free access to medical and 
health services and education up to and through higher education. Because of the 
existence of this strong network, Cubans who have been hurt by changes in the 
economic structure, mainly workers related to the production of nontradable 
goods and services,   11    have had some cushion against the reductions in their 
income. Cuba’s social security network has benefi ted women not only because 
they are receivers of services but also because women have increased their partic-
ipation in the provision of these services. And the exchange of medical services 
for oil with Venezuela has, of course, played a role in stabilizing the Cuban 
economy. 

 Nevertheless, it appears clear at present writing that the Special Period 
unleashed forces of decentralization and therefore of rising inequality despite 
repeated eff orts of the Cuban authorities to control it. Th e fact is that the ob-
jective situation changed, and with power now concentrated in capital inten-
sive sectors like mining and petroleum, and foreign money fl owing in through 
tourism, the hold of the state had to diminish. Th e state’s diminished ca-
pacity—and relevance—is surely refl ected in the large layoff s announced 
under Raul Castro in 2010—by which time it may be argued that public sector 
salaries were so low in any event that they no longer could determine the future 
of the Cuban model. 

       Notes    

       1.     Th is chapter is adapted from  James K. Galbraith, Laura Spagnolo, and Daniel Munevar, 
“Inequidad salarial en Cuba durante el Período Especial,”  América Latina Hoy  48, 2008, 
109–38 . Domínguez, Pérez Villanueva, and Barberia (  2004  ) provide an up-to-date sur-
vey of Cuban economic issues. 

       2.     As a matt er of disclosure, the author holds an honorary membership in the National 
Association of Economists and Accountants (ANEC) of the Republic of Cuba. 
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       3.     Organismo Nacional de Estadística. 
       4.     Such an index is far from being an ideal indicator of the transformations that took place 

within the productive structure of the country, because it works on the assumption of 
the homogeneity of the goods produced and in this way ignores the performance of 
value-added as well as the changing productivity of work. 

       5.     Not shown, to avoid clutt er. 
       6.     See Pérez (  2000  ) on the characteristics and impact of FDI in Cuba throughout the 

1990s. 
       7.     For the sugarcane harvest of 2006, only forty sugar mills were offi  cially working in the 

country. 
       8.     See Cabrera (  2002  ) for more information on the condition and achievements of the 

biotechnological branch in Cuba. 
       9.     Th ese increases occurred within the framework of “the Batt le of Ideas,” a group of gov-

ernment programs initiated in 1999 to bolster political solidarity as part of the cam-
paign for the return of a child, Elian Gonzales, to the island. 

       10.     Th e changes in each sector have two principal explanations: (1) as a direct consequence 
of what happened in that sector, or (2) as an indirect consequence of the changes that 
happen in key sectors (such as a boom in oil prices increasing employment and wages in 
that sector) and wind up altering the relative position of the rest of the economic sec-
tors. 

       11.     We could even investigate the employees of the state sector as a whole, as they have been 
aff ected by the changes in the economic structure of the country brought about by the 
rise of self employment. See Pérez Izquierdo, Oberto Calderón, and González Rodrí-
guez (  2004  ). 
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C H A P T E R  13
         Economic Inequality and the World Crisis  

      Cett e lett re est longue, Monsieur le Président, et il est temps 
de conclure. 
 —Emile Zola, to Felix Faure, president of the French Republic  

      Th is work summarizes many years of observation and measurement. Each of 
its major chapters contains an element of new evidence, based on calculations 
not elsewhere or previously published.   1    It thus represents, taken as a whole, a 
large body of fresh information, even though the data sources used are com-
monplace and have been readily available for a long time. 

 What have we learned? Are there lessons to be taken from the diversely 
measured experiences of the United States, Europe, Latin America, and 
China?   2    Are there central facts or common patt erns that emerge unambigu-
ously from the evidence? 

 First, the evidence points clearly at the need to redefi ne the study of economic 
inequality, and to restructure, to a degree, the main lines of research in the fi eld. 
In the study of global inequality, trends and common patt erns emerge with great 
clarity and persistence. Th is fact alone proves that the dominant forces aff ecting 
the distribution of pay (and therefore incomes) worldwide are systematic and 
macroeconomic. Th ey are the product of forces aff ecting the global economy in 
common and systematic ways, forces impinging on individual countries and 
perhaps modifi ed by the institutions those countries have and the policies they 
apply—but nevertheless forces that originate beyond their control. 

 Second, these forces are largely fi nancial in character. Th ey have to do fi rst 
and foremost with interest rates, the fl ow of fi nancial investments, and the fl ow 
of payments on debts, internal and international. At the global level, the data 
give no support to the vast outpouring in the professional literature arguing 
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that changes in inequality are based on so-called real factors—such as a “race 
between technology and education” (Goldin and Katz   2008  ). Th ere is also 
litt le comfort here for the view that rising international trade and competition 
from low-wage countries played the dominant role—or even an important 
one—in the inequality statistics. On the contrary, common and fi nancial fac-
tors explain a very large share (practically everything) that can be explained. 
As we saw at the end of  chapter 3 , if the common elements are removed then 
the rise in inequality that dominated the generation from 1980 to 2000 simply 
disappears. 

 Th ird, the superbubble in the world economy that began in 1980 and peaked 
in 2000 was also a supercrisis for lower-income countries and for lower-income 
people. Debtors lost out, relative to their creditors, at the personal and interna-
tional levels. Th e simplest, clearest, and most compelling explanation for this 
phenomenon is that it was the willed consequence of policies. In particular, 
aggressive high-interest-rate policies transformed world fi nance beginning in 
the early 1980s; as those policies interacted with falling commodity prices and 
the debt burdens accumulated in Latin America, Eastern Europe, and ulti-
mately in parts of Asia, they also transformed the balance of economic power 
and the structure of incomes. 

 Fourth, the study of national experiences substantially confi rms the evi-
dence of the global statistics. In rich countries such as the United States, we 
fi nd that economic performance has become dominated since 1980 by the 
credit cycle; fi nancial booms and busts drive the performance of employment, 
and thus prosperity is associated with rising income inequality. Further, as we 
examine the structure of rising inequality we fi nd practically everywhere the 
same signature of a rising share of total income passing through the fi nancial 
sector. Th e diff erence between the fi nancial sector and other sources of income 
is—wherever we can isolate it—a large (and even the prime) source of changing 
inequalities. In the wake of crises, as we observe directly in the United States 
and in Latin America, the fi nancial sector shrinks and inequalities tend mod-
estly to decline. 

 Fift h, the ability or willingness of political systems to aff ect the movement 
of inequality is very limited in the world today. Th e most egalitarian regime 
types—communist states—have largely disappeared (though Cuba remains 
as a dogged exception). Islamic republics, another egalitarian type, are few and 
idiosyncratic. Th ey will not be found anytime soon outside their present 
limited range in the world. 

 Apart from these, we fi nd that in the handful of stable social democracies 
(most of them in Northern Europe) that remain in the world today, it is economic 



Economic Inequality and the World Crisis   291 

institutions rather than the political structure per se that explain the persistence of 
low inequality in spite of an unstable world climate. Th ere is no evidence that 
transitions to democracy can be relied on as a general matt er to reduce inequality. 
However, the case of Brazil under Cardoso and Lula (and now Dilma Rousseff ) 
does demonstrate that progress toward reduction of poverty and of inequality 
remains possible in the modern world, given favorable external conditions, low 
interest rates, and a determination by government to pursue a steady policy over 
many years. 

 Sixth, there is a systematic relationship between inequality and unemploy-
ment in the workings of labor markets around the world (and especially in 
Europe), but it is not the one that the advocates of “labor market fl exibility” 
have been claiming with great passion for many years. Quite the reverse: fol-
lowing the general insights of Harris-Todaro and Meidner-Rehn, we fi nd that 
more egalitarian societies tend to have lower steady-state unemployment. 
Th ey also tend to have higher rates of technical progress and productivity 
growth, in part by importing advanced sectors and exporting or closing down 
backward ones. It is therefore not an accident that over time the egalitarian 
social democracies of Northern Europe became rich. 

 The same principles apply in the United States, where wage and pay 
 compression—which cannot be confused with income inequality—moves with 
and not against the rate of unemployment. It helps to explain why European in-
tegration has produced higher chronic unemployment, since integrated interna-
tional labor markets are more unequal than the national labor markets were 
when the latt er could be taken alone. And it helps to explain the relationship 
between the fl oating population (largely unemployed, much of the time) and 
interprovincial economic inequality in China. 

 Broadly, our evidence vindicates the core analysis of Simon Kuznets from 
more than fi ft y years ago: economic inequality fundamentally evolves with the 
changing structure of economies and the balance of power and prices across 
sectors. Since sectors are linked to regions (the fi nancial sector is always head-
quartered in a fi nance capital, for instance), sectoral and regional patt erns of 
change in inequality are closely linked. 

 Although Kuznets’s preoccupation with the balance between agriculture 
and industry is now ancient economic history in most places, more recent phe-
nomena can be understood, and quite easily, by adapting his basic insight to 
the contours of any particular nation or international region. And the data 
required to achieve this understanding are readily available for the most part. 
Th e mysteries and puzzles in the literature do owe something to the desire, 
oft en noted among economists, to cling to a point favored by prior theory, but 
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they also owe a great deal to the eff orts of researchers, operating in perfect 
good faith, to draw more information from inadequate records than those 
records are willing or able to disgorge. Th e panoramic views provided on these 
pages should serve to demystify the study of economic inequality. In point of 
fact, even though there are many interesting developments to study, there are 
very few actual puzzles in the record. Similar patt erns appear again and again. 

 What, then, is the relationship between economic inequality and the world 
fi nancial and economic crisis? Here two distinct facts require treatment. 

 First, the massive rise of inequality in the global economy from 1980 to 
2000, with a peak in most countries—including the United States—in the 
millennial year, is a fundamental refl ection of the concentration of income and 
wealth among the richest of the rich, and the corresponding fi nancial fragility 
aff ecting everyone else. Crises, and especially debt crises, are thus not new or 
sudden; in global perspective we see that they have cascaded across the world 
for a generation, hitt ing Latin America and Africa in the early 1980s, the Soviet 
Union and its satellites in the late 1980s and through the 1990s, and much of 
Asia in the late 1990s. 

 Th roughout this period inequality rose in the United States, but the preva-
lence of external crises also meant that the United States benefi ted throughout 
from its position as a refuge for capital. In the 1990s capital fl owed in, especially 
to the benefi t of investors in the technology sectors, whose investment eupho-
ria produced a general nationwide prosperity right up to the initial crash of the 
technology sector—and its NASDAQ stock index—in March and April 2000. 

 Th e problem facing the incoming administration of George W. Bush in Janu-
ary 2001 was thus twofold. Externally, there was litt le scope remaining for 
extracting capital from the rest of the world. Every region that was open to crisis, 
with the possible exceptions of China and India, had already had one. Internally, 
the appeal of the major American leadership sector had worn out. What to do? 

 Th e solutions of the Bush era passed briefl y via military commitments, in 
Afghanistan and Iraq, whose eff ects on internal distribution appear in the rise 
of the Washington metropolitan region as the leading economic winner, in 
geographic terms, of those years. By 2004, however, it was clear that no mod-
ern war would have a major and sustained eff ect on domestic economic growth 
and job creation at the level of the entire nation. Nor could American govern-
ment eff ectively grow at a suffi  cient rate to sustain and support strong eco-
nomic growth. 

 A remaining option was to foster the growth of demand by the world’s one 
remaining solvent class: American households, who still had the capacity to 
borrow against their homes. But this, too, was limited, by the thrift  of those 
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households, by their own uncertain economic prospects, and by the general 
maturing of the population. Growth on the scale required demanded new 
markets, and these were to be found only among debtors who had not previ-
ously qualifi ed for mortgage loans. Th e ground for this had been prepared over 
twenty years, beginning with the deregulation movements in the fi nancial 
sector in the early 1980s and culminating with the repeal of Glass-Steagall in 
1999 and the passage of the Commodity Futures Modernization Act in late 
2000, which opened the door to unregulated fi nancial credit default swaps on 
mortgage-backed securities. 

 Th us the Bush administration launched the “ownership society,” overtly en-
couraging massive expansion of lending to weak credits, and relaxing the reg-
ulatory standards that had previously protected credit quality in this area. 
Before too long, the subprime boom was under way—a massive expansion of 
weakly supervised, poorly underwritt en, underdocumented, and in the fi nal 
analysis fraudulent loans made in vast quantities to people who, it was known, 
would not long be able to keep up their payments. 

 Th e fi nancial crisis (and the world economic crisis it engendered) thus rep-
resented not so much the natural outgrowth of rising inequality as a further 
phase; it was the consequence of a deliberate eff ort to sustain a model of eco-
nomic growth based on inequality that had, in the year 2000, already ended. 
By pressing this model past all legal and ethical limits, the United States suc-
ceeded in prolonging an “era of good feeling,” and in ensuring that when the 
collapse came, it would utt erly destroy the fi nancial sector. 

 We continue to try to cope with the consequences of these extraordinary 
events. 

       Notes    

       1.     Except in earlier journal articles from which much of this book has been adapted. 
       2.     We could have added chapters on Russia, India, Turkey, and several smaller countries, 

but space, expense, and due concern for the patience of the reader suggested it would 
be bett er not to do so. 
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